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THIS ISSUE IN BRIEF

SPECIAL ISSUE ON ADVANCING EVIDENCE-BASED DECISION-MAKING IN PRETRIAL SERVICES

This special issue of Federal Probation offers our readers eight articles that advance evidence-based decision-making in pretrial services. 
We have grouped them into two sets of four articles each, with the first four focusing on the federal pretrial services system, and the final 
four reporting on several studies of pretrial release and detention factors in American county systems undertaken by RTI International. 
Matthew DeMichele introduces the county-based RTI International studies on p. 41.

Our first four articles use multiple angles to focus on pretrial decision-making in the federal pretrial services system. “Evidence Over 
Imitation: Developing Research-Informed Strategies for Pretrial Decision-Making” provides an overview of actuarial pretrial assessments 
and how they are used—in initial determinations of detention, release, and release conditions; and in the various interventions related to 
monitoring, treatment, and pretrial supervision for those on release.

The second of the four, “The Presumption for Detention Statute’s Relationship to Release Rates Revisited: A Replication and Extension,” 
updates and extends a 2017 Federal Probation article by Amaryllis Austin. The update by Austin et al. uses newer data and multivariate 
modeling to study the impact of the presumption for detention statute on federal pretrial release rates. 

In “Revising the Pretrial Risk Assessment (PTRA): Promising Options,” Valdez Hoffer and Lowenkamp present key findings from 
the revalidation of the federal pretrial services system’s risk assessment instrument and discuss additional factors for expanding its use in 
pretrial decision-making.

Finally, the fourth in this opening set of articles on pretrial decision-making in the federal system is “Racial Disparity in Federal 
Pretrial Detention Recommendations: Trends Over Two Decades and Association with Risk Assessment Implementation.” Lowenkamp et 
al. examine changes in racial disparities in federal detention recommendations from 2004 to 2024. Results of their analysis—which show 
a 75 percent decrease in racial disparities over the study period, and a significant and sustained drop in disparities following a marker 
of achieving full PTRA implementation in 2011—underscore the potential value of such structured human decision-making in reducing 
racial bias and supporting pretrial reform.

In total, the eight articles making up this special issue should provide readers with abundant insights and suggest fruitful avenues of 
future research in advancing evidence-based decision making in the critical field of pretrial services.

—Ellen Wilson Fielding
Editor

Evidence Over Imitation: Developing Research-Informed Strategies for Pretrial Decision-Making 4
The decision to release or detain a defendant pretrial represents a crucial “pivot point” within the criminal justice process. Defendants 
facing pretrial incarceration are beset with numerous consequences that can border on the catastrophic, including the curtailment of their 
personal liberties with accompanying losses in their employment status, residential stability, and even parental rights. Pretrial detention 
can also have negative implications for pretrial outcomes, such as failure to appear and new pretrial arrests, as well as case outcomes. The 
authors provide a general overview of actuarial pretrial assessments and the implementation of these tools in criminal court systems and 
highlight the characteristics of pretrial conditions and interventions related to monitoring, treatment, and supervision currently being 
delivered to defendants on release and the efficacy of these conditions and interventions.
By Kristin A. Bechtel, Thomas H. Cohen, Alexander M. Holsinger, Christopher T. Lowenkamp, Charles R. Robinson

The Presumption for Detention Statute’s Relationship to Release Rates Revisited:  
A Replication and Extension 14
This study examines the impact of the presumption for detention statute on federal pretrial release rates by replicating and extending 
Austin (2017), using newer data and multivariate modeling. After the Bail Reform Act of 1984, which allowed detention based on 
perceived risk and established presumptions for certain offenses, federal pretrial release rates declined significantly. This research explores 
whether the trends identified in 2016 continue through 2022 and whether multivariate analyses confirm Austin’s findings and this study’s 
bivariate analyses. Consistent with Austin (2017), both bivariate and multivariate results show that presumption status is not associated 
with pretrial outcomes such as failure to appear, arrest for any offense, or arrest for violent offenses. However, presumption status is 
significantly linked to pretrial officer recommendations, judicial decisions, and revocation rates.
By Amaryllis Austin, Sara J. Valdez Hoffer, Christopher T. Lowenkamp
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Revising the Pretrial Risk Assessment (PTRA): Promising Options 26
The authors present key findings from a revalidation of the federal pretrial risk assessment (PTRA) to confirm its validity and explore 
additional factors for expanding its use in pretrial decision-making. They address the need for comprehensive research on the validity of 
the PTRA, given its widespread use by federal pretrial services officers to assist judicial officers in crucial release or detention decisions. 
The research highlights that the PTRA remains a reliable tool and identifies ways to enhance its application for officers and judges despite 
initial hesitancy and concerns during its implementation.
By Sara J. Valdez Hoffer, Christopher T. Lowenkamp

Racial Disparity in Federal Pretrial Detention Recommendations:  
Trends Over Two Decades and Association with Risk Assessment Implementation 35
Risk assessment instruments could help reduce unnecessary pretrial detention by prioritizing lower risk defendants for release, but 
some stakeholders fear they could worsen racial disparities. The authors examine changes in racial disparities in federal detention 
recommendations from 2004 to 2024, focusing on the potential impact of the Pretrial Risk Assessment (PTRA). Analyzing data from 
over 650,000 cases, they track disparities, with particular attention to PTRA implementation events in 2011 and 2014. Results show (a) a 
75 percent decrease in racial disparities over the study period and (b) a significant and sustained drop in disparities following a marker 
of achieving full PTRA implementation in 2011. The findings underscore the potential value of structured human decision-making in 
reducing racial bias and supporting pretrial reform.
By Christopher T. Lowenkamp, Jennifer Skeem, Lina Montoya

Introduction to Pretrial Research in Action: Four Articles From RTI International 41
An introduction to four articles on pretrial release and detention factors explored in research undertaken by RTI International.
By Matthew DeMichele

Examining the Patterns of Pretrial Rearrest in a Large Southeastern County 43
Pretrial risk assessment validation research has focused on evaluating a pretrial assessment instrument’s ability to predict outcomes, 
such as failure to appear, any new criminal arrests, and new violent criminal arrest during the pretrial period. However, few studies have 
explored the most common patterns of reoffending during the pretrial period. This study explores the rearrest patterns of individuals 
who are released pretrial, with the main research question being how often and for what types of crimes individuals who are released 
during the pretrial period are rearrested, and how this varies by their initial charge level and type.
By Christopher Inkpen, Ian A. Silver, Kristin Bechtel, Matthew DeMichele

Exploring the Relationship of Domestic Violence Charges on Release  
and Detention Decision-Making and Pretrial Outcomes 51
Domestic violence (DV) cases create challenges for pretrial release decision-making. Pretrial assessment instruments are not typically 
developed to predict the likelihood of a pretrial DV arrest; rather, they are developed to predict failure to appear for a scheduled court 
date, pretrial arrest for any charge, or pretrial arrest for violence (but not defined as DV exclusively). As such, courts often have limited 
objective assessment data available to inform their release decision for DV cases. The current study explores the release and detention 
decision and the likelihood of pretrial outcomes, including pretrial DV arrest, using the Public Safety Assessment (PSA).
By Kim Janda, Kristin Bechtel, Debbie Dawes, Matthew DeMichele

Examining Adherence to the Public Safety Assessment and Release Conditions Matrix  
on Individual Case and System Outcomes 65
Research on actuarial risk assessments suggests that these instruments are better predictors of future behavior and more objective than 
clinical or professional judgment alone. Yet, research examining the impact of pretrial release policies based on a risk assessment on a 
variety of outcomes, including the release and detention decision, release rates, length of stay during the pretrial period, case disposition, 
court appearance, and pretrial arrests, is just starting to emerge. Adoption of the Public Safety Assessment (PSA), which was developed in 
2014, has rapidly expanded with multiple jurisdictions across 26 states having implemented it. When jurisdictions adopt the PSA, one of 
the initial steps is to develop a Release Conditions Matrix (RCM) to inform release decision-making—which includes setting supervision 
levels and corresponding release conditions based on the PSA scores. The current study explores how adherence to the pretrial services 
release recommendation influences individual, case, and pretrial outcomes within a large southeastern county.
By Kristin Bechtel, Catherine Grodensky, Christopher Inkpen, Matthew DeMichele
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Courts and legislative bodies across the United States have sought to implement strategies to increase the use of community supervision 
and decrease the use of detention during pretrial. However, appropriately supervising individuals in the community represents a 
substantive challenge. Pretrial supervision agencies must assess the public safety risk an individual poses to the community and develop 
a plan that can best address the risks and needs of the individual on supervision. Pretrial supervision agencies have tools to achieve both 
requirements, but do not have the empirical evidence to guide the development of effective supervision plans for individuals during 
pretrial. It is important to understand how combinations of supervision requirements affect the likelihood of an individual experiencing 
a new arrest—a proxy for community safety—as this information could be used to develop more effective pretrial supervision plans.
By Ian A. Silver, Matthew DeMichele, Kristin Bechtel, Pamela K. Lattimore
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Evidence Over Imitation: Developing 
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WHEN A PERSON123i4 s arrested and charged 
with a criminal offense, judicial officials
must determine whether that person (the
defendant) should be released back into the 
community or detained pretrial (American 
Bar Association, 2007). The decision to release 
or detain a defendant pretrial represents a cru-
cial, some would say even key, “pivot point” 
within the criminal justice process (Carr,
2017). Defendants facing pretrial incarcera-
tion are beset with numerous consequences 
that can border on the catastrophic, including 
the curtailment of their personal liberties with 
accompanying losses in their employment
status, residential stability, and even parental 
rights (Stevenson & Mayson, 2017; Bergin
et al., 2022). Pretrial detention can also have 
negative implications for pretrial outcomes, 
such as failure to appear and new pretrial 
arrests (Holsinger, Lowenkamp, & Pratt,
2023) as well as case outcomes. A plethora of 
research studies has empirically demonstrated 
that detained defendants are more likely to 
be convicted, receive longer incarceration

terms, and engage in higher levels of future 
criminal activity than defendants placed on 
pretrial release (Dobbie, Goldin, & Yang, 
2016; Gupta, Hansman, & Frenchman, 2016; 
Heaton, Mayson, & Stevenson, 2017; Leslie 
& Pope, 2017; Lowenkamp, VanNostrand, & 
Holsinger, 2013; Koppel et al., 2022; Oleson, 
VanNostrand, Lowenkamp, Cadigan, &
Wooldredge, 2014; Reitler, Sullivan, & Frank, 
2013; St. Louis, 2023). In fact, it seems that 
the pretrial stage is so crucial to the criminal 
justice process that the statement “pretrial 
determines mostly everything” sums up the 
importance of this pivot point quite meaning-
fully (McCoy, 2007).

In recognition of the heavy costs associated 
with pretrial detention, many jurisdictions
throughout the country are engaged in various 
reform efforts aimed at reducing pretrial deten-
tion in a way that alleviates socio-economic 
inequalities without resulting in potentially 
adverse outcomes, including increases in the 
proportion of released defendants failing to 
make court appearances or engaging in pre-
trial crime (Stevenson & Mayson, 2017). Most 
of these efforts have occurred at the state level, 
where many jurisdictions are attempting to 
move from systems where release hinges on 
the defendant’s capacity to pay financial bail 
to systems in which the release decision is 
guided by actuarial risk tools (Grant, 2018; 
Mamalian, 2011; Pretrial Justice Institute,

2012; Stevenson, 2018).5

5 The most recent of these reform efforts occurred 
in California, which recently passed a law elimi-
nating cash bail for the entire state. The law is 
scheduled to go into effect on October 1, 2019 
(Park, Tuesday August 2018), but was later recalled.

