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ANY TIME A PERSON is arrested and 
accused of committing a crime, a decision 
has to be made during this “pretrial” stage 
about whether the individual facing charges 
is going to be released directly back into the 
community right away or is instead detained 
in jail to await the next stage of case process­
ing (McIntyre & Baradaran, 2013; Oleson 
et al., 2016; Sacks, Sainato, & Ackerman, 
2015). This decision is not, however, a strictly 
“either-or” proposition (Martinez, Petersen, & 
Omori, 2020). Some defendants, for instance, 
are incarcerated during the pretrial stage 
for a long time, some not at all, while others 
only spend a few days incarcerated before 
being released (Kim et al., 2018; Lowenkamp, 
Van Nostrand, & Holsinger, 2013; Sacks & 
Ackerman, 2014). 

How this decision is handled is critical, 
because pretrial detention carries serious con­
sequences “downstream” in the justice process 
(Martinez, Petersen, & Omori, 200). To be 
sure, research indicates that being incarcerated 
prior to trial is associated with an increased 
likelihood of being convicted (Menefee, 2018; 
Petersen, 2020), of being sentenced to prison 
(and for a longer period of time) (Donnelly & 
MacDonald, 2018; Williams, 2003), and even 
of finding it harder to find a job later (Dobbie, 

Goldin, & Yang, 2018; Wakefield & Anderson, 
2020). It is therefore inevitable that the deci­
sion to detain someone in jail before trial—or 
to let them stay out on their own recogni­
zance—is based on a complex set of factors 
(Dobbie, Goldin, & Yang, 2018; Viljoen et al., 
2019). Concerns about community safety, the 
constitutional rights of justice-involved per­
sons, and the need for individuals to appear in 
court all play an important role (Leslie & Pope, 
2017; Oleson et al., 2016). 

But when judges decide to detain someone 
for a stint of incarceration prior to their trial, 
the primary legal justification that is often 
invoked is rooted in the language of deter­
rence (D’Alessio & Stolzenberg, 1998; Pyrooz, 
Gartner, & Smith, 2017; Walker & Herting, 
2020). To be sure, those who favor locking 
people up prior to their trial typically assume 
that pretrial detention causes those facing 
charges to “think twice” about failing to show 
up at court or committing a new crime later 
on, because they want to avoid being incarcer­
ated again (Raaijmakers et al., 2017). Such a 
position is consistent with the long-standing 
belief in American jurisprudence—at least 
among some—that incarceration “works” as 
an effective deterrent (see, e.g., the discus­
sion by Pratt, 2019). So if this is actually the 

case, there may be a benefit to the practice of 
pretrial detention with respect to public safety. 

We do, however, have good reason to 
believe that the deterrent power of incar­
ceration has been grossly exaggerated. Indeed, 
stacks of criminological literature indicate 
that the threat of stiffer sanctions does little to 
deter people from committing crimes (Apel, 
2013; Pratt & Cullen, 2005; Pratt et al., 2006); 
that trying to lock people up more quickly 
in an effort to satisfy the “swiftness” element 
of deterrence—the key marketing strategy 
for the popular-yet-empirically-unsupported 
“swift-certain-fair” model of punishment— 
fares no better (Cullen, Pratt, & Turanovic, 
2016; Cullen et al., 2018; Pratt & Turanovic, 
2018); and that locking up lower risk people 
may actually end up doing more harm than 
good when it comes to recidivism (Ogle & 
Turanovic, 2019). In the most recent com­
prehensive assessment of this idea, Petrich et 
al.’s (2021) meta-analysis of over 100 studies 
on the effects of custodial versus community 
sanctions indicated that incarceration actu­
ally makes things worse for justice-involved 
individuals—a finding that highlights not 
only the compromising of public safety when 
incarceration is used as a “general” crime-
control strategy, but also the additional cost 
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of incarcerating citizens unnecessarily that the 
public will have to bear. 

Even so, little of this research is focused on 
the pretrial stage. Thus, although we may think 
of it as “criminological fact” that incarceration 
is neither a consistent nor effective deterrent 
to criminal—or even problematic—behavior 
(Petrich et al., 2021:353), it is still unclear 
whether this fact extends to the pretrial phase 
of case processing. It is also possible—in 
line with the “deterrability hypothesis”—that 
people vary in their response to sanctions 
in general and to incarceration in particular 
(Herman & Pogarsky, 2022; Jacobs, 2010; 
Maxson, Matsuda, & Henigan, 2011). Put 
simply, some people may be deterred by 
pretrial detention and “learn their lesson,” 
others might get worse because of it, and still 
others might be unaffected at all (see, e.g., 
Braithwaite, 1989; Sherman, 1993). 

Accordingly, the present study uses data 
on 1,487,107 individuals booked into a jail 
in Kentucky between 2009 and 2018 to 
address two research questions: (1) does being 
subjected to pretrial detention reduce the 
likelihood of a defendant failing to appear 
(FTA) in court? (2) does being subjected to 
pretrial detention (at all, and with varying 
length of incarceration) reduce the likelihood 
of a defendant acquiring a new arrest during 
the pretrial phase? In answering these ques­
tions, our broader purpose is to shed light on 
whether—or perhaps to what extent—locking 
people up prior to their trial represents sound 
public policy. 

Methods 
Data 
The sample used for the current study includes 
the 1,487,107 cases that involved arrest and 
booking into a Kentucky jail between the years 
of 2009 and 2018. Data elements included 
demographic characteristics (sex, race, age), 
the actuarial risk of failure to appear for a 
court hearing (FTA) and risk of new crimi­
nal activity during the pretrial stage (NCA) 
as assessed via the Public Safety Assessment 
(PSA), characteristics of the booking offense, 
the defendant’s pretrial status, and time at risk 
in the community.1 

1 The exact number of cases used in each analysis 
varies due to missing data. Sometimes this number 
is substantially different and sometimes it is not. For 
detail on changes in the number of cases included in 
each model, see the technical appendix at: https:// 
osf.io/ykuqd/?view_only=6dad2630567e425d9c96 
36c03d6d0e37. 

A large majority of the sample was male 

(71 percent) and white (80 percent) while 
defendants’ average age was 34.3 years. The 
risk profile of the entire sample for FTA was 
12 percent, 22 percent, 23 percent, 20 per­
cent, 17 percent, and 5 percent for categories 
one through six respectively. For NCA the 
distribution of actuarial risk was 10 per­
cent, 25 percent, 23 percent, 24 percent, 11 
percent, and 6 percent for categories one 
through six respectively. Most defendants had 
been arrested and booked for a misdemeanor 
offense (61 percent), and likewise a majority 
(56 percent) experienced pretrial detention for 
less than 24 hours. For the analyses presented 
below, the primary variable of interest is days 
spent in pretrial detention (assessed first as a 
binary, then as an ordinal variable), with num­
ber of charges, felony charge, misdemeanor 
charge, violent charge, property charge, time 
at risk in the community, race, and sex serving 
as control variables. 

The two outcome measures include failure 
to appear for at least one court hearing during 
the period of pretrial release (FTA – 0 = No; 
1 = Yes), and rearrest for a new offense during 
the period of pretrial release (NCA – 0 = No; 
1 = Yes). The base rates of each outcome were 
low (FTA = 17%; NCA = 12%) but were high 
enough to allow for all necessary analyses. 

Analytic Strategy 
In order to assess the extent to which pretrial 
incarceration may serve as a deterrent to 
missing court hearings and/or new criminal 
activity while released pretrial, four binary 
regression models were calculated. For each 
respective outcome (FTA and NCA), one 
model was calculated using days spent in pre­
trial detention as a binary (less than 24 hours 
vs. 24 hours or more) followed by a second 
model that used categories of time (e.g., 1 
day, 2 days, 3 days) with less than 24 hours 
(which also included no time spent in deten­
tion) serving as the reference category. For all 
four models, control variables included charge 
characteristics that may be related to FTA 
or NCA (number of charges, felony charge, 
misdemeanor charge, violent charge, property 
charge), time at risk in the community, and 
demographic characteristics (race and sex). 
Risk ratios and their statistical significance 
were used to assess the relationship between 
each covariate and outcome. 

Results 
Table 2 (next page) presents the results from 
the first model, using time spent in detention 
as a binary (less than 24 hours vs. 24 hours or 

more) in order to predict FTA. In addition, the 
analyses were restricted to those defendants 
who were released to the community during 
the pretrial period and likewise had at least 
21 but not more than 365 days of time at risk 

TABLE 1.
Descriptive statistics, entire sample
 

Variable N % 

Sex 

Male 1,056,966 70.92% 

Female 418, 012 28.05% 

Unknown 15,408 1.03% 

Race 

White 1,200,295 80.54% 

Black 256,054 17.18% 

Unknown 29,613 1.99% 

Asian 3,470 0.23% 

Indian 963 0.06% 

Age 34.44 years (X̄ ) 

Risk of FTA 
(PSA) 

One 94,671 12% 

Two 172,093 22% 

Three 182,589 23% 

Four 157,675 20% 

Five 133,482 17% 

Six 36,703 5% 

Risk of NCA 
(PSA) 

One 78,014 10% 

Two 196,654 25% 

Three 176,446 23% 

Four 188,521 24% 

Five 87,148 11% 

Six 47,440 6% 

Booking
offense 

Felony No 911,746 61.18% 

Felony Yes 578,637 38.82% 

Pretrial 
detention 

Under 24 
hours 624,070 56.32% 

24 hours+ 484,050 43.68% 

Failure to 
appear (FTA) 

No 923,149 83.22% 

Yes 186,205 16.78% 

New criminal 
activity (NCA) 

No 976,488 88.02% 

Yes 132,886 11.98% 

https://osf.io/ykuqd/?view_only=6dad2630567e425d9c9636c03d6d0e37
https://osf.io/ykuqd/?view_only=6dad2630567e425d9c9636c03d6d0e37
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in the community. This decision was made in 
an attempt to limit the analyses to defendants 
and cases where there was enough time at risk 
to fail. The limit on the upper end was used 
given most cases (greater than 80 percent) 
are resolved within one year, and information 
from the agency providing the data indicated 
cases that stretched beyond that time frame 
were atypical. Neither time in detention nor 
sex met the criteria for statistical significance. 
In other words, there does not appear to be 
a relationship between time spent in pre­
trial detention and the likelihood of failure 
to appear when controlling for number of 
charges, the characteristics of the charge(s), 
sex, and race. Every other variable in the 
model (save sex, as noted above) did reveal 
a statistically significant relationship with 
failure to appear. Defendants who had more 
charges (as opposed to fewer), a misdemeanor 
charge, a property charge, and who spent 
more time at risk in the community, were 
more likely to fail to appear for one or more 
court hearings, as were African American 
defendants. Defendants charged with a felony 
and/or those charged with a violent offense 
were significantly less likely to miss one or 
more court dates. 

Table 3 presents the results from the sec­
ond model that used time spent in detention 
as an ordinal variable, with the interval 0 to 23 
hours serving as the reference category (the 
same case restrictions as noted above regard­
ing release and time at risk in the community 

were observed). While the model contained 
in Table 2 indicates that time spent in deten­
tion is not related to FTA, it is possible that a 
relationship could be revealed after a certain 
point, or after a specific amount of time 
is spent incarcerated. Each successive time 
interval represents an approximate additional 
day of time, with that amount of time spent in 
detention compared to the reference category 
(0 to 23 hours, or, less than 1 day in detention, 
labeled as category 0). For example, category 

“1” represents those defendants who spent 
between 24 and 47 hours in detention (i.e., 
between one whole day and just shy of two 
whole days), who are in effect compared to 
defendants who spent less than one whole 
day (less than one 24-hour period) in deten­
tion, which also includes those who spent no 
measurable amount of time in detention at 
all. Category “2” represents whose defendants 
who spent between 48 and 71 hours in deten­
tion (i.e., between two whole days and just shy 
of 3 whole days), who in turn are compared to 
defendants who spent less than one whole day 
(less than one 24-hour period) in detention, 
and so on. 

Similar results were revealed for all the 
control variables that were included in the 
model. Once again, sex does not appear to 
be related to FTA, while number of charges, 
a misdemeanor charge, property charge, 
time at risk, and race (African American) all 
significantly increase the likelihood of FTA 
occurring. Likewise, as before, being charged 
with a felony and/or a violent crime appear 
to be associated with a decreased likelihood 
of FTA. Interestingly, none of the categories 
of time spent in detention were significantly 
related to FTA, except for 10, 11, and 12 days. 
In short, amounts of time spent in detention 
that lasted between 1+ and up to 9+ days were 
statistically unrelated to FTA, as were amounts 
of time ranging from 13+ days and higher. 
Despite a relationship emerging for 10, 11, 
and 12 days, it appears that the relationship 
between time spent in detention and FTA is 
non-existent for all intents and purposes, if 
not inconsistent. TABLE 2. 

Predicting FTA – Binary regression model 
predicting FTA with time in detention 
as a binary dummy variable. Limited to 
those released from pretrial detention and 
with at least 21 days of time at risk and 
not more than 365 days of time at risk 

Variable Risk Ratio 

Number of charges 1.038 

Felony charge 0.704 

Misdemeanor charge 1.340 

Against person 0.576 

Property 1.380 

Time at risk 1.003 

Black 1.198 

Male 0.997 

Days in detention (under 24
hours) 0.902 

Constant 0.082 

Bold = p ≤ .001 

TABLE 3. 
Predicting FTA – Binary regression model 
predicting FTA with time in detention 
as an ordinal variable. Limited to those 
released from pretrial detention and 
with at least 21 days of time at risk and 
not more than 365 days of time at risk 

Variable Risk Ratio 

Number of charges 1.038 

Felony charge 0.691 

Misdemeanor charge 1.352 

Against person 0.553 

Property 1.383 

Time at risk 1.003 

Black 1.216 

Male 1.001 

Days/hours in detention (under 24 hours) 

(0/23=0) Reference 

(24/47=1) 1.061 

(48/71=2) 1.060 

(72/95=3) 1.108 

(96/119=4) 1.124 

(120/143=5) 1.137 

(144/167=6) 1.118 

(168/191=7) 1.092 

(192/215=8) 1.114 

(216/239=9) 1.110 

(240/263=10) 1.186 

(264/287=11) 1.259 

(288/311=12) 1.185 

(312/335=13) 1.128 

(336/359=14) 1.044 

(360/383=15) 1.212 

(384/407=16) 1.131 

(408/431=17) 1.165 

(432/455=18) 1.157 

(456/479=19) 1.179 

Constant 0.071 

Bold = p ≤ .001 

Table 4 (next page) presents a similar 
model to that which appears in Table 2, 
except that Table 4 uses new arrest (NCA) as 
the dependent variable. Once again, analyses 
were restricted to those defendants who were 
released pretrial and who also had at least 21 
days but not more than 365 days of time at 
risk in the community before their case was 
resolved. In addition, the same variables as 
before were used as predictors in the model 
(charge characteristics, time at risk, race, sex), 
with the primary variable of interest days 
spent in detention measured as a binary (less 
than 24 hours vs. 24 hours or more). Days 
spent in detention measured as a dichotomy 
revealed a statistically significant relationship 
with rearrest, with those spending more time 
in detention (more than 23 hours) having a 
lower likelihood. The number of charges was 
also significantly related to new arrest (more 
charges = lower likelihood), as was having a 
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misdemeanor charge (higher likelihood), a 
charge for a property offense (higher likeli­
hood), time at risk in the community pretrial 
(higher likelihood), and being male (higher 
likelihood). Being charged with a felony, a 
violent offense, and race were statistically 
unrelated to new arrest during the pretrial 
period. 

Interestingly, things change dramatically 
when the expanded measure of time spent in 
detention is used. Table 5 presents a model 
similar to that displayed in Table 3, although 
the outcome variable is new arrest during the 
pretrial period. The same control variables 
were used (charge characteristics, time at risk, 
sex, race), and the same case restrictions were 
in place as well regarding release status and 
time at risk in the community. Once again, the 
primary variable of interest was the ordinal 
measure of time spent in detention, measured 
as described above, with each success interval 
of time compared to the reference category of 0 
to 23 hours (“0”). Each category of time spent 
in detention revealed a statistically significant 
relationship with NCA, relative to spending 
the smallest amount of time (0 to 23 hours) 
in detention. Moreover, each coefficient was 
greater than 1.0, indicating that every interval 
of time (1+ day, 2+ days, 3+ days, and so on) 
had a significantly higher likelihood of rear­
rest relative to those defendants that spent 
the least amount of time in detention pretrial. 
Statistically significant relationships were also 
revealed for number of charges (more charges 
= less likely to be rearrested), being charged 
with a misdemeanor (more likely to be rear­
rested), being charged with a property offense 
(rearrest is more likely), time at risk in the 
community pretrial (more likely to be rear­
rested), and being a male defendant (arrest 
was more likely). Further, being charged with 
a felony, a violent offense, and race did not 
reveal a relationship with rearrest during the 
pretrial period. 

Discussion 
Pretrial detention—and the wide array of bail 
reform efforts that have come along with it 
in recent years—continues to be a source of 
contention in public policy circles. And a big 
part of the controversy has to do with whether 
keeping someone locked up prior to trial is 
helpful (i.e., that it serves as a deterrent, or at 
least yields a bit of an incapacitation effect), or 
if it instead makes things worse. So with that 
in mind, we took a closer look at the conse­
quences of pretrial detention, and one rather 
significant—and unequivocal—conclusion is 

warranted. 
We did not find any evidence of a consistent 

or reliable “deterrent effect” of pretrial deten­
tion on either the failure to appear (FTA) or 
recidivism. This should come as no surprise. 
The research literature has been clear on 
this issue for several decades now: getting 
“tough” on crime (or on recidivism, or juve­
nile delinquency, or school violence; pick 
your preferred form of misbehavior), as a 
“general” strategy, is a bad idea (Petrich et 
al., 2021). The question, of course, is: why? 
To answer that, evidence indicates that incar­
ceration—even if the stint is short—can cut 
justice-involved people off from prosocial 
attachments to things like their job and their 
social relationships, which tends to increase 
the likelihood of reoffending (Maroto & Sykes, 
2020). In addition, while people are incarcer­
ated, any active criminogenic needs that are 
not being address by detention (e.g., deviant 
peer influences, antisocial attitudes), may in 
turn increase likelihood of rearrest (Pratt et 
al., 2010). So if incarceration is going to make 
things worse for justice-involved people, then 
pretrial detention appears to be an effective 
shortcut to experiencing a host of negative 
consequences. 

In the end, whether our findings revealed a 
deterrent effect or not, it is worth noting that 
one of our key outcomes—failure to appear 
at court processing (FTA)—is a problem that 
is worth addressing either way (Desmarais et 
al., 2021). Various strategies for getting people 

to show up—strategies that are not rooted 
in a thirst to punish severely those who do 
not—have shown promise (e.g., text reminder 
programs; Zottola et al., 2023). The bottom 
line is that locking people up while their case 
is being processed—a beloved move of pun­
ishment enthusiasts—tends to do more harm 
than good. 

TABLE 4. 
Predicting NCA – Binary regression model 
predicting NCA with time in detention 
as a binary dummy variable. Limited to 
those released from pretrial detention and 
with at least 21 days of time at risk and 
not more than 365 days of time at risk 

Variable Risk Ratio 

Number of charges 0.982 

Felony charge 1.079 

Misdemeanor charge 1.180 

Against person 0.884 

Property 1.258 

Time at risk 1.003 

Black 0.958 

Male 1.185 

Days in detention (under 24
hours) 0.729 

Constant 0.074 

Bold = p ≤ .001 

TABLE 5. 
Predicting NCA – Binary regression model 
predicting NCA with time in detention 
as an ordinal variable. Limited to those 
released from pretrial detention and 
with at least 21 days of time at risk and 
not more than 365 days of time at risk 

Variable Risk Ratio 

Number of charges 0.975 

Felony charge 1.056 

Misdemeanor charge 1.163 

Against person 0.875 

Property 1.270 

Time at risk 1.003 

Black 0.958 

Male 1.188 

Days/hours in detention (under 24 hours) 

(0/23=0) Reference 

(24/47=1) 1.237 

(48/71=2) 1.289 

(72/95=3) 1.448 

(96/119=4) 1.432 

(120/143=5) 1.459 

(144/167=6) 1.428 

(168/191=7) 1.432 

(192/215=8) 1.484 

(216/239=9) 1.504 

(240/263=10) 1.528 

(264/287=11) 1.581 

(288/311=12) 1.500 

(312/335=13) 1.406 

(336/359=14) 1.407 

(360/383=15) 1.513 

(384/407=16) 1.456 

(408/431=17) 1.518 

(432/455=18) 1.490 

(456/479=19) 1.375 

Constant 0.055 

Bold = p ≤ .001 
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COMMUNITY CORRECTIONS PRO­
VIDES a host of essential services to the 
courts, communities, and individuals. The 
growing emphasis on reducing recidivism 
has led many agencies to infuse Risk-Need-
Responsivity (RNR) principles2

2 RNR principles include directing services to 
higher risk cases, criminogenic needs become the 
focus of supervision and community referrals, and 
CBT methods are used and tailored to clients. 

 into their  
practices, including the adoption of stan­
dardized risk/needs assessment instruments  
(Taxman, 2018). The developers of the RNR  

model (Andrews & Bonta, 2010; Andrews 
et al., 1990, 2006; Bonta & Andrews, 2017) 
emphasized reliable and valid assessment as 
the cornerstone of effective supervision and 
case management. Instruments such as the 
Level of Service/Case Management Inventory 
(Andrews et al., 2004), Ohio Risk Assessment 
System (Latessa et al., 2011), Post-Conviction 
Risk Assessment (Lowenkamp et al., 2013), 
and many others are designed to identify 
justice-involved clients (JICs)3 

3  Many labels are used to describe people receiv­
ing services in community corrections (e.g., 
probationer, parolee, offender, juvenile delinquent, 
justice-involved person, etc.). Throughout this 
article we use the term justice-involved client and in 
the interest of brevity the abbreviation JIC. 

 who are most  
likely to reoffend and the influences that  
contribute to that risk. By knowing who and  
what to focus on, probation officers (POs)  
can achieve the best possible results with their  
caseloads by working to alter JICs’ criminal  
trajectories and ultimately improving com­
munity safety. 

Because the benefits to JICs and the pub­
lic are so clear, the value of good risk/needs 

assessment seems self-evident. In actual prac­
tice, however, something seems to get lost. Too 
often, the inclusion of risk/needs assessment 
has not sufficiently transformed supervision 
work. Despite the best efforts of all involved, 
the promised reductions in offending remain 
elusive. However, decades of research show 
that—if adhered to—the RNR principles are 
sound and that improved supervision out­
comes are achievable (Bonta et al., 2021; 
Wormith & Bonta, 2018). 

Collectively, the authors of this article have 
over 100 years of experience working with 
JICs, training and supervising probation and 
parole officers, and designing and implement­
ing effective correctional practices. Our own 
grasp of the RNR model has evolved along 
the way. So has our understanding of how 
to improve real-world implementation. The 
lessons learned have been hard-won. We owe 
a debt of gratitude to the agencies, managers, 
and officers we have worked with, as we have 
learned a great deal from them. We have also 
been inspired by their dedication to an essen­
tial and challenging profession. In our view, 
the path forward begins with identifying some 

mailto:Tafrater@ccsu.edu
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of the most common misconceptions about 
post-conviction risk/needs assessment.4 

4 These guidelines pertain to the use of post-
conviction risk and needs assessment instruments 
to inform decisions and case planning that occur 
after case disposition; specifically, after convic­
tion and sentencing. They may also be applied to 
the application of assessment results to inform 
decision-making and case planning in the context 
of alternative forms of criminal justice processing. 

Despite knowing what should be done, 
implementing risk/needs assessment in prac­
tice is not straightforward. A set of challenges 
exist for officers who must conduct assess­
ments with clients who are mandated to be 
there, while a different set of challenges pres­
ent themselves to administrators who must 
determine how best to train officers and use 
the data provided by assessment instruments 
to manage cases. Navigating these challenges 
can result in gaps between theory (what we 
should do) and practice (what we are doing or 
what we realistically can do). 

In this paper, we first note five miscon­
ceptions that we have often observed among 
officers conducting assessments and offer 
suggestions for making the assessment process 
one that yields valid information relevant for 
supervision and case management. We then 
proceed to note five issues of likely concern to 
administrators who must oversee the agency’s 
implementation and training of risk/needs 
assessment. See if you agree with our top ten 
things risk/needs assessment is not. 

1. Risk/needs assessment 
is not based on one 
source of information 
Leading risk/needs instruments are centered 
around a one-on-one interview between offi­
cer and client. This emphasis on self-report 
information from JICs has led agencies and 
POs at times to misinterpret the assessment 
process as solely based on client self-report. At 
one extreme, POs may conclude that informa­
tion that conflicts with a JIC’s self-report is to 
be disregarded because scoring the instrument 
is to be based only on self-report. At the other 
extreme, officers may assume that assessment 
is not to be trusted because JIC self-report 
is itself untrustworthy and unreliable. Either 
extreme is likely to lead POs to question the 
results and treat the assessment process as a 
box-checking activity rather than an essential 
part of case management. While the JICs’ 
self-report is the heart of a criminal risk/ 
needs assessment, the interview should not 
be the sole source of information for scoring 

the assessment, and self-report from the JIC 
should neither trump additional sources of 
information nor be dismissed out of hand as 
unreliable. 

We recommend viewing client self-report as 
but one important stream of information from 
which to score the risk/needs instrument and 
inform decision-making about a case. In fact, 
valid assessment requires corroborating infor­
mation from sources such as official records, 
as well as interviews with collateral contacts 
such as a JIC’s intimate partner, family mem­
bers, teachers, work supervisors, treatment 
providers, and so forth. POs will more accu­
rately score items on risk/needs assessment 
instruments and generate case plans that are 
more targeted and practical when they con­
sider all the best available—and not just the 
most readily available—information. When 
a JIC’s description of their functioning in a 
criminal risk domain5

5 Although criminal risk/needs are commonly 
referred to as risk factors, we prefer terms such as 
criminal risk domains, criminogenic life areas, or 
risk-relevant life areas. The term risk factor implies 
a single characteristic about a person that is linked 
with a negative outcome (e.g., high cholesterol is a 
risk factor for heart disease), whereas the attributes 
assessed on risk/needs instruments usually encom­
pass a JIC’s functioning in broad life areas. 

 is vague, or otherwise 
appears unreliable, additional sources of infor­
mation should be solicited so that POs do not 
rely on hunches when scoring and case plan­
ning in that risk area. 