 At the federal level, 
the Administrative Office of the U.S. Courts 
Probation and Pretrial Services Office (PPSO) 
sponsored its first-ever national conference 
devoted to federal pretrial issues in 2018. 
The conference ended with a call to action 
for federal pretrial officers, judicial officials, 
and policymakers to devote more attention, 
resources, policy guidance, and research to 
pretrial decision-making in the federal justice 
system.6

6 A follow-up federal pretrial conference occurred 
in 2023 covering issues somewhat similar to those 
highlighted in the initial federal pretrial conference.

Given the surging interest and reform 
efforts focused on the pretrial process, it 
seems an opportune time to take stock of 
our understanding of several issues that are 
of critical importance to the pretrial stage of 
criminal justice case processing. Specifically, 
this essay will provide a general overview of 
actuarial pretrial assessments and the imple-
mentation of these tools in criminal court 
systems and highlight the characteristics of 
pretrial conditions and interventions related 
to monitoring, treatment, and supervision 
currently being delivered to defendants on 
release and the efficacy of these conditions 
and interventions. It is our hope that this essay 
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will highlight our current understanding of
these key pretrial areas, identify knowledge
gaps that a research agenda could fulfill, and 
initiate a call to action for developing a theo-
retical framework directed at the pretrial field.

The need for theoretical development in
the pretrial arena is especially acute since,
unlike the community corrections field where 
the evolution and development of a compre-
hensive theoretical paradigm has occurred
(that is, the Risk, Needs, and Responsivity
model), no similar framework exists in the pre-
trial sphere (Andrews & Bonta, 2017). As will 
be demonstrated, attempts to graft the Risk, 
Needs, and Responsivity model (hereinafter
the RNR model) onto the pretrial process have 
been somewhat problematic; hence, there is
an urgent need for more theoretical develop-
ment directed at this key pivot point within the 
criminal justice system (Carr, 2017).

Pretrial Risk Assessment
What Do We Know About 
Pretrial Risk Assessment?
The use of actuarial risk instruments to inform 
pretrial release and detention decisions has an 
extensive history. The first pretrial risk instru-
ment dates to the early 1960s, originating with 
the Vera Institute’s attempt to construct a scale 
capable of predicting whether a defendant 
would show up to court (Ares, Rankin, & 
Sturz, 1963; Eskridge, 1983). Since that period, 
a substantial amount of research has occurred 
around pretrial risk assessments, with sev-
eral states and the federal system using these 
instruments to inform pretrial decision-
making (Bechtel, Holsinger, Lowenkamp, & 
Warren, 2016; Cadigan & Lowenkamp, 2011; 
Desmarais et al., 2021; Desmarais, Monahan, 
& Austin, 2022; Goldkamp & Vilcia, 2009; 
Mamalian, 2011; Picard-Fritsche, Rempel, 
Tallon, Adler, & Reyes, 2017; Summers & 
Willis, 2010; LJAF, 2013). Moreover, the recent 
development of a national pretrial risk tool 
by the Arnold Ventures Foundation (titled 
the Public Safety Assessment or PSA) that 
could be used in any jurisdiction has further 
accelerated the embracing of these practices 
by criminal justice officials, stakeholders, and 
policymakers (LJAF, 2013).

A review of the pretrial risk assessment lit-
erature shows most of these instruments using 
some combination of similar factors to predict 
a defendant’s likelihood of failing to appear 
or being arrested for pretrial crime. The most 
common risk elements embedded within 
these instruments include current offense 
charge, prior convictions, prior incarceration, 

pending charges, history of failure to appear, 
community ties and residential stability, sub-
stance abuse, employment and education, and 
age (Bechtel et al., 2016; Bechtel, Lowenkamp, 
& Holsinger, 2011; Desmarais & Lowder, 
2019; Desmarais et al., 2021; Desmarais et 
al., 2022; Latessa, Lemke, Makarios, Smith, 
& Lowenkamp, 2009; Mamalian, 2011). 
Information on these factors is typically 
obtained by reviewing criminal records, inves-
tigating court documents, and interviewing 
defendants and verifying the information 
gleaned through the interview (Bechtel et al., 
2016).

While gathering information on these
pretrial risk factors should be relatively
straightforward, pretrial assessments are often 
conducted in an environment in which the
presence of high caseloads, the lack of staff
dedicated to pretrial decision-making, and
the limited period between arrest and initial
appearance creates barriers to completing
these assessments in an accurate, timely, and
complete manner (Mamalian, 2011). As a
consequence, there have been efforts to con-
struct pretrial assessments based solely on
static factors that could be obtained with-
out conducting interviews, while maintaining 
levels of predictive validity similar to those
obtained by risk assessments relying on inter-
views (Bechtel et al., 2016). These efforts were 
guided by research showing that the items
most strongly correlated with pretrial failure
are typically static and related to criminal his-
tory—prior convictions, prior felonies, prior
misdemeanors, juvenile arrest, and prior fail-
ure to appear—and ultimately resulted in the 
creation of a pretrial risk assessment tool (i.e., 
PSA) that can be completed without having
to conduct an in-person interview with the
defendant (LJAF, 2013).7

7 The PSA is currently being used statewide in 
Kentucky, Arizona, New Jersey, and Utah. It is also 
being used in several major cities and multiple 
counties across the country (See PSA Map on the 
Advancing Pretrial Policy and Research website: 
PSA Map | Advancing Pretrial Policy & Research 
(APPR)).

In general, research has shown that risk 
assessment tools, including those used at 
the pretrial stage, provide more accurate 
predictions than clinical approaches where 
decisionmakers rely on professional judg-
ment or intuition gleaned through interviews 
or documentation reviews to best assess a 
person’s risk (Andrews & Bonta, 2010; Grove, 
Zald, Lebow, Snitz, & Nelson 2000). The first 
meta-analysis of actuarial pretrial tools found 

a “medium” effect size in terms of their capaci-
ties to predict pretrial outcomes of missed 
court appearances and pretrial crime (Bechtel 
et al., 2016). Similarly, a recent meta-analysis 
demonstrated that the predictive validity of 
pretrial risk assessments could be classified 
as good to excellent (Desmarais et al., 2021). 
Other agencies highlight the potential
benefits of using risk assessment tools, includ-
ing a reduction in jail populations and an 
increase in pretrial release recommendations 
(Cooprider, 2009; Desmarais, 2022; Lowder et 
al., 2020; Mahoney, 2001; Marlowe et al., 2020; 
Stevenson & Doleac, 2018; Viljoen, 2019).

Moving Forward With a Pretrial 
Risk Agenda – Challenges 
and Considerations
While we know a great deal about pretrial 
risk assessments, there’s a continual need 
for a research agenda that can further our 
understanding of these tools. Constructing a 
research agenda focused on risk assessments 
is particularly necessary because, though
much effort has been expended on validating 
the predictive efficacy of these instruments 
(see Mamalian, 2011; Bechtel et al., 2016), 
little is understood about how these tools are 
being implemented by local actors within 
specific criminal justice systems and their 
potential limitations in pretrial recidivism 
prediction that might necessitate non-quan-
titative approaches to move the field forward.

Of all the varied issues that could inform 
a pretrial research agenda, one of the most 
important involves understanding exactly 
how these instruments are being implemented 
by local criminal justice actors (Stevenson, 
2018). Many proponents of risk tools hope 
that implementing these assessments will 
result in an increase in release rates as lower 
risk defendants are placed on pretrial release 
without having to pay any financial bail, with 
no simultaneous increases in missed court 
appearances or pretrial crime. While the 
advocates of risk assessment approaches have 
been optimistic about the potential effects of 
these devices, there are relatively few empirical 
studies “about how risk actuarial assessments 
have affected practices and outcomes” (Berk, 
2017: 193). Specifically, several recent studies 
have shown risk instruments having minimal 
impacts on overall pretrial release or violation 
rates (see Brooker, 2017; Cohen & Austin, 
2018; Stevenson, 2018); other research, how-
ever, has shown that implementing these 
instruments can be associated with reduc-
tions in pretrial jail populations and detention 
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rates, at least in the short term (Pretrial Justice 
Institute, 2019), including reducing book-
ing rates, without an increase in failure to 
appear or new pretrial arrests (Lowenkamp, 
DeMichele, Klein, & Warren, 2020).

Local criminal justice systems have a 
variety of organizational, structural, and oper-
ational barriers that could potentially thwart 
the effective implementation of pretrial assess-
ment tools (Mamalian, 2011). Specifically, 
most criminal courts operate within the con-
text of the “court workgroup,” in which key 
players, including defense attorneys, pros-
ecutors, judges, and pretrial officers, share 
responsibilities for criminal case processing 
decisions, including whether to place on pre-
trial release or keep detained a defendant 
(DeMichele et al., 2018; Eisenstein, Fleming, 
& Nardulli, 1988; Eisenstein & Jacob, 1977). 
Any of these courtroom actors could use their 
local discretion to impede the effective use of 
assessment tools in pretrial systems, and the 
likelihood of pushback could be especially 
acute in systems where these actors have not 
bought into using assessments to inform 
release and detention decisions (Mamalian, 
2011). This is particularly true for judges, who 
in many instances are the ultimate arbiters of 
the release decision. If, for example, judges 
have discretion to depart from or ignore the 
risk assessment guidelines or (as in the case 
of the federal justice system) must consider 
factors that do not specifically incorporate 
risk tools, the risk assessment instrument may 
not work as intended (Pretrial Justice Institute, 
2019). Hence, any pretrial research agenda 
should consider comprehending the ways in 
which local court actors interact with and 
react to attempts to integrate risk assessments 
into the pretrial decision-making processes.

An additional complication and little noted 
factor in the effective implementation of risk 
assessments is the potential for financial bail 
systems to disrupt the assessment process. 
Though recent reform efforts have attempted 
to mitigate the use of financial bail, the 
Bureau of Justice Statistics (BJS) reports that, 
for defendants charged with felony offenses 
in the nation’s 75 most populous counties 
in 2009, bail bondsmen still accounted for 
the most common forms of pretrial release. 
Moreover, nearly 90 percent of detained felony 
defendants were held in jail because they 
were unable to meet the financial conditions 
required to secure release (Reaves, 2013). 
Given that many state and local jurisdictions 
still rely on bail schedules and bail bondsmen 
to effect pretrial release, the potential nexus 

between risk assessments and the imposition 
of financial bail has been barely acknowledged 
and poorly understood. In many jurisdictions 
using bail schedules, defendants could simply 
bail out of jail prior to being assessed with any 
risk tool, or, even if assessed as high risk, buy 
their freedom if bail amounts are attached to 
high-risk classifications. The extent to which 
the ability to post financial bail could poten-
tially undermine risk assessment efforts in 
states using both mechanisms of release needs 
to be further explored by researchers and 
policymakers.

In addition to resistance from court actors 
and bail systems to the wholesale adoption 
of actuarial assessments, there are a vari-
ety of methodological issues associated with 
deficiencies in the quality and standardiza-
tion of data warehoused in local pretrial or 
court systems that could potentially disrupt 
risk assessment implementation (Mamalian, 
2011). Due to a lack of financial resources 
and personnel, many pretrial programs do not 
possess information systems that are sufficient 
to the task of risk validation or even data 
quality assessment and maintenance (Clark & 
Henry, 2003; Mamalian, 2011). Even for those 
systems with adequate pretrial data, accessing 
the data for validation and research purposes 
and then employing personnel with the requi-
site skills to conduct appropriate analyses can 
be a time consuming and expensive endeavor 
(Mamalian, 2011).

Jurisdictions, moreover, differ on how they 
measure or count the core pretrial outcome 
metrics of failure to appear (FTA) or pretrial 
crime. Most jurisdictions with pretrial pro-
grams, for example, only count FTA or pretrial 
crime events for those defendants under pre-
trial supervision, ignoring these outcomes 
for unsupervised defendants (Pretrial Justice 
Institute, 2009). Furthermore, a survey of 
pretrial programs showed that only 37 percent 
of these programs have the capacity to cal-
culate rearrest rates (Pretrial Justice Institute, 
2009). Last, the way FTAs are measured can 
vary across jurisdictions, with some basing 
the rate on the number of court appearances 
with skips, while others base it on the number 
of defendants with FTAs (Mamalian, 2011; 
Pretrial Justice Institute, 2009). It is quite 
possible that the paucity of well-funded and 
maintained pretrial case management sys-
tems, the absence of staff with the skills to 
conduct analyses directed at risk prediction 
and quality maintenance, and the lack of uni-
formity in measuring and collecting various 
outcomes have hindered the capacity of many 

local jurisdictions to effectively implement 
and validate their risk instruments (Pretrial 
Justice Institute, 2009).8

8 See Pretrial Justice Institute’s survey of pretrial 
programs in 2009 showing less than half (41 per-
cent) of jurisdictions are using risk assessments that 
have been validated over the past five years (Pretrial 
Justice Institute, 2009).

 Research should focus 
on how these data quality issues might hinder 
effective risk assessment implementation and 
suggest mechanisms for overcoming these 
data quality barriers and challenges.

An issue related to data quality is that, to 
our knowledge, there have been no attempts 
to assess the extent to which court or pretrial 
staff are being trained on the scoring of pre-
trial assessment tools and whether these tools 
are being scored accurately, consistently, and 
reliably.9

9 It should also be noted that there are relatively 
few studies examining the issue of reliability for risk 
instruments at the post-conviction stage (Duwe & 
Rocque, 2017).

 As a result, the research on the degree 
of inter-rater reliability among officers using 
risk assessments at the pretrial stage is slim to 
nonexistent. The dearth of research on scoring 
reliability is unfortunate because, though reli-
ability is an often-neglected issue in the risk 
assessment field (Desmarais & Singh, 2013), 
its importance is crucial to successful imple-
mentation of these devices and to the accurate 
recidivism prediction. In fact, some studies 
suggest that poor reliability can result in a deg-
radation of risk prediction (Duwe & Rocque, 
2017). A pretrial research agenda should 
consider attempting to gauge the issue of reli-
ability and the possibility that poor reliability 
might be hindering the effective application of 
pretrial risk instruments.

In addition to issues of risk assessment 
implementation, it’s important to acknowl-
edge that research from a few years ago 
showed pretrial risk assessments have pre-
dictive capacities in the “good” range, with 
AUC-ROC scores ranging in the mid to high 
0.60s (DeMichele et al., 2018; Desmarais & 
Singh, 2013). However, a recent meta-analysis 
examining pretrial assessments found that 
the predictive validity of pretrial assessments 
ranged in the “good” to “excellent” range 
(.70 or higher). Of course, these positive 
findings are not consistent across tools or by 
racial groups, as poor AUC-ROC scores have 
been observed (Medhanie et al., 2023). There 
are numerous possible explanations for why 
pretrial assessments are not as predictive as 
hoped. First, pretrial risk tools are not basing 
their predictive algorithms on the behavior 
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of all defendants; rather, they are grounded 
on the outcomes for only those defendants 
released pretrial. While detained defendants 
might engage in criminal misbehavior to 
the same extent as released defendants, it is 
more likely that released defendants would 
have lower risk characteristics and pretrial 
violation rates than their detained counter-
parts (Mamalian, 2011; Stevenson, 2018). 
The extent to which selection biases might 
be hindering the development of effective 
risk assessment prediction needs to be better 
investigated and understood. Another issue 
is the short time periods many defendants 
stay on pretrial release, which is especially 
problematic when trying to predict violent 
crimes (Mamalian, 2011). Several reports 
show released defendants remaining on pre-
trial release for 9 months or less; these short 
time periods might not be sufficient when 
attempting to gauge the probability of low 
base rate events such as violent pretrial crime 
(Barabas et al., 2019; Pretrial Justice Institute, 
2020). Despite the challenge of low base rates 
and the short period to predict violent pretrial 
crime, there are pretrial assessments that were 
developed to predict FTA, pretrial arrest, 
and pretrial arrest for a violent charge (e.g., 
Public Safety Assessment), and research has 
demonstrated the predictive validity of these 
assessments (Brittain et al., 2021; DeMichele 
et al., 2020; Desmarais et al., 2016, 2021; 
Lowder, Lawson et al., 2020; Lowenkamp et 
al., 2020; Marlowe et al., 2020). Of course, 
with the COVID-19 pandemic, case process-
ing time frames have increased (Germano, 
Lau, & Garri, 2022) and court backlogs from 
the social distancing mandates and lockdowns 
have been attributed to these delays (Nahra, 
2021).

Importantly, testing for predictive bias in 
risk assessments has become standard for tool 
development and validation studies—although 
validation studies do not consistently provide 
these analyses or present these findings. As 
a result, a few pretrial assessment validation 
studies have revealed differential prediction by 
race (Medhanie et al., 2023) and by race and 
gender for pretrial scales that aim to predict 
a specific outcome, such as FTA (Lowenkamp 
et al., 2020), and have been moderated by race, 
but without a disparate impact (DeMichele 
et al., 2020). While many pretrial validation 
studies have not found evidence of predictive 
bias by race or gender, additional research 
is warranted to confirm that assessments do 
not exacerbate bias (Desmarais et al., 2021), 
especially if the information produced by the 

assessment could result in different decision-
making and treatment—such as detaining 
an individual or assigning unnecessarily 
intensive release conditions (Desmarais et al., 
2022). Relatedly, a serious critique has been 
raised not only about the use of risk assess-
ments and the output generated, but about 
concerns about the data entered to produce 
a score; namely, these tools primarily rely on 
a review of an individual’s criminal history. 
These data may capture differential treatment 
across the criminal legal system for Black 
individuals when compared to similar White 
individuals (Pierson et al., 2020; Stolzenberg 
et al., 2013; Kochel et al., 2011). Researchers 
have started to take a closer look at a possible 
option to mitigate this concern. Specifically, 
one study examined the predictive validity of 
the Public Safety Assessment’s New Criminal 
Arrest (NCA) scale when scored with an 
abbreviated criminal history rather than with 
a lifetime review; the study found equal pre-
dictive validity regardless of the scale being 
scored with a 5-year criminal history review 
or with a lifetime review. As a result, substan-
tially fewer Black individuals were scored as 
high risk (DeMichele et al., 2023). The poten-
tial implications for this could mean that more 
Black individuals will be released, and pretrial 
detention and disparities in the jail popula-
tion could be reduced. This approach has an 
empirical base, as research has demonstrated 
that recent convictions are more predictive 
than convictions from 10 to 20 years ago 
(Blumstein & Nakamura, 2009; Bushway et 
al., 2011), and individuals who remain crime 
free for 5-7 years are no more likely to be rear-
rested than an individual with no prior system 
involvement (Blumstein & Nakamura, 2009). 
Since many assessments use the full criminal 
history record for scoring (unless the item is 
time-bound), replicating this study with other 
pretrial assessments in multiple settings will 
be an important next step in pretrial research.

While some of the issues mentioned above 
that hinder effective risk prediction might be 
addressed by the advent of machine learning 
algorithms, it is also quite possible that we
have reached the limits of what “big data” will 
tell us regarding a defendant’s propensity to 
miss court appearances or engage in pretrial 
crime. Perhaps qualitative approaches involv-
ing focus groups or strategically structured
interviews in which low-risk defendants who 
failed are asked why they failed and high-risk 
defendants who succeeded are queried on why 
they remained free of any pretrial violations are 
required to move the pretrial risk assessment 

field forward (Courtland, 2018). Alternatively, 
reviewing samples of officer field notes for 
information about defendants who succeeded 
or failed while on pretrial release might pro-
vide another source of valuable information 
about the causal mechanisms of events leading 
to pretrial failure. The bottom line is that the 
integration of conceivably less data-oriented 
approaches to pretrial risk assessment might 
be necessary to better understand risk predic-
tion in the pretrial arena.

Pretrial Conditions and 
Intervention Efforts
What do we know about pretrial 
conditions and intervention efforts 
aimed at curbing missed court 
appearances and pretrial crime?
For those defendants placed on pretrial release, 
jurisdictions use a variety of conditions both 
standard and specific to lower the likelihood 
that the released defendant will miss court 
appearances or be arrested for pretrial crime 
(Clarke, 1988; Bechtel et al., 2016). Many of 
these conditions are applied in blanket fashion 
and are often imposed without consideration 
of a defendant’s risk of pretrial failure (Bechtel 
et al., 2016). The types of conditions imposed 
on released defendants can range from those 
that are typically considered standard, mean-
ing they are applied to nearly all released 
defendants, to those that are more special-
ized in their imposition, meaning they are 
applied to subsets of released defendants. In 
many jurisdictions, however, the differences 
between standardized and special conditions 
are somewhat ambiguous, as many special 
conditions have become relatively common in 
their application (Bechtel et al., 2016).

Pretrial conditions can encompass a 
variety of interventions, some of which are 
oriented to restricting the defendant’s free-
doms, while others are fashioned to either 
monitor the defendant’s behavior or provide 
rehabilitative services. Pretrial conditions that 
are focused on restricting the defendant’s 
freedoms include travel restrictions, weapons 
restrictions, curfews, no contact with victims 
or witnesses, or no arrest interactions with law 
enforcement officers. Monitoring conditions 
typically include electronic monitoring com-
pliance, drug and alcohol testing, or search 
and seizure. Treatment conditions include a 
range of interventions involving substance 
abuse, mental health, or sex offender treat-
ment (Bechtel et al., 2016). In addition to all 
of the above conditions, some don’t fall into 
any classifiable categories, including court 
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notification programs, pretrial supervision, or 
financial bond.

Regardless of the condition or interven-
tion imposed, there is a general theory that 
pretrial interventions should follow the model 
imposed on corrections populations at the 
post-conviction stage (Bechtel et al., 2016). 
In other words, there exists an expectation 
that applying the RNR model to pretrial
systems would produce results similar to
those observed in the community correc-
tions and post-conviction arenas. As will be 
demonstrated, there has been relatively little 
empirical research on the efficacy of these pre-
trial interventions, and many have not worked 
as intended (Cohen & Hicks, 2023; Bechtel 
et al., 2016; Mamalian, 2011). We provide a 
brief overview of some predominant research 
examining the effectiveness of pretrial condi-
tions and interventions below.