When information from collateral sources 
conflicts with JIC self-report, risk/needs 
assessments rely on POs using good judgment 
on the credibility of that information and 
the extent to which it should be integrated 
into scoring the assessment instrument and 
formulating their case management plans. 
For example, if a PO is conducting the por­
tion of an assessment interview focused on 
education, and their adolescent client reports 
that “school is going well,” and “I don’t get 
into trouble at school,” but based on principal 
and teachers’ reports, the PO knows that the 
youth is failing most classes and is repeatedly 
suspended, the collateral information should 
inform scoring and case management and not 
be disregarded simply because it contradicts 
self-report. 

PO judgment is also important in evaluat­
ing the risk information that JICs may not 
perceive as relevant to their lifestyles. For 
example, a JIC may genuinely perceive a 
friend as a positive influence and therefore 
describe the person as such. Yet, the descrip­
tion of that friendship may indicate this 

friend supplies the JIC with illegal substances, 
encourages their use, and “has my back” when 
the JIC gets into trouble. In this example, the 
accuracy and usefulness of the resulting risk/ 
needs assessment will rely on the PO’s judg­
ment and knowledge of RNR principles to 
note the companion as a potential risk rather 
than a positive influence. 

While it is inevitable that some JICs will 
attempt to deceive POs, research suggests that 
such concerns are overstated; client self-report 
is largely consistent with criminal information 
in official records (Daylor et al., 2019; Pollock 
et al., 2016) and predictive of both general and 
violent reoffending (Mills et al., 2003). The 
fact that some clients will distort information 
to present themselves in a more favorable 
light, coupled with the possibility that clients 
can occasionally misperceive their life circum­
stances, reinforces the need for assessments to 
be based on multiple sources of information. 
These realities simply underscore the neces­
sity for assessments to be conducted by POs 
who are skilled in interviewing and critically 
evaluating multiple streams of information. 

2. Risk/needs assessment is not 
a conversation about change 
Effective probation work is complicated, and 
POs need to possess a multifaceted knowl­
edge base (e.g., understanding legal concepts, 
administrative mandates and procedures, 
RNR principles, and the suitability of local 
treatment resources). Officers must also be 
proficient in engaging clients, influencing 
behavior change, and promoting account­
ability. To that end, motivational interviewing 
(MI) skills can be valuable in supervision, and 
MI has established itself as a communication 
style that is commonly integrated into com­
munity corrections (Stinson & Clark, 2017; 
Tafrate et al., 2019). 

MI skills assist POs in establishing rap­
port and guiding conversations in productive 
directions. MI skills also allow POs to explore 
and heighten JICs’ awareness of the connec­
tions between lifestyle choices and subsequent 
losses (e.g., damaged relationships, ruined 
career paths, financial problems, and incarcer­
ations), fostering motivation around changing 
activities in risk-relevant life areas. 

Similarly, the integration of cognitive 
behavioral techniques (CBT) into community 
corrections has shown promising reductions 
in recidivism and contributed to several pro­
bation-oriented CBT curriculums (see STICS, 
Bonta et al., 2021; EPICS, Smith et al., 2012; 
STARR, Lowenkamp et al., 2014; Forensic 
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CBT, Tafrate et al., 2018). CBT emphasizes 
conversations that POs can use to help JICs 
alter problematic thinking and behavior pat­
terns relevant to reoffending. 

POs trained in the use of MI and/or CBT 
might try to overuse these skills during an 
assessment interview, adopting a “fix as you 
go” approach that can unnecessarily lengthen 
and complicate the assessment interview. 
Well-meaning POs can drift into two common 
activities: (1) attempting to enhance a JIC’s 
motivation to make changes in criminogenic 
life areas uncovered during the assessment 
and (2) prematurely applying active inter­
ventions such as recommending behavioral 
“action steps” to a JIC to alter risky behavior. 

Consider this scenario: An officer wants 
to score an assessment item that measures a 
JIC’s attitude towards offending. Referring to 
a conviction for stealing a car, the JIC states, 
“The owner parked it next to the store. It was 
dark. They left it running with the keys in it. 
Someone was going to take it, it just happened 
to be me.” The PO immediately reflects, “Your 
view is you had a right to take the car.” The 
client pauses, then adds, “It’s not like that… 
I wasn’t thinking… I knew it was wrong but 
it just kind of happened and now I’m paying 
for it. I can’t keep doing stupid stuff like that. I 
tell myself, ‘Keep your hands off other people’s 
stuff.’” For some insightful and highly skilled 
POs, it can then be quite natural to automati­
cally “pursue and reinforce” the JIC’s Change 
Talk (i.e., verbalizations in favor of change). 
There may also be temptations to transition 
into “fix-it” mode and make suggestions (e.g., 
“It seems like you need to stay off of Lyndon 
Street at night”), recommend intervention 
referrals (e.g., “You would benefit from some 
cognitive skills classes”), or challenge crimi­
nogenic thinking (e.g., “How does not caring 
about others sometimes backfire on you?”). 
However, doing all this while conducting an 
assessment interview can make the process 
cumbersome and unfocused. 

We recommend that the assessment inter­
view be thought of as an exploration of the 
JIC’s life—a baseline measure of risk and 
need—that sets the stage for subsequent moti­
vational and change-oriented conversations. 
Certainly, MI skills can be used sparingly 
to engage JICs and navigate and achieve 
more depth during the assessment interview. 
However, adopting a pure MI style during 
the risk/needs assessment (e.g., having JICs 
take the lead about what is most important, 
exploring change goals, and POs strategically 
evoking change talk) is likely to complicate 

or even derail the process. Risk/needs assess­
ment is not about enhancing motivation, 
evoking change talk, or building client skills 
for changing thinking and behavior. These 
types of change methodologies should not be 
integrated into the assessment interview and 
are best done “downstream” after the instru­
ment is scored and the PO understands all 
the factors that can lead to re-offending. With 
this information at hand, the PO will be able 
to identify the most critical criminogenic life 
areas to work on with a particular client. 

Conducting a quality risk/needs assess­
ment does not mean doing skillful supervision 
or case management. Likewise, being skilled 
at promoting behavior change does not auto­
matically translate to good assessment. One 
does not guarantee the other. It is important 
to distinguish risk/needs assessment from 
change-oriented endeavors. 

3. Risk/needs assessment 
is not an inquiry about 
mental health problems 
Major mental disorders are common in jus­
tice-involved populations (both in prisons 
and probation/parole), with prevalence rates 
exceeding those found in non-justice commu­
nity samples (Brooker et al., 2012; Steadman 
et al., 2009). In terms of managing JICs on 
supervision, there is an intuitive appeal in 
the idea that criminal behavior is a byproduct 
of psychological distress and that alleviating 
symptoms will reduce reoffending. In fact, the 
scientific literature suggests otherwise; mental 
health symptoms are rarely the main drivers of 
criminal or violent offending, and focusing on 
mental health symptoms alone is unlikely to 
have a significant impact on future criminal­
ity (Bolaños et al., 2020; Morgan et al., 2012; 
Peterson et al., 2014; Skeem et al., 2015). 

Screening for mental health problems 
should be part of the assessment, but not the 
primary focus of a risk/needs assessment. 
The interplay between mental health and 
criminal risk is complex. Mental health diffi­
culties will often contribute to, exacerbate, and 
even be the “on-ramp” to problems in crimi­
nogenic life areas. For example, symptoms 
related to schizophrenic spectrum difficulties, 
depression and anxiety, or traumatic experi­
ences can lead to changes in relationships, 
routines, and habits (e.g., withdrawal from 
work/school, seeking out substances to self-
medicate, increasing the influence of negative 
peers). In such cases, a common mistake is to 
assume that, by itself, addressing symptoms 
will automatically impact entrenched patterns 

now driving criminal behavior. Making the 
shift away from a focus on symptoms of 
psychological distress to JICs’ functioning in 
major criminogenic life areas can be difficult 
for some POs.6

6 Other practitioners such as case managers also 
struggle with this issue. Several of us are clini­
cal psychologists and for years our main way of 
approaching cases centered on a symptom-based 
approach. When we began working with JICs, it 
took a long time to make the transition from a 
symptom-based to a risk-based mindset. 

 After all, messages from the 
media, the public, and some policymakers 
often attribute criminal conduct to mental 
illness, and the symptoms of emotional and 
psychological disturbance can sometimes be 
obvious during PO-client interactions. For 
many POs there is the natural desire to want 
to fully explore (and alleviate) psychological 
distress and help JICs feel better. While this 
goal may be worthwhile, nothing is likely to 
make JICs’ mental health problems worse than 
getting incarcerated or re-incarcerated. The 
reality is that if POs’ hearts are in the right 
place, then understanding those influences 
that put JICs at greatest risk for rearrest must 
be the top priority. 

At the other extreme, it can be a mistake 
to assume that mental health symptoms are 
unimportant and should not be identified 
or addressed. There are certainly some indi­
vidual cases, albeit the exception to the rule, in 
which a JIC’s mental health symptoms relate 
directly to the offending behavior. In addition, 
addressing mental health problems is some­
times necessary to help JICs focus, attend, and 
participate fully in interventions that target 
criminogenic life areas. When mental health 
symptoms are particularly severe, alleviating 
psychological distress is important so that 
JICs can be less distracted and more open to 
working on the risk-relevant areas of their 
lives (e.g., maintaining employment, improv­
ing family relationships, avoiding contact with 
criminal peers). In this sense, mental health 
symptoms can be viewed as responsivity fac­
tors that can interfere with working on larger 
life areas (Bonta & Andrews, 2017). 

We recommend POs prioritize the identi­
fication and exploration of criminogenic life 
areas rather than symptoms of psychological 
distress. Screening for and making referrals 
for mental health problems is an important 
adjunct to, but not a replacement for, identify­
ing and addressing the criminogenic domains 
of a JIC’s life. 

Given that many JICs will have mental 
health problems, it is not uncommon for items 
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related to depression, anxiety, trauma, and 
serious mental illness to appear on risk/needs 
assessments. The purpose of these items is to 
screen for clients with mental health needs 
to make potential referrals. Practically, POs 
will have to recognize and screen for mental 
health disorders, locate community resources, 
and make appropriate treatment referrals 
when necessary. Additionally, understanding 
how symptoms may be influencing behavior 
in risk-relevant life areas is important for case 
planning purposes and can inform decisions 
about recommending some form of mental 
health treatment. However, POs should not be 
expected to drift too far into the roles of psy­
chologists, social workers, or therapists. Being 
able to screen for mental health problems and 
understand how such symptoms are influenc­
ing supervision is enough for officers to tackle. 

4. Risk/needs assessment 
is not pessimistic (or 
“negative labelling”) 
Let’s face it—much of what occurs in criminal 
justice settings is negative. JICs sometimes 
commit crimes that challenge our sense of 
right and wrong in the world and violate the 
safety of people in their communities. They 
also might resist supervision and interven­
tion that is mandated to them by the courts. 
Moreover, to many, risk models seem nega­
tively keyed. 

It can be common for POs and case manag­
ers to be reluctant to embrace a risk reduction 
perspective with JICs because it is viewed as 
intrinsically pessimistic and deficit-driven. 
Working from a risk framework may seem 
like emphasizing client failures and problems, 
and the assessment process simply a matter of 
adding up the number of risk factors a client 
has amassed. We have heard POs describe 
scoring a risk/needs assessment item as “ding­
ing” a JIC. In this view, endorsing an item is 
perceived as a moral judgment against the 
client and a potential punishment. 

The reality is that risk-based models, when 
used effectively, offer a constructive per­
spective on client functioning. A risk/needs 
assessment is more than just a checklist of 
JICs’ shortcomings. A shift towards a different, 
more multifaceted way of thinking about risk/ 
needs is often required to make these models 
useful. We recommend that officers frame 
risk/needs assessment as a more optimistic 
endeavor than it appears on the surface. RNR 
principles actually provide an optimistic view 
of JIC functioning because the criminogenic 
life areas measured are largely changeable. 

Most risk areas have dynamic components 
(the one exception being criminal history). 
Therefore, JICs’ future criminality can be pre­
vented if supervision assesses and addresses 
their functioning within the unique constel­
lation of risk domains relevant to their lives. 

It is also important to appreciate the inter­
relationships between criminal risk domains 
and the unique ways these may manifest 
across individuals. Given the multidetermined 
nature of human behavior, risk domains are 
often connected in ways that can be complex 
in how they amplify or reduce each other 
(Mitchell et al., 2018). For example, consider a 
JIC who spends the better part of his consider­
able free time with friends who drink heavily, 
smoke pot, and steal cars. His friends rein­
force his unproductive beliefs about pursuing 
school or meaningful employment, and his 
cannabis use worsens his school performance 
or potential marketability as an employee. 
His friends also reinforce his excitement-
seeking attitudes, his sense that he doesn’t fit 
in with conventional school or work activities, 
and encourage increasing levels of impulsive 
behavior. Thus, the various criminogenic life 
areas relevant to forensic cases often influence 
each other in an interrelated and destructive 
manner. Due to such synergistic effects, the 
influence of risk domains can be multiplicative 
rather than simply additive. On the optimistic 
side, because risk domains are interconnected, 
a positive change in one of these life domains 
can facilitate positive changes in others. A 
strategic focus on one or two criminogenic life 
areas can often create a positive ripple effect in 
a JIC’s life. 

Framing risk/needs assessment as a 
thoughtful, strategic, and optimistic endeavor 
—requiring officer curiosity and exper­
tise—prevents assessment from becoming an 
unchangeable, pessimistic, or condemning 
conclusion about a JIC. Having an in-depth 
understanding of JICs’ functioning in these 
important life areas, rather than a list of fac­
tors to be hastily checked off a list, is at the 
heart of a practical, solution-focused, and 
individually tailored supervision strategy. 

5. Risk/needs assessment 
is not an unstructured 
search for strengths 
Consideration of JICs’ strengths—although 
sometimes factored into program delivery to 
establish rapport with clients and improve the 
effectiveness of intervention—is typically not 
built into risk/needs assessments. In our expe­
rience, the way POs typically use strengths in 

case planning, if at all, is to leverage them to 
increase a JIC’s interest in a particular inter­
vention or activity (e.g., flex funds might be 
used to have a JIC attend music lessons at a 
community center or join a YMCA sports 
league). In other words, strengths are not 
commonly measured and incorporated into 
the calculation of a JIC’s risk to reoffend. 

Although criminal justice assessments 
tend to focus exclusively on empirically 
established risks and needs, some JICs— 
even those with high scores across multiple 
risk domains—manage to overcome these 
issues and ultimately become law-abiding 
or even thriving members of society. This 
leads us to borrow from the literature on 
resilience that originates from other fields, in 
which strengths-based factors serve to protect 
otherwise high-risk individuals against the 
onset or development of negative outcomes 
(Farrington, 2003; Masten, 2016; Seligman, 
2002). Similarly, research on criminal desis­
tance supports the identification of strengths 
that are associated with a JIC’s transition out 
of crime (Burnett & McNeill, 2005; Maruna, 
2001; Serin & Lloyd, 2009; 2017). This body 
of research recognizes that strengths can be 
present in the form of external circumstances 
(e.g., prosocial bonds with friends, family, or 
mentors), personal qualities (e.g., academic 
ability), or internal processes (e.g., optimism 
regarding one’s ability to lead a prosocial life). 

However, the research on strengths and 
their application in practice lags far behind 
research on criminal risk domains. There 
remains confusion and a lack of consensus 
on how to refer to, define, measure, and use 
information about strengths. It is important 
to note that a strength is not simply the 
opposite of, or absence of, a risk. Strengths 
that have value in the assessment process 
are those that (1) have a negative association 
with criminal conduct (a promotive factor), 
and/or (2) exert a buffering effect on overall 
risk level—typically in a higher risk group (a 
protective factor) (Wanamaker et al., 2018). 
In fact, strengths can exist concurrently with 
risk domains and can account for differences 
in criminal outcomes in JICs with otherwise 
comparable risk profiles. For example, con­
sider two JICs who have the same number 
of close antisocial peers. One of the JICs 
also has several close prosocial peers, while 
the other does not. It is easy to see how the 
difference in these two cases can influence 
their supervision outcomes. To that point, 
there is preliminary yet compelling evidence 
that including strengths information—in a 
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structured way using validated assessment 
instruments—improves the prediction of 
recidivism over and above risk domains alone 
(Brown et al., 2020; Burghart et al., 2022; Jones 
et al., 2015; 2016). 

Although more research around strengths 
is needed, what we do know is that, just as 
not all deficits are criminogenic in nature, 
not all strengths contribute to lowering risk of 
recidivism (e.g., “JIC has a nice smile,” “…is a 
smooth talker,” “…is street smart.”). There are 
several validated instruments with integrated 
strengths domains, as well as several struc­
tured, validated strengths-based instruments 
tailored to JICs designed to supplement risk/ 
needs assessment (Wanamaker et al., 2018).7 

7 Examples include but are not limited to the 
Service Planning Instrument (SPIn; Wanamaker, 
2003); the Inventory of Offender Risk, Needs, and 
Strengths (IORNS; Miller, 2006); and the Structured 
Assessment of Protective Factors for Violence 
Risk (SAPROF; de Vogel et al., 2009). For further 
information about these and other instruments that 
measure strengths, please consult Wanamaker et 
al. (2018). 

We recommend that officers (and agencies) 
interested in integrating strengths into assess­
ments adopt a validated instrument and avoid 
relying on intuition or unstructured judgment. 
Caution is warranted against adding strengths 
to the assessment process in an unguided, 
unsystematic way, without proper training. 
The haphazard integration of strengths into an 
assessment can lead to potential errors in esti­
mating a JIC’s risk to reoffend and ultimately 
to inappropriate classification decisions. 

Despite recent research demonstrating the 
incremental value of strengths in the predic­
tion of recidivism, the practical application 
of strengths in case planning is still emerging. 
We recommend that officers (and agencies), 
interested in integrating strengths into case 
planning look to balance both traditional 
avoidance goals with approach goals (Tafrate 
et al., 2018). In this balanced strategy, case 
planning does not solely rely on JICs avoiding 
criminal peers or places where illegal sub­
stances might be available. Rather, approach 
goals assist JICs in pursuing valued life direc­
tions in ways that combat the riskiest aspects 
of their lives. Examples include having success 
in school or work, acquiring and spending 
time with prosocial friends, and developing 
more positive family or intimate relation­
ships. The two approaches (reducing risk and 
enhancing strengths) can be complementary 
and applied concurrently. As a final caution, 
although the inclusion of strengths adds value 
to assessment and case planning, a focus on 

strengths should not be in lieu of activities that 
focus on risk reduction. 

6. Risk/needs assessment is 
not a box-checking exercise 
Jurisdictions are increasingly pressured into 
incorporating risk/needs assessment into their 
workflow, and such initiatives have been 
rolled out across the country. In some agency 
cultures, “rolling it out” can devolve into a 
process of checking boxes and recording 
information in the case notes, with little 
appreciation of how to use the assessment 
to guide supervision, referral, and interven­
tion practices. In its most extreme version, 
the culture around risk/needs assessment is 
swathed in a veneer of dismissive resentment. 
The implication is that assessment is merely 
a “data collection” mechanism for the “bean 
counters” that is burdensome and distracting 
to those tasked with doing the “real work” 
of community supervision.8

8 For the record, this perspective is not so different 
from that once held by one of the authors of this 
paper who was a probation officer and later became 
a probation supervisor. 

 In a similar but 
less emotionally charged culture, the view is 
that “policy” requires assessments to be com­
pleted, and this task is primarily approached 
as a bureaucratic duty. In our experience, 
a box-checking culture is problematic as it 
degrades the quality of assessments and the 
degree to which the results guide supervision 
practices. The culture surrounding risk/needs 
assessment impacts how it gets “rolled out,” 
administered, and used. 

In a box-checking culture, risk/needs 
assessment is often trained in a void, with 
little time devoted to case planning concerns 
such as discussing the complexity of how indi­
vidual risk domains play out in the real-world 
lives of JICs. Training POs to use assessment 
instruments before they are educated about 
the nature of criminogenic life areas is a 
cart-before-the-horse situation. Knowledge of 
the various ways risk domains present them­
selves in JICs’ lives, and how those domains 
influence each other (as noted earlier), is 
foundational for conducting effective case 
management. Administrators may optimisti­
cally assume that effective case planning skills 
will automatically emerge by training POs in 
scoring risk/needs assessment instruments; 
but that rarely happens in a box-checking 
culture. 

The following are some hallmarks of box-
checking cultural practices: (1) conducting 
assessments in settings that lack privacy; 

(2) making few, or no, attempts to reduce 
noise and office distractions (e.g., phone calls, 
intercom announcements, interruptions by 
colleagues); (3) entering client information 
into the data management system during 
the interview, resulting in the PO paying 
more attention to the computer screen than 
the client; and (4) over-emphasizing timely 
completion and electronic filing of results, 
resulting in pressure on POs to cut corners 
to avoid criticism or discipline. These types 
of cultural practices surrounding the admin­
istration of risk/needs assessment can make 
the process feel more like an assembly line 
than an in-depth, thoughtful human service 
interaction, can reduce JICs’ willingness to 
disclose sensitive personal information, and 
inadvertently create a culture that emphasizes 
the quantity and timeliness of assessments 
over their quality. 

In terms of utilization, the results of risk/ 
needs assessments will occupy a minor role 
in guiding supervision practices in a box-
checking culture. Instead, probation staff 
will emphasize compliance with conditions 
over improvements in risk-relevant life areas 
during supervision. This focus creates an 
additional problem, because greater empha­
sis on conditions than on criminogenic risk 
has been associated with greater recidivism 
(Andrews & Bonta, 2010). Further, an exces­
sive focus by POs on supervision conditions 
may tend to underestimate sources of risk in 
clients’ lifestyles (e.g., “I’ve supervised this guy 
lots of times before. He’s not a knucklehead— 
he shows up, he does his programs. Why do 
I even need to know who he hangs out with 
when he leaves my office?”). 

We recommend that agencies work to cre­
ate an office culture that supports quality risk/ 
needs assessments and the principles of RNR. 
Office culture can be thought of as the values, 
assumptions, tacit agreements, understand­
ings, and ways of thinking and behaving that 
are shared by the members of an office and 
that are taught to new members. Because 
supervisors play an integral role in setting 
the cultural tone, agencies can improve the 
culture around assessment by hiring, promot­
ing, and developing supervisors with a strong 
understanding and buy-in of RNR concepts. 
One of the most important, yet unappreciated, 
responsibilities of a supervisor is managing 
the office culture. A culture around assess­
ment will develop whether a supervisor makes 
an effort to influence it or not. If not estab­
lished around RNR principles, a box-checking 
culture is likely to fill that void. 
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POs will excel in skills that supervisors 
actively reinforce. Behaviors and skills not 
supported or modeled are less likely to be used 
by officers in daily interactions. Supervisors 
should be encouraged to discuss cases with 
POs by using risk/needs assessment results 
as a starting point in case reviews (e.g., begin 
case reviews with an overview of the relevant 
risk domains). 

Supervisors can also emphasize case plan­
ning that targets changes in risk-relevant areas 
over superficial compliance with conditions. 
Finally, supervisors can monitor and reward 
both the quality and timeliness of assess­
ments. Supervisors do not need to be experts 
at administering the instruments themselves; 
rather, they need to know good work when 
they see and hear it, be able to provide 
accurate feedback on areas in an assessment 
interview that were overlooked, and connect 
the dots between assessment, case planning, 
and subsequent supervision contacts. Will 
POs still have to check boxes when they con­
duct assessments? Of course. But in strong 
office cultures, they no longer disparage the 
process as just a box-checking exercise. 

7. Risk/needs assessment is 
not implemented through 
a “drive-by” training 
While the constraints of budgets, staffing, and 
time favor “one and done” training events, 
proficiency in risk/needs assessment is not 
achieved through a single training workshop. 
Such an approach paves the way for poor 
implementation of evidence-based practices. 
In turn, poor implementation of an instru­
ment can lead to its being disregarded in 
supervision, and equally troubling, to inac­
curate assessment results that do not aid in 
predicting risk or identifying needs (Vincent 
et al., 2016). All these outcomes undermine 
the ultimate purpose of implementing risk/ 
needs assessment in the first place. 

Alexander (2011) noted that effectively 
implementing evidence-based interventions 
in community corrections requires attending 
to fidelity (i.e., making sure the intervention 
is delivered as intended), devoting sufficient 
organizational resources to thoroughly train 
the staff who will be delivering the interven­
tion, and providing follow-up coaching so that 
staff become proficient and sustain their pro­
ficiency over time. These overarching points 
about fidelity, proficiency, and sustainability 
are relevant to the implementation of risk/ 
needs assessment. 

With respect to fidelity in risk/needs 

assessment, we recommend POs receive educa­
tion in the nature of RNR principles before they 
are trained in the intricacies of administering 
and scoring the instrument itself. Risk/needs 
assessment instruments are designed to quan­
tify elements of JICs’ functioning in broad-life 
areas linked with reoffending. However, for 
risk/needs assessment to meaningfully inform 
supervision and case management, officers 
must understand qualitatively how a JIC’s 
life functioning in any given area is linked 
to that individual’s offending behavior. For 
example, knowing that a client is unemployed 
is useful for predicting the likelihood of reof­
fending. However, understanding the nature 
of the client’s employment problems from 
skills—to attitude—to history is going to drive 
case management decisions and the focus of 
supervision conversations. Training POs to 
administer a risk/needs instrument without 
first establishing a foundational understand­
ing of the nature of criminogenic life areas is 
akin to medical students learning to adminis­
ter physical exams without first understanding 
anatomy and physiology. A strong grounding 
in RNR principles sets the stage for effective 
case planning and supervision strategy. 

With respect to proficiency and sustain­
ability, we recommend equipping POs with 
communication skills (such as motivational 
interviewing; with the caveat noted in item 
#2) that enable them to develop rapport, 
encourage greater client disclosure of relevant 
information, and guide the pace and structure 
of the assessment interview. It is unrealistic 
to assume that communication skills will be 
acquired and implemented in a single train­
ing. Indeed, research indicates that follow-up 
or refresher training is needed for sustained, 
effective application of these skills (Alexander 
et al., 2013; Lowenkamp et al., 2012). 

Having POs record their assessments and 
receive feedback and coaching helps them 
improve their performance and become 
proficient (Ferguson, 2002). POs often find 
reviewing office visit recordings intimidating 
at first, but later view the process as essential 
to improving their skills and using them rou­
tinely (Alexander et al., 2013). Recent national 
guidelines for risk/needs assessment recom­
mend that POs complete a minimum of three 
practice cases and have them reviewed to help 
ensure inter-rater reliability (Desmarais et al., 
2022). After POs have achieved a degree of 
proficiency in administering an assessment 
instrument, routine quality assurance or fol­
low-up with a coach can help with reliability 
and prevent the development of idiosyncratic 

scoring errors and other signs of “drift” that 
lead to unreliability over time. Implementing 
and sustaining risk/needs assessment often 
means developing agency capacity to pro­
vide coaching and constructive feedback on 
recorded work samples. 