Among the various types of pretrial con-
ditions, perhaps the most common involve
monitoring or treatment interventions.
Substance abuse testing and location moni-
toring encompass some of the most frequent 
forms of monitoring conditions (Mahoney
et al., 2001; Pretrial Justice Institute, 2009,
2012). Substance abuse testing has become
a particularly commonplace tool to gauge
whether defendants are engaged in drug abuse 
while on pretrial release, but the research on 
its effectiveness is arguably outdated. Most
of the descriptive studies have not found a 
clear association between drug testing and
improved pretrial outcomes, and the limited 
rigorous approaches have not produced con-
sistent findings. A 1992 RCT conducted in
two Arizona counties found mixed results
on the impact of drug testing on pretrial
misconduct, which included failure to appear 
and pretrial arrest. One county experienced 
a slight reduction in pretrial arrest for the
treatment group (assigned drug testing), and 
there was no difference in failures to appear. 
The other county saw a significant increase 
in failures to appear and pretrial arrest for
the group that had drug testing (Britt et
al., 1992). Randomized controlled trials of
approximately 300 people in Maryland and
in Wisconsin found that those assigned to
drug testing did not significantly differ from 
those who were not assigned to drug testing 
(Goldkamp & Jones, 1992). Another study
explored the use of sobriety monitoring across 
multiple jurisdictions and found mixed results 
in terms of avoiding pretrial arrest, but court 
appearance rates were the same across groups 
(MDRC), that those who were on sobriety

monitoring avoided arrest and made court 
appearances at the same rates compared to 
those who were not (Golub, Valentine, &
Holman, 2023). Much of the known research 
is outdated; new research must aim to produce 
a causal link and examine the relationship 
between drug and sobriety testing on pretrial 
outcomes, cost effectiveness, varying intensity 
levels, and if there are any disproportionate 
results for certain demographics. Ultimately, 
judicial authorities need to know when
mandating drug testing and sobriety moni-
toring is beneficial and when it is harmful. 
Further, electronic monitoring has increased 
as a mechanism for reducing jail overcrowd-
ing and ensuring that released defendants
comply with certain specified release condi-
tions (Bechtel et al., 2016), with substantial 
increases in the use of electronic monitor-
ing resulting from the COVID-19 pandemic 
and social distancing mandates (Weisburd
et al., 2021). At this point, it is difficult to 
draw conclusions on the benefits and harms 
of electronic monitoring during the pretrial 
stage, as the research has been primarily
conducted on probation and parole samples. 
With few exceptions, the research lacks rigor 
and the results are mixed (Wolff et al., 2017; 
Sainju et al., 2018; Belur et al, 2020). One 
study evaluating electronic monitoring found 
that moderate to high-risk individuals on
electronic monitoring had significantly lower 
rates of rearrest compared to those not being 
monitored (Wolff et al., 2017). A recent multi-
site study compared successful outcomes of 
individuals released on pretrial supervision 
with electronic monitoring to those released 
on pretrial supervision without monitoring. 
The researchers found that those who were 
not assigned to monitoring were more likely 
to avoid arrest (76%) compared to those who 
were (67%) after a six-month period, suggest-
ing that the monitored group’s rearrest rate was 
9 percentage points higher than the group that 
was not monitored (Anderson et al., 2023). 
When the technology is available, electronic 
monitoring is often assigned to individuals 
with domestic violence charges; however, 
one study found that electronic monitoring is 
not associated with recidivism reductions for 
these cases (Grommon, Rydberg, & Carter, 
2017). Electronic monitoring comes at a 
cost, which in some jurisdictions is passed 
onto those under supervision (both pretrial 
and probation). While many states do not 
share information about fees associated with 
electronic monitoring, one report found the 
average yearly costs of 22 states for one person 

to be on a monitor was $3,284.08 (Weisburd 
et al., 2021). Ultimately, the current state of 
electronic monitoring research for pretrial 
populations suggests that electronic monitor-
ing should not be broadly applied (Sainju et 
al., 2018), and additional research focusing 
on risk levels, less restrictive options, specific 
populations, dosage, and costs relative to alter-
native conditions that may produce similar or 
improved outcomes is warranted.

In addition to these monitoring programs, 
some pretrial interventions attempt to treat 
defendants for substance abuse, mental health 
problems, or specific charges, such as domes-
tic violence or sex crimes. Existing research, 
however, has failed to generate any conclusive 
evidence that these pretrial monitoring or 
treatment programs reduce the likelihood of 
missed court appearances or pretrial crime 
(Cohen & Hicks, 2023; Bechtel et al., 2016). 
Moreover, there is some evidence that the 
placement of these conditions on lower risk 
defendants is associated with an increase in 
the likelihood of pretrial failure (VanNostrand 
& Keebler, 2009).

Another commonly used pretrial condition 
involves the placement of released defendants 
on some form of pretrial supervision pro-
gram. Pretrial supervision can encompass 
a range of interventions and management 
strategies including “face-to-face contacts, 
home contacts, telephone contacts, collateral 
contacts, court date reminders, and criminal 
history checks” (VanNostrand et al., 2011: 
29). There are pretrial services standards that 
support consistent policies being adopted; 
however, many pretrial practices, supervision 
techniques, and treatment strategies are not 
based on a sufficient body of evidence to sug-
gest that the policies and practices are likely 
to be effective and should be implemented, 
thereby making it difficult to have a clear 
understanding about what interventions or 
practices, if any, should be incorporated into 
pretrial supervision programs. Some pretrial 
programs, for example, offer a profusion of 
services to defendants, while for others, pre-
trial supervision might entail only monthly 
phone check-ins via automated calling sys-
tems (Bechtel et al., 2016). However, even 
those services labeled as supportive, such 
as providing transportation or vouchers to 
help with court appearance, have yet to be 
fully studied. The one study on transporta-
tion failed to demonstrate an improvement 
in court appearance as a result of providing 
transportation subsidies (Brough et al., 2021). 
Given the lack of standardization of what 
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even constitutes pretrial supervision (let alone 
effective pretrial supervision), there is little 
known about the characteristics of these sys-
tems, the supervision stratagems they use, and 
the services they offer to released defendants.

The lack of uniformity regarding what
constitutes pretrial supervision has created
significant obstacles to the empirical eval-
uation of these programs. There are few
empirical studies that have attempted to assess 
the efficacy of these programs, and in general 
they have not found these programs to be 
associated with reductions in court skips or 
pretrial crime (Cohen & Hicks, 2023; Bechtel 
et al., 2016; Mamalian, 2011; VanNostrand et 
al., 2011).

Most of the research on pretrial supervi-
sion and supervision intensity is descriptive. 
However, there are two older randomized
controlled trials (RCTs) examining pretrial
supervision and intensity. One RCT randomly 
assigned individuals to either more-intensive 
pretrial supervision or less intensive super-
vision plus access to services (vocational
training or drug/ alcohol counseling). It found 
no difference in appearance rate or rear-
rest across the groups (Austin, Krisberg, &
Litsky, 1985). A second RCT that randomly 
assigned individuals to low-supervision or
high-supervision conditions in Philadelphia
found no difference in appearance rates or
rearrest across the two groups for low-risk or 
moderate-to-high-risk. The study was unable 
to identify whether certain types of contacts or 
an optimal number of contacts might be asso-
ciated with decreases in pretrial supervision 
violations (Goldkamp & White, 2006).

While there are no RCTs that we have 
identified examining the impact of pretrial 
supervision compared with no supervision, 
a few studies provide some guidance about 
pretrial supervision policies and practices
surrounding the use of assessments and
supervision intensity.

Several studies, including older evalua-
tions, have found that conducting assessments 
and properly matching intensity with an indi-
vidual’s risk level is important for identifying 
the individuals who are most likely to benefit 
from either less or more intensive supervi-
sion (Goldkamp & White, 2006). One recent 
evaluation examined whether using current 
charge only or the Public Safety Assessment 
(PSA) and Release Conditions Matrix (RCM) 
was better at predicting any new pretrial arrest 
and violent pretrial arrests. The results suggest 
that using the PSA with the corresponding 
RCM supervision levels is a stronger and more 

consistent predictor of future arrest compared 
to using the most recent charges (Labrecque et 
al., 2024). Another study employed a regres-
sion discontinuity designed to estimate the 
impact of using a pretrial risk assessment 
conducted by the county pretrial services 
department as part of their supervision prac-
tices. The findings indicate that implementing 
a tool to inform the release decision resulted 
in an increase in non-financial bonds and a 
decrease in pretrial detention (but the effects 
of these two outcomes dissipated within two 
months). For pretrial crime, releases associated 
with the use of an assessment did not result in 
any changes to violent pretrial crime, although 
there was some suggestive but non-significant 
evidence of an increase to non-violent recidi-
vism—and these results were also observed 
when comparing indigent and non-indigent 
defendants (Sloan, Naufal, & Caspers, 2023). 
Relatedly, another study estimating the impact 
of supervision intensity using a regression dis-
continuity design in two jurisdictions found 
that lower intensity supervision was as effec-
tive as higher intensity supervision in helping 
individuals appear in court and avoid new 
arrests. Further, individuals who received no 
supervision were just as likely to appear in 
court and avoid arrests as those who received 
less intensive supervision. Additionally, risk 
scores were strongly associated with pretrial 
arrests and moderately associated with court 
appearance—so while those who had the 
higher risk scores were more likely to be 
arrested pretrial, more intensive supervision 
did not mitigate this (Anderson et al., 2023). 
Another study examined the effectiveness of 
an intensive pretrial supervision program that 
targeted those who are the least likely to suc-
ceed pretrial. The findings revealed that when 
comparing similarly situated individuals who 
only differed in terms of program participa-
tion (enrolled or not enrolled), the results 
indicate that there were no significant differ-
ences in court appearance and arrests for new 
crimes despite the supervised group spending 
nearly twice as long in the community with 
a pending case (Skemer, Redcross, & Bloom, 
2020). Taken altogether, we have yet to reach 
any firm conclusions on the impact of super-
vision intensity. Rather there are outstanding 
questions about applying restrictive condi-
tions during the pretrial period and whether 
there are any benefits in terms of improving 
court appearance and public safety. While risk 
assessments may help by screening lower risk 
individuals out of supervision (as there may 
be little benefit to those persons), evaluating 

supervision intensity and reporting require-
ments may be an appropriate area of study for 
a pretrial research agenda.

At this point, the only pretrial supervision 
strategies that have proved quite successful 
involve the use of court notification programs 
to address failure to appear rates (Bechtel et 
al., 2016; Bornstein et al., 2018; Cooke et al., 
2018; Ferri, 2020; Fishbane, Ouss, Shah, 2020; 
Schnacke, Jones, & Wilderman, 2013). Court 
notification programs utilize a variety of tech-
niques to connect with defendants about 
their upcoming court appearances, including 
mailing out postcards and letters, making 
telephone calls, sending out text messages, and 
nudges to defendants. The content of these 
messages can range from simple notifica-
tions of impending court dates to warnings of 
potential consequences associated with skip-
ping court appearances (Bechtel et al., 2016; 
Crozier, 2000; Herian & Bornstein, 2010; 
Nice, 2006; Rouse & Eckert, 1992). Overall, 
studies on court notification have shown 
substantial promise, with several demonstrat-
ing a reduction in FTA being associated with 
these programs (Bechtel et al., 2016; Bornstein 
et al., 2018; Cooke et al., 2018; Ferri, 2020; 
Fishbane, Ouss, Shah, 2020; Schnacke, Jones, 
& Wilderman, 2013). Though these initial 
findings are encouraging, additional work 
is required before firmer conclusions can be 
drawn about the efficacy of these programs, 
especially on unique samples, such as those 
who are facing challenges with residential and 
financial stability.

Last, it’s important to acknowledge that 
the imposition of financial bail constitutes 
another form of restrictive special conditions 
placed on defendants. In criminal justice 
systems, defendants can be released on their 
own recognizance (ROR), unsecured bail, or 
secured bail. An ROR release means that the 
defendant was not required to pay or promise 
to pay any money in order to obtain release. 
Defendants released via unsecured bail are not 
obligated to pay for their release either; how-
ever, any missed court appearance could result 
in their having to pay a specified bail amount 
set by the court. When defendants are released 
through secured bail, that means the court 
has imposed a financial bond that the defen-
dant has met by paying the full cash amount, 
posting property in lieu of a cash payment, 
depositing a certain percentage—usually ten 
percent—with the court, or having a third 
party—typically a bail bondsmen—post the 
bail in exchange for a fee (Cohen & Reaves, 
2007; VanNostrand et al., 2011).