8. Risk/needs assessment is 
not intrinsically biased against 
BIPOC (Black, Indigenous, 
and people of color) 
There is a long-standing problem of systemic 
injustices experienced by certain racial/ethnic 
groups. That Black individuals are arrested 
and convicted for crime at a rate considerably 
higher than Whites, for example, is indisput­
able (e.g., Abrams et al., 2021; Hockenberry 
& Puzzanchera, 2020; Kim & Kiesel, 2018; 
Schleiden et al., 2020). At this point, most 
justice administrators have likely heard the 
recent sentiments that risk/needs assessments 
produce racist algorithms that merely exacer­
bate these long-standing racial disparities in 
the justice system. 

The fact is, a primary intention of the 
development of risk/needs assessment instru­
ments was to promote objective and accurate 
case management decisions, thereby reduc­
ing racial and ethnic disparities. Identifying 
factors known to be predictive of a negative 
outcome and using those factors to guide 
decisions reduces subjective and biased 
decision-making that is otherwise based on 
hunches (Vincent & Viljoen, 2020). 

There is increasing evidence that when 
courts do not follow valid risk/needs assess­
ment results provided by their probation 
offices, their decisions lead to racial disparities 
among incarcerated JICs, whereas reliance on 
risk/needs instruments would have elimi­
nated those disparities (Lehmann et al., 2020; 
Marlowe et al., 2020). Moreover, there is evi­
dence that use of a valid risk/needs assessment 
instrument before sentencing may signifi­
cantly reduce racial disparities in diversion 
decisions (Onifade et al., 2019). Currently, 
there is no evidence from credible studies that 
use of risk/needs assessment has a disparate 
impact on BIPOC (Viljoen et al., 2019). In 
other words, there is no evidence that once a 
risk/needs assessment instrument is adopted 
for diversion, incarceration, or other such 
decisions, it increases rates of incarceration or 
other negative outcomes for BIPOC relative 
to their White counterparts. Indeed, to date, 
quite the opposite appears to be true. 

Currently, racial bias has been detected in 
very few risk/needs assessment instruments 
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to date9

9 Racial bias may be more common in pretrial risk 
tools (Desmarais et al., 2021). 

 and sometimes falls in the direc­
tion of working against White defendants 
as opposed to against BIPOC defendants 
(Vincent & Viljoen, 2020). If an instrument 
were racially biased, it would mean the instru­
ment functioned differently for one racial/ 
ethnic group than for another racial/ethnic 
group (see joint statement from the American 
Educational Research Association, American 
Psychological Association, and National 
Council on Measurement in Education, 
2014). For example, one way in which a risk/ 
needs instrument would be racially biased is 
if BIPOC individuals scored higher on the 
instrument, on average, than their White 
counterparts and yet were not more likely 
to recidivate than their White counterparts. 
Scores need to mean the same thing for differ­
ent groups of individuals. 

We—and recent national guidelines 
(Desmarais et al., 2022)—recommend that 
justice agencies make sure the assessment 
instrument they are using is tested statistically 
to determine whether it contains racial bias. 
Moreover, we recommend that justice agen­
cies favor the use of instruments with items 
that consider a combination of JICs’ actual 
self-reported violent and illegal behaviors and 
official criminal records as opposed to items 
based entirely on counts of events from offi­
cial records, such as number of prior felonies 
or prior probation violations (Miller et al., 
2021; Skeem & Lowenkamp, 2020; Vincent 
& Viljoen, 2020). We already know BIPOC 
individuals are significantly more likely to 
be apprehended than White individuals. The 
racial disparities in official records are far 
greater than the disparities in self-reported 
offending and violence between these groups 
(Loeber et al., 2015). In other words, official 
records can contain disparities that do not 
equate to JICs’ actual behavior, making the 
“inputs” to the risk instrument potentially 
biased. In addition to the problem with the 
inputs, a highly sensitive risk instrument 
designed to predict recidivism in a particular 
jurisdiction where BIPOC individuals are 
more likely to be arrested is going to produce 
higher scores for BIPOC individuals because 
it is doing its job: predicting who will be rear­
rested (Skeem & Lowenkamp, 2020). In effect, 
in these situations, the risk instrument would 
not be the problem. Instead, it would be shin­
ing a light on long-standing systemic issues 
(Vincent & Viljoen, 2020). 

After justice agencies test the risk/needs 
instrument to ensure it is free of racial bias, 
we recommend that they be sure to make their 
staff and court partners aware of the validity 
of their risk/needs assessment instrument for 
use with BIPOC. This will promote accep­
tance of the instrument in decision-making, 
which, as noted, may be essential for reducing 
disparities. 

Finally, algorithms or structured deci­
sions are transparent, objective, adjustable, 
and easily regulated. Unstructured human 
decision-making is not (Mullainathan, 2019). 
The psychology literature on implicit bias 
suggests that people can discriminate without 
intentional awareness (Gran-Ruaz et al., 2022; 
Greenwald & Banaji, 1995). For example, let’s 
assume racial disparities appear to be emerg­
ing in a particular probation office where 
unstructured decision-making is the norm 
for assigning risk levels to JICs. If you were 
to ask POs in this office what is leading to the 
problem, you would get different answers (and 
probably defensiveness). Attempts at identify­
ing the underlying mechanism(s) driving the 
disparate decisions would be unsuccessful due 
to the idiosyncratic nature of individual offi­
cers’ attitudes, and because people often cannot 
explain the reasoning behind their hunches. In 
addition, rectifying biased decision-making in 
this type of scenario is complicated—usually 
attempted through training endeavors to com­
bat prejudicial attitudes (Kim & Roberson, 
2022; Paluck et al., 2021). On the other hand, 
for a validated risk/needs assessment instru­
ment, if a problem is identified, it is rather 
straightforward to adjust the decision-making 
algorithm. An algorithmic approach makes 
it much easier for agencies to detect and 
fix problems. Removal of risk/needs instru­
ments simply means going back to the opaque 
human decision-making processes that led to 
the grave injustices in the first place. 

9. Risk/needs assessment is 
not to be overridden lightly 
Sometimes, criteria other than risk/needs 
assessment scores will guide supervision 
practices. Professional overrides occur when 
formal assessment is completed and the 
assessed risk level of a JIC is then changed. 
The resulting decision-making, supervision 
activities, and services provided are then 
made congruent with the new overridden 
risk level, rather than the originally assessed 
risk level. Overrides generally occur at two 
different points: (1) when the PO conducting 
the assessment decides to override the results, 

and (2) when the agency’s policies dictate that 
a specific group of JICs are mandated to pre­
determined risk/supervision levels. 

At the officer stage, unofficial or outside 
information that is not incorporated into the 
risk/needs assessment may be used to justify 
changing the assessed risk level of a JIC. In 
these cases, the primary intent of the override 
is to provide a more accurate assessment of 
risk, and by extension, more appropriate levels 
of service and supervision. 

At the organizational stage, policies or 
mandates may direct POs to automatically 
change a JIC’s assessed risk level based on a 
pre-determined criterion. This is most often 
found in policies regarding JICs convicted of 
sexual, domestic violence, or other serious 
violent offenses. In almost every case, poli­
cies override the assessed risk into higher or 
even the highest risk level. One of the pri­
mary intents is to ensure that these JICs are 
intensely supervised in the community to 
protect the agency from controversy should 
there be a re-offense (i.e., “CYA”). 

Research has examined whether profes­
sional overrides increase or decrease the 
predictive accuracy of risk/needs assessment 
instruments. Testing the impact of profes­
sional overrides has clearly shown that the 
predictive accuracy of risk/needs instru­
ments deteriorates when there is an override 
of the assessed level of risk. This decline 
occurs irrespective of the override being the 
decision of individual POs or organizational 
policy (Cohen et al., 2020; Wormith & Bonta, 
2021). Unfortunately, the use of overrides has 
increased over the years (Wormith & Bonta, 
2021). 

Although there are times when overriding 
the assessed risk level makes sense, the impact 
of overrides can have serious and significant 
detrimental effects to an organization and the 
supervision of JICs. Experience over the past 
20-plus years shows that resources for com­
munity supervision agencies are stretched and 
limited. The override of assessed risk levels 
results in a higher proportion of cases super­
vised as high-risk, placing greater demands 
on staff and resources. JICs end up being 
supervised more closely than their assess­
ment indicates they should be, and such cases 
occupy services and officer time that could 
otherwise be spent on JICs that are truly high 
risk. This practice can also be of harm to 
lower risk clients who end up becoming more 
entrenched in the system (e.g., more condi­
tions interfering with employment; increased 
contact with higher risk JICs). 
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Another unforeseen consequence of routine 
overrides is their impact on POs’ perception of 
the value of the risk/needs assessment process 
itself (e.g., “What is the point of conducting 
a quality assessment when policy, not the 
assessment results, will direct my day-to-day 
supervision of the case?”). If JICs are all fated 
to receive the same level of supervision, then 
officers will attach little value to the process 
(e.g., “Sex offenders go to S.O. supervision, 
DV guys go to D.V. treatment—what’s the 
difference how they score?”). High levels of 
policy-directed overrides facilitate mistrust of 
the usefulness of assessment in general. The 
agency’s culture will tend to breed a dismis­
siveness of risk/needs assessment and RNR 
principles, tainting the work of well-trained 
officers and hindering efforts to implement 
these and other evidence-based practices. 

We recommend that agencies track and 
approve PO-initiated overrides and the ratio­
nale behind them. The expectation would be 
that overrides should occur in less than 10 
percent of cases (ideally less than 5 percent), 
and should be distributed across all risk 
levels, offense types, and other representa­
tive demographics. This will ensure that no 
inherent biases (e.g., cultural, racial, offense-
driven, etc.) are fueling overrides. Tracking 
the rationales for overrides permits POs and 
supervisors to discuss the accuracy of scoring, 
reasoning behind decisions, how overrides 
affect the probability of reoffending (i.e., 
risk principle), and, if the override results in 
a higher risk classification, how this will be 
addressed in supervision. In this manner, both 
officer and supervisor can determine whether 
there is consensus on the appropriateness of 
the override and broaden their understanding 
and application of RNR principles. It might 
also be helpful to let actual experience with a 
specific case guide an override decision. For 
example, if, after a few months of supervision, 
the PO believes a JIC to be at a different level 
of risk due to a factor that was not part of the 
initial risk/needs assessment, the PO can then 
request an override with a better-informed 
rationale and information at that time. With 
more observable data available, it is likely that 
the rationale for an override would be more 
evidence-based and justified. 

Deviations from assessed risk level are 
most empirically defensible during the most 
at-risk period for recidivism. Virtually all 
research on recidivism patterns (i.e., survival 
curves), regardless of risk level, shows that 
the first year under supervision is the time 
when JICs are most at risk for reoffending. 

Incorporating this evidence into policy is 
certainly more defensible than policies for 
niche groups of JICs. For example, a policy 
could direct that all JICs with violent (includ­
ing sexual) offenses will begin their period of 
supervision under close observation for the 
first 6 months, due the harm they have caused. 
This 6-month period would typically allow 
sufficient time to fully assess the JIC with one 
or more risk/needs assessment instruments, 
develop a stronger PO-JIC relationship, and 
assess the JIC’s initial response to supervi­
sion. At the 6-month mark, these JICs could 
automatically be placed on their assessed level 
of risk/supervision unless the PO can justify 
an override. 

Finally, we recommend that correctional 
agencies incorporate offense-specific assess­
ments. There are specific risk/need domains 
for sex offending and domestic violence cases 
that are not directly assessed by general risk/ 
need instruments (see Wormith et al., 2020 
for a review of violence risk assessments).10 

10  Instrument such as the STATIC-99-R (Hanson &  
Anderson, 2021) can be utilized for sex offenders;  
and the  Ontario Domestic Assault Risk Assessment  
(ODARA;  Hilton, 2021) and Spousal Assault  
Risk Assessment (SARA; Kropp & Gibas, 2021)  
for domestic violence cases. Readers looking for  
more information regarding training on specialty  
instruments are referred to The Society for the  
Advancement of Actuarial Risk/Need Assessment
(SAARNA) https://saarna.org/about/ 

Adding specialty risk assessments to the pro­
tocol will require additional training and 
resources. However, the benefits include 
sound, empirically defensible decision-mak­
ing, policy development, evidence-based 
practice, and less time spent supervising cases 
that unnecessarily result from overrides into 
higher risk levels. 

10. Risk/needs assessment 
is not a crystal ball 
Leading criminal risk/needs instruments 
have a moderate to high degree of accuracy 
in predicting reoffending, which may vary 
based on offender characteristics and settings 
(Desmarais et al., 2016). A risk/needs assess­
ment result that classifies a JIC as low risk is 
not a guarantee that the client will desist from 
offending, just as a result that classifies a JIC 
as high risk is not a guarantee that the client 
will reoffend. In fact, sometimes low-risk 
JICs recidivate and high-risk JICs do not. Yet, 
this does not mean that criminal risk/needs 
instruments are generally inaccurate. In mak­
ing sense of the discrepancy that can occur 
between a JIC’s risk assessment result and 

 

outcome, it’s helpful to keep in mind that (1) 
the intent of risk assessment is probabilistic 
rather than deterministic, (2) criminal risk is 
dynamic rather than stable and is therefore 
subject to change—sometimes rapidly if JICs 
find themselves in particular situations that 
are unpredictable—and therefore needs to be 
reassessed periodically, and (3) the purpose 
of risk/needs assessment is to put strategies in 
place that will prevent reoffending—meaning, 
JICs identified as high risk will not reoffend 
because the strategy was successful. 

The probabilistic versus deterministic 
interpretation of criminal risk/needs assess­
ment results is in many ways analogous to a 
screening for heart disease. Both criminal risk 
assessment and heart disease screenings are 
based on examining the client’s status on a 
series of risk factors (or domains). The more 
risk factor/domains, the higher the person’s 
likelihood of reoffending or, in the alterna­
tive scenario, developing heart disease. Those 
found to be at high-risk for reoffending/ 
heart disease are not destined to reoffend­
ing or heart disease; they are just more likely 
to experience these negative outcomes than 
those with lower risk scores. Similarly, some­
one with only a few risk factors/domains for 
reoffending/heart disease may also experi­
ence these negative outcomes, but are less 
likely to do so than their higher-risk counter­
parts. Lower-risk individuals may sometimes 
find themselves in unpredictable situations 
that trigger or prompt heart-attacks/criminal 
offenses. 

The intent of criminal risk assessment 
is probabilistic in nature, not diagnostic. 
Criminal risk assessments are not designed 
for, nor do they attempt to establish, dichoto­
mous groups (e.g., will offend/won’t offend) 
(Andrews et al., 1990). Rather, they typically 
group JICs into a three-, four-, or five-tiered 
system (depending upon the instrument), 
with each succeeding tier reflecting an 
increased likelihood of reoffending (Kroner 
et al., 2020). Using a tiered system, rather than 
a binary system, allows agencies to modulate 
supervision intensity more efficiently for dif­
ferent JIC groups. 

The analogy between criminal risk/needs 
assessments and screening for heart disease 
is also relevant to understanding the dynamic 
nature of criminal risk and its impact on 
assessment results. Some of the leading risk 
factors for heart disease are largely static 
(e.g., gender, age, family history), while oth­
ers are dynamic (e.g., smoking, sedentary 
lifestyle, blood pressure). While the static 

https://saarna.org/about/
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risk factors cannot change and will therefore 
always impact risk, the dynamic factors can be 
altered in ways that increase or reduce risk. If, 
for example, a client becomes more sedentary 
and doubles their cigarette intake, their risk 
for heart disease will increase. Conversely, the 
introduction of exercise and healthy eating 
will lower risk. In the same way, some of the 
leading risk factors/domains for reoffending 
are static (e.g., prior criminal history), whereas 
most are dynamic (e.g., presence of criminal 
peers, substance misuse, employment insta­
bility, criminogenic attitudes). Therefore, risk 
of recidivism can increase or decrease in the 
months after a criminal risk/needs assessment 
is conducted, based on fluctuation in a JIC’s 
dynamic risk factors. 

The dynamic nature of criminal risk means 
that JICs who are high-risk can become 
low-risk and vice versa during a period of 
community supervision. In this regard, POs 
who successfully address the needs of their 
high-risk JICs may have a large proportion 
of high-risk cases that do not recidivate. 
However, officers who do not address the 
dynamic needs of their lower or medium-
risk JICs may see more reoffending in these 
lower risk groups than expected. The dynamic 
nature of criminal risk means it should be 
reassessed periodically over the course of 
supervision. As JICs’ criminal risk increases or 
decreases, supervision intensity can be modu­
lated as needed to allocate resources efficiently 
and produce better outcomes. 

We recommend that agencies conduct a 
local validation of their risk/needs assessment 
instruments to ensure that instruments are 
adequately predicting recidivism. Important 
benchmarks include the following: (1) cli­
ents classified at lower tiers of risk reoffend 
at lower rates than those classified at higher 
tiers of risk, (2) the overall predictive valid­
ity of the instrument minimally achieves a 
65 percent degree of discrimination between 
those who recidivate and those that do not, 
and (3) observed agreement reliability among 
assessors is at least 80 percent (Desmarais 
et al., 2022). Depending on the risk/needs 
instrument adopted, it may also be impor­
tant to periodically reexamine the accuracy 
of risk/needs instruments and recalibrate 
cutoff scores (i.e., scores defining the dif­
ferent risk levels) as needed. See the recent 
guidelines published by the Council of State 
Governments on Advancing Fairness and 
Transparency for more in-depth recommen­
dations on the validation process (Desmarais 
et al., 2022). Despite the best attempts of 

agencies to maximize predictive accuracy, pre­
dicting human behavior is complex, and there 
will always be error in risk/needs assessments 
and unpredictable circumstances. But rest 
assured that the proper use of these instru­
ments produces results that are more accurate 
than unstructured professional judgment. 

Conclusion 
If you have read this far you undoubtedly have 
a strong interest in the most effective use of 
criminal risk/needs assessment in community 
corrections. You probably are already familiar 
with the use of one or more risk/needs assess­
ment instruments and have faced your own 
challenges in integrating assessment into real-
world practice. Perhaps you have experienced 
some of the stumbling blocks we’ve described. 
If so, we hope our discussion has been useful. 
It can be reassuring to know that these issues 
are common. 

We have shared some hints for moving 
forward, but if you have found better ways of 
addressing these issues—or sidestepping some 
of these problems altogether—we would like 
to hear from you. One thing we have learned is 
that there are many creative and eager people, 
working on the frontlines of our field, whose 
passion and experience can benefit the entire 
profession. Also, the community corrections 
field is dynamic. Best practices in assessment 
and supervision are not set in stone and will 
surely be influenced in the coming years by 
further developments in theory and research. 

If there is one overarching theme from 
this article, we think it is this: risk/needs 
assessment is the cornerstone of effective 
community corrections, and optimizing the 
use of risk/needs assessment takes time and 
persistent attention. Like all science-based 
methods, it requires careful implementation 
and periodic recalibration. It is doable. And it 
is worth doing. 
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OVER THE LAST two decades, the number 
of persons placed on federal supervision for 
Child Sexual Exploitation Material (CSEM)2 

2 In prior research of federal sex offenders con­
ducted by the Federal Probation and Pretrial 
Services Office (PPSO), the term “child pornogra­
phy offender” was used to refer to persons placed on 
supervised release for possessing, receiving, distrib­
uting, or producing child pornography. Given the 
efforts to discourage the use of the word “offender,” 
the term CSEM or CSEM supervisee was substi­
tuted for child pornography offender. 

offenses has increased exponentially. The 
surge in CSEM supervisees can be attributed 
to technological changes that allow for easier 
access to sexually explicit materials on the 
internet and federal laws and enforcement 
mechanisms that have resulted in grow­
ing numbers of persons convicted of CSEM 
under federal sentencing statutes (Faust & 

Motivans, 2015; U.S. Sentencing Commission 
[USSC], 2012, 2021; Wolak et al., 2005, 2009). 
Specifically, the use of various technologies, 
including peer-to-peer networks, texting and 
instant messaging, cloud-based hosting ser­
vices, social media platforms, and chatrooms, 
has created the context in which the typical 
person convicted of CSEM offenses will have 
generated voluminous collections of graphical 
images, including those of very young children 
(USSC, 2012, 2021). Moreover, federal legisla­
tion, particularly the Prosecutorial Remedies 
and Other Tools to End the Exploitation of 
Children Today Act of 2003 (The PROTECT 
Act), has resulted in increased penalties for 
persons convicted of CSEM through the addi­
tion of new enhancements and mandatory 
minimums to the federal sentencing guide­
lines (USSC, 2021). The PROTECT Act also 
gave federal judges the discretion to impose 
life supervision terms on persons convicted 
of federal sex offenses (Faust & Motivans, 
2015; USSC, 2012). In addition to these tech­
nological and legislative changes, numerous 
regional taskforces and specialized units have 
been established by the U.S. Department of 
Justice to prosecute persons engaged in CSEM 
offenses (Wolak et al., 2005). 

These trends combined have resulted  
in substantial increases in the number of  

persons prosecuted, incarcerated, and (most 
importantly for this research) placed on fed­
eral post-conviction supervision for CSEM 
offenses3

3 Federal post-conviction supervision refers to 
persons sentenced to a term of community super­
vision following a period of imprisonment within 
the Federal Bureau of Prisons (18 U.S.C. §3583). 
Probation refers to persons sentenced to a period of 
federal supervision without any imposed incarcera­
tion sentence (18 U.S.C. §3561). 

 (Faust & Motivans, 2015; U.S. 
Sentencing Commission [USSC], 2012, 2021). 
Faust and Motivans (2015) report that the 
number of persons placed on federal post-con­
viction supervision for sex offenses increased 
by 1,400 percent, from 321 supervisees in 1994 
to 4,714 supervisees, in 2013. Much of this 
increase could be attributed to the prosecution 
of persons charged with CSEM offenses (i.e., 
possession, receipt, distribution, or produc­
tion of child pornography). Moreover, persons 
convicted of CSEM offenses are increasingly 
being sentenced to lengthy post-conviction 
supervision terms in the federal system. The 
average term imposed on nearly 4,700 CSEM 
supervisees placed on federal post-conviction 
supervision during fiscal years 2010 through 
2016 was about 98 months (see Table 1). In 
comparison, the average term imposed on 
federal supervisees in 2010 was about 43 
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months (USSC, 2012). 
The growth of CSEM supervisees presents 

serious challenges to the federal supervision 
system. Prior research shows many CSEM 
supervisees initially being designated as low 
risk to reoffend according to the federal Post 
Conviction Risk Assessment (PCRA) instru­
ment (Cohen & Spidell, 2016; Cohen 2018); 

however, these persons tend to be placed 
through overrides into the highest supervision 
levels (Cohen et al., 2020). Officers’ propen­
sity to override CSEM supervisees stems 
from concerns about whether these persons 
have histories of, or are likely to engage in, 
offline contact sexual behavior with children 
(DeLisi et al., 2016). A meta-analysis focusing 

on the backgrounds of CSEM persons, for 
example, found that about 12 percent had an 
official arrest or conviction record of contact 
sexual behavior, but 55 percent admitted 
through self-reporting that they had prior 
sexual contact with children (Seto et al., 
2011). Moreover, the risk tool officers used to 
gauge the likelihood of recidivism for federal 
supervisees is not calibrated to measure sexual 
deviance, ascertain the presence of non-offi­
cial contact sex behavior, or assess the risk of 
sexual recidivism for sex offenders generally 
or CSEM supervisees in particular (Cohen & 
Spidell, 2016; Cohen 2018). 

TABLE 1.
 
Descriptive Statistics of Study Sample
 

The combination of growing numbers 
of persons on federal supervision for CSEM 
offenses, concerns about the frequency with 
which this population has engaged in unre­
corded contact sexual behavior, and issues 
with using the current risk tool employed by 
federal probation officers to assess the risk of 
sexual recidivism (i.e., the PCRA) gave rise 
to an initiative by the Administrative Office 
of the U.S. Courts, Probation and Pretrial 
Services Office (PPSO), to construct a risk 
tool that could gauge the likelihood of sexual 
recidivism for the CSEM population. 

This article documents PPSO’s efforts to 
construct a risk tool that could be used 
on persons placed on federal post-convic­
tion supervision for CSEM offenses. Initially, 
the article will delve into federal policies 
for supervising persons convicted of CSEM 
offenses and contrast those policies with an 
examination of how the CSEM population is 
actually being supervised. Next, it will detail 
PPSO’s attempts to build a risk tool based 
on the Child Pornography Offender Risk 
Tool (CPORT) (see Eke et al., 2018; 2019), 
PCRA (see Johnson et al., 2011; Lowenkamp 
et al., 2013; 2015) and FBI criminal history 
records to assess the risk of sexual recidivism 
for CSEM supervisees. Specifically, the paper 
will describe the methods, data, and principal 
findings stemming from PPSO’s efforts to use 
the CPORT and an amalgamation of fields 
obtained from the CPORT, PCRA, and FBI 
criminal history files to predict sexual recidi­
vism for CSEM supervisees. Additional work 
involving the use of machine learning to gauge 
the likelihood of sexual reoffending for CSEM 
supervisees will also be detailed. Ultimately, 
as will be shown, none of these efforts were 
successful in creating a risk tool that officers 
could use for CSEM supervisees. The paper 
will conclude by discussing the implications 
of PPSO’s efforts to build a CSEM-specific 
risk tool and suggest possible alternatives for 
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future research. 

Federal Policies and Practices 
for Supervising Persons 
Convicted of CSEM Offenses 
PPSO has responded to the growing number 
of persons convicted of CSEM offenses under 
federal supervision and the concerns that 
some CSEM supervisees might be involved 
in hands-on offending by issuing guidance 
for federal officers charged with supervising 
these persons. Under current policy, officers 
are instructed to use information gleaned 
from both the PCRA and other sources of 
information, including presentence reports, 
polygraphs, and psychosexual evaluations, to 
conduct an initial risk assessment evaluation. 
The PCRA is a dynamic actuarial instrument 
developed for federal probation officers that 
classifies supervisees into a matrix contain­
ing 12 risk categories (Administrative Office 
of the U.S. Courts (AO), 2018: see page 14). 
These categories provide crucial information 
about a supervisee’s likelihood of committing 
any or violent offenses both during and after 
the supervisee has completed the supervision 
term (for more information about the PCRA, 
see Johnson et al., 2011; Lowenkamp et al., 
2013; Lowenkamp et al., 2015; Luallen et al., 
2016; Serin et al., 2016). 

Although the PCRA provides crucial infor­
mation about a supervisee’s propensity for 
reoffending, it is not geared towards CSEM 
supervisees, constructed to assess their likeli­
hood of sexual reoffending, or designed to 
measure sexual deviance. Additionally, nearly 
all CSEM supervisees (97 percent) are clas­
sified as low or low/moderate risk according 
to the PCRA (Cohen & Spidell, 2016). The 
lack of any official contact record for many 
CSEM supervisees, combined with their low-
risk classification status, initially produced a 
policy in which officers were required to place 
all CSEM supervisees into the highest super­
vision levels regardless of their original risk 
classification (Cohen & Spidell, 2016; Cohen, 
2018). Officers responded to this policy by 
applying overrides as a means of supervising 
nearly all CSEM supervisees at the highest 
supervision levels (Cohen et al., 2016; 2020). 

This policy underwent a revision several  
years ago. Specifically, officers are no longer  
required to place all CSEM supervisees into  
the highest supervision levels through over­
rides. Rather, in December 2017, the policy  
was changed to acknowledge the risk prin­
ciple and account for variations of risk within  
this population. As a result, officers are now  

encouraged to consider a combination of fac­
tors when designating the levels of supervision 
intensity. At the onset of supervision, officers 
may have limited case information and rely 
on known recidivism rates of CSEM individu­
als and suggested PCRA risk levels. However, 
during the course of supervision, as informa­
tion related to the risk and needs of the case 
change, officers should respond by adjusting 
supervision levels as necessary.4 

4 It should be noted that about 1 out of 5 persons 
on federal supervision for CSEM offenses has a 
valid Static-99/R score (Cohen & Spidell, 2016). 
The Static-99/R is an actuarial risk prediction 
instrument that estimates the probability of sexual 
and/or violent reconviction for adult males who 
have already been charged with or convicted of at 
least one contact sexual offense against a child or 
non-consenting adult (Hanson et al., 2016; Helmus 
& Hanson, 2007). The Federal Bureau of Prisons 
attempts to score the Static-99/R on all sex offend­
ers; however, valid scores are calculated for only 
those persons with current or prior arrest/convic­
tion records for contact sex offending. Should the 
CSEM supervisee have a Static-99/R score, policy 
mandates that the officer default to the risk tool 
(i.e., PCRA or Static-99/R) that recommends the 
highest levels of supervision intensity. 

While policy no longer mandates that 
officers place CSEM supervisees into higher 
risk categories, evidence suggests that offi­
cers continue to use overrides to elevate the 
supervision levels for these persons. An exam­
ination of nearly 6,900 CSEM supervisees who 
received PCRA assessments between fiscal 
years 2017-21 showed officers overriding 96 
percent of these persons and placing nearly 
all of them into the moderate or high supervi­
sion categories (data not shown). Moreover, 
officers typically keep these supervisees in 
the highest supervision categories even after 
multiple assessments. The continued use of 
supervision overrides for CSEM supervis­
ees and the intensity of resources and staff 
directed at CSEM supervision provided the 
impetus for PPSO to develop an actuarial tool 
that could be used to supervise this specific 
population of sex offenders. The remainder 
of this paper details PPSO’s effort to use the 
CPORT and a combination of CPORT, PCRA, 
and criminal history risk factors to construct 
a tool that could be used to assess the risk of 
sexual recidivism for CSEM supervisees. 

Using the CPORT to Assess 
the Risk of Sexual Recidivism 
for CSEM Supervisees 
In order to address the challenges inherent  
in supervising persons convicted of CSEM  
offenses, PPSO decided to attempt to assess  

whether the CPORT alone, or in combination 
with the PCRA and criminal history files, 
could be used to provide officers with a means 
of accurately gauging a CSEM supervisee’s 
risk of engaging in sexual recidivism. PPSO 
selected the CPORT because of a growing 
literature showing its efficacy in differentiat­
ing the risk of sexual recidivism for persons 
convicted of CSEM offenses (Black, 2018; 
Eke et al., 2018, 2019; Pilon, 2016; Savoie et 
al., 2022; Seto & Eke, 2015; Soldino et al., 
2021). Specifically, the CPORT was created 
to gauge the risk of any sexual recidivism 
among a population of adult males convicted 
of CSEM offenses (Eke et al., 2018, 2019; Seto 
& Eke, 2015; Soldino et al., 2021).5

5 For a complete overview of the CPORT items, 
see Eke et al. (2018), as well as this paper’s methods 
section. 

 This risk 
instrument was originally constructed using 
a sample of 266 males convicted of CSEM 
offenses in Canada whose arrest activity could 
be followed for a period of five years and 
then validated on an additional sample of 
80 men (Seto & Eke, 2015; Eke et al., 2019; 
Soldino et al., 2021). The CPORT’s developers 
showed that this tool was effective at predict­
ing any sexual recidivism (Area Under the 
Curve (AUC =. 74)) as well as sexual recidi­
vism for CSEM subpopulations with histories 
of contact sexual behavior (AUC = .80) or 
backgrounds of general criminal activity not 
involving contact sexual offending (AUC = 
.69) (Seto & Eke, 2015). The tool’s predictive 
efficacy, however, degraded when predicting 
sexual recidivism for CSEM subpopulations 
with only a history of child pornography 
offenses (AUC = .63) (Seto & Eke, 2015). 

Subsequent CPORT studies showed the 
tool manifesting mixed effectiveness in terms 
of its ability to predict sexual recidivism for 
persons convicted of CSEM offenses. In a 
study conducted on 141 adult CSEM males in 
Scotland, the authors found that the CPORT 
significantly predicted various forms of reof­
fending behavior, including recidivism for 
any offenses (AUC = .81), any sexual offenses 
(AUC = .78), and CSEM offenses (AUC = .74) 
(Savoie et al., 2022). Other studies, however, 
produced results that did not replicate the 
CPORT’s original predictive effectiveness. 
Using a truncated version of the CPORT scale6 

6 The truncated version omitted two items (ques­
tions #6 and #7) measuring the content of boy vs. 
girl material in the collections of persons convicted 
of CSEM offenses. 

on 279 persons convicted of CSEM offenses in 
Canada and with a follow-up period of over 
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three years, Pilon (2016) generated results in 
the mediocre predictive range (AUC = .56). 
Another study conducted by Black (2018) 
using a shortened version of the CPORT 
scale7

7 This version omitted the CPORT’s last three 
items, including question #5 (indication of pedo­
philic or hebephilic interests) and questions # 6 and 
#7 (measuring boy vs. girl content). 

 covering 547 persons with CSEM con­
victions in New Zealand and tracking their 
arrest activity for a period ranging from 2 to 
19 years, found effect sizes ranging from the 
small (AUC = .60) to large (AUC >= .80), 
depending upon the arrest outcome exam­
ined. Last, Soldino et al. (2021) examined 
the CPORT’s predictive efficacy on a sample 
of 304 men arrested for CSEM offenses in 
Spain and tracked for a duration of 5 years. 
The Soldino et al. (2021) study used the com­
plete CPORT scale as well as the Correlation 
of Admission of Sexual Interest in Children 
(CASIC)8

8 The CASIC is used to assess a CSEM person’s 
sexual interest in children or teenagers (see Seto & 
Eke, 2015). 

; overall, the results were mixed, 
with the CPORT total scores mostly produc­
ing AUC values of below .60 irrespective of 
the presence or absence of missing data. The 
authors, however, were able to generate AUC 
scores of .70 when applying the CASIC to a 
subset of the study population (Soldino et al., 
2021). 

Conducting a Pilot Test of the CPORT 
Given the CPORT’s potential effectiveness 
as a risk classification tool for CSEM super­
visees, PPSO decided to ascertain whether 
this instrument could be integrated into the 
federal supervision system. The effort to 
integrate the CPORT occurred through two 
initiatives. Initially, PPSO attempted to con­
duct a pilot test of the CPORT by bringing 
in about 20 probation officers to manually 
code the CPORT on a random sample of 200 
persons placed on federal post-conviction for 
CSEM offenses. For the pilot effort, PPSO 
contracted with one of the CPORT develop­
ers (Doctor Angela Eke) and she, along with 
Detective Sergeant Monica Denreyer, trained 
the federal probation officers on how to 
accurately code this risk tool. As a result of 
this training, CPORT and CASIC data were 
coded for 195 CSEM supervisees placed on 
federal post-conviction supervision between 
fiscal years 2011 and 2012.9

9 Five supervisees were removed from the sample 
because subsequent data obtained from PPSO’s 
case management system showed they did not meet 

the criteria of persons who should be scored on the 
CPORT. 

 The coding 

primarily involved examining presentence 
reports (PSRs) and other materials produced 
at supervision intake. While a great deal of 
information was learned from the pilot, unfor­
tunately the officers had difficulty coding the 
CPORT items measuring boy to girl content 
in the child pornography material (CPORT 
item #6) and nude/other material (CPORT 
item #7). Moreover, officers were unable to 
code most of the CASIC items to determine a 
CSEM supervisee’s sexual interest in children 
or teenagers. The combination of high rates of 
missing data for several CPORT and CASIC 
items, along with a relatively low rate of sexual 
reoffending for the pilot sample (only 9 of the 
195 persons sexually reoffended), resulted in 
AUC scores in the mediocre to poor range 
(AUC = .54) for this instrument. 

As a result of the pilot’s poor performance, 
PPSO decided to rethink how to empirically 
test the CPORT’s predictive performance for 
persons placed on federal supervision for 
CSEM offenses. Ultimately, PPSO decided to 
conduct a larger test of the CPORT using a 
population of 5,768 male supervisees placed 
on federal post-conviction supervision 
between fiscal years 2010 through mid-2016. 
Rather than have officers manually code the 
CPORT items, PPSO contracted with the 
MITRE Corporation (hereafter MITRE) to 
conduct a text mining endeavor aimed at col­
lecting the CPORT elements. The efforts the 
MITRE project entailed, along with the data 
elements collected and analyzed, are further 
detailed in the methods section. 

Method 
CPORT and CASIC elements 
Extracting both the CPORT and CASIC ele­
ments from PPSO’s case management system 
(i.e., The Probation and Pretrial Services 
Automated Case Tracking System or PACTS) 
is problematic, because many of the risk 
factors scored in these instruments are not 
readily available for electronic data extraction. 
Persons attempting to score the CPORT, for 
example, are required to mark the following 
items as present or absent: (1) age at the time 
of index investigation, 35 or younger; (2) 
any prior criminal history; (3) any failure on 
conditional release, including charge at index; 
(4) any contact sexual offending, including a 
charge at index; (5) indication of pedophilic 
or hebephilic interests; (6) more boy than girl 
content in the child pornography material; 
(7) more boy than girl content in the nude/ 

other child material (Eke et al., 2018). It’s also 
important to note the instrument allows scor­
ers to substitute the CASIC as a method for 
assessing CPORT item #5 (indication of pedo­
philic or hebephilic interests). The CPORT’s 
developers suggested using the CASIC in lieu 
of attempting to directly ascertain the pres­
ence of sexual interest in children or teenagers 
because of concerns that many persons being 
scored on this instrument would not readily 
admit to these deviant forms of sexual behav­
ior (Eke et al., 2018; Soldino et al., 2021). 

The CASIC measures whether the CSEM  
supervisee manifests key characteristics  
associated with admission of pedophilic or  
hebephilic sexual interests (Eke et al., 2018;  
Seto & Eke, 2017). In the CASIC, six items are  
coded as being present or absent: (1) never  
married; (2) had child pornography videos;  
(3) had child pornography text stories; (4)  
child pornography material spanning two  
or more years; (5) volunteering in a role  
with high access to children; (6) engaging in  
online sexual communications with a minor  
or undercover officer posing as a minor (Eke  
et al., 2018; Seto & Eke, 2017). CASIC scores  
of 3 or higher are indicative that the person  
being scored is sexually interested in children  
or teenagers and hence should receive a score  
for CPORT item #5. 

Several of the CPORT and CASIC items 
are stored in PPSO’s case management sys­
tem (i.e., PACTs) in a format that allows for 
further analysis. For example, the CPORT 
items measuring age and criminal history 
(CPORT items #1 through #4) are available in 
PACTS and can be readily extracted to gener­
ate a truncated CPORT score. The remaining 
CPORT items (items #5 through 7), however, 
are not entered into the PACTs system in a 
structured format that can be easily retrieved, 
assuming they are entered at all. For example, 
a CSEM supervisee’s admission of sexual 
interest in children or preference in boys over 
girls might be manifested in the text embed­
ded in a presentence report or psychosexual 
assessment uploaded into PACTs, but this 
information is typically stored in unstructured 
PDF files or images; none of these items are 
entered into specific numeric fields. 

Hence, any attempt to obtain these data 
would involve officers having to read through 
case files and manually code the CPORT items 
measuring sexual interest in children or teen­
agers or preference in boys over girls.10

10 Obtaining data for the CASIC is even more chal­
lenging; only 1 of the 6 items (never married) could 
be readily extracted through PACTs. 

 The 
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level of time, effort, and resources involved in 
obtaining this information through a review 
of PDFs or scanned documents uploaded into 
PACTs could be enormous given the number 
of CSEM cases officers would potentially 
have to code. Generally, the rates of sexual 
recidivism for CSEM supervisees are rela­
tively low. Cohen and Spidell (2016) showed 
about 3 percent of CSEM supervisees being 
rearrested for sexual offenses within three 
years of their supervision start dates. Given 
the low base rates of sexual re-offending for 
this population, any effort to validate the 
CPORT on this population would involve 
collecting CPORT information on potentially 
thousands of CSEM supervisees. The chal­
lenge, therefore, was to devise a way to collect 
CPORT data through a mechanism that mini­
mized having officers individually go through 
case files while simultaneously extracting 
the CPORT elements from as many cases as 
possible. Ultimately, the AO’s Department of 
Technology Services contracted with MITRE 
to engage in a proof-of-concept project on 
the feasibility of applying natural language 
processing and machine learning techniques 
to retrieve CPORT data elements from thou­
sands of CSEM supervisees. The MITRE 
project and its results are detailed below. 

The MITRE Data Collection Effort 
The MITRE project’s primary goal was to 
construct an algorithm for extracting infor­
mation from various documents to complete 
the CPORT risk tool from an initial list 
of 8,896 male CSEM supervisees placed on 
federal post-conviction supervision between 
fiscal years 2011 through 2018.11

11 The challenges inherent in obtaining CASIC 
items necessitated that we focus solely on the 
CPORT for this project. An effort was made, how­
ever, to collect the CASIC field measuring online 
communications with a minor. 

 MITRE 
extracted unstructured text data from numer­
ous sources, including PSRs, with a particular 
emphasis on the sections containing informa­
tion on charges and convictions, mental and 
emotional health, personal and family data, 
offense conduct, and victim impact state­
ments; polygraph reports; and psychosexual 
assessments and psychological evaluations. In 
total, MITRE processed an estimated 11,000 
PSR documents,12

12 Some CSEM supervisees have multiple PSRs. 

 60,000 psychological and 
psychosexual assessments, and 55,000 poly­
graph reports. The process resulted in the 
analysis of about 126,000 PDF and scanned 
documents containing over 8 million sentences. 

To these 8 million sentences, MITRE applied 
a combination of content extraction, natural 
language processing, and artificial intelligence 
reasoning capacities to automatically produce 
responses that could be used to complete the 
CPORT risk instrument.13

13 For a more in-depth overview of the processes 
MITRE applied to data-mine the judicial system’s 
text documents, see Megerdoomian et al. (2019), 
which discusses this effort for a related PPSO-
sponsored project. 

 The entire auto­
mated process took about 12 days to complete. 
In comparison, if PPSO had opted for manual 
data collection, and if the amount of time 
required to complete the instrument were 
similar to the pilot effort (about one hour per 
CSEM supervisee), it is estimated that it would 
have taken four full-time staff about one year 
to manually code the CPORT for the same 
8,896 CSEM supervisees. 

It is important to note that while the 
MITRE effort produced results that mostly 
adhered to the CPORT data elements, there 
was some divergence between the MITRE-
generated and CPORT fields. CPORT element 
#5 (indication of pedophilic or hebephilic 
interests), for example, was split into two 
elements measuring the presence of pedo­
philic or hebephilic interests separately (see 
Table 3). In addition, CPORT element #6 
(more boy than girl content in the child 
pornography material) and CPORT element 
#7 (more boy than girl content in the nude/ 
other child material) were combined into one 
field measuring whether the CSEM supervisee 
evidenced greater sexual interests in boys over 
girls. Moreover, the MITRE project attempted 
to gather several additional elements that 
could be associated with sexual recidivism. 
This effort involved measuring the presence 
or absence of the following elements: evidence 
of deviant sexual interests (a catchall category 
created by MITRE); lives with lover or partner 
for less than 2 years; engaged in online com­
munications for illicit purposes; any prior 
non-contact sexual offenses; and any prior 
violent (non-sexual) offenses. 

Though the MITRE project involved a 
novel initiative to transform unstructured 
text files into structured datasets for nearly 
9,000 CSEM persons on federal supervision, 
some limitations about this project should be 
noted. First, it’s important to acknowledge that 
MITRE relied on admissions, rather than on 
an examination of actual child pornography 
collections, to gauge preferences for boys over 
girls. Admissions, and not CASIC, were also 
used to ascertain the presence of pedophilic 

or hebephiliac interests. The use of admis­
sions over these other forms of obtaining 
the CPORT data could explain some of the 
differences in the study’s primary findings 
compared to previous CPORT research. 

Inclusion of Elements From PCRA 
and Rap Sheets as Additional 
Predictors of Sexual Recidivism 
In addition to the factors extracted through 
the MITRE project, this effort attempted to 
determine whether any other factors collected 
by the federal post-conviction risk assessment 
tool (i.e., PCRA), the generalized assessments 
conducted on all supervisees, or the criminal 
history data embedded in rap sheets were cor­
related with sexual recidivism. An effort was 
made to examine these other factors because 
of the concerns that the CPORT might not 
be predictive of sexual recidivism, given the 
low rates of reoffending activity among CSEM 
supervisees (Cohen & Spidell, 2016; USSC, 
2021). The specific non-CPORT elements 
identified through this effort, the processes for 
selecting these elements, and their predictive 
efficacy are further detailed in the findings 
section. 

Outcome Measure 
The primary outcome of interest involves 
whether the CSEM supervisee was rearrested 
for any new sexual offenses. Rearrests for 
new criminal activity were obtained from the 
National Crime Information Center (NCIC) 
and Access to Law Enforcement System 
(ATLAS). ATLAS is a software program used 
by the AO that provides an interface for per­
forming criminal record checks through a 
systematic search of official state and federal 
rap sheets (Baber, 2010). Sexual recidivism 
was defined to include arrests for any sexual 
offenses—either violent or non-violent but 
excluding prostitution offenses—within a 
fixed five-year time frame from the super­
vision start date. Similar to other CPORT 
validation studies, an attempt was made to 
distinguish contact from non-contact sexual 
recidivism events; however, there were so few 
CSEM supervisees arrested for contact sex 
crimes (less than 1 percent) that it was ulti­
mately not practicable to separate out these 
arrest outcomes in the extant study. 

The five-year follow-up period aligns with 
the tracking time used in the CPORT devel­
opment study (Eke et al., 2019; Seto & Eke, 
2015) as well as subsequent CPORT validation 
efforts (Soldino et al., 2021). The decision to 
use a five-year fixed follow-up period resulted 
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in 3,128 of the 8,896 CSEM supervisees whose 
CPORT data were collected by MITRE being 
removed from the analysis because their arrest 
outcomes could not be tracked for a minimum 
of five years. The remaining cohort of 5,768 
male CSEM supervisees who were included in 
the current study, however, constitute one of 
the largest samples attempting to validate the 
CPORT ever conducted. 

Analytical Approach 
The statistical techniques applied to this anal­
ysis involved a combination of descriptive 
techniques, chi-square tests, and AUC-ROC 
scores. The AUC-ROC scores were primarily 
used to assess the predictive accuracy of the 
CPORT risk tool as well as the risk tool PPSO 
constructed, which combined elements from 
the CPORT, PCRA, and rap sheets. In addition 
to these techniques, an attempt was made to 
apply machine learning approaches to predict 
sexual recidivism. Specifically, random forest 
machine learning approaches were employed 
to assess whether these novel methods could 
substantially improve prediction compared to 
traditional risk assessment approaches. The 
random forest analyses are further discussed 
in the findings section. 

Findings 
Validating the CPORT 
Descriptive information about the study sam­
ple is provided in Table 1. Of the 5,768 CSEM 
supervisees in the study population, nearly 90 
percent were non-Hispanic whites, while the 
remainder were a combination of Hispanics, 
Blacks, Asian/Pacific Islanders, or American 
Indians or Alaska Natives. The average age 

was about 46 years, and almost the entire 
population (97 percent) were placed on post-
conviction supervision through a term of 
supervised release, meaning that these super­
visees had served time in federal prison before 
being released. Over 90 percent of the study 
population were convicted of CSEM offenses 
involving child pornography possession (66 
percent) or the distribution, receipt, or trans­
portation of child pornography (26 percent). 
About 1 percent were convicted of actually 
producing child pornography materials. The 
study population skewed low risk, with three-
quarters receiving a low-risk classification 
from the PCRA; about 4 percent were assessed 
as moderate or high risk. By comparison, 
about one-fourth of the general federal super­
vision population are classified as moderate 
or high risk at initial assessment (Johnson & 
Baber, 2015). The rates at which CSEM super­
visees recidivated for sexual offenses were also 
relatively low. Approximately 5 percent of the 
5,768 CSEM supervisees were rearrested for 
any sexual offenses within 60 months of their 
supervision start date. In contrast, 43 percent 
of all federal supervisees were rearrested for 
any new offenses within 5 years from supervi­
sion commencement (Markman et al., 2016). 
The low-risk distribution skew for the CSEM 
study population, combined with their mini­
mal rates of sexual recidivism, gives rise to 
various challenges for risk assessment con­
struction, development, and validation that 
are subsequently detailed. 

TABLE 2. 
Association Between Post Conviction Risk Assessment (PCRA) Risk  
Levels and Any Sexual Recidivism for Online Sex Offenders 

Information about the PCRA’s capacity 
to predict sexual recidivism among CSEM 
supervisees is provided in Table 2. Overall, the 
PCRA’s capacity to predict sexual recidivism 

for the 5,768 CSEM supervisees placed on 
federal supervision is in the weak range (AUC 
= .61. 95% CI [.58 - .64]). The PCRA’s inabil­
ity to differentiate CSEM supervisees by risk 
is especially apparent when examining the 
sexual recidivism rates for low/moderate and 
moderate CSEM supervisees, which are essen­
tially the same (8.1 percent vs. 7.9 percent). 
These findings further illustrate the need to 
move beyond the PCRA and apply other tools 
(e.g., CPORT) in attempting to distinguish the 
risk of sexual recidivism for the federal CSEM 
population. 

The presence of the CPORT and other risk 
factors generated by MITRE are provided in 
Table 3 (next page) in a sorted format. The 
MITRE data collection effort showed over a 
third of the CSEM population evidencing sex­
ual interests in children or teenagers through 
admissions to officers, treatment providers, 
or polygraph administrators and nearly two-
fifths were 35 years or younger at the time of 
index investigation. Approximately one-fifth 
manifested any criminal history, but only 2 
percent were determined by MITRE to have a 
background of contact sexual offending. The 
rates of prior contact sex offending are lower 
than those reported in other studies of CSEM 
supervisees (see Cohen & Spidell, 2016) and 
ultimately resulted in an effort to supplement 
the criminal history backgrounds of these per­
sons with FBI rap sheet data (see next section). 
Last, MITRE identified 6 percent of CSEM 
supervisees evidencing greater sexual interests 
in boys over girls. 

Information about the presence of other 
(non-CPORT) risk factors generated by 
MITRE is also provided in Table 3. The most 
common other risk factors included evidence 
of deviant sexual interests (57 percent) and 
lives with lover or partner for less than two 
years (30 percent). About 12 percent of the 
study population engaged in online commu­
nication for illicit purposes and less than 5 
percent had an arrest record for non-contact 
sexual or violent offenses. 

Data on the bivariate associations between 
the MITRE-generated risk factors—both 
CPORT and other—and the five-year sexual 
recidivism rates are provided in Table 4 (next 
page). Several of the CPORT risk factors were 
shown to be significantly associated with sex­
ual recidivism (p <.05), including age at index 
investigation, presence of pedophilic interests, 
presence of previous criminal history, any 
failure on conditional release, and presence of 
contact sexual reoffending. Of all the CPORT 
risk factors, any failure while on conditional 
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release and presence of contact sexual offend­
ing had the strongest associations with sexual 
recidivism; CSEM supervisees with these char­
acteristics were about three times more likely 
to sexually recidivate compared to the overall 
baseline sexual recidivism rates. Interestingly, 
the CPORT factors measuring the presence 
of hebephiliac interests and greater sexual 
interests in boys over girls were not associ­
ated with sexual recidivism. Among the other 
risk factors produced by MITRE, only those 
measuring the presence of prior non-contact 
sex offenses and violent offenses manifested 
significant associations with sexual recidi­
vism. Over 15 percent of CSEM supervisees 
with these characteristics were rearrested for 
sexual offenses. 

The predictive effectiveness of the CPORT 
risk tool and various modified versions of 
this tool for CSEM supervisees are detailed 
in Table 5 (next page). Initially, an attempt 
was made to ascertain the CPORT’s efficacy 
by assigning scores of 0 or 1 to each CPORT 
risk factor and summing the scores into a total 
score; the scores were included in the sum 
irrespective of whether they were significantly 
associated with sexual recidivism (see Table 
4). Using this approach generated some dif­
ferentiation in the sexual recidivism rates. For 
example, the percentage of CSEM supervisees 
who sexually recidivated increased somewhat 
incrementally from 2 percent of supervisees 
with no CPORT risk criteria (score = 0) to 
8 percent of supervisees with at least three 
CPORT risk factors (score = 3). CSEM super­
visees with five or more CPORT risk factors 
were 10 times more likely to be rearrested 
for sexual offenses (20 percent rearrested) 
compared to their counterparts with zero 
CPORT risk factors (2 percent rearrested). 
Despite these promising patterns, the overall 
AUC scores for the CPORT are in the medio­
cre predictive range (AUC = .62. 95% CI [.58 
- .65]). The low-risk skew of the CSEM popu­
lation—56 percent manifested CPORT scores 
of ranging from to 0 to 1—provides a partial 
explanation for these poor prediction metrics. 