RESEARCH-INFORMED PRETRIAL DECISION-MAKING 9
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Several outdated studies have found that 
the more restrictive bond types (e.g., finan-
cial bonds) are associated with lower rates of 
FTA (see Cohen & Reaves, 2007; Helland & 
Tabarook, 2004). A meta-analysis of pretrial 
interventions, moreover, highlighted the fact 
that most studies examining the issue of finan-
cial bail and pretrial failure show a reduction 
in FTA occurring for those defendants placed 
on financial release (Bechtel et al., 2016). 
While the likelihood of skipping court seems 
to be lower for defendants released on finan-
cial conditions, it’s important to note that 
none of the older empirical research shows 
reductions in pretrial crime occurring for 
defendants released through financial bail 
(Cohen & Reaves, 2007). Also, some caution 
is required when interpreting these studies, 
since many failed to account for differences in 
risk that might explain the reduction in FTAs 
when financial bail is used (Bechtel et al., 
2016; Bureau of Justice Statistics, 2010).

Most of the recent research examining 
bail has leveraged policy changes where 
jurisdictions have placed restrictions on the 
assignment of financial conditions or have 
aimed to eliminate the use of cash bail alto-
gether. Evaluations of recent bail reform efforts 
indicate that many of these policy changes 
have not resulted in significant increases in 
pretrial misconduct, including pretrial arrests, 
arrests for violence, and failures to appear. 
New Jersey’s criminal justice reform resulted 
in a decrease in pretrial detention, with no 
observed changes to crime rates (Anderson, 
Redcross, & Valentine, 2019). An evaluation 
of a no-cash bail policy for 25 non-violent 
crimes implemented within the Philadelphia 
District Attorney’s Office found a 41 percent 
reduction in the use of cash bail, 22 percent 
reduction in pretrial detention, with no sig-
nificant increases in missed court appearances 
or new charges (Gur, Hollander, & Alvarado, 
2019; Ouss & Stevenson, 2022).

Moving forward with a research 
agenda on pretrial interventions
It is our hope that this discussion of pre-
trial conditions and interventions has clearly 
shown that there is a glaring lack of empirical 
research in this crucial area. Specifically, there 
are few if any studies that have attempted to 
empirically examine the types of pretrial con-
ditions and interventions currently imposed 
on released defendants, the characteristics
of these interventions, and the overall effi-
cacy of these programs in preventing missed 
court appearances or pretrial crime (Cohen 

& Hicks, 2023; Bechtel et al., 2016). To make 
matters worse, the existing studies focus-
ing on these issues tend to be published
as technical reports with relatively few if
any peer-reviewed publications examining
what conditions or interventions might work 
in the pretrial field (Bechtel et al., 2016).
Furthermore, those studies highlighted in
this paper show that most did not work as
intended. In other words, there’s a paucity of 
research demonstrating that pretrial condi-
tions and interventions which restrict the
defendants’ freedoms, monitor their compli-
ance, or place them on various treatment
programs can successfully reduce pretrial
failure. Additionally, these interventions may 
exacerbate the likelihood of pretrial failure
for defendants on the lower end of the risk 
spectrum.

The relative dearth of empirical stud-
ies centered on what works in the pretrial 
arena should be contrasted with the commu-
nity corrections and post-conviction fields, 
where there exists a solid research base of 
published peer-reviewed studies highlight-
ing best practices and effective supervision 
strategies (Andrews & Bonta, 2017). The 
experience of community corrections research 
might suggest a way forward for researchers 
and policymakers interested in implement-
ing a pretrial research and policy agenda. 
Specifically, research on community correc-
tions did not occur in a vacuum; rather, there 
has been an extensive effort to develop a 
theoretical framework (see Andrews & Bonta, 
2017; Trotter, 2012) that can serve to guide 
empirical studies directed at correctional or 
post-conviction populations (that is, the RNR 
model). While many assumed that the RNR 
model could be applied to pretrial popula-
tions, that assumption might not be valid. 
Stated another way, the RNR model might not 
provide sufficient guidance to understanding 
people’s behavior in pretrial systems, and it 
might have to be modified, restructured, or 
replaced by another theoretical framework 
to place pretrial research on a more solid 
empirical footing. In sum, we are calling for 
the academic, research, and policymaker com-
munities to work towards either modifying 
the existing theoretical constructs of RNR or 
developing an entirely different theoretical 
foundation that could be used to move our 
understanding of the pretrial process forward. 
Without this necessary theoretical develop-
ment, it will be difficult to formulate a pretrial 
research agenda that can assist practitioners 
in devising evidence-based approaches that 

highlight best practices in this field.
On a practical level, more work needs to 

be done conducting research that unpacks 
the “black box” that is pretrial supervision. 
Key issues including the types of conditions, 
contacts, and interventions being imposed 
on released defendants, the frequency with 
which these different forms of pretrial super-
vision are being imposed, and the overall 
effectiveness of these supervision stratagems 
have barely been addressed in any systematic 
fashion. Moreover, and just as importantly, 
we know next to nothing about the crimino-
genic needs or treatment barriers of released 
defendants and whether these issues are being 
addressed. Future research efforts should con-
sider attempting to ascertain whether core 
criminogenic factors and treatment barriers 
can be measured at the pretrial stage and what 
if anything could be done to alleviate defen-
dants with these problems. Without knowing 
more about the populations currently on pre-
trial release and the reasons for their behavior, 
it’s difficult to formulate successful treatment 
and intervention strategies.

Conclusion
This essay sought to take stock of our 
current state of knowledge of what is prob-
ably the most important “pivot” point in the 
criminal justice system: the pretrial release 
process. Specifically, it provided an overview 
of actuarial pretrial assessments and the imple-
mentation of these tools in criminal court 
systems and highlighted the characteristics 
of pretrial conditions and interventions cur-
rently being delivered to defendants on release 
and the effectiveness of these interventions. 
Overall, we provide evidence supporting the 
contention that we know a great deal about the 
factors that predict pretrial failure and hence 
can use this information to construct valid 
pretrial risk assessments. We know a great deal 
less, however, about the operation of these 
assessment instruments in local systems and 
the potential of local court actors, financial 
bail systems, problematic case management 
systems, unstandardized outcome mea-
sures, and poor training and implementation 
regimes to thwart the successful utilization 
of these instruments—hence, negating their 
capacity to increase release rates for low-risk 
defendants while minimizing missed court 
appearances and pretrial crime. Moreover, 
we might have reached the limits of “big 
data’s” capacity to wring out more effective 
prediction for released defendants. A renewed 
pretrial research agenda would move beyond 
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risk assessment prediction to addressing
issues of whether or not these instruments are 
changing local system behavior without any
concomitant increases in defendant flight risk 
and community dangerousness. Additionally, 
this research agenda would begin to contem-
plate ideas for enhancing risk prediction that 
are more qualitatively based.

In addition to these risk assessment issues, 
we have demonstrated that the research
focused on pretrial conditions and interven-
tions is relatively meager, and what little
information exists shows that these programs 
are in general ineffective at reducing missed 
court appearances or pretrial crime. There are 
many possible reasons that might explain these 
disappointing findings, one of which might be 
the lack of a theoretical framework that could 
be used to guide pretrial research. A renewed 
pretrial research agenda, therefore, must seri-
ously contemplate either revising the RNR 
model to reflect the unique circumstances
of released pretrial defendants or generating 
a theoretical framework that is distinctively 
suited to the challenges associated with pre-
trial supervision. Moreover, this agenda must 
contemplate providing baseline details about 
the “black box” of pretrial supervision so that 
we better understand the conditions, interven-
tions, treatments, and supervision practices 
being employed on released defendants; fur-
thermore, such an agenda would clarify the 
criminogenic needs and treatment barriers of 
released defendants. It is through these efforts 
that we hope to place the pretrial process on a 
firmer footing for the 21st century.
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WITH THE PASSAGE of the Bail Reform
Act of 1966, the federal government became
the first entity to abolish money bail—a huge
step forward in decreasing inequities based
solely on a defendant’s financial resources and
shifting towards a risk-based system of bail.
For decades, the federal government was one
of the few entities focused on risk. Most states
and counties relied on bail schedules and bail
bondsman, resulting in a disproportionate
effect on indigent defendants and people of
color (Arnold, Dobbie, & Yang 2018; Assesfa,
2019; Pretrial Justice Institute, 2017). Despite
the gains made by the Bail Reform Act of 1966
in addressing these disparities, the public and
federal bench became concerned with the
limitations of the Act, specifically its limiting
detention only to those individuals found to
pose a risk of flight or nonappearance and not
allowing for detention based on danger.

This limitation came under increasing 
scrutiny in the 1980s (US DOJ, 1981). In 
response to shifting political winds and the 
request of judges to be able to detain a defen-
dant based on risk of danger, Congress passed 
the Comprehensive Crime Control Act of 
1984, which included the Bail Reform Act 
of 1984 (S. 1762, 1984). As noted in previ-
ous articles, the Bail Reform Act of 1984 had 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

two primary changes compared to the Act of 
1966. First, it added the danger prong, giv-
ing judges the ability to detain a defendant
based solely on the perceived risk of danger
to the community. Second, it established two 
statutory presumptions for detention—the
Previous Violator Presumption and the Drug 
and Firearm Presumption (Austin, 2017).

Historically, the Previous Violator
Presumption, which was carefully qualified
and subject to certain legal criteria, has not
applied to a statistically significant number of 
defendants (Austin, 2017). The same cannot
be said of the Drug and Firearm Presumption, 
which is triggered simply by the charge and
potential sentence with no additional quali-
fiers or legal criteria to be met (18 U.S. Code 
§ 3142(e)(3).

The effect of the Bail Reform Act of 1984 
was immediate and devastating to release 
rates. Just prior to its passage in 1983, the 
federal release rate was 76 percent (Kennedy 
& Carlson, 1988). By 1985, the release rate 
had dropped to 71 percent. In the years since, 
this decline has continued relentlessly to our 
current release rate for fiscal year 2024 of 29 
percent, an almost complete reversal in rates 
(H-14, 2024). This year, even after exclud-
ing undocumented noncitizens, the federal 

 
 

 

 
 
 

 

 

release rate was 47 percent (H-14B, 2024).
Most often, the decrease in release rates 

is justified by suggesting that the average 
defendant now is a far greater risk than the 
average defendant was in 1985. Without the 
aid of an objective and validated risk assess-
ment tool such as the Pretrial Risk Assessment 
(PTRA), it is difficult to quantify how much 
the risk profile of our defendants has changed. 
However, we do have statistics gathered by 
the Bureau of Justice Statistics (BJS) describ-
ing the defendant population in 1985 in 
detail. In their Special Report published in 
February 1988, they describe the demograph-
ics of federal defendants as follows: 91 pecent 
male, 74 percent white, 23 percent Black, 47 
percent Hispanic, 42 percent between the 
ages of 21-30, 53 percent unemployed, and 
82 percent classified as indigent (Kennedy & 
Carlson, 1988). As of March 2024, the demo-
graphics for of federal defendants were as 
follows: 87 percent male, 69 percent white, 24 
percent Black, 49 percent Hispanic, 27 percent 
between the ages of 18-30, and 15 percent 
unemployed (data on financial condition is 
not currently collected) (Profile, Caseload 
Data, 2024). On face value, the basic demo-
graphics of our defendants have not changed 
significantly, although the shifts in age and 
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employment status could indicate a decrease 
in risk.