Attempts were made to evaluate whether 
the CPORT’s predictive effectiveness could 
be enhanced by modifying this risk tool. 
Specifically, the modifications involved con­
structing an assessment score that included 
all the CPORT and other risk factors gener­
ated by MITRE regardless of their significant 
association with sexual recidivism as well as 
constructing a truncated assessment score 
that used only those CPORT and other risk 
factors significantly associated with sexual 

TABLE 3. 
Presence of CPORT or Other Risk Factors Associated with 
Sexual Recidivism for Online Sex Offenders 

TABLE 4. 
Association Between Individual CPORT or Other Risk Factors 
Associated with Sexual Recidivism for Online Sex Offenders 
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reoffending (see Table 4 for information about 
the types of risk factors significantly associ­
ated with sexual recidivism). The approach 
employing all the risk factors constructed 
by MITRE also produced sub-par predic­
tive indices (AUC = .61. 95% CI [.57 - .64]). 
Conversely, employing a technique where 
only those risk factors significantly associ­
ated with sexual recidivism were included 

in the assessment calculations produced the 
highest AUC scores (AUC = .65. 95% CI [.62 
- .69]) and patterns of sexual reoffending that 
increased somewhat monotonically by risk 
score. Though promising, even this method 
failed to generate predictive AUC scores in the 
high effect size range (e.g., AUC score > .70) 
(Rice & Harris, 2005). 

TABLE 5. 
Association Between CPORT Risk Scores and Risk Scores Using Other  
Factors with Sexual Recidivism for Online Sex Offenders 

Building a CSEM Risk Instrument 
Based on CPORT, PCRA, and 
Criminal History Factors 
Given the issues pertaining to sex offender 
prediction using the CPORT, PPSO decided 
to rethink its approach to developing a risk 
tool for CSEM supervisees. Specifically, an 
attempt was made to ascertain whether an 
in-house risk tool could be developed using 
data elements from a multitude of sources 
including the MITRE-generated CPORT and 
other risk factors, the risk elements collected 
by officers when conducting PCRA assess­
ments, supervisee characteristics generated 
from officer assessments, and the FBI criminal 
history data. Elements were selected from 
these sources if they were associated with an 
increase of over three percentage points in 
the likelihood of sexual recidivism occur­
ring within five years of the supervision start 
date. Though selecting elements through this 
approach might be viewed as less rigorous 
compared to selecting elements that are statis­
tically significant, given the low base rates of 
sexual recidivism (4.5 percent), this method 
seemed to offer the best means for building 
a risk tool that could predict sexual recidi­
vism among CSEM supervisees. In order to 
avoid the pitfall of generating a risk tool that 
overfits the data, and hence might not be use-
able when applied to a new group of CSEM 
supervisees, the database was randomly split 
into a training and testing data file. The vari­
ables associated with an increase of over three 
percentage points with sexual rearrest activity 
were selected from the training database and 
then applied to the testing file for the purpose 
of assessing this instrument’s potential predic­
tive efficacy. 

The specific variables selected for CSEM 
risk construction and development are 
detailed in Table 6 (next page). In the training 
dataset, the following elements were selected 
from the MITRE-generated factors: pres­
ence of previous criminal history, evidences 
greater sexual interest in boys over girls, any 
failure on conditional release, presence of 
contact sexual offending, presence of prior 
non-contact sexual offenses, and presence 
of prior violent (non-sexual) offenses. All of 
these factors—with the exception of evidences 
greater sexual interest in boys over girls—were 
associated with significantly higher likeli­
hoods of sexual recidivism in Table 4. Though 
the boy over girl content was not statistically 
associated with higher rearrest rates, in the 
training data this variable was correlated with 
a more than three percentage point increase in 
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the likelihood of sexual recidivism and hence 
was included as a potential predictor variable. 

Several non-MITRE risk factors also were 
associated with an increase of more than three 
percentage points in the likelihood of sexual 
recidivism. Many of these factors hailed from 
the PCRA and included officer scores measur­
ing whether a supervisee manifested social 
problems associated with drug use or negative 
attitudes towards supervision or had a record 
of institutional adjustment. Another factor, 
denial of harm, hails from the Psychological 
Inventory of Criminal Thinking Styles section 
of the PCRA and essentially measures if the 
supervisee either rationalizes or minimizes 
the harm their criminal lifestyle might have 
done to others (Walters, 2013). In addition to 
these factors, an assessment indicating that the 
supervisee had a record of domestic violence 
was also associated with sexual recidivism. 
Last, the presence of an FBI record indicat­
ing that the supervisee had an arrest history 
for sex offenses (prostitution excluded) was 
shown to be associated with a more than 
three percentage point increase in sexual 
reoffending. The FBI criminal history records 
augmented the MITRE criminal history data, 
since MITRE recorded relatively few CSEM 
supervisees having any arrest histories for 
sexual offenses. The factors listed in Table 6 
all received scores of 0 or 1 depending upon 
whether their presence was recorded for the 
CSEM supervisee, and their individual scores 
were summed to generate a total score. The 
predicative effectiveness of these total scores 
for both the training and testing data are 
shown in the next table and figure. 

Results from the hybrid approach expli­
cated above are provided in Table 7. Overall, 
the AUC-ROC scores approach acceptable 
levels for the training data (AUC = .68. 95 per­
cent CI [.63 - .73]); however, there is a slight 
though not significant deterioration when 
moving to the testing data (AUC = .65. 95 per­
cent CI [.60 - .70]). Among both the training 
and testing samples, CSEM supervisees with 
higher risk scores were more likely to sexu­
ally recidivate compared to their counterparts 
who scored lower on the assessment instru­
ment. For example, the percentage of CSEM 
supervisees in the testing sample rearrested 
for sexual offenses manifested the following 
incremental increases: 3 percent (score = 0), 6 
percent (score = 2), 19 percent (score = 4), and 
41 percent (score = 5). The rearrest rates do 
fall off when moving to scores of 6 or above; 
however, that pattern is partially explained by 
the small number of CSEM supervisees (n = 5) 

TABLE 6.
MITRE and non-MITRE Generated Factors Used to Predict 
Sexual Recidivism for Online Sex Offenders

TABLE 7. 
Association Between Calculated Risk Scores Using MITRE and Other Risk 
Factors with Any Sexual Recidivism Using Training and Testing Data 

TABLE 6.
MITRE and non-MITRE Generated Factors Used to Predict 
Sexual Recidivism for Online Sex Offenders
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receiving these high scores. 
Figure 1 highlights the predictive efficacy 

of the PPSO-generated risk tool with the 
combined training and testing data. Results 
show somewhat incremental increases in the 
sexual rearrest rates by risk score. In general, 
the sexual recidivism rates rise from 2.5 per­
cent to 4.2 percent when moving from scores 
of 0 to 1; afterwards they plateau at about 7 
percent between scores 2 and 3 and then move 
up again to 18 percent and then 32 percent 
for persons scoring 4 and 5, respectively. The 
combined data produces predictive metrics 
that approach (AUC = .67. 95% CI [.63 - .70]) 
but do not meet, nor exceed, the acceptable 
range for most risk instruments (AUC > .70). 

Using Machine Learning 
Approaches for CSEM Prediction 
Though attempting to produce an in-house  
risk instrument geared to CSEM supervisees  

generated results that almost met the accept­
able range of most criminal justice and sex 
offender risk assessments, this attempt fell 
short. Ultimately, PPSO was unable to con­
struct a risk tool that could appreciably 
differentiate the risk of sexual recidivism 
among CSEM supervisees by using either 
the CPORT or a combination of CPORT and 
other risk factors embedded within the PCRA, 
officer assessments, and FBI criminal history 
records. In light of these results, PPSO made 
an additional effort to ascertain the feasibility 
of constructing an in-house risk assessment 
through the use of machine learning tech­
niques. A brief description of PPSO’s effort 
to apply machine learning applications to the 
problem of CSEM risk prediction is subse­
quently provided. 

FIGURE 1. 
Association Between Calculated Risk Scores Using MITRE and Other Risk Factors  
with Any Sexual Recidivism Combining Training and Testing Data 

Machine learning is essentially an area of  
artificial intelligence that operates under the  
concept that a computer program can learn  

and adapt to data without the need for human 
intervention in the analytical process (Burkov, 
2019). Over the past 20 years, machine learn­
ing has become increasingly used in the area 
of prediction, including investing, advertising, 
lending, fraud detection (Burkov, 2019) and, 
for purposes of this research, criminal justice 
risk assessment (Berk et al., 2019). An effort 
was made to apply random forests, which is a 
commonly used supervised machine learning 
approach. The random forest model works by 
growing algorithms called multiple decision 
trees,14

14 The decision trees are basically algorithms used 
to classify data through a flowchart-type format. 
Each tree starts at a single point and then branches 
in two or more different directions, with each 
branch incorporating a variety of decisions until a 
final outcome is achieved (Hartshorn, 2016). 

 which are then merged together for a 
more accurate prediction (Hartshorn, 2016). 
Specifically, multiple uncorrelated models 
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(e.g., decision trees) are applied to generate 
predictions superior to what would occur if 
only one decision tree was applied. Applying 
the random forests method results in each 
tree giving a classification or vote, and the 
forests picks the average of all outputs or trees 
(Hartshorn, 2016). In the current research, 
a total of 75 variables extracted from PPSO’s 
case management system were used in the 
random forest models. The random forest 
models were configured to incorporate 1,400 
trees with a maximum depth of 40 branches. 

Results from the random forest models also 
failed to generate predictive indices that met 
the appropriate criminal justice risk assess­
ment benchmarks (AUC > .70). When applied 
to the testing data, the random forest models 
generated AUC scores in the mediocre range 
(AUC = .54) (data not shown). Moreover, the 
true positive rate, or the percentage of CSEM 
supervisees arrested for sexual offenses who 
were predicted by the model to garner a new 
arrest, was 54 percent. The remaining 46 
percent constituted false negatives, meaning 
that the model failed to accurately predict that 
these persons would be rearrested for sexual 
offenses. These suboptimal metrics of predic­
tion remained constant even when differing 
random forest applications, including gradient 
boosting and other machine learning applica­
tions, were applied. 

Discussion 
This article documents PPSO’s efforts to con­
struct a risk assessment tool specifically geared 
towards predicting sexual recidivism among 
CSEM supervisees. Initially, the endeavor 
attempted to gauge whether the CPORT could 
be used for CSEM prediction. One of the 
challenges in using the CPORT involved the 
problem of coding several elements, includ­
ing sexual interests in children and teenagers 
and preference for boys over girls, that are not 
readily extractable from PPSO’s case manage­
ment system. PPSO attempted to address 
this issue by employing MITRE, which used 
natural language processing for the purpose of 
text mining 126,000 PDF and scanned docu­
ments and, through this method, constructed 
a dataset composed of a modified version 
of the CPORT’s elements as well as several 
additional factors believed to be associated 
with sexual recidivism. The construction of a 
structured dataset from a myriad of unstruc­
tured files embedded within PSRs, polygraph 
reports, and psychosexual assessments repre­
sented a novel effort to use many of the text 
files generated by federal probation officers 

during the course of supervision and is sug­
gestive that many of the emerging data science 
techniques might be directed toward making 
PPSO’s unstructured data more useful for 
research purposes. 

Although MITRE was able to successfully 
transform unstructured files into structured 
data, regrettably this effort fell short of being 
able to construct and deploy a risk tool that 
could be used on CSEM supervisees. Overall, 
the modified version of the CPORT risk 
tool failed to adequately differentiate CSEM 
supervisees by their likelihood of sexual 
re-offending and produced AUC scores indic­
ative of mediocre prediction (AUC = .62). 
While an effort to apply a truncated version 
of the CPORT performed somewhat better, 
it still resulted in predictive metrics (AUC = 
.65) that did not approach those reported by 
the CPORT’s developers (AUC =. 78) (Seto & 
Eke, 2015). 

In light of these results, PPSO attempted to 
build its own CSEM risk tool that was based 
on a combination of MITRE-generated factors 
and elements obtained from the PCRA and 
FBI criminal history records. This approach 
performed somewhat better at distinguish­
ing a supervisee’s risk of sexual recidivism 
and produced AUC values approaching the 
acceptable range for the training data (AUC =. 
68), but there was some fall-off in prediction 
when moving to the testing data (AUC = .65). 
While PPSO’s efforts geared toward building a 
CSEM risk tool from a combination of factors 
was somewhat more favorable, this approach 
produced predictive indices that did not meet 
the standard benchmarks of many criminal 
justice risk assessment instruments (AUC 
> .70). Finally, PPSO attempted to employ 
machine learning techniques (i.e., random 
forests) in order to evaluate whether these 
approaches might assist with CSEM risk pre­
diction. In findings mirroring other analyses 
discussed in this report, the machine learning 
approach failed to provide an effective method 
for ascertaining a CSEM supervisee’s likeli­
hood of sexual recidivism. 

In general, these findings were disappoint­
ing, given the level of effort PPSO expended 
in attempting to use the CPORT or build 
its own risk tools for CSEM risk prediction. 
The results should not be taken, however, 
as a denigration of the CPORT, which has 
been shown to be predictive in several stud­
ies assessing this risk instrument (Eke et al., 
2019; Savoie et al., 2022; Seto & Eke, 2015). A 
variety of reasons could explain why the cur­
rent research failed to replicate prior efforts 

highlighting the CPORT’s predictive efficacy. 
First, MITRE’s use of text mining and natural 
language processing precluded the generation 
of CPORT factors in a manner similar to that 
used by Seto and Eke (2015). Specifically, Seto 
and Eke (2015) combed through the collec­
tions of CSEM supervisees to assess the extent 
to which these collections indicated prefer­
ences of boys over girls. Moreover, Seto and 
Eke (2015) recommended using the CASIC to 
gauge a CSEM supervisee’s sexual interests in 
children and teenagers. Unlike the approach 
taken by the CPORT’s developers, the limited 
information available on the types or charac­
teristics of the child pornography collections, 
the length of time engaged in child pornog­
raphy activity, or the extent to which CSEM 
supervisees volunteered in roles with high 
access to children precluded the CASIC from 
being used to gauge pedophilic or hebephilic 
interests or the child pornography collections 
from being employed to ascertain sexual 
interests in boys over girls. Ultimately, MITRE 
relied on admissions to officers, treatment 
providers, and polygraph administrators to 
address the CPORT items related to boy over 
girl preferences or sexual interests in children 
or teenagers, and this reliance on admissions 
could have resulted in a diminishment in the 
predictive efficacy of the CPORT tool. 

Other potential explanations for the study’s 
results include the lower base rates for sexual 
recidivism for the federal CSEM sample (4.5 
percent sexually recidivated) compared to 
study sample used by Seto and Eke (2015) to 
construct the CPORT (16 percent sexually 
recidivated). The low-risk skew of the federal 
CSEM population was also problematic. Over 
half the population had CPORT risk scores 
of 0 or 1, and about half received a score of 0 
using the risk tool constructed by PPSO. The 
fact that so many CSEM supervisees garner 
few if any points using the various risk tools 
employed in this study and that relatively 
few sexually recidivated produces various 
challenges when it comes to developing and 
deploying an effective risk tool. In addition to 
these issues, differences between the U.S. and 
Canadian CSEM populations and the typi­
cal degradation in effect sizes when moving 
from the development to validation samples 
could explain the study’s results (Copas, 1983; 
Soldino et al., 2021). Last, similar to other 
studies (see Soldino et al., 2021), the diver­
gence in data quality between the Seto and 
Eke’s (2015) CPORT development study and 
PPSO’s data collection efforts might also 
explicate these findings. Basically, text mining 
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126,000 PDF and scanned documents cannot 
approximate in quality the work conducted 
by the CPORT’s developers to manually code 
the instrument through a careful review of the 
case files. While text mining may have poten­
tial future applications in PPSO’s research, it 
is possible that some types of information are 
better obtained through manual (i.e., non-
machine) methods. 

Future Directions for CSEM Research 
While this initial attempt to develop a CSEM-
based risk tool failed to generate an instrument 
that officers could use to supervise this key 
subpopulation of sex offenders, the research 
suggests several directions for future risk 
assessment development. First, several factors 
embedded within PPSO’s risk tool (e.g., PCRA) 
were identified as being correlated with sexual 
recidivism for the CSEM population, includ­
ing social problems associated with drug 
use, negative attitudes towards supervision, 
institutional adjustment, presence of crimi­
nal thinking style indicating denial of harm, 
and an assessment for domestic violence. 
Moreover, the presence of prior criminal 
behavior and in particular an arrest history for 
sex offenses were associated with sexual recid­
ivism. At the very least, CSEM supervisees 
possessing one or more of these character­
istics should be subjected to higher levels of 
supervision intensity compared to their CSEM 
counterparts without any of these attributes. 
In addition to these factors, PPSO has begun 
collecting data that might prove valuable for 
future efforts aimed at CSEM prediction. The 
fields currently include prior arrests for any 
type of sexual assault or production of child 
pornography, stranger victimization during 
any type of violent or sex offense, sexual 
assault of an unrelated male under the age 
of 17, and presence of valid Static-99 scores. 
Moreover, officers are being asked to collect 
information on whether the CSEM supervisee 
admitted to any hands-on sexual behavior 
irrespective of any arrests associated with this 
conduct. Information about the number of 
victims associated with this behavior is also 
being collated. The endeavor currently under­
way to obtain information on admissions of 
contact sex behavior represents a first-time 
national level effort to measure the extent to 
which CSEM supervisees have a history of 
contacting sexual offending that did not result 
in an official arrest. Future research efforts 
conducted by PPSO will attempt to ascertain 
whether these newly collected risk factors in 
conjunction with factors already scored by the 

PCRA might be combined to generate a new 
risk tool centered on CSEM supervisees. 

Regarding the CPORT and CASIC, the 
viability of any future efforts aimed at using 
this risk tool depend upon the availability 
of information that is currently not being 
systematically collected during the supervi­
sion terms for persons convicted of CSEM 
offenses. Specifically, greater resources would 
be required at the sentencing stage to obtain 
information on the details of the child por­
nography collections gathered by CSEM 
supervisees. This information could then be 
used to address the CPORT and CASIC ques­
tions pertaining to the nature of the child 
pornography collections. Additionally, more 
methodical approaches would be required to 
address CASIC questions about volunteer­
ing in a role with high access to children 
and engaging in online sexual communica­
tions with minors. Purposefully attempting to 
extract the CASIC elements would enhance 
the feasibility of accurately addressing the 
CPORT question concerning sexual interests 
in children and teenagers. PPSO is exploring 
the viability of making changes to its case 
management system in order more uniformly 
and comprehensively to obtain data measur­
ing the CPORT and CASIC elements. 

Last, relying on FBI criminal history files 
to track the sexual recidivism behavior of 
CSEM supervisees has serious limitations. 
Essentially, the literature shows more than 
half of persons convicted of CSEM offenses 
engaging in contact sex behavior that never 
resulted in an actual arrest via admissions 
(Seto et al., 2011). Given the potential of many 
CSEM supervisees to engage in behavior that 
remains unknown to law enforcement offi­
cials, it might be advisable to move away from 
relying on official criminal history records 
and instead use polygraphs to track any self-
reported behavior involving new sex crimes 
committed while on federal supervision. The 
practicability of using self-reporting meth­
ods should be more fully explored by federal 
probation. 

Conclusion 
This report sought to document PPSO’s efforts 
to develop an actuarial tool that could be used 
to gauge the risk of sexual recidivism for 
persons convicted of CSEM offenses placed 
on federal supervision. The report delved 
into PPSO’s attempts to employ the CPORT, 
including an explication of the challenges 
inherent in extracting the CPORT data ele­
ments and the efforts to overcome these 

challenges by contracting the data collection 
process to MITRE. While MITRE was able 
to successfully extract the CPORT factors 
for nearly 5,800 CSEM supervisees using 
text mining and natural language extraction 
methods, the instrument produced through 
this process failed to generate predictive indi­
ces similar to those reported by its developers 
(Eke et al., 2019; Seto & Eke, 2015). Given 
these findings, PPSO then detailed its efforts 
to construct its own in-house CSEM risk tool 
using various elements from the CPORT, 
PCRA, assessment fields, and criminal history 
files as well as applying machine learning to 
CSEM risk prediction. These in-house efforts, 
while somewhat successful, ultimately fell 
short of PPSO’s goal of constructing a risk 
tool that could effectively differentiate CSEM 
supervisees by their levels of risk. In light 
of these findings, at this time PPSO cannot 
recommend using an actuarial tool outside 
the PCRA and policy guidelines related to 
supervising CSEM supervisees. PPSO will 
continue to engage in the problem of CSEM 
risk prediction, with particular emphasis on 
assessing whether some of the new risk fac­
tors currently being collected by officers can 
be combined with the PCRA elements to con­
struct a risk tool that officers could apply to 
CSEM supervisees. Finally, PPSO will explore 
the feasibility of more uniformly and system­
atically collecting information that can be 
used to re-examine the CPORT’s predictive 
effectiveness. We hope that these approaches 
will result in a risk tool that officers can use 
to effectively and judiciously supervise per­
sons convicted of CSEM offenses on federal 
supervision. 
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THE TERM BURNOUT has become ubiq­
uitous, used freely to describe an assortment 
of conditions or presentations. Yet a point 
of agreement among its various uses is that 
it refers to a negative physical and/or emo­
tional state marked by exhaustion. This is an 
exhaustion that is beyond fatigue and will not 
be cured by a good night’s sleep. An exhaus­
tion that can be bone-crushing, leaving the 
sufferer weary, depleted, and feeling alone. 
This sense of exhaustion is also noted in the 
burnout professional literature. In the models 
of burnout put forward by the principal theo­
rists in the field (Maslach & Leiter, 1997, 2005; 
Demerouti & Bakker, 2007; Demerouti et al., 
2002), exhaustion is the first factor noted in 
both burnout models. Both groups agree that 
it is an exhaustion brought on by intense cog­
nitive, emotional, and physical job demands. 

Maslach and Leiter (2021) describe two 
other burnout factors: 1) cynicism and a 
depersonalization or mental distancing from 
one’s job and 2) reduced professional efficacy. 
Demerouti and Bakker have the additional 
factor of disengagement in their model of 
burnout, stating that they do not include a 
professional efficacy dimension as they view 
that as an outcome of burnout rather than 
a “core dimension” (Demerouti & Bakker, 
2007). 

For our work we have adopted the model 
of burnout put forward by Demerouti and 
Bakker for two reasons: 

1.	 It can be measured by the Oldenburg 
Burnout Inventory, which is open 
access, and we were able to administer 

it to federal probation and pretrial ser­
vices officers. 

2.	 It is linked to their Jobs Demands-
Resources theory, which we have 
modified as a component in a model 
for a district level burnout intervention. 

Stress, Trauma Exposure, 
and Burnout 
The impact of stress on health has long 
been recognized, being linked to a range of 
physiological and psychological states. Stress, 
particularly acute stress, sets off a strong 
hormonal response, which is a normal part of 
a stress adaptation. This activation typically 
“causes secretion of glucocorticoids, which 
act on multiple organ systems to redirect 
energy resources to meet real or anticipated 
demand” (Herman et al., 2016, p. 1). While 
such a stress reaction is adaptive when one has 
to gear up for an immediate response, such as 
fight or flight, it is maladaptive to have one’s 
body frequently bathed in such hormones. 
Allostatic load is the term used to describe the 
cumulative stress we may experience. Arline 
Geronimus describes the effects of constant 
or repeated exposure to stress, including the 
stresses of poverty and racism, as leading to a 
premature aging or “weathering” of one’s body 
(Geronimus et al., 2006). 

It should also be remembered that our 
brains are a type of tissue, and Agnese Mariotti 
points out that “chronic stress is linked to 
macroscopic changes in certain brain areas, 
consisting of volume variations and physi­
cal modifications of neuronal networks” 

(Mariotti, 2015, p. 2). Some stress is adaptive 
and helps us respond to threats or challenges 
we encounter, but as the 16th century physi­
cian Paracelsus explained—anything in excess 
is poison—and that is most assuredly true for 
stress. 

As noted, the job of a federal probation 
and pretrial services officer as well as other 
frontline law enforcement officers is critical 
and by its nature exposes one to stress. Figley, 
who has researched the impact of stress on 
health care providers, identified “compassion 
fatigue” as an outcome of cumulative stress 
and described it as “the cost of caring” (Figley, 
1995). For probation and pretrial services 
officers to be effective in their positions, they 
must pay the price of caring. The capacity for 
empathy allows one to connect with another in 
a human manner, to place oneself in the shoes 
of another. Yet this can also be a two-edged 
sword if one does not have good boundaries 
or good supervision. One’s empathic capacity 
can be a contributor to or down payment on 
that cost of caring, leading to the exhaustion 
and disengagement of burnout. 

Figley speculated that the exhaustion and 
disengagement one experiences in stressful 
professions may be protective coping mecha­
nisms to help manage the emotional costs of 
working in such difficult situations. He called 
this “compassion fatigue.” For example, an 
officer completing a presentence report on an 
individual charged with child pornography 
or sexual assault may have to view some of 
the evidence in the case, including videos of 
children being raped. It is not hard to imagine 
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how much tension viewing such material 
would create. A natural response would be for 
the officer to disengage or disassociate from 
the activity as a type of protective mechanism, 
or to simply become exhausted by the process. 
Additionally, viewing such material may trig­
ger an understandably angry response in the 
officer, flooding the officer’s body with the 
stress hormones mentioned above. 

None of us live in a safe, frictionless
world. Trauma exposure affects almost all of  
us. The Adverse Childhood Events (ACES)
population study showed 61 percent of the 
U.S. population experiences an ACES, such as  
experiencing or witnessing abuse or neglect or  
having a close relative commit suicide (CDC,  
2021) and the World Health Organization
reported the general trauma exposure rate
at over 70 percent (Kessler et al., 2017). The  
majority of us have some trauma exposure
in our lives, and when one works in law
enforcement there is an overlay of unavoid
able trauma exposures. These exposures are  
unavoidable because they are part of the job.  
In a way they are exposures each person who  
entered the field signed up for when they took  
the job, likely without fully knowing their
severity at the time. They are the unavoidable  
frictions of the profession, and at times the  
heat caused by such frictions may ignite. 

  

  
 

  
  

  
  

  

­

A variety of terms have been used, fre­
quently interchangeably, to describe the 
impact of being exposed to trauma through 
work. These terms generally include sec­
ondary trauma, vicarious trauma, and 
post-traumatic stress disorder (PTSD). An 
additional term not seen in the work stress 
or work trauma exposure literature, which 
we nonetheless consider important, is com­
plex post-traumatic stress disorder (C-PTSD), 
which refers to multiple trauma exposures. 
While often used interchangeably, these terms 
represent distinct psychological phenomena, 
and we propose they fall into two distinct 
exposure groupings: Indirect trauma exposure 
(secondary trauma & vicarious trauma) and 
direct trauma exposure (PTSD & C-PTSD). 

Secondary trauma and vicarious trauma 
are considered indirect exposures because 
they entail being exposed to a traumatic 
event via the experience of another, where 
the professional develops similar symptoms 
to the clients. Most descriptions of second­
ary trauma stress the professional mirroring 
the client’s PTSD symptoms, while vicarious 
trauma literature often notes enduring changes 
in the professional’s cognitive or affective state. 
The descriptions of secondary trauma and 

vicarious trauma strongly overlap, which is 
why many view the differences as semantic 
rather than actual. 

PTSD and C-PTSD result from direct 
trauma exposure where one is exposed to 
potentially traumatic events either once or 
repeatedly through one’s work. As mentioned 
earlier, if a probation officer is preparing a 
presentencing report on an individual who 
sexually assaulted a child, the officer may 
be required to view the evidence against the 
offender. Hearing a person describe being 
raped as a child is vastly different from view­
ing a ten-minute video of a child being raped 
or viewing two or ten or twenty such videos. 
Similarly, for a police officer to hear from 
another officer at shift change about a fatal 
accident they responded to is vastly differ­
ent from that officer responding to a fatal 
accident. 

The fatigue related to the indirect or direct 
trauma exposure related to work is gradual, as 
is the more enduring burnout resultant from 
those same exposures. It is the very gradual­
ness of this progression which makes it so 
easy to miss for both supervisors and the offi­
cers themselves. We have all used the phrase 
describing someone as “a bit crisp around the 
edges.” Unbeknownst even to ourselves, we 
are making an informal assessment of that 
colleague’s burnout risk. It is an assessment 
generally made in jest, yet it is exceedingly, 
even deadly, serious, with law enforcement 
officers being 54 percent more likely to die 
of suicide than those in other professions 
(Voilanti & Steege, 2021). 

The model of burnout we use in our work is 
based on the research of Demerouti et al. This 
model identifies two components to burnout: 
Exhaustion and Disengagement. They state, 
“Each burnout dimension is differentially 
related to specific short-term consequences 
of strain: Exhaustion is primarily related to 
mental fatigue, whereas disengagement is pri­
marily related to satiation and the experience 
of monotony” (Demerouti et al., 2002, p. 423). 
Importantly, they identify four factors that are 
antecedents or precursors to burnout. These 
factors are: 

1.	 Mental Fatigue: “The impairment of 
mental and physical functional effi­
ciency, depending on the intensity, 
duration, and temporal pattern of the 
preceding strain.” This impairment can 
eventually lead to poor performance, 
loss of concentration, and exhaustion. 

2.	 Monotony: “A state of reduced activa­
tion (within the individual) which may 

occur during repetitive task perfor­
mance with a narrow field of attention 
under monotonous job conditions.” 
Monotony can disappear with a change 
of activity. 

3.	 Satiation: “A state of nervously unset­
tled, strongly emotional rejection of 
a (structurally) repetitive task or situ­
ation in which the experience is of 
‘marking time’ or ‘not getting any­
where.’” Like monotony, satiation can 
disappear with a change of activity. 

4.	 Stress Sensations: These are “complex 
psycho-physiological reactions to 
unacceptable, conflicting, or especially 
threatening demands that may result 
from a perceived over- or under-load 
(e.g., time pressure), causing frustra­
tion of personal goals and aversive 
consequences.” Long stress sensation 
can lead to “chronic stress sensations, 
exhaustion, shifts of the aspiration 
level, and finally to health impair­
ments” (Demerouti et. al., 2002, p. 
425). 

These antecedents to burnout can be seen 
in any profession, from a law enforcement 
officer to a factory worker. As with any pre­
cursor to illness, an ounce of prevention is 
worth a pound of cure. These potential burn­
out precursors provide us with a partial road 
map to the issues that should be addressed 
in a burnout prevention plan, which will be 
discussed later in this paper. 

Burnout Risk Among 
Federal Probation and 
Pretrial Services Officers 
The Oldenburg Burnout Inventory (OLBI) is 
a sixteen-item questionnaire that examines 
the two-factor model of burnout (Demerouti 
& Bakker, 2007). Each item on the scale is 
composed of a statement that subjects respond 
to on a four-point scale (strongly agree, agree, 
disagree, and strongly disagree). Responses to 
eight statements form a disengagement sub­
scale, and the other eight form an exhaustion 
subscale. The results of all sixteen items taken 
together form a full burnout scale. An exam­
ple of a disengagement item is: “Lately, I tend 
to think less at work and do my job almost 
mechanically.” An example of an exhaustion 
item is “During my work, I often feel emotion­
ally drained” (MDApp, 2020). 

In addition to the burnout scales, some 
OLBI items consider a person’s degree of 
positive work engagement, which Schaufeli 
and Bakker view as the antithesis of burnout: 
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“burnout and engagement are considered each 
other’s opposites, particularly as far as exhaus­
tion and vigor, and cynicism and dedication 
are concerned” (Schaufeli & Bakker, 2004, p. 
296). Items that tie into a subject’s positive 
engagement in work include: “I find my work 
to be a positive challenge” and “When I work, 
I usually feel energized” (MDApp, 2020). 

As part of two Federal Judicial Center 
trainings the authors presented on developing 
a trauma-informed wellness program for U.S. 
probation and pretrial officers in 2021, partici­
pants were asked to complete the OLBI at the 
conclusion of the training. Participants came 
from federal probation and pretrial districts 
throughout the country, and no identifying 
information was asked except whether the 
person was an officer or a supervisor. Eighty-
nine staff persons completed the inventory, 
including 48 officers and 41 supervisors. On 
the OLBI, a score below 1.63 represents low 
burnout risk, 1.64 to 2.67 represents moderate 
risk, and above 2.68 represents high burnout 
risk. Table 1 shows the OLBI scores for officers 
and supervisors. 

TABLE 1 
Oldenburg Burnout Inventory Scores 

Officers Supervisors 

Full Scale 2.52 2.45 

Exhaustion 2.59 2.53 

Disengagement 2.45 2.38 

The Oldenburg scores clearly show both 
officers and supervisors scoring at the upper 
end of the moderate burnout risk area. Yet 
even more striking was the response pattern 
on individual items. On the Exhaustion Scale, 
a strong majority of officers (87 percent) and 
supervisors (83 percent) agreed or strongly 
agreed with the following statement, “Over 
time one can become disconnected from this 
type of work.” Additionally, 58 percent of offi­
cers and 61 percent of supervisors agreed or 
strongly agreed with, “After my work, I usually 
feel worn out and weary.” The respondents 
almost universally agreed that the responsi­
bilities of an officer can take a toll, that they 
may be subject to that toll to some degree, and 
that some already feel the price. Yet equally 
striking was how positively engaged most 
were in their work, with 85 percent of officers 
and 75 percent of supervisors agreeing with “I 
can tolerate the pressure of my work very well,” 
and 81 percent of officers and 83 percent of 
supervisors agreeing with “Usually, I can man­
age the amount of my work well.” 

The results on the Disengagement 
Scale were equally striking. A majority of 
respondents acknowledged some degree of 
disengagement, with 54 percent of officers 
and 44 percent of supervisors agreeing with 
the statement “It happens more and more often 
that I talk about my work in a negative way,” 
and 44 percent of officers and 59 percent of 
supervisors agreeing with the statement “I 
feel more and more engaged in my work.” Yet, 
while acknowledging how one can become 
disengaged from the work of a federal proba­
tion and pretrial services officer, 72 percent of 
officers and 95 percent of supervisors agreed 
that “I find my work a positive challenge,” and 
only 28 percent of officers and 44 percent of 
supervisors agreed with the statement, “Lately, 
I tend to think less at work and do my job 
almost mechanically.” 

The overall scores of federal probation 

and pretrial services officers show a group of 
individuals in a high-risk job that can take a 
toll on them both physically and mentally. 
Nonetheless, the vast majority of officers are 
highly committed to their positions and find 
their work a positive challenge in which they 
can take pride. Still, it must be remembered 
that all things distribute normally; while the 
majority of officers appear to do well in their 
positions from a burnout perspective, a size-
able minority, likely in the 10 percent range, 
are struggling to some degree. It should also 
be remembered that while the majority appear 
to be doing well, all remain at risk due to the 
stresses of the job and all can benefit from a 
work environment that actively tries to pre­
vent burnout. 
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The Job Responsibilities-
Resources Model 
Nearly all jobs have performance expecta­
tions for employees, and hopefully there are 
also resources available to help the employees 
meet those expectations. Expectations and 
resources are in a delicate balance that is not 
always in synch—at times the demands may 
be too high and the resources too low or vice 
versa. 

The Job Demands–Resources (JD-R) 
model suggests that all professions have 
demands that can become risk factors, lead­
ing to job stress or strain, as well as resources 
that can become protective factors, mitigat­
ing against such stress. Job demands may be 
broadly viewed as “The physical, psychologi­
cal, social, and organizational aspects of a job 
that requires sustained physical, cognitive, 

and emotional effort and skill” (Bakker & 
Demerouti, 2007, p. 312). Job resources are 
those “physical, psychological, social and orga­
nizational aspects of the job that are either/or: 
functional in achieving work goals; reduce 
job demands and the associated physiological 
and psychological costs; stimulate personal 
growth, learning, and development” (Bakker 
& Demerouti, 2007, p. 312). Demands can be 
viewed as a positive challenge or a negative 
hindrance. Resources should help one meet 
demands, thus lowering the potentially toxic 
effects of demands. 

Generally, when people accept a job, they 
also agree to a job description that outlines 
their responsibilities. By willingly accept­
ing that job, the person also accepts all of 
its related responsibilities. As a result, the 
onus of fulfilling those responsibilities falls 

upon the employee, with the employer having 
the responsibility of providing the resources 
required in order for the employee to be suc­
cessful in fulfilling those duties. Therefore, we 
have modified the Job Demands-Resources 
(JD-R) model to the Job Responsibilities-
Resources (JR-R) model. We view this as 
giving the employee greater personal agency 
as one who is fulfilling responsibilities, not 
meeting demands. It is akin to those who 
have experienced significant trauma viewing 
themselves as survivors rather than as victims 
of trauma. Additionally, we believe this model 
places the employer and employee on a more 
equal footing, with shared responsibilities and 
accountability. 

The JR-R model does not reduce the risk 
of stress on a job and potential burnout. 
Responsibilities with inadequate resources 
remain a recipe for disaster: a type of unfunded 
mandate that an employee may never be able 
to get out from under and the weight of which 
may eventually be crushing. 

Developing a Burnout 
Prevention Plan 
The two-factor model of burnout identi­
fies exhaustion and disengagement as the 
dominant features in burnout. This model 
identifies four precursors to burnout: mental 
fatigue, monotony, satiation, and stress sensa­
tions. Unsurprisingly, research has indicated a 
strong correlation of exhaustion with mental 
fatigue and stress sensations, and disengage­
ment with satiation, monotony and stress 
sensations, although all four burnout anteced­
ents contribute to each factor. Figure 1 (next 
page) shows the relationship of the two burn­
out factors to the four burnout antecedents 
(Demerouti et al., 2002). 

Understanding the relationship of the four 
antecedents to burnout is important, as it 
provides a partial blueprint for the areas that 
should be addressed in a burnout prevention 
plan. The remaining elements of that blueprint 
are provided by examining those job resources 
that mitigate the negative impacts of the 
four burnout antecedents, specifically social 
support, autonomy, a positive supervisory 
relationship, and constructive performance 
feedback (Bakker et al., 2005). It is our experi­
ence that a clear and shared mission among all 
staff, officers and supervisors is an additional 
stress-mitigating factor for those in the law 
enforcement field. 

Bakker et al. have noted that autonomy is 
the protective factor that most fully buffers job 
demands and “The level of exhaustion and of 
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cynicism was elevated particularly when job 
demands (work overload, emotional demands, 
unfavorable work conditions, and work-home 
interference) were high and job resources 
(autonomy, social support, high quality rela­
tionship with the supervisor, and performance 
feedback) were lacking” (Bakker et al., 2005, p. 
176). While Bakker et al. refer to job demands, 
we prefer to focus on job responsibilities, see­
ing all the job demands mentioned above, 
except for work-home interference, as related 
to the employee’s job responsibilities and fac­
tors the employee should have some ability to 
address within a healthy work environment. 
The employee should also be able to address 
work-home interference, but we consider that 
a factor that may be addressed as part of a 
personal wellness program. 

At times wellness programming can be 
seen as a way to promote a healthy workplace 
environment and reduce the risk of burnout. 
While we agree with this, we view most well­
ness programs as highly individually based 
and often containing only one factor directly 
related to one’s work (occupation) and up to 
seven factors not related to one’s work envi­
ronment (e.g., finances, environment, social, 
etc.). We believe positive wellness should be 
promoted as a complement to a workplace 
burnout prevention plan. 

We will outline the five steps we consider 
critical to developing a burnout prevention 
plan for a federal probation and pretrial 
district based on the two-factor model of 
burnout. We recommend consultation be used 

to implement this plan. 
● Step 1: The first step is a full department

training (officers, supervisors, & support
staff) on the stresses inherent in their jobs.
This training would look at the responsi­
bilities of all staff, skills or competencies
required to perform the various jobs, types
of trauma and stress that one encounters in 
their role, an understanding of direct and
indirect trauma exposure, ways of manag­
ing stress related to such exposure, and an
understanding of how the workplace can
be affected. At the conclusion of the train­
ing, the group will be asked to complete the 
Oldenburg Burnout Inventory.

● Step 2: The second step is a training with
the same group. The two-factor model of
burnout is presented with a discussion of
the OLBI results for the group. The mission 
of the district and the responsibilities of all
staff are discussed. The four antecedents
that contribute to burnout are discussed,
as are the four mitigating factors and the
importance of a clear mission. The group
considers and lists resources they believe
can be implemented to reduce stress related 
to the four burnout precursors.

● Step 3: The third step is a meeting with
supervisory staff to evaluate which
resources could be enhanced to reduce
the burnout risk for staff, allowing them to
fulfill their responsibilities most effectively.

● Step 4: The fourth step is for a burnout pre­
vention plan to be presented to the full staff 
based on the feedback from support staff,

officers, and supervisors. Modifications 
to existing protocols are discussed (e.g., 
a possible change in the on-call schedule, 
caseload expectations). 

● Step 5: The final step calls for a quarterly 
meeting with supervisors and officers to 
review how the burnout plan is being 
implemented. An annual on-site review 
meeting with the full staff is recommended. 
The process outlined above is designed

to be both informative and inclusive. For 
it to be successful, there must be a com­
mon understanding among all staff of the 
stresses of the job, the responsibilities and 
expectations for both officers and supervi­
sors, and the resources available to fulfill such 
responsibilities. 
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FIGURE 1. 

Standardization solution of the model of short-term effects of strain and burnout for human 
service professionals (N = 149) and production workers (N = 145; in italics). All parameters, 
except those marked with an asterisk (*), are significant at the p < .05 level. 

Conclusion 
Federal probation and pretrial services officers 
and others in law enforcement serve in critical 
occupations designed to support the welfare 
and betterment of the wider community. 
They also serve in occupations where they are 
exposed to traumatic material that is unavoid­
able, as it is a function of their jobs. It is not a 
situation where what does not break you makes 
you stronger. None of us are immune to the 
impacts of traumatic exposures, and cumula­
tive exposures only intensify the effects; they 
do not mitigate them. It is normal to want to 
reduce the stress of such exposures, and this 
can be done in a positive manner by talking 
with friends and colleagues, focusing on the 
positives of the job and the successes, good 
supervision, or healthy humor. But it can also 
be done in unhealthy manners such as by 
excessive substance use, aggressive behavior, 
cynicism, or dark humor. 

Those who have entered the fields men
tioned above have voluntarily assumed the  
responsibilities inherent in their jobs, yet  
they also deserve the resources required to  
do their job and to not become physically  
or psychologically damaged in the process.  
Burnout is a term referring to the exhaustion  
and disengagement individuals may develop  
over time due to the stresses of certain jobs.  
While this burnout for many may be a protec
tive mechanism to dampen the impact of the  
traumas to which one is exposed, it is not a  
healthy coping mechanism. In law enforce
ment, it is the responsibility of the supervising  
agencies for whom officers work and for the  
entire communities whom they serve and  
protect to develop interventions and resources  
that lessen the impact of those factors known  
to contribute to burnout. This paper outlines a  
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burnout protection plan for federal probation 
and pretrial services officers, but it can also be 
adapted for other law enforcement or court­
house occupations that tend to be high stress. 
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Self-directed Workbooks: Evaluating 
Their Efficacy in a U.S. Probation 
Setting 
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NOTWITHSTANDING1
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613-520-2600, ext. 1557, ralph.serin@carleton.ca

 A SLIGHT 
decrease of .9 percent in the adult population 
of parolees or probationers in 2019, accord­
ing to the Bureau of Justice Statistics, there 
remain just under 4.4 million adults under 
community supervision in the 50 states and 
Washington, D.C. (Oudekerk & Kaeble, 2021). 
Presented differently, this represents that 1 
in 59 adults in the U.S. report to probation 
or parole officers and must abide by certain 
supervision conditions to avoid incarceration. 
Probation is over-represented, accounting for 
about 80 percent of those under community 
supervision, compared to parolees, who rep­
resent the remaining 20 percent. 

The supervision of clients within the com­
munity after sentencing has been shown to 
be significantly less costly than incarcera­
tion, with incarceration costing eight times 
more (i.e., $34,770 annually per incarcerated 
individual on average versus $4,392 per com­
munity supervised individual; U.S. Courts, 
2017). Given the proportion of individuals 
under community supervision, as well as 
the difference in cost when compared to 
incarceration, the continual improvement of 
community interventions to promote proso­
cial behavior change should continue to be 
a major focus for correctional agencies and 
policymakers. Based on these numbers, even 
a minimal increase in the effectiveness of both 
case management techniques and interven­
tion strategies will produce significant cost 

savings for correctional agencies, enhancing 
decarceration efforts. 

  
  
  
  

Over the last few decades, considerable 
research has provided a theoretical perspec­
tive to understanding criminal behavior, as 
well as a set of principles that intend to 
guide the management and treatment of cor­
rectional clients (Bonta & Andrews, 2017), 
including those under community super­
vision (e.g., Bourgon & Gutierrez, 2012). 
Importantly, it seems that the transition into 
a criminal lifestyle and the transition out of 
such a lifestyle are quite different processes 
(e.g., Serin, Lloyd, & Hanby, 2010). While cur­
rent interventions are successful at reducing 
the risk of recidivism (Chadwick et al., 2015; 
Robinson et al., 2012), there is considerable 
room for improvement when it comes to 
understanding what motivates an individual 
to change behavior (i.e., lead a prosocial life), 
as well as the interventions that agencies can 
provide to assist in this process. 

Beyond cost savings from decarceration, 
both ideology and research have led to an 
evolution in community supervision practice. 
In terms of philosophy, over the past decade, 
supervision practices have evolved to a greater 
emphasis on officers being change agents 
(Bourgon et al., 2011) or coaches (Lovins 
et al., 2018), balancing the more traditional 
role of surveillance (Viglione et al., 2017). 
Against this backdrop, the recent COVID-19 
pandemic has significantly changed com­
munity supervision client contact, suggesting 
self-directed workbooks may have appeal 
in supporting and facilitating change-related 
work by officers. Of note, previous research 
has suggested journaling is an effective 

intervention to target general recidivism 
among incarcerated individuals (e.g., Proctor 
et al., 2012). The present paper describes the 
findings from a small random assignment 
pilot study in a U.S. probation site comparing 
client outcomes when officers did and did not 
use self-directed workbooks. 

Evidence-Based 
Practice and Policy 
EBP is the notion that policy and prac
tice (i.e., including decision-making) should  
align with current empirical research in order  
to best achieve the desired outcomes and  
to make the most efficient use of financial  
resources (Taxman, 2012). Specific interven
tion skills are encompassed in the concepts  
of EBPs, often referred to as core correctional  
practices (CCPs) in community corrections  
(Dowden & Andrews, 2004). Briefly, models  
of community supervision that adhere to evi
dence-based practices attempt to move away  
from surveillance-based and brokerage of ser
vices activities toward a model where officers  
serve as an active participant in the delivery  
of rehabilitative services. This emphasis on  
officer involvement in rehabilitative work has  
often been referred to as being a change agent  
(Bourgon et al., 2011) or coach (Lovins et al.,  
2018). 

­

­

­

­

Encouragingly, evidence-based supervi
sion is associated with reductions in recidivism  
compared to the status quo training that is pro
vided to community supervision officers (e.g.,  
Robinson et al., 2012). A recent meta-analysis  
of training programs aimed at enhancing the  
use of evidence-based practices in community  
supervision found that clients supervised by  

­

­
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officers trained in Core Correctional Practice 
demonstrated an approximately 13 percent 
reduction in recidivism, compared to clients 
supervised by officers who did not receive the 
supplemental training (Chadwick et al., 2015). 
Unsurprisingly, such research and changing 
philosophy about community corrections has 
led to increased interest in the development 
of standardized training curricula for com­
munity supervision. 

Successful Reintegration 
When individuals under community supervi­
sion fail to abide by the conditions assigned by 
the courts or parole boards, they are at risk of 
being returned to jail or prison. These returns 
to jail, or unsuccessful exits, are significant 
drivers of incarceration (Oudekerk & Kaeble, 
2021). For probationers, about 16 percent of the 
unsuccessful exits resulted in reincarceration, 
and 10 percent were otherwise unsatisfactory. 
For parolees, 29 percent returned to incarcera­
tion (Oudekerk & Kaeble, 2021). The Council 
of State Governments (CSG) similarly high­
lighted the impact of supervision violation 
behavior on prison admissions, noting that 
on any given day there are 280,000 people 
in prison because of a supervision violation, 
which is nearly 1 in 4 (CSG, 2019). In addi­
tion, estimates indicate that approximately 48 
percent of probation violations and 64 percent 
of parole violations are for technical reasons 
(e.g., breach of conditions and not necessarily 
new criminal behavior on its own), amounting 
to costs of $2.8 billion to the criminal justice 
system (CSG, 2019). 

The high number of individuals that fail to 
complete their community supervision (i.e., 
commit a new offense or incur a technical 
violation) is of concern, as it results in many 
new crimes being committed, increased vic­
timization rates, and an increase in spending 
through court costs and incarceration costs. 
This situation suggests that there is room for 
improvement regarding the efficacy of current 
supervision practice. One potential option 
is to use interactive journals in the reentry 
process, as they have demonstrated their effec­
tiveness with incarcerated individuals (e.g., 
Proctor et al., 2012). 

Influencing Client Change 
Interventions that align with the RNR prin­
ciples have continually been demonstrated 
to significantly reduce recidivism (e.g., Bonta 
& Andrews, 2017; Lowenkamp et al., 2006; 
refer to Smith et al., 2009, for a systematic 
review). Criminogenic needs (Andrews & 

Bonta, 2017) have been widely accepted to be 
key targets whereby attenuation of these needs 
improves client outcomes and would therefore 
seem to be important topics to be included in 
client workbooks. In addition, staff ’s ability 
to build strong working relationships with 
clients (Ross et al., 2008) and high fidelity of 
the intervention (Andrews & Dowden, 2004; 
Lowenkamp et al., 2006) are also important to 
influence client change. 

While many structured group-based pro­
grams are didactic or psychoeducational, 
strategies such as self-directed journaling 
and experiential disclosure have been used 
to influence client change across a variety 
of settings and for different client concerns 
(Frattaroli, 2006, Proctor et al., 2012, Richards 
et al., 2000). Of these two strategies, the expe­
riential disclosure is much more unstructured 
than self-directed journaling. A structured 
and experiential writing process known 
as Interactive Journaling®, based on the 
Transtheoretical Model, cognitive behavioral 
therapy, and motivational interviewing prin­
ciples, aims to reduce substance abuse and 
substance-related behaviors (e.g., recidivism) 
by motivating and guiding individuals towards 
positive life change. Interactive Journaling® is 
also included in SAMHSA’s National Registry 
of Evidence-based Programs and Practices 
(SAMHSA, 2014). Research has indicated that 
Interactive Journaling® with incarcerated indi­
viduals may be successful at reducing criminal 
thinking (Folk et al., 2016), substance use 
(Scheck et al., 2013), and recidivism (Proctor 
et al., 2012), as well as receiving positive 
feedback from participants (e.g., Scheck et al., 
2013). Structured journaling has been used 
as both a self-administered resource or as a 
complement to individual or group counsel-
ling (Davidson et al., 2008). It is against this 
background that we developed self-directed 
workbooks, wanting to create materials that 
had structured content regarding crimi­
nogenic needs and that required clients to 
complete written work, optimally prompting 
greater self-awareness. 

This project consisted of developing and 
piloting 5 self-directed workbooks for use 
by probation officers. The primary research 
goal was to examine their effectiveness at 
reducing recidivism and technical violations. 
The workbooks were designed for use with 
lower risk clients, consistent with the Risk 
and Need principles (Andrews & Bonta, 
2017) or as preparation for higher risk clients 
to participate in formal intervention. The 
hypothesis was that clients who participate in 

self-directed, criminogenically relevant efforts 
would have lower rates of community supervi­
sion failure. 

Methods 
Participants 
For the purpose of the current study, a sample 
of 32 probation clients from a probation site 
in Texas was recruited in person between 
January 2017 and April 2017. Participants 
were low-moderate risk probationers who 
had previously been assessed using the Texas 
Risk Assessment System (Criminal Justice 
Connections, 2015), which combines and 
interprets an individual’s criminal history 
and criminogenic needs to create the most 
effective case management plan. As such, 
this is a conservative test of the efficacy of 
self-directed workbooks. Each participant was 
randomly assigned to either the control (i.e., 
current probation practices only) or experi­
mental group (i.e., self-directed workbooks 
alongside current probation practices). 

Of the final sample (n = 32), seven identi­
fied as female and the remaining 25 identified 
as male. The participants’ ages ranged from 
22 to 59 (M = 36.97, SD = 10.15). The sample 
comprised approximately 84 percent who 
identified as Caucasian (n = 27), while the 
other 16 percent (n = 5) identified as other. As 
well, 52 percent (17) of the sample identified 
their ethnicity as Hispanic. Approximately 68 
percent of participants indicated that they had 
a grade twelve education or less (M = 12.50 
years), and 59 percent had a previous offense 
that was a felony. 