When looking at changes to charge types, 
we see the following, as reflected in Figure 
1. Between October 1, 2000, and September 
30, 2001 (the first year for which we have 
data), 39 percent of cases were for Drug 
offenses, 6 percent for Firearms or Weapons 
related offenses, 17 percent for Immigration 
charges, 17 percent for Property and Fraud 
related charges, 1 percent for Sex Offenses, 
and 4 percent for Violence (Profile, Pretrial 
Profiles, 2022). Between June 30, 2023, and 
June 30, 2024, 25 percent of cases were for 
Drug offenses, 13 percent for Firearms or 
Weapons related offenses, 35 percent for 
Immigration charges, 10 percent for Property 
and Fraud-related charges, 4 percent for Sex 
Offenses, and 5 percent for Violence (Profile, 
Pretrial Services Profiles, June 2024, 2024). 
Overall, this reflects a 14 percentage point 

decrease in Drug charges, a seven percentage
point increase in Firearms or Weapons related 
offenses, an 18 percentage point increase in
Immigration cases, a seven percentage point
decrease in Property and Fraud cases, and a
three percentage point increase to sex offense
cases. While an argument could be made
that weapons and sex cases have doubled, it
should be noted that these cases still account
for a small percentage of all cases charged
each year, especially compared to Drug or
Immigration cases. Drug cases are generally
higher risk than Immigration cases on risk for 
danger (DSS 1288, 2024), so the significant
changes to these cases, in particular, reflect
that the overall risk composition, as a function 
of cases charged, has most likely decreased.

Additionally, we looked at the detention 
rates by charge type between 1985 and 2024 
(Figure 2). In 1985, 33 percent of drug offenses 
with a potential 10-year sentence, 67 percent 

of Immigration cases, 14 percent of Fraud 
charges, and 47 percent of violent cases, were 
detained (Kennedy & Carlson, 1988). Between 
June 30, 2023 and June 30, 2024, 63 percent 
of defendants charged with a drug offense 
with a potential 10 year sentence, 90 percent 
of immigration cases, 20 percent of property 
and fraud charges, and 69 percent of defen-
dants charged with a violent offense, were 
detained (Decision Support System (DSS) 
1268, 2024).1

1 Data was not available to compare rates for weap-
ons or sex-related offenses.

 Given the significant increase 
in detention rates to all major offense types, 
the overall increase in detention rates cannot 
be explained simply by a changing defendant 
profile, but rather a change in the perceived 
risk of a case.

Finally, we can compare past criminal his-
tories of defendants charged between October 
1, 2000, and September 30, 2001 (the first 
year for which we have comparable data). 
Fifty-two percent of defendants had prior 
felony arrests, 39 percent had prior felony 
convictions, of which 19 percent were for vio-
lence, and 27 percent were for drugs (Profiles, 
2001). Additionally, 15 percent had prior 
failures to appear (Profiles, 2001). In contrast, 
between October 1, 2021, and September 
30, 2022 (the most recent year for which we 
collected data), 37 percent of defendants had 
prior felony arrests, 29 percent had prior 
felony convictions of which 14 percent were 
for prior violence and 18 percent were for 
drugs (Profile, Pretrial Profiles, 2022). Twelve 
percent of defendants had a prior Failure to 
Appear (Profile, Pretrial Profiles, 2022). This 
reflects that risk composition as a function 
of prior criminal history has also decreased 
substantively.

If the demographics of our cases have 
remained comparable, but the types of cases 
charged and their prior criminal histories have 
actually decreased in risk, how can we recon-
cile this with an ever-decreasing release rate, 
especially considering our constitutional and 
statutory obligations?

FIGURE 1. 
Changes to Types of Charges Brought 2001 to 2024 

FIGURE 2.
Detention Rates by Offense Type 1985-2024

In this, the law has been clear. The right to 
bail is enshrined in the Eighth Amendment 
in that “excessive bail shall not be required.” 
It is further codified in the Bail Reform Act 
of 1984, which establishes a presumption for 
release: “the judicial officer shall issue an order 
that, pending trial, the person be […] released 
on personal recognizance […] unless the judi-
cial officer determines that such release will 
not reasonably assure the appearance of the 
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person as required or will endanger the safety
of any other person or the community.” As
noted in the fourth edition of the Bail Reform
Act, “In fact, if a case does not involve any of
the factors in section § 3142(f) that authorize
a detention hearing, release is mandatory, sub-
ject to certain terms and conditions” (Wood,
2022). This was further reinforced by the
Supreme Court in 1987, which held in United
States v. Salerno2

2 481 U.S. 739, 755 (emphasis added). Additional
case law on the presumption for release can be
found in United States v. Berrios-Berrios, 791 F.2d
246, 250 (2d Cir. 1986), United States v. Holloway,
781 F.2d 124, 125 (8th Cir. 1986), and United States
v. Orta, 760 F.2d 887, 890 (8th Cir. 1985).

 that, “In our society, liberty is
the norm, and detention prior to trial or with-
out trial is the carefully limited exception.”

If the legal argument were not sufficient, 
there is now a wealth of data that ties pretrial 
detention to worse outcomes, both while 
on pretrial release and in the long term. 
Specifically, recent research has documented 
that pretrial incarceration, especially for 
extended periods of time, has been shown 
to negatively impact several criminal case 
outcomes (McCoy, 2008; Oleson et al., 2014; 
Oleson et al., 2016; Lowder & Foudray, 2021; 
Bechtel et al., 2022; St. Louis, 2023). Even 
short stints of pretrial detention have shown 
negative case results due to justice-involved 
defendants being separated from prosocial 
activities like employment and personal rela-
tionships (Holsinger et al., 2023). Studies have 
shown that only two or three days of pretrial 
detention for defendants classified as low-risk 
(such as during the three- to five-day continu-
ance that may occur under § 3142(f) before a 
detention hearing is held) have been associ-
ated with an increased likelihood of failure to 
appear, and longer periods of incarceration 
are associated with an increased likelihood of 
a new arrest (Lowenkamp et al., 2013). More 
recent research indicates that any length of 
pretrial detention is not consistently associ-
ated with court appearance but is associated 
with a higher likelihood of rearrest (Bechtel et 
al., 2022). Further, research has suggested that 
preventative detention results in an increased 
likelihood of conviction (Diaz & Salas, 2022; 
Bechtel et al., 2022). It is theorized this 
increased likelihood for conviction is driven 
solely by detainees’ desire to exit jail by the 
quickest means possible, sacrificing their right 
to prove their innocence (Heaton et al., 2017).

Finally, pretrial detention is also associated
with harsher sentencing outcomes, including
the increased likelihood of a defendant being

 
 
 
 
 

 
 
 
 

 
 
 

 
 
 
 
 

sentenced to a term of imprisonment as well
as receiving a longer sentence compared to
similarly situated defendants who are allowed
pretrial release (Oleson, 2016; Lowenkamp,
2022; St. Louis, 2023). This was exemplified
in a study involving two federal districts that
determined pretrial detention was, in fact,
associated with increased prison sentences
in the federal system (Oleson et al., 2014).
Importantly, pretrial detention has also been
shown to contribute to racial disparity in
criminal case outcomes (Lowder & Foudray,
2021). Yet, despite the many negative asso-
ciations tied to pretrial detention, research
to date has shown no actual benefits of pre-
trial detention, not even reducing reoffending
(Petrich et al., 2021), which further fails to
explain the dramatic decline in pretrial release 
rates.

In sum, what has changed are not the 
demographics or risk profiles, or our statu-
tory and constitutional mandates. What has 
changed is our culture, which was once a 
culture of release and now is a culture of 
detention, and this shift can be attributed 
almost directly to the passage of the Bail 
Reform Act of 1984 and the creation of the 
Drug and Firearm Presumption (hereafter 
referred to simply as the presumption).

In 2016, the first study into the effect of the 
presumption was conducted (Austin, 2017).
This study found that presumption cases
accounted for approximately 43 percent of all
federal cases, that they were being detained
at rates disproportionate to their risk, and
that their outcomes did not justify the higher
rates of detention. Following the publication
of that study, the Criminal Law Committee
endorsed a statutory amendment to 18 U.S.C.
§ 3142(e)(3) that would limit application of
the presumption to drug offenses.3

3 See: JCUS-SEP 2017, pp. 10-11.

 To date, the 
amendment has been introduced to Congress
as the Smarter Pretrial Detention for Drug
Charges Act of 2021 and again in 2023 under
the same name; however, the amendment has
not been passed (Durbin, 2021). As it is now
eight years since the original study was pub-
lished, the current study aims to update and
expand upon the previous research.

 
 
 
 
 
 
 
 
 
 
 
 

 

 
 

 
 
 
 
 
 
 
 
 
 

 
 
 
 
 

 

Method
The current study was designed to replicate 
and extend the 2016 study of the impact of 
presumption on release conducted by this arti-
cle’s lead author. Statistical software was used 
to identify non-presumptive, presumptive, 

and wobbler cases to all new cases activated 
(received) between fiscal years 2016 and 
2022, excluding undocumented noncitizens. 
Wobbler cases were defined as cases that 
might be subject to the presumption or not, 
depending on the specifics of their case. For 
instance, a violent act that does not involve the 
use of a firearm does not trigger the presump-
tion, whereas a violent act that uses a firearm 
does. As those specific details are unknown 
based solely on the statute charged, they 
were designated as wobblers. Undocumented 
noncitizens were also excluded, as they are so 
often subject to immigration detainers that 
including them could obfuscate the effect of 
the presumption, specifically compared to 
the effect of an immigration detainer. After 
these exclusions, the initial data set consisted 
of 345,844 defendants, of which 57,176 were 
PTRA4

4 The Pretrial Risk Assessment, or PTRA, is an 
actuarial risk assessment for use with pretrial 
defendants. The PTRA was developed in 2009 
(see Lowenkamp & Whetzel, 2009), and has been 
validated three times since its development (see 
Cadigan, Johnson, & Lowenkamp, 2012; Cohen, 
Lowenkamp, & Hicks, 2018; and Hoffer-Valdez & 
Lowenkamp, 2024). The PTRA score is converted 
into a category score that ranges from 1 to 5. Failure 
rates for any adverse event (revocation, FTA, or 
arrest for a new criminal offense) are 5%, 11%, 
20%, 29%, and 36% for each category from 1 to 5, 
respectively (Cohen et al., 2018).

 Category 1; 65,655 were Category 2; 
95,120 were Category 3; 82,015 were Category 
4; and 45,878 were Category 5.

Once the data set had been defined, the 
data were analyzed across a variety of metrics 
including release recommendations, release 
rates, and outcomes. The PTRA was used as 
a standard risk measurement in comparing 
the risk of presumption, wobblers, and non-
presumption cases. Additionally, the original 
study was expanded via the use of logistic 
regression models and racial bias analysis.

Results
Initially, we sought to determine what percent-
age of cases were subject to the presumption 
and how this number has changed since 2016. 
At that time, 44 percent of all cases qualified 
for the presumption. As can be seen in Figure 
3, that number has remained fairly constant, 
and in fiscal year 2022, approximately 43 
percent of all federal cases qualified for the 
presumption, before considering wobblers. 
Additionally, the distribution of cases by risk 
category, charge type, and presumption status 
was analyzed. As can be seen in Table 1, most 
drug cases are subject to the presumption, 

https://www.uscourts.gov/sites/default/files/17-sep_final_0.pdf
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regardless of their risk category. Notably, as 
was seen in 2016, weapons offenses are by and 
large not subject to the presumption.

As a final descriptive analysis, we looked 
at the distribution of presumption cases by 
PTRA risk category (Figure 4). Of note, 
there are similar numbers of presumption, 
non-presumption, and wobbler cases across 
PTRA categories 2-5, with fewer presumption 
cases in Category 1. At face value, this would 
seem to reflect that presumption cases are 
marginally higher risk than non-presumption 
cases but also that there are significant num-
bers of presumption cases across all five risk 
categories.