(See Table 1, next page) 

Measures 
Intervention. A set of five self-directed work­
books (i.e., clients complete the exercises 
within each workbook at their own pace 
and with little staff contact) that make up 
the Client Handbook Series was used as the 
intervention in the current study. The work­
books were based on criminogenic needs 
identified through previous research (e.g., 
Bonta & Andrews, 2017), and each workbook 
targets a different factor (e.g., motivation, 
anger, criminal peers, criminal attitudes, and 
substance abuse) essential to managing crimi­
nal behavior. These workbooks are designed 
to assist clients in reflecting on the different 
choices and thought processes that have led 
them to their involvement in the criminal jus­
tice system. Clients are to work through them 
at their own pace. The goal of the workbooks 
is to provide alternative, more prosocial ways 
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of thinking and behaving in a variety of situ­
ations specific to the individual that result in 
successful community reintegration (i.e., the 
individual desists from crime). Workbooks 
present information and then provide reflec­
tive opportunities for the client to apply this 
information to the client’s situation as a writ­
ten exercise. The format is introduction, key 
issues, examples and worksheets, summary. 

The workbooks were developed according 
to the Flesch-Kincaid scale, so that individuals 
with lower level reading skills would be able to 
complete them (see Table 2). Scores computed 
by this formula range from 0 to 100, where 
higher scores indicate reading material that 
is easier to read. Workbooks vary slightly in 

length (Motivation – 15 pages; Anger – 12 
pages; Criminal Attitudes – 8 pages; Peer 
Relationships – 11 pages; Substance Abuse – 
12 pages). 

Within each workbook, the content is 
organized hierarchically from basic to more 
advanced. More specifically, the first few 
pages of the workbooks help the clients learn 
the core concepts and reflect on the choices 
and behaviors that have led to their current 
situation. In the next set of pages, the clients 
apply the core concepts to their specific life 
situations through a variety of activities (e.g., 
“make a list of three factors that hold the high­
est risk for you” or “what are your reasons 
for abstaining completely”). The clients are 

encouraged to reflect on these experiences 
and their responses. Finally, each workbook 
ends with a summary of what they’ve learned. 
Skill development is a process (i.e., awareness 
of new concepts, learning those new con­
cepts, applying those new concepts to one’s 
everyday activities), and these workbooks 
attempt to help to build the skills these indi­
viduals require to remain crime free in the 
community. 

TABLE 1.
 
Client Characteristics
 

Demographics 

Condition 

Control Experimental Total 

Age (years) Mean (SD) 38.50 (10.35) 36.27 (10.22) 37.97 (10.15)

Minimum 27 22 22 

Maximum 59 55 59 

Age (grouped) 

20 - 29 20% (2) 32% (7) 28% (9) 

30 - 39 40% (4) 36% (8) 38% (12) 

40 - 49 20% (2) 23% (5) 22% (7) 

50 -59 20% (2) 9% (2) 12% (4) 

Gender 

Male 60% (6) 86% (19) 78% (25) 

Female 40% (4) 14% (3) 22% (7) 

Race 

Caucasian 90% (9) 82% (18) 84% (27) 

Other 10% (1) 18% (4) 16% (5) 

Ethnicity 

Hispanic 40% (4) 59% (13) 53% (17) 

Non-Hispanic 60% (6) 41% (9) 47% (15) 

Level of Education (years) 

Mean (SD) 12.50 (2.84) 12.50 (2.04) 12.50 (2.27) 

Minimum 7 10 7 

Maximum 16 16 16 

Level of Education (grouped) 

Less than grade 12 30% (3) 36% (8) 34% (11) 

Grade 12 40% (4) 32% (7) 34% (11) 

Any higher education 30% (3) 32% (7)  31% (10) 

Previous 
Offence 

Misdemeanor 50% (5) 36% (8) 41% (13) 

Felony 50% (5) 64% (14) 59% (19) 

Total 10  22 32 

Outcome data. Initially, both probation 
sites were to provide a de-identified dataset 
that would list all of the charges each client 
had acquired approximately four months after 
the implementation of the workbooks; this 
time frame was extended to seven months 
post-implementation. The number of charges 
for each individual was expected to vary, so 
the Cormier/Lang method, which assigns 
a weight to each charge type, was going to 
be used to code the most serious charge 
(Harris, Rice, Quinsey, & Cormier, 2015). 
Next, the charges were to be recoded into 
four new variables: (1) technical violations 
(e.g., breach of supervision restrictions), (2) 
general recidivism, (3) violent recidivism, and 
(4) any recidivism (i.e., technical violations or  
a new charge). For the current study, general  
recidivism was to include all charges for drug-,  
driving- or property–related offenses, while  
violent recidivism was to include any charges  
related to assault, sexual assault, domestic  
abuse, robbery and armed robbery, or man
slaughter and homicide. However, given the  
extremely small sample size and the dataset  
that was provided, the data were recoded into:  

­

1) technical violations and 2) any new charges. 
Finally, time at risk was to be calculated  

using the supervision start date and the date  
of the new charge. For those individuals who  
did not receive a new charge, time at risk was  
to be calculated to the end of the follow-up  
period (i.e., December 2017). Unfortunately,  

TABLE 2. 
Readability of the client self-
directed workbooks 

Workbook Topic 

Flesch-Kincaid Scale 

Grade 
Level 

Reading
Easea 

Motivation 5.2 79.7 

Anger 4.5 80.9 

Criminal Attitudes 6.2 72.6

Peer Relationships 5.3 75.7

Substance Abuse 6.0 73.0
a Higher scores indicate easier readability.
Scores of 65 indicate plain English. 
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while the supervision start date was provided 
in the dataset, the date of the new charge was 
not, meaning time at risk was unable to be 
calculated. 

Procedure 
Following ethics approval, an email recruit­
ment notice was sent to the POs that also 
included an informed consent form and 
recruitment script. Consenting participants 
were randomly assigned to either the con­
trol or experimental group using an online 
randomizer. If the participant was assigned 
to the experimental group, they were pro­
vided with the self-directed workbooks to use 
alongside the current probation services. At 
this location, POs acted as a support for using 
the workbooks—if clients had questions or 
wished to discuss the workbooks with their 
PO, they were encouraged to do so. If the 
participant was assigned to the control group, 
the participant followed the current commu­
nity supervision of that site only. All clients 
who chose to participate received 10 hours of 
Community Service Restitution (CSR) credits, 
whether they were assigned to the control or 
the experimental group. Clients were then 
debriefed through an internal bulletin board 
notice that was posted partway through par­
ticipant recruitment. 

Finally, outcome data (i.e., new offenses 
and/or technical violations) was collected for 
all participants at the site seven months after 
implementation was complete (i.e., December 
2017). As stated previously, the probation site 
provided a de-identified dataset that would 
list charges each client had acquired since the 
sharing of the workbooks. 

Results 
Data Preparation 
Missing data. First, key variables were 
screened for missing values, and there were 
no out-of-range values on any of the key vari­
ables. Despite the small sample size (N = 32), 
violations or normality were not a concern, 
nor were there univariate outliers. 

Differences Between Groups 
In order to examine whether the individuals 
in the workbook group differed on demo­
graphic characteristics compared to those in 
the control group, independent samples t-tests 
and chi-square tests were conducted. Odds 
ratios and Cohen’s d were used to examine 
effect size. 

There were no significant differences 
between groups in terms of age t(30, N = 

32) = .57, p > .01, d = .22, 95% CI [-.96, .54],
although the experimental groups was slightly 
younger. 

The relationship between age and condi­
tion was not significant, t(30, N = 32) = .57, p 
> .01, d = .22, 95% CI [-.96, .54]. 

The relationship between gender and con­
dition was not significant (N = 32, p > .01, 
two-tailed). In comparison to the control 
condition, the workbook condition had a 
higher percentage of males (i.e., 86 percent 
compared to 60 percent) and a lower percent­
age of females (i.e., 14 percent compared to 40 
percent). Furthermore, men were 4.22 times 
more likely to be in the experimental group 
(OR = 4.22, 95 percent CI [0.73, 24.44]). 

The relationship between race and con­
dition was not significant (N = 32, p > .01, 
two-tailed). In comparison to the control con­
dition, the workbook condition had a lower 
percentage of Caucasian participants (82 per­
cent compared to 90 percent) and a higher 
percentage of participants who identified as 
other (18 percent compared to 10 percent). 
Individuals who identified as Caucasian were 
.50 times more likely to be in the experimental 
group (OR = .50, 95 percent CI [.05, 5.15). 

The relationship between ethnicity and 
condition was not significant (N = 32, p > 
.01, two-tailed). The percentage of Hispanic 
participants was higher in the workbook con­
dition compared to the control condition (i.e., 
59 percent versus 40 percent). Individuals who 
identified as Hispanic were 2.17 times more 
likely to be in the experimental group (OR = 
2.17, 95 percent CI [.47, 9.95]). 

The relationship between education and 
condition was not significant, t(30, N = 32) = 
.00, p > .01, d = .00, 95 percent CI [-.75, .75]). 

The relationship between previous offense 
and condition was not significant (N = 32, p 
> .01, two tailed). The workbook condition 
had a higher percentage of participants whose 
previous offense was a felony (i.e., 64 percent 
compared to 50 percent in the control condi­
tion) and a lower percentage of those with a 
misdemeanor (i.e., 36 percent compared to 50 
percent). Individuals whose previous offense 
was a felony were 1.75 times more likely to 
be in the experimental group (OR = .1.75, 95 
percent CI [.39, 7.95]). 

Overall, the experimental group was male, 
younger, and had a more serious criminal 
history. 

Differences Between the 
Conditions on Recidivism 
To examine whether the individuals in the 

workbook condition significantly differed in 
technical violations or any new charges com­
pared to those in the control group, Fisher’s 
exact tests were conducted. Given the small 
sample size and the nature of the data that was 
received from the probation site, an examina­
tion of the time to failure across the conditions 
was unable to be conducted. 

Comparisons were made between those in 
the experimental condition and those in the 
control condition for both technical violations 
and any new charges. Fisher’s exact test was 
used to examine technical violations across 
the experimental and control conditions and 
then to examine the difference between the 
two conditions on any new charges. As stated 
previously, this procedure is typically used on 
a 2 X 2 contingency table (i.e., two variables, 
each with two levels) with a small sample. 

A Fisher’s exact test was performed to 
examine the relationship between technical 
violations and condition (see Table 3, next 
page). The relationship between technical vio­
lations and condition was not significant (N = 
32, p > .01, two tailed). An examination of the 
relative frequencies was conducted next (see 
Figure 1, next page). The workbook condition 
had a lower percentage of participants who 
experienced a technical violation post-treat­
ment (i.e., 50  percent compared to 80 percent 
in the control condition). Furthermore, indi­
viduals in the control group were 4.00 times 
more likely to have a technical violation than 
those in the experimental group (OR = 4.00, 
95 percent CI [.69, 23.26]). 

A Fisher’s exact test was performed to 
examine the relationship between any new 
charges and condition (see Table 4, next page). 
The relationship between any new charges 
and condition was not significant (N = 32, 
p > .01, two tailed). An examination of the 
relative frequencies was conducted next (see 
Figure 2). The workbook condition had a 
lower percentage of participants who received 
a new charge post-treatment (i.e., 5 percent 
compared to 10 percent in the control condi­
tion). Furthermore, individuals in the control 
group were 2.33 times more likely to have a 
new charge than those in the experimental 
group (OR = 2.33, 95 percent CI [.13, 41.46]). 

Discussion 
The aim of this study was to explore the effec­
tiveness and utility of a set of self-directed 
criminogenic-focused workbooks in a com­
munity supervision setting. While similar 
workbooks have been used in a variety of 
contexts with in-custody populations, this is 



42 FEDERAL PROBATION Volume 87 Number 1 

one of the first studies to explore the use of 
workbooks with a community sample and 
their effect on recidivism. Thus, the descrip­
tive nature of this study makes it the first step 
in determining the utility of these workbooks, 
and the results of each research question will 
be discussed separately. Practical implica­
tions and limitations will then be discussed. 
Suggestions for future research will be dis­
cussed more generally at the end. 

Summary and Implications of Findings 
We hypothesized that there would be no 
major demographic differences between the 
workbook and control conditions, given that 
participation was voluntary and a process was 
used to ensure random assignment to groups. 
While there were no statistically significant 
differences between groups, the experimental 
group (i.e., workbook condition) was more 
likely to be younger and to have a previous 
felony conviction than those in the control 
condition. Efforts to ensure random assign­
ment were insufficient, perhaps due to the 
small sample. 

We also hypothesized that the individuals 
in the workbook groups would have lower 
rates of recidivism (i.e., either technical vio­
lations or new charges) and longer time to 
failure in comparison to the control groups. 
Again, while there were no statistically sig­
nificant differences on either outcome variable 
across the workbook and control conditions, 
there was some variation when the relative 
frequencies and effect sizes (odds ratios) were 
examined. This demonstrated a very modest 
treatment effect; workbook use was related 
to slightly improved outcomes for the experi­
mental group. 

Individuals in the control group were 4.00 
times more likely to have a technical viola­
tion and 2.33 times more likely to have any 
new charges, even though individuals in the 
workbook group were likely somewhat higher 
risk (i.e., younger, male, previous offense is 
a felony). This difference is encouraging, as 
some technical violations are related to factors 
that the workbooks target (e.g., avoiding sub­
stance use as a condition of probation). While 
the results of the current study are insufficient 
to fully support the efficacy of the set of work­
books in a community supervision setting, 
participants did not reject their use, nor did 
their use yield iatrogenic effects in this very 
small pilot study. 

Replication with a larger sample could 
demonstrate the effectiveness and useful­
ness of these workbooks, which would give 

supervision agencies reason to consider their 
implementation in the future. Considering the 
success of similar workbooks with in-custody 
populations (e.g., Proctor et al., 2012), it is 
not unrealistic to suggest that future research 
with these workbooks may produce favorable 
results for probationers. 

Limitations 
Originally, this study was to be implemented 
at two probation sites in the United States. 
Unfortunately, organizational changes at one 
probation site led to implementation delays 
that ultimately resulted in the study being 
dropped. 

The next limitation was the small sample 
size and resulting inadequate power, which 
prohibited the use of most inferential statisti­
cal procedures. The observed findings should 

be considered very preliminary, and further 
investigation with a larger sample is neces­
sary. Furthermore, this resulted in limiting 
the generalizability of any findings to the 
broader population of clients under commu­
nity supervision. 

TABLE 3. 
Results of Independent Samples t-tests and Fisher’s Exact Tests for Age, Gender,  
Race, Ethnicity, Education, and Previous Offense Across Condition 

Demographics t p d / OR 95% CI 

Age (years)  .57a .57 .22c [-.96, .54] 

Gender 

Male 

Female 
– .17b 4.22d [0.73, 24.44] 

Race 

Caucasian 

Other 
– .99b .50d [.05, 5.15] 

Ethnicity 

Hispanic 

Non-Hispanic 
– .45b 2.17d [.47, 9.95] 

Level of Education (years) .00a .00 .00c [-.75, .75] 

Previous Offense 

Misdemeanor 

Felony 
– .70b 1.75d [.39, 7.95]

a t-statistic. b p value for Fisher’s exact test. c Cohen’s d value. d Odds ratio. 

TABLE 4. 
Results of Fisher’s Exact Tests for Technical Violations 
and Any New Charges Across Condition 

Outcome 

Condition 

Control Experimental Total pa OR 95% CI

Technical violation 

Yes 80% (8) 50% (11) 59% (19) .14 4.00 [.69, 23.26] 

No 20% (2) 50% (11) 41% (13) 

Any new charges 

Yes 10% (1) 5% (1) 6% (2) .53 2.33 [.13, 41.46] 

No 90% (9) 95% (21) 94% (30) 
a p value for Fisher’s exact test. 

Another limitation is that information 
regarding the clients’ motivation and readi­
ness to change and perceived self-efficacy 
prior to workbook implementation, which 
are important factors to consider, were not 
examined. Scheck et al. (2013) observed a 
weak correlation between knowledge and 
attitude, suggesting that education alone does 
not allow anyone to infer an adequate level of 
motivation to promote successful behavior 
change, at least in the context of substance use 
behaviors. Controlling for prior programming 
and supervision experience and motivation 
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level could be important in understanding the  
incremental utility of journaling. 

Despite efforts to have the workbooks at a  

high ease of reading level, the reading level of  
clients was not formally assessed prior to the  
implementation of the workbooks. Of note, no  

clients requested that the PO read aloud the 
consent form during the recruitment process 
of the current study. All text included in the 
workbooks is intended for individuals with a 
reading level between the grades of four and 
six. Furthermore, the text is broken up into 
short, easy-to-digest sections, and there are 
a variety of graphics to accompany the key 
concepts, mitigating the potential challenge of 
reading ability. 

It is also important to note that we were 
unable to complete a client feedback survey 
that may have been instructive. While par­
ticipants received compensation in the form 
of CSR credits for their involvement in phase 
one, they did not receive any compensation 
for their involvement in completion of the 
survey. 

FIGURE 1.
 
Relative Frequencies of Technical Violation Across Condition.
 

FIGURE 2.
 
Relative Frequencies of Any New Charges Across Condition.
 

Future Research 
Given these limitations, we present several 
over-arching suggestions for future research 
on the self-directed workbooks. First, in order 
to prevent having such a small sample size, 
it may be more effective to use a matched 
sample based on either exact matching or pro­
pensity matching instead of a control group, 
as this will allow for a larger experimental 
group without significantly compromising the 
conclusions that could be made. 

Second, running a focus group in order to 
assess the participants’ views on the usability 
of the workbooks may prevent a no-response 
situation, as well as allow for more detailed 
responses from the participants. With a higher 
level of detailed responses in a semi-struc­
tured interview setting, a thematic analysis 
of the responses and suggestions for changes 
to the workbooks could be conducted. It is 
also possible that just providing clients with a 
paper copy of the survey would have increased 
responses. 

Recently we added reentry and trauma 
workbooks into our suite of workbooks to 
broaden their utility and address emerging 
concerns. Our experience regarding their use 
in a remand center indicated that many clients 
enthusiastically completed all the workbooks, 
potentially out of boredom or to present to the 
courts when adjudicated. Ideally, a risk and 
need assessment should be used to match the 
workbook(s) to client needs. Nonetheless, it is 
possible that the workbooks may have applica­
tion in the pretrial world. 

Finally, given the high rates of mental 
health diagnoses in this population (see Prins 
[2014] for a systematic review), future research 
should consider the impact of major mental 
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health disorders on the efficacy of this inter­
vention. Studies that evaluate the potential 
mediators and moderators of efficacy could 
further refine our understanding of the merits 
of self-directed workbooks and journaling. 

Conclusion 
Despite the limitations, especially the small 
sample and non-significant findings, self-
directed workbooks still may have potential 
to reduce both technical violations and recidi­
vism among individuals supervised in the 
community. More research is necessary to 
make stronger conclusions that could inform 
policy and practice; however, this is a suffi­
cient first step or proof of concept to warrant 
expanding this type of intervention, especially 
to lower risk clients. Most notably, there is 
no indication they have an iatrogenic effect, 
they are minimally invasive, and they have no 
financial cost, supporting their inclusion in 
the community supervision arsenal. 
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Editor’s Note:  In March 2020, the Administrative Office of the U.S. Courts  –  Probation and Pretrial Services Office (PPSO) enacted a temporary  
change to its supervision practices in response to growing caseloads, budgetary pressures, and the COVID-19 pandemic. This change involved an  
expansion of the population eligible to be supervised under the low-risk supervision standards (LRSS). LRSS is geared towards supervisees classified  
on the lower end of the recidivism risk classification continuum and hence, persons placed on LRSS receive less monitoring and fewer restrictions and  
interventions compared to persons on regular supervision. The following report constitutes a White Paper that details the policy change with particular  
emphasis on the extent to which the federal supervision system’s practices changed in response to this reform while simultaneously dealing with the  
COVID-19 pandemic. Importantly, the report also examines whether expansion of the LRSS population endangered community safety. We are publish­
ing the report here in the belief that it will be of substantial interest to researchers, policymakers, and legal personnel (such as defenders, U.S. attorneys,  
and judges) involved in the federal supervision system. 

Part A: Introduction 
The preceding fiscal years (i.e., 2020, 2021, 
and 2022) presented many challenges for the 
federal probation and pretrial services system. 
Specifically, research conducted on our system 
showed that budgetary reductions resulted 
in fewer officers being able to do the work 
involved in supervising persons placed on 
federal post-conviction supervision. In addi­
tion to reductions in officer staffing levels, 
there were substantial increases in the number 
of persons being placed on federal supervi­
sion because of early releases stemming from 
implementation of the First Step Act. There 
were also impacts from the COVID-19 pan­
demic, with officers dramatically reducing 
their in-person contacts with supervisees to 
reduce their potential exposure to this virus. 
The combined effects of budget cuts, staffing 
reductions, expanded caseloads, and the pan­
demic presented unparalleled challenges for 
the federal supervision system. 

To alleviate these pressures on officers, 
the Judicial Conference Committee on 
Criminal Law (Criminal Law Committee) 
recommended that the federal supervision 
system increase the number of persons to be 

supervised using low-risk supervision stan­
dards (LRSS). Persons placed on LRSS receive 
less monitoring and fewer restrictions and 
interventions compared to persons on regular 
supervision. LRSS has the benefit of improv­
ing officers’ ability to strategically shift time 
and resources to higher risk supervisees who 
pose the greatest danger to the community, 
while simultaneously allowing officers to take 
on low-risk caseloads at higher volumes. This 
can help alleviate workload pressures on pro­
bation offices. 

This initiative to implement the revised 
LRSS policy was enacted in March 2020. 
In response to this implementation, the 
Administrative Office of the U.S. Courts (AO) 
engaged in a research effort to assess (1) 
whether the federal system’s practices changed 
in response to the LRSS policy and (2) 
whether these changes endangered commu­
nity safety. Findings from this research show 
that federal supervision practices changed 
during the period examined, with in-person 
contacts for the LRSS group registering less 
of an increase in 2021 compared to the 
other risk classification categories. In addition, 
results show that community safety was not 

negatively impacted by the implementation of 
LRSS expansion. The remainder of this report 
details how this research was conducted and 
covers the principal findings and conclusions. 

Part B: Criteria for Expanding 
Persons Eligible for Low-
Risk Supervision 
Before this expansion, LRSS was available 
only to supervisees whom the Post Conviction 
Risk Assessment (PCRA) categorized as low 
risk and whose supervision history showed 
no more than a low-severity violation.1

1 For an overview of the PCRA and the original 
low-risk supervision standards, see An Overview 
of the Federal Post Conviction Risk Assessment 
Instrument (June 2018), AO. https://www.uscourts. 
gov/sites/default/files/overview_of_the_post_con-
viction_risk_assessment_0.pdf 

 In 
March 2020, the AO initiated a change in its 
supervision policies, allowing a new subset of 
supervisees to be placed on LRSS supervision. 
Specifically, the AO recommended that the 
federal supervision system increase the num­
ber of supervisees on LRSS supervision if they 
met the following criteria: 
● The risk instrument used by federal 

https://www.uscourts.gov/sites/default/files/overview_of_the_post_conviction_risk_assessment_0.pdf
https://www.uscourts.gov/sites/default/files/overview_of_the_post_conviction_risk_assessment_0.pdf
https://www.uscourts.gov/sites/default/files/overview_of_the_post_conviction_risk_assessment_0.pdf
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probation officers (i.e., the PCRA) desig­
nated them as low/moderate risk. 

● Their probability of committing violent 
crimes was low (i.e., category 1 violence). 

● Their PCRA scores placed them on the 
lower end of the low/moderate-risk con­
tinuum (i.e., PCRA raw scores of 6 or 7). 

● They did not manifest high levels of crimi­
nal thinking. 

● They were not convicted of sex offenses. 
● They did not have an instant conviction 

offense for a violent felony and had not 
been previously convicted of two or more 
prior violent felonies. 

● Their overall risk classifications had not 
increased by the second PCRA assess­
ment. Typically, the second assessment 
takes place six months after the initial risk 
assessment. 
Using these criteria, the Probation and 

Pretrial Services Office (PPSO) estimated that 
an additional 13,655 supervisees, or about 12 
percent of the federal supervision popula­
tion, could be placed on LRSS. They were 
recommended for LRSS supervision because 
they have relatively low recidivism rates. For 
example, about 8 percent were arrested for 
any offense within one year of their supervi­
sion start date, while fewer than 2 percent 
were arrested for violent crimes. In compari­
son, supervisees scoring on the higher end of 
the low/moderate-risk continuum manifested 
rearrest rates ranging from 13 to 14 percent 
for any offenses and approximately 2 percent 
for violent offenses. Moreover, supervisees 
who are designated as moderate or high risk 
witnessed general recidivism rates of 18 to 37 
percent and violent recidivism rates for 6 to 
13 percent. 

With the advent of the LRSS expansion, it 
was important to assess the extent to which 
federal supervision practices changed in 
response to the new policy and to ascertain 
whether the change endangered community 
safety. A finding that officers contacted people 
meeting the LRSS eligibility criteria less fre­
quently in 2020 and 2021, compared to earlier 
years when the expansion was not in effect 
(i.e., 2017, 2018, and 2019), supports the fact 
that the federal system changed in response to 
this expansion. Moreover, results showing that 
recidivism behavior for those placed on LRSS 
supervision after the expansion was similar to, 
or perhaps lower than, it was for people meet­
ing the LRSS criteria before the expansion 
could indicate that community safety was not 
endangered. Hence, below are questions that 
form the main components of this analysis: 

● What percentage of persons under federal 
supervision are eligible for LRSS supervi­
sion under the expansion? Are officers 
treating supervisees differently when they 
are eligible for LRSS supervision after the 
expansion (e.g., contacted less), compared 
to people who met the LRSS criteria before 
the enactment of this change? 

● What does the recidivism behavior look 
like for supervisees who are eligible for 
LRSS supervision under the expansion? 
Are supervisees who are eligible for LRSS 
supervision after the expansion recidivat­
ing at elevated, similar, or lower levels 
compared to people who met the LRSS 
criteria before enactment of these changes? 

Part C: Data and Method 
Impact of COVID-19 Pandemic 
on LRSS Research 
Before delving into this research, it is impor­
tant to note the challenge that the COVID-19 
pandemic presents to the current analysis. 
Specifically, the LRSS expansion was imple­
mented at the start of the pandemic in March 
2020. This made any pre/post assessment of 
supervisees meeting the revised LRSS thresh­
olds somewhat problematic, since any changes 
in the contact or rearrest patterns of this 
group post expansion might be driven by the 
pandemic rather than by changes in officer 
supervision practices or supervisee criminal 
behavior. Research conducted by the AO 
shows that the pandemic was associated with 
substantial declines in officer in-person con­
tact patterns and supervisee violation activity.2 

2 For information about the pandemic’s impact on 
the federal supervision system, see the June 2021 
special edition of Federal Probation. 

Hybrid Pre-/Post-Analytical Approach 
The AO’s research analysts addressed the 
methodological challenges presented by the 
COVID-19 pandemic by using a hybrid pre-/ 
post-analytical framework. Specifically, AO 
researchers evaluated the contact and recidi­
vism patterns not only for the LRSS group 
pre- and post-policy change, but also for the 
other PCRA risk groups pre- and post-policy 
change. 

We anticipated that using this approach 
would show both the contact and recidivism 
rates declining across all PCRA risk categories 
at the pandemic’s onset in 2020. However, 
we hypothesized that the LRSS group would 
experience contact and rearrest patterns that 
differed from the other PCRA risk groups as 
the system emerged from the pandemic in 

2021. The specific hypotheses that oriented 
this research follow: 
● The average number of monthly contacts 

between officers and supervisees should 
decline in 2020 for all PCRA risk groups. 
But in 2021, they should increase more 
slowly for the LRSS group compared to the 
other PCRA risk categories. 

● The recidivism outcomes (including non
compliance, revocations, and rearrests)  
should decline across all PCRA risk groups  
in 2020. But in 2021, they should rise more  
slowly or not at all for the LRSS group com
pared to the other PCRA risk categories. 

­

­

Before delving into the study’s findings, it is 
important to understand the PCRA’s risk clas­
sification groupings. For some background, 
the PCRA uses the following five-color­
ordered risk scheme to measure a supervisee’s 
likelihood of recidivism: blue, green, yellow, 
orange, and red. The degree of predicted risk 
increases with each change in color, with blue 
supervisees having the lowest failure prob­
ability and red supervisees having the highest 
failure probability. 

Before the enactment of the LRSS expan­
sion, only the PCRA blue group qualified for 
LRSS supervision. The expanded LRSS group 
is within the PCRA green category, with 
about half of the PCRA greens meeting LRSS 
eligibility and hence qualifying for low-risk 
supervision under the revised program. 

Table 1 (next page) provides information 
about the PCRA risk groups analyzed pre- and 
post-LRSS expansion, including the number 
and percentage of supervisees who met the 
LRSS eligibility criteria by fiscal year of case 
supervision. 

Ordinarily, most pre- and post- studies 
would place the fiscal years into specific 
groups. For example, the 2017-2019 cohort 
would be in the pre group, and the 2020-2021 
cohort would be in the post group. However, 
as will be shown, the pandemic dominated 
officer contact activity so much in 2020 that 
placing that year and 2021 into one group is 
problematic. Hence, this hybrid pre- and post-
approach examines officer contact activity and 
supervisee violation rates for each fiscal year 
separately. 

Population Examined 
Several important aspects of the population 
examined should be noted. First, since the 
PCRA color-coded risk schematic was not 
implemented until early 2017, we decided to 
remove all supervisees received on supervision 
before that fiscal year. Supervisees who were 

https://www.uscourts.gov/sites/default/files/usct10024-fedprobation-june2021_508.pdf
https://www.uscourts.gov/sites/default/files/usct10024-fedprobation-june2021_508.pdf
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TABLE 1.
 
Percentage of Persons Under Supervision by PCRA Risk Levels, Supervision Year, and LRSS Classification
 

placed on supervision before fiscal year 2017 
were omitted, because this study attempted to 
measure the average number of monthly con­
tacts from the supervision start date until case 
closure or, if the case was still open, an anchor 
date of April 23, 2022. Including people 
who began supervision before 2017 would be 
problematic because the PCRA color-coded 
risk categories, including those meeting LRSS 
eligibility, were unavailable until 2017.3 

3 Before 2017, the PCRA used a four-tier risk clas­
sification scheme of low, low/moderate, moderate, 
and high. The PCRA was modified in 2017 to 
include a violence trailer, which resulted in the risk 
instrument generating the five color-coded risk 
categories. For more information about the original 
PCRA and the deployment of the PCRA violence 
trailer, see Johnson et al. (2011), The Construction 
and Validation of the Federal Post Conviction Risk 
Assessment (PCRA), and Serin et al. (2016), Using a 
Multi-Level Risk Assessment to Inform Case Planning 
and Risk Management: Implications for Officers. 

In addition to removing people who were 
placed on federal supervision before fiscal 
year 2017, several other exclusionary criteria 
were employed. Since the color-coded PCRA 
risk schematic was implemented through a 
rolling deployment, not all people who were 
received on supervision during fiscal year 
2017, and even 2018 had an initial PCRA 
assessment using the revised PCRA color-
coded groups. Supervisees with an original 
assessment involving the older non-color­
coded PCRA categories were removed for 
reasons similar to those that were used to 
exclude people who were placed on super­
vision before 2017. Also, the study cohort 
included only those with a minimum of two 
or more PCRA assessments. A baseline of two 
or more assessments was required because 

one of the LRSS criteria was that there be no 
increase in a supervisee’s overall risk classifica­
tion between assessments. 

Since the LRSS group required two or 
more risk assessments, it was important for 
consistency for the other color-coded risk 
groups to have similar assessment criteria. 
Moreover, cases had to be under supervision 
for six months or more for the purposes of 
following contact and recidivism activity. Last, 
all people who received supervision overrides 
were omitted. Removing supervisees who are 
placed into higher risk categories than origi­
nally classified allows for a more robust and 
clearer comparison of officer contact activity 
between the risk groups.4 

4 The PCRA gives officers discretion to depart 
from the risk instrument’s original classification 
scheme. For more information about the role of 
overrides, see Cohen et al. (June 2016), Examining 
Overrides of Risk Classifications for Offenders on 
Federal Supervision. 

Measures 
This study uses two primary measures of 
interest: officer contacts and recidivism out­
comes. Officer contacts with supervisees are 
used as a proxy to measure the extent to which 
the federal supervision system changed after 
implementation of the LRSS expansion. Three 
types of contacts were measured, including in-
person, other-person, and collateral. In-person 
contacts include any contact between the offi­
cer and supervisee that involves an in-person 
interaction. These contacts typically take place 
between the officer and supervisee in the 
supervisee’s home, neighborhood, place of 
employment, or federal probation office. An 
other-person contact means that the officer 

contacted the supervisee through other—usu­
ally electronic—means, such as by telephone, 
voicemail, text message, and email. Last, col­
lateral contacts refer to contacts between the 
officer and collateral sources, typically a treat­
ment provider, employer, or law enforcement 
officer. 

Recidivism outcomes are used to measure 
the extent to which the supervisee failed 
during or after supervision. The recidivism 
outcomes of interest for this study include any 
forms of noncompliance (e.g., positive drug 
tests, technical violations of supervision con­
ditions), revocations from supervision, and 
rearrest for any new crimes or violent offenses. 

Part D: Results 
Characteristics of the LRSS Population 
Table 2 (next page) provides descriptive infor­
mation about people who were eligible for 
LRSS supervision before and after enactment 
of the policy expansion. A total of 21,259 peo­
ple who were received on supervision during 
fiscal years 2017-2021 met the revised LRSS 
supervision criteria. More than half of these 
cases (54 percent) were convicted for drug 
offenses. The other most frequent conviction 
offenses included property (19 percent) and 
weapons/firearms (11 percent). Seventy-seven 
percent of the LRSS group comprised males; 
Hispanics, Whites, and Blacks accounted for 
relatively similar proportions of supervisees in 
the LRSS group. 

Under the expansion, supervisees are not 
eligible for LRSS supervision unless their 
risk levels remain unchanged for a mini­
mum of two PCRA assessments. Using these 
standards, many supervisees will have met 
the LRSS eligibility criteria by their second 

https://www.uscourts.gov/federal-probation-journal/2011/09/construction-and-validation-federal-post-conviction-risk
https://www.uscourts.gov/federal-probation-journal/2011/09/construction-and-validation-federal-post-conviction-risk
https://www.uscourts.gov/federal-probation-journal/2011/09/construction-and-validation-federal-post-conviction-risk
https://www.uscourts.gov/sites/default/files/80_2_2_0.pdf
https://www.uscourts.gov/sites/default/files/80_2_2_0.pdf
https://www.uscourts.gov/sites/default/files/80_2_2_0.pdf
https://www.uscourts.gov/sites/default/files/80_1_2_0.pdf
https://www.uscourts.gov/sites/default/files/80_1_2_0.pdf
https://www.uscourts.gov/sites/default/files/80_1_2_0.pdf
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assessment. However, others might not be 
eligible for LRSS supervision until their third 
or fourth assessment. 

Figure 1 provides information about 
the assessment number when a supervisee 
became eligible for LRSS supervision. As 
expected, a majority of LRSS supervisees (72 
percent) met the eligibility standards (mean­
ing no changes in their risk levels) by their 
second assessment. However, about 24 percent 
of LRSS supervisees were not eligible for LRSS 
supervision until their third or fourth PCRA 
assessment. For example, these supervisees 
might have started in a higher supervision 
category at their initial PCRA assessment (e.g., 
yellow or orange) and moved into the LRSS 
green risk category by their second assess­
ment. To qualify for low-risk supervision, 
the risk profiles for these people would need 
to remain unchanged from the second to the 
third PCRA assessment. 

Changes in Officer Contact 
Patterns with Supervisees Resulting 
from the LRSS Expansion 
Figures 2a-2c (next page) provide information 
on the average number of monthly contacts 
during a supervisee’s first 12 months of super­
vision by PCRA risk levels and fiscal year of 
case activation. It should be noted that this 
approach examines contacts that occurred 
only during a person’s first supervision year. 
The monthly contact numbers are calculated 
by summing the number of times that officers 
contacted supervisees within the first year of 
supervision and then dividing that total by 12. 
These calculations were performed separately 
for each of the fiscal years examined (i.e., cases 
activated in 2017-2021). 

These figures illuminate trends in monthly 
in-person contacts (see Figure 2a), monthly 
other-person contacts (see Figure 2b), and 
monthly collateral contacts (see Figure 2c). In 
general, they show substantial declines in the 
average number of monthly in-person con­
tacts for all supervisees when the pandemic 
started in 2020; these in-person contacts 
subsequently rebounded in 2021. Conversely, 
the average number of monthly other-person 
contacts increased for all risk levels in 2020 
and then proceeded to decline. Last, collateral 
monthly contacts remained relatively stable 
during the time period examined. Though 
interesting, these figures do not support the 
contention that supervision practices changed 
for the LRSS population after implementation 
of the LRSS expansion. 

A more illuminating way to measure the 

TABLE 2.
 
Characteristics of Supervisees Eligible for LRSS Supervision Under the LRSS Expansion
 

FIGURE 1. 
PCRA Assessment Number in Which Supervisee Became Eligible for LRSS 
Supervision Under the LRSS Expansion, Fiscal Years 2017–2021 
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LRSS expansion’s potential effects on the 
federal supervision system is to examine the 
percentage change in the average number of 
monthly contacts between the fiscal years of 
case activation (see Figures 3a-3c, next page). 
Figure 3a, for example, shows the percentage 
changes in the average number of in-person 
contacts for fiscal years 2017-18, 2018-19, 
2019-20, and 2020-21 across the PCRA risk 
levels. Not surprisingly, this figure shows 
substantial declines in the average number of 
in-person contacts, irrespective of risk, during 

2020. For example, the average number of 
in-person contacts for 2020 declined by 27 
percent for the green LRSS group, but similar 
declines were witnessed for the green no-LRSS 
group (-27 percent) and the yellow group (-26 
percent). 

However, during 2021, in-person contacts 
for the green LRSS category diverged slightly 
from the other PCRA risk groups (see Figure 
3a). Specifically, the green LRSS group wit­
nessed smaller rises in the average in-person 
contact numbers (+4 percent) compared to 

the other PCRA risk groups, which saw their 
in-person contacts increase in the range of 
8-9 percent (except for the PCRA blues). The 
fact that the green LRSS group manifested 
less of an increase in the in-person contacts 
compared to the other PCRA risk categories 
provides some evidence in support of the 
LRSS expansion’s impact on federal supervi­
sion practices. 

FIGURE 2A. 
Average Number of In-Person Monthly Collateral Contacts Within 12 Months  
of Case Activation, by PCRA 2.0 Risk Levels, Fiscal Years 2017–2021 

FIGURE 2B.
 
Average Number of Other-Person Monthly Collateral Contacts Within 12
  
Months of Case Activation, by PCRA 2.0 Risk Levels, Fiscal Years 2017–2021

FIGURE 2C.
 
Average Number of Monthly Collateral Contacts Within 12 Months of
  
Case Activation, by PRCA 2.0 Risk Levels, Fiscal Years 2017–2021 

Examining the other contact types (i.e., 
other-person and collateral) presents a mixed 
picture in terms of implementing LRSS 
expansion. The percentage change in other-
person contacts was not appreciably different 
for the green LRSS group compared to the 
other PCRA risk categories (see Figure 3b). 
Regarding collateral contacts, the green LRSS 
supervisees were the only group witnessing 
declines in their average monthly collateral 
contacts during 2020 (-3 percent), while the 
other risk categories saw no changes in their 
monthly collateral contacts (PCRA blues) or 
increases in their monthly collateral contacts 
(green no-LRSS, yellow, orange, or red) (see 
Figure 3c). 

Figures 4a-4c (page 51) provide infor­
mation about the percentage change in the 
number of in-person, other-person, and 
collateral contacts in a somewhat different 
format. Specifically, they illuminate changes 
in contacts by supervision year rather than in 
the first 12 months under supervision. Using 
supervision year allows us to count contacts 
for all persons under federal supervision for 
that particular year examined, regardless of 
their start date or the amount of time they 
were under supervision during that year. 
Hence, a person who started supervision 
in 2017 and was still under supervision in 
2020 would have monthly contact numbers 
counted for each individual year while under 
federal supervision (i.e., 2017, 2018, 2019, and 
2020). 

In the above example, this person’s per-
year contact numbers would be calculated by 
totaling the number of contacts made by offi­
cers for each year and then dividing the total 
number of contacts by 12 per year. Unlike the 
prior approach, which counted contacts only 
during the first 12 months of supervision, this 
method can ascertain a supervisee’s monthly 
contact numbers for a more extended time 
period. 

Examining the percentage changes for 
in-person contacts by supervision year lends 
further support to the contention that officer 
supervision practices changed for people who 
were placed on LRSS supervision. In Figure 

of Case Activation, by PCRA 2.0 Risk Levels, Fiscal Years 2017–2021

 
Months of Case Activation, by PCRA 2.0 Risk Levels, Fiscal Years 2017–2021

Case Activation, by PRCA 2.0 Risk Levels, Fiscal Years 2017–2021
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4a, for example, the average number of in-per­
son monthly supervision contacts declined for 
all risk levels in 2020. However, 2021 showed 
larger declines for the green LRSS group (-15 
percent) compared to the other risk categories, 
where declines for in-person contacts ranged 
from -3 percent to -6 percent. 

Similar to the prior analysis, the patterns 
of other-person contacts for the green LRSS 
group did not differ appreciably from those 
of the other PCRA risk categories. Last, the 
monthly collateral contacts for green LRSS 
supervisees manifested declines in 2020 and 
2021 that exceeded nearly all PCRA risk cat­
egories, except for the PCRA blue group. 

In addition to highlighting yearly contact 
numbers, it can be interesting to examine 
monthly contact patterns. A month-to-month 
analysis of contacts can highlight how people 
who were eligible for LRSS supervision before 
the enactment of the expansion were treated 
compared to similarly situated persons post 
expansion. 

Figures 5a and 5b (page 52) provide infor­
mation about the average number of monthly 
in-person contacts for the fiscal year before the 
enactment of the low-risk expansion (2019) 
and for the fiscal year after the expansion’s 
enactment (2021). During 2019, the green 
LRSS group manifested monthly in-person 
contact rates similar to those of the green no-
LRSS group. This pattern of contact activity 
is expected since, before the expansion, offi­
cers had no reason to treat supervisees who 
were classified in the green PCRA category 
differently, irrespective of whether they met 
the LRSS eligibility standards. In 2021, how­
ever, those who met the green LRSS criteria 
manifested contact patterns that diverged 
from the green no-LRSS group and somewhat 
mirrored supervisees with a PCRA blue risk 
classification. 

Analysis of the LRSS Expansion’s 
Effect on Community Safety 
In the remaining part of this analysis, we 
examine whether enactment of the low-risk 
expansion endangered community safety. This 
analysis was conducted by exploring the recid­
ivism activity of federal supervisees across 
all PCRA risk categories yearly. Recidivism 
includes any form of noncompliance, revoca­
tions from supervision, and rearrests for any 
crime or violent crimes. Supervision year 
encompasses any form of noncompliance, 
revocations, or rearrests that occurred for 
persons under supervision for the specific 
year examined. 

The percentage of supervisees who  
engaged in noncompliance, separated into  
PCRA risk levels and supervision year, is high-
lighted in Table 3 (page 53). For all fiscal years  
examined, people who were eligible for LRSS  
supervision have noncompliance rates higher  
than the PCRA blues but lower than the other  
PCRA risk categories, including the green no  
LRSS, yellow, orange, or red. As anticipated,  
the noncompliance rates declined in 2020  

and then rose irrespective of the PCRA risk  
levels. While the percentage of persons with  
noncompliance increased for the green LRSS  
category in 2021, the reported increase was  
similar to that manifested by some of the other  
risk groups, including the green no LRSS, yel
lows, and reds. 

FIGURE 3A.
 
Percentage Change for In-Person Monthly Contacts Within 12 Months of Case Activation
 

FIGURE 3B.
 
Percentage Change for Other-Person Monthly Contacts Within 12 Months of Case Activation
 

FIGURE 3C.
 
Percentage Change for Monthly Collateral Contacts Within 12 Months of Case Activation


The percentage of people revoked from  
supervision, separated into fiscal year and  
PCRA risk classification, is reported in Table  
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4 (page 53). Similar to the noncompliance  
analysis, the revocation rates for people meet-
ing the LRSS classification criteria were lower  
than all PCRA risk categories, except for  
the lowest risk classification group (PCRA  
blues). Although the revocation rates for the  
green LRSS group rose by 1 percentage point  
between 2020 and 2021, this increase was  

smaller than that manifested in the PCRA  
yellow, orange, and red groups. Among these  
three risk categories, the revocation rates  
increased by two to three percentage points  
between 2020 and 2021. 

FIGURE 4A.
 
Percentage Change for In-Person Monthly Contacts by Supervision Years
 

FIGURE 4B.
 
Percentage Change for Other-Person Monthly Contacts by Supervision Years
 

FIGURE 4C.
 
Percentage Change for Monthly Collateral Contacts by Supervision Years
 

Rearrest Analysis 
Information on the recidivism rates of people  

eligible for LRSS supervision is presented 
in Tables 5, 6, and 7. Tables 5 and 6 present  
information on the percentage of supervisees  
rearrested for any offense or violent offenses  
within the first 12 and 24 months of their  
supervision start dates. Rearrest rates are  
shown for all PCRA risk categories, though  
the discussion will focus on people with a  
green LRSS classification. 

In general, results show that the rearrest 
rates for LRSS supervisees have remained 
markedly stable, even after implementation 
of the new low-risk expansion. For example, 
the percentage of LRSS supervisees who were 
rearrested for any offenses within 12 months 
of their supervision start date declined from 
8 percent for people placed on supervision in 
2017 to 6 percent for those placed on supervi­
sion in 2021 (see Table 5, page 53). 

The 24-month rearrest rates (any offense) 
for this group also declined from 14 percent 
to 12 percent (see Table 6, page 54). The vio­
lent rearrest rates for the LRSS group never 
exceeded 3 percent, irrespective of the follow-
up time or the supervision start year examined 
(see Tables 5 and 6). Last, LRSS supervisees 
recidivated at rates lower than nearly all PCRA 
risk groups, except for PCRA blues. 

Table 7 (page 54) covers the rearrest activ­
ity for persons under federal supervision. 
Unlike the prior tables (i.e., 5 and 6) that 
examined the percentage of persons rearrested 
within 12 and 24 months after their supervi­
sion start dates, this analysis explores the 
percentage of persons under supervision for a 
particular fiscal year who were rearrested for 
any offense or violent offenses. 

Overall, results continue to show stability 
in the rearrest rates pre- and post-expansion 
of the LRSS supervision group. Specifically, 
the percentage of LRSS-eligible people who 
were rearrested for any offense was essen­
tially unchanged, at about 5 to 6 percent for 
each supervision year examined. Moreover— 
and perhaps more important—relatively few 
LRSS-eligible people (about 1 percent) were 
rearrested for violent offenses during the 
supervision years examined. 

The remaining analyses (see Figures 6 and 
7, page 55) explore the types of offenses for 
which LRSS-eligible supervisees were rear­
rested. Two-thirds of LRSS supervisees who 
recidivated were rearrested for public order 
(27 percent), drug (21 percent), or property 
(18 percent) offenses, while 12 percent were 
rearrested for crimes of violence (see Figure 6). 

Among the LRSS-eligible supervisees who 
were rearrested for violent offenses, 87 percent 
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were arrested for assault. The remaining 13 
percent involved a combination of attempted 
or actual homicide, kidnapping, robbery, etc. 

Part E: Conclusions 
This study sought to examine expansion of the 
LRSS group, which the AO instituted in March 
2020. In general, evidence produced by this 
study somewhat supports the contention that 
federal supervision practices changed for the 
LRSS group after enactment of the low-risk 
expansion. Specifically, the pattern of monthly 
in-person contacts for the LRSS supervisees 
diverged from that of the other PCRA risk 
groups in two substantial ways during the 
period after the expansion went into effect 
and the federal system began to recover from 
the pandemic. 

First, our examination of the average num­
ber of in-person contacts during a person’s 
first supervision year shows that these con­
tacts increased less substantially for the LRSS 
group compared to the other risk groups in 
2021. Second, our analysis of in-person con­
tacts by supervision year demonstrates that 
LRSS supervisees manifested larger declines 
post expansion—especially in 2021—than 
people in the other risk categories. Officer 
contacts with collateral sources also mani­
fested more substantial declines for the LRSS 
group once the expansion took effect. 

Though these results are promising, it is 
important to note that the results that support 
system change are somewhat mixed. Unlike 
the in-person and collateral contacts, contacts 
involving electronic means of communication 
(e.g., other-person) did not differ appreciably 
between the LRSS group and the other groups. 
Moreover, while the post-expansion pattern of 
in-person and collateral contacts for the LRSS 
group differed somewhat from that of the 
other PCRA risk categories, the differences 
were not as extensive as initially anticipated. 
Additional years of officer contact activity 
will be required to assess whether any of these 
observed changes are transitory or permanent. 

Given that there seems to be some indi­
cation that the federal system changed in 
response to enactment of the LRSS expansion, 
the next crucial factor to be examined was 
whether this expansion resulted in threats 
to community safety. Here the results are 
less ambiguous. Essentially, there is no evi­
dence that community safety was endangered 
by implementation of the LRSS expansion. 
Specifically, while there was a slight increase 
in the noncompliance and revocation rates 
for the LRSS group post expansion, these 

increases were relatively negligible and did not 
supersede those of the other risk categories. 
Moreover, and this is important, the rates of 
noncompliance and revocations for the LRSS 
group were consistently lower than those of 
all other PCRA risk classifications, except for 
the blue classification group. Stated differently, 
changing the way that the LRSS group was 
supervised did not generate any appreciable 
increases in failure rates beyond those already 
predicted by the PCRA. 

An examination of rearrest activity for 
LRSS-eligible supervisees also showed no 

evidence that this expansion put the com­
munity’s safety at risk. Overall, rearrest rates 
remained markedly stable, even after this 
expansion was implemented. For example, 
the percentage of LRSS supervisees who were 
rearrested for any offenses within 12 or 24 
months after their supervision start dates 
declined slightly between the pre- and post-
expansion periods. Perhaps more important, 
the percentage of LRSS supervisees who were 
rearrested for violent offenses was essentially 
unchanged during the 2017-2021 time period 
and never exceeded 3 percent. 

FIGURE 5A. 
Average Number of In-Person Monthly Contacts by Supervision Month, Fiscal Year 2019 

FIGURE 5B.
 
Average Number of In-Person Monthly Contacts by Supervision Month, Fiscal Year 2021
 



TABLE 3.
 
Percentage of Supervisees with Noncompliance by Fiscal Year of Case Supervision and PCRA Risk Levels
 

TABLE 4.
 
Percentage of Supervisees Revoked by Fiscal Year of Case Supervision and PCRA Risk Levels, Fiscal Years 2019–2021
 

 

TABLE 5. 
Percentage of Supervisees Rearrested Within 12 Months of Fiscal Year Supervision 
Start Date for any Offense or Violent Offenses by PCRA Risk Levels
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Start Date for any Offense or Violent Offenses by PCRA Risk Levels 
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Nearly 9 out of 10 LRSS supervisees who 
committed crimes of violence were arrested 
for assault offenses. Last, LRSS supervisees 
consistently recidivated at levels lower than 
those in the other PCRA risk categories, 
except for the PCRA blues. 

While the study’s findings are promis­
ing concerning implementation of the LRSS 
expansion, some limitations to this research 
should be noted. First, the study is relatively 
exploratory, meaning that descriptive statistics 
served as a basis for this research. And while 

this study is informative, more robust tech­
niques, including multivariate analyses, will 
be required to further assess the expansion’s 
efficacy. 

Another issue involves the relatively short 
time period during which the LRSS expansion 
has been in effect (i.e., about 24 months) and 
the occurrence of the pandemic at the same 
time as the expansion (i.e., 2020), potentially 
diluting the results. Additional years of contact 
and recidivism data will be required to assess 
the permanency of this report’s findings. 

While important, these caveats do not take 
away from the principal findings highlighted 
in this research: 

1.	 That the federal supervision system
changed in response to the LRSS 
expansion. 

2.	 That this expansion did not threaten
community safety. 

The AO will continue to track the LRSS 
policy expansion’s implementation and moni­
tor impacts on community safety. 

TABLE 6. 
Percentage of Supervisees Rearrested Within 24 Months of Fiscal Year Supervision  
Start Date for Any Offense or Violent Offenses by PCRA Risk Levels 

TABLE 7.
 
Percentage of Supervisees Rearrested for Any Offense or Violent Offenses by Fiscal Supervision Year and PCRA Risk Levels 

TABLE 6. 
Percentage of Supervisees Rearrested Within 24 Months of Fiscal Year Supervision 
Start Date for Any Offense or Violent Offenses by PCRA Risk Levels 



 June 2023 WHITE PAPER ON LOW-RISK SUPERVISION 55 

FIGURE 6.
 
Most Common Offense Types for LRSS People Who Recidivated
 

FIGURE 7.
 
Types of Violent Offenses Committed by People Eligible for LRSS Supervision
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