With these descriptive statistics, the anal-
ysis proceeded to the main question: are 
presumption cases detained at higher rates 
than non-presumption cases in the low and 
moderate-risk categories?

FIGURE 3. 
Distribution of Cases by Presumption Status by Fiscal Year 

TABLE 1.  
Distribution of cases activated FY2016-2022 by Offense 
Type, Risk Category, and Presumption Status

PTRA Category N Non-Presumptive Presumptive Wobblers

Drug Offense

One 6,073 16.24 83.76 0.00

Two 24,340 7.94 92.06 0.00

Three 45,134 3.10 96.90 0.00

Four 37,277 1.73 98.27 0.00

Five 19,979 1.16 98.84 0.00

Property Offense

One 30,567 99.26 0.21 0.54

Two 14,428 96.78 0.47 2.75

Three 9,446 91.81 0.62 7.57

Four 4,959 85.12 0.75 14.14

Five 1,524 76.25 0.52 23.23

Weapons Offense

One 1,437 82.39 17.19 0.42

Two 5,622 77.46 22.22 0.32

Three 15,315 79.22 20.65 0.12

Four 23,184 83.48 16.44 0.09

Five 18,966 86.24 13.68 0.07

Sex Offense

One 6,603 7.83 90.11 2.06

Two 6,567 14.57 83.58 1.84

Three 4,177 31.05 66.39 2.56

Four 1,870 45.67 52.19 2.14

Five 460 49.13 48.26 2.61

This was determined by comparing the 
release rates for the three categories of cases 
(presumption, wobbler, and non-presump-
tion) across the five PTRA categories (Figure 
5 and Table 2). The results mirror what was 
found in the initial study; namely, the effect 
of the presumption is disproportionately large 
precisely on the lowest risk defendants, with 
Category 1 presumption cases being released 
22 percentage points less than Category 1 
non-presumption cases. By Category 2, the 
discrepancy is still 16 percentage points, but it 
narrows to 6 percentage points by Category 3, 
with no significant difference in release rates 
for Category 4 and 5 defendants. The initial 
study found a discrepancy of 26 percent-
age points between Category 1 defendants, 
17 percentage points for Category 2 defen-
dants, and 7 percentage points for Category 
3 defendants. The disparity in release rates 
for Category 1 presumption defendants was 
4 percent smaller during this analysis, though 
there appeared to be no significant difference 
in the discrepancies for Category 2 or 3 defen-
dants compared to the original study. It is 
possible the difference for Category 1 defen-
dants can be attributed to the fact that the 
release rates for non-presumption Category 
1 defendants have decreased since 2016, 
when they were released 94 percent of the 
time compared to 86 percent in 2022. Since 
the change in release rates to Category 1 pre-
sumption cases has only changed by 4 percent 
(64 percent to 68 percent, respectively), it is 
logical to conclude the discrepancy has been 
reduced as a function of the decreased release 
rates for non-presumption cases rather than 
any lessening of the effect of the presumption 
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itself.
This analysis was then repeated with the 

release recommendation rates by pretrial ser-
vices officers, as can be seen in Figure 6 and 
Table 3. There again we see a now familiar 
pattern, with non-presumption cases being 
recommended for release at 94 percent com-
pared to 67 percent for presumption cases, 
a difference of 27 percent. For category 2 
defendants, the difference in release rates was 
15 percent. This gap narrowed to a 3 percent 
discrepancy for Category 3 defendants and no 
significant difference in release recommenda-
tion rates for Category 4 and 5 defendants.

It is worth noting that the difference in 
officer recommendations for release between 
Category 1 presumption and non-presump-
tion cases (27 percent) was even greater 
than the difference in actual release rates 
for Category 1 presumption and non-pre-
sumption cases (22 percent). This would 
seem to indicate that pretrial services rec-
ommendations are applying more weight to 
the presumption than does the actual court, 
despite national policy and the Office of 
General Counsel (OGC) prohibition on their 
considering the presumption at all.5

5 Under national policy and OGC decisions, there 
are a total of four factors pretrial services officers 
should not consider in their recommendations: 
the presence of the presumption, the weight of the 
evidence, the potential maximum penalties, and the 
specific circumstances of the offense.

 Again, 
these results are not significantly different 
from the initial analysis, which also found the 
greatest discrepancy in release recommenda-
tions and rates on Category 1 defendants, with 
the effect plateauing by Category 3.

This study also expanded on the initial 
study by looking into the question of racial 
bias with the application of the presumption: 
specifically, whether Black defendants subject 
to the presumption were detained at higher 
rates than White defendants subject to the 
presumption. In terms of bivariate analyses, 
Black defendants were more likely than White 
defendants to be recommended for release 
and to be released at the low end of the PTRA 
scale and when presumption was applicable 
or possibly applicable. Some of the differences 
were large and favored Black defendants, some 
were smaller and favored White defendants, 
and in some instances there was no differ-
ence in rates of recommendation for release 
or actual release. Given that there are many 
factors other than risk and presumption that 
might impact officer recommendations for 
release and actual release decisions, several 

multivariate models were estimated. We con-
structed and estimated a logistic regression
model predicting officer recommendation
for release. This model controlled for PTRA
risk category, age, sex (male), race (Black),6

6 For the multivariate models, we restricted race to 
White and Black defendants only. This was done as, 
historically, disparity in the criminal justice system 
has typically focused on differences between these 
two groups. Further, limiting race to two groups 
makes the estimation and interpretation of inter-
actions terms much more straightforward. Future 
research will focus on looking at the issue of dispar-
ity across other races and ethnicities.

presumption status, district, and an interaction 
term between presumption status and Black.
All models used robust standard errors clus-
tered by district. The results of the regression 

 
 
 

 

model were then translated into changes in 
marginal probabilities associated with the 
interaction between race and presumption 
status. As is indicated in Figure 7, there are 
differences in the likelihood of an officer 
recommending release for Black compared to 
White defendants in non-presumptive cases, 
and those differences are statistically signifi-
cant but relatively small. Further, there are no 
differences in the likelihood of recommend-
ing release for Black compared to White 
defendants when presumption is applicable 
or possible (i.e., wobbler status).7

7 Of note, we also ran a multivariate logistic 
regression model with Offense Type as a control 
variable. The addition of this variable does cause 
some concern, given the correlation offense type 

 Multivariate 

FIGURE 4.  
Distribution of Presumption Status by Risk Category

FIGURE 5.  
Percent of Defendants Released by Presumption Status and Risk Category
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logistic regression models run by risk category 

has with presumption status. This model, with the 
addition of Offense Type, generates differences in
probabilities of officer recommendation for release
associated with the interaction between Black
and presumption status that are not statistically
significant.

 
 
 
 

indicate no significant differences for the
interaction between Black and presumption
status.

We also ran a set of logistic regression 
models with the same control variables listed 
above predicting actual release. The results of 
all those models indicated that the coefficients 

 
 

for the interaction term between Black and 
presumption status are not statistically sig-
nificant. While it might be the case that race 
(Black) interacts with presumption status 
to produce different effects for those with a 
charge that is not presumptive, the effects are 
rather small (absolute difference of 4 percent 
and a Cohen’s h value of 0.09, a value catego-
rized as a smaller than small effect size). The 
smaller than small effect size should further 
be tempered by the fact that when controlling 
for offense type, the effect of the interac-
tion between race and presumption status 
is reduced to null effects. All other effects 
for the interaction term between Black and 
presumption status predicting officer recom-
mendations for release were null. This is also 
true across the models separated by risk cate-
gory. Race does not interact with presumption 
status in any of the models when predicting 
actual release decisions.

Another question to be updated in this 
research is whether the higher rates of deten-
tion for presumption cases could be justified 
based on their outcomes. As was suggested in 
2016, if low-risk presumption defendants have 
significantly higher failure rates than low-risk 
non-presumption cases, then the discrepancy 
in release rates could be justified. For the pur-
poses of this study, pretrial failure was defined 
as sustaining a new arrest on pretrial release 
(of any kind); sustaining a new arrest for a vio-
lent offense, specifically; sustaining a failure 
to appear; or engaging in technical violations 
that ultimately result in revocation of bond8

8 Although revocations for technical violations 
were included as “failures,” it is worth noting that 
the likelihood of suffering a technical violation 
should not be considered in the initial release or 
detention decision. 18 U.S.C. § 3142 refers only to 
the failure to appear and/or the safety of the com-
munity, and compliance with conditions does not 
enter the equation until there is probable cause 
to believe the conditions were violated under 18 
U.S.C. §3143.

under 18 U.S.C. § 3143.

TABLE 2.  
Percentage of Cases Released by Risk Category and Presumption Status

Presumption Status N N Released % Released

PTRA I

Non-Presumptive 33,043 28518 86.3%

Presumptive 8,677 5532 63.8%

Wobbler 2,538 1471 58.0%

PTRA II

Non-Presumptive 25,836 18305 70.9%

Presumptive 22,113 12159 55.0%

Wobbler 3,626 1452 40.0%

PTRA III

Non-Presumptive 31,860 15584 48.9%

Presumptive 39,441 16930 42.9%

Wobbler 5,257 1330 25.3%

PTRA IV

Non-Presumptive 29,525 7962 27.0%

Presumptive 33,364 8802 26.4%

Wobbler 4,132 555 13.4%

PTRA V

Non-Presumptive 17,655 2436 13.8%

Presumptive 18,041 2802 15.5%

Wobbler 1,640 119 7.3%
 
Bolded values significantly differ from the percentages for the “Non-Presumption” group at p < .001.

FIGURE 6.  
Percent of Cases Recommended for Release by Risk Category and Presumption Status

As can be seen in Table 4, the results of 
this analysis are also similar to those found in 
2016, with low-risk presumption cases being 
no more or less likely to have a new arrest 
for any kind of offense, an arrest for a violent 
offense, or a failure to appear. For Categories 
3 and 4, presumption cases were less likely 
to have a rearrest of any kind or for a violent 
offense than non-presumption cases, and for 
Category 5 defendants, there was no statisti-
cally significant difference in rearrest rates. 
As far as revocations based on technical viola-
tions, presumption cases in all five categories 
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were much more likely than non-presumption 
cases to have a revocation for technical vio-
lations, though the difference was widest 
for Category 1 defendants at 14 percent for 
presumption cases compared to 2 percent for 
their non-presumption counterparts.

As previously stated, these results are simi-
lar to what was found in the original study, 
which theorized the presumption was overrid-
ing the risk principle and low-risk defendants 
were being treated as high-risk solely on 
the basis of the presumption. In testing this 
theory, we compared the average number 
of conditions applied to low-risk cases, as 
well as the nature of those conditions. The 
results (Table 5) reflect that Category 1 non-
presumption defendants received an average 
of 6.5 special conditions of release. In contrast, 
Category 1 presumption defendants averaged 
11.7 special conditions of release, an average 
of five additional conditions of release. For 
Category 2 defendants, the discrepancy was 
2.5 additional special conditions of release 
for presumption cases, and by Category 3 the 
discrepancy was only one special condition 
of release.

Additionally, research has categorized con-
ditions of release as those that are restrictive 
in nature or directed at restricting defendant’s 
freedoms (e.g., weapons restrictions and travel 
restrictions) and those that are monitoring in 
nature or intended to monitor the behaviors 
of defendants (e.g., electronic monitoring and 
substance abuse testing) (Cohen & Hicks, 
2023). When looking at the additional special 
conditions of release based on categoriza-
tion (Table 6), it was found that 95 percent 
of presumption Category 1 defendants will 
receive a condition that is restrictive in nature, 
compared to 73 percent of non-presumption 
cases (22 percent differential). Additionally, 
Category 1 presumption cases received a 
condition that was monitoring in nature 85 
percent of the time, compared to 51 percent 
for non-presumption cases.

Finally, logistic regression models predict-
ing release recommendations, release rates, 
and outcomes (FTA, a new arrest for any crim-
inal offense, a new arrest for a violent offense) 
were estimated. The goal in estimating these 
models was to understand the effect of pre-
sumption status on the different outcomes net 
the effects of other relevant factors. The six 
regression models include controls for race, 
sex, age, total PTRA score, Hispanic ethnicity, 
citizenship, district, and presumption status.9

9 Again, we also ran alternate models controlling 
for offense type. We present the models without 

offense type, as the models without offense type do 
not generate the same concerns over multicollinear-
ity and the trend in results does not differ when 
considering the two sets of models (i.e., those that 
controlled for offense type and those that did not).

 

We then generate the marginal probabilities 
for each of the presumption status groups for 
the six outcomes of interest. The marginal 
probabilities are contained in Table 7. The 
models where significant differences between 
presumption status groups were observed
are indicated with an asterisk. The data in 
Table 7 indicate that when all other factors in 
the logistic regression models are held con-
stant, presumption and possible presumption 
cases are less likely to be recommended for 
release and are less likely to be released. The 
presumption and possible presumption (wob-
bler) cases are more likely to be revoked than 
non-presumption cases. In terms of pretrial 

 

outcomes related to the defendant’s behavior, 
presumption and possible presumption cases 
are not significantly more likely to FTA or be 
arrested for any criminal offense. Presumption 
cases are less likely to be arrested for a violent 
offense, while wobblers are slightly more likely 
to be arrested for a violent offense when com-
pared to non-presumption cases (1 percent, 3 
percent, and 2 percent respectively).

TABLE 3.
Percent of Cases Recommended for Release by Risk Category & Presumption Status

PTRA Category N

Percent Recommended for Release

Non-Presumptive Presumptive Wobblers Total

I 49,417 94% 67% 59% 86%

II 57,722 76% 61% 40% 67%

III 87,608 53% 50% 25% 49%

IV 77,593 26% 27% 13% 26%

V 44,138 10% 12% 5% 10%

FIGURE 7.
Predictive Margins for Officer Release Recommendation of Interaction 
Between Black and Presumption Status with 95% Cis

Discussion
Despite the 2017 endorsement of the Criminal 
Law Committee to modify 18 U.S.C. § 3142(e)
(3), an amendment has not passed Congress. 
In the intervening eight years, it appears the 
presumption has continued to have an inor-
dinate effect on low-risk defendants, which 
cannot be explained by their outcomes. In fact, 
the outcomes for presumption cases reflect 
that we continue to ignore the risk principle 
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and, in so doing, are making our communi-
ties less safe by increasing failure rates for 
defendants charged with presumption cases. 
Furthermore, by detaining thousands of low-
risk presumption cases (approximately 8,000 
since 2016), we increase short- and long-term 
recidivism while simultaneously placing an 
even greater burden on taxpayers.

As was seen in 2016, the cost of detaining 
low- and moderate-risk defendants charged 
with presumption offenses is significant. 
When looking at the cost of detaining PTRA 
1-2 defendants, excluding those charged with 
sex or immigration offenses, the cost to tax-
payers has been at least $186 million (Table 7). 
This estimate is net, meaning after excluding 
the estimated cost of pretrial supervision for 
these defendants. When we include PTRA 3 
defendants, the estimated net cost is at least 
$651 million (Table 8).

Despite these burdens, an oft-heard argu-
ment from stakeholders is that cost savings is 
not a factor that judges can consider under 18 
§ 3142(g), otherwise known as the (g) factors. 
While this is true, it ignores several factors 

that judicial officers can consider. First, the (g) 
factors do include the “history and character-
istics of the person.” This analysis requires the 
judicial officer to weigh the potential risk of 
nonappearance and/or danger to the commu-
nity posed by the specific individual before the 
court. Research has shown that actuarial risk 
assessment tools such as the PTRA can lead to 
better decision-making compared to unaided 
decision-making, even among those trained
specifically in criminal justice (Kleinberg et al., 
2017; Cohen et al., 2022; Angelova, Dobbie, & 
Yang, 2022; Montoya, Skeem, & Lowenkamp, 
2024). On that basis, the use of the PTRA by 
all stakeholders, including judicial officers,
should be encouraged. If judicial officers were 
given access to the PTRA, and were convinced 
of its utility as a tool, they would be better able 
to assess a defendant’s risk with or without the 
presumption.

Additionally, there is nothing in the statute 
to indicate that all (g) factors should be given 
equal weight or consideration. In fact, while 
case law on the subject is limited, the Ninth 
Circuit held in United States v. Honeyman that 

 

 

the “least weight should be given to the weight 
of the evidence against the accused.” Judicial 
officers may put different emphasis on each 
of the (g) factors in their risk determination. 
Given this authority and the evidence outlined 
in the 2016 and now the current study, we sug-
gest that the application of the presumption by 
judicial officers be strictly limited to what it 
is provided for by the law. Specifically, under 
18 U.S.C. § 3142, a presumption for release 
is always present, even in presumption for 
detention cases, with the government always 
retaining the burden of proving that there is 
no condition or combination of conditions 
that may be imposed to reasonably assure 
the defendant’s appearance at future court 
appearances and the safety of the community. 
The only change in a presumption case is that 
the defense must present “some” evidence to 
rebut the presumption. “Even if a presump-
tion is not rebutted, that is not sufficient for an 
order of detention. The government still has 
the burden of persuasion, and the court must 
still consider the factors in section 3142(g) to 
determine whether the government proved 
that detention is warranted” (Wood, 2022).

This brings us to another goal of this 
article—to clarify the correct application of 
the presumption. The 2016 article incorrectly 
stated that the “presumption for release was 
reversed” and that the defendants charged 
with these offenses are “presumed to be 
detained unless they can demonstrate by clear 
and convincing evidence that they do not pose 
a risk of nonappearance or danger to the com-
munity.” This conclusion is incorrect in that 
the defendant never has to prove that release 
is warranted—the presumption for release 
remains, and the burden of proving that 
detention is warranted remains on the govern-
ment. While the correct application of the law 
lies with judicial officers, pretrial services offi-
cers who routinely identify presumption cases, 
and inadvertently consider the presumption, 
should be cognizant that the burden of proof 
does not change and therefore officers should 
never assume that a presumption indicates the 
defendant should be detained.

TABLE 4.  
Outcomes by Risk Category and Presumption Status

Presumption Status N Released % Released
Any 

Rearrest
Violent 
Rearrest FTA Revocation

PTRA I

Non-Presumptive 28518 86.3% 2.7% 0.4% 0.8% 2%

Presumptive 5532 63.8% 3.4% 0.4% 0.9% 14%

Wobbler 1471 58.0% 4.0% 1.3% 1.0% 10%

PTRA II

Non-Presumptive 18305 70.9% 6.3% 1.1% 2.1% 6%

Presumptive 12159 55.0% 5.5% 0.9% 2.5% 14%

Wobbler 1452 40.0% 6.4% 1.6% 2.8% 16%

PTRA III

Non-Presumptive 15584 48.9% 11.2% 2.0% 3.9% 14%

Presumptive 16930 42.9% 8.9% 1.7% 4.4% 19%

Wobbler 1330 25.3% 8.6% 3.4% 4.4% 29%

PTRA IV

Non-Presumptive 7962 27.0% 16.4% 3.4% 5.3% 24%

Presumptive 8802 26.4% 13.0% 2.2% 5.5% 27%

Wobbler 555 13.4% 14.1% 5.6% 4.9% 29%

PTRA V

Non-Presumptive 2436 13.8% 18.7% 4.1% 6.1% 29%

Presumptive 2802 15.5% 16.3% 3.1% 5.4% 35%

Wobbler 119 7.3% 15.1% 3.4% 4.2% 39%
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Bolded values significantly differ from the percentages for the “Non-Presumption” group at p < .001.

Policy Recommendations
Until Congress passes an amendment to 18 
U.S.C. § 3142(e)(3), judicial officers will con-
tinue to apply the presumption to all qualified 
cases, as required by the law. Given this fact, 
the lack of evidence to support the deten-
tion rates on presumption cases, the need 
to address disparity in our justice system by 
increasing release rates for all defendants, 



22 FEDERAL PROBATION Volume 88 Number 2

and the overall increase to detention rates, we 
make the following policy recommendations.

First, judicial officers should consider the 
presumption carefully and be cautious not to 
give it too much weight, given it is relatively 
easy to rebut, and even if not rebutted is only 
one factor, not the deciding factor. Detention is 
not mandatory and should never be automatic. 
Judges must always consider all factors outlined 
in the statute in deciding to release or detain 
a defendant. With this study, we now have 14 
years of data to support the conclusion that the 
presumption for detention is not an evidence-
based factor that should be given significant 
weight in the release decision. Furthermore, 
pretrial services officers should not be con-
sidering the presumption at all. Instead, all 
pretrial services officers should receive updated 
training on the research surrounding the 
presumption as well as the OGC decision 
explaining why officers should not consider the 
presumption in release decisions. Additionally, 
districts can and should be analyzing their data 
on a quarterly or bi-annual basis to determine 
if they are over-recommending detention on 
low-risk presumption cases.

Second, as noted above, we recommend 
that judicial officers and pretrial services 
officers both make the PTRA central to their 
release analysis. While not intended to be 
dispositive, the PTRA can and should be used 
to guide officer recommendations, including 
recommendations for conditions of release. 
Recent research into disparity has shown that 
if recommendations were based solely on the 
PTRA, release rates could increase by over 30 
percent, while negative outcomes would only 
increase by 1 percent (Skeem, Montoya, & 
Lowenkamp, 2022). This same research has 
recommended that increasing release rates for 
all defendants is the best and most efficient 
way of decreasing racial disparities in our sys-
tem, so increasing our reliance on the PTRA 
would also serve to reduce racial bias.

Previous efforts to increase use of the 
PTRA have met with minimal success. The 
PTRA was deployed to all pretrial services 
offices in 2010, yet correct implementa-
tion and buy-in has been gradual at best. 
Furthermore, stakeholders were not involved 
in the initial development or implementation 
of the tool, so buy-in with stakeholders has 
been equally gradual. To date, approximately 
14 districts include the PTRA in their bail 
reports, and national policy does not reflect an 
official position on whether or not it should be 
included in the report. Among the 14 districts 
that include the PTRA, there is no standard 

format for doing so, with some sending just 
the score, while others send full results with 
predicated failure rates for each of the viola-
tion categories. Due to this lack of consistency, 
it has been difficult to determine the effect of 
including the PTRA in the report.

Both judicial officers and pretrial services 
officers have expressed concerns that the 
PTRA will curtail their professional judge-
ment or that it cannot be considered as it is 
not a (g) factor. Both of these contentions are 
inaccurate. The PTRA was never developed 
or meant to replace professional judgment. 
Rather, it is meant to augment and serve as 
a consistent check on professional judgment, 
ensuring equal treatment of defendants across 
jurisdictions and demographics. As to whether 
it is a (g) factor or not, clearly the tool itself is 
not listed as a factor for the judicial officer to 

consider. Nonetheless, every question in the 
PTRA is, directly or indirectly, a (g) factor so 
in essence the PTRA is simply consolidating 
most of the (g) factors and providing a statis-
tically valid score for those combinations of 
factors (Cohen & Lowenkamp, 2018).

TABLE 5. 
Conditions by Risk Category and Presumption Status

PTRA Categories N
Percent with 1 or 
more Conditions

Mean # Special 
Conditions

All Released Defendants

Non-Presumption 88,935 86% 8.50

Presumption 60,193 97% 11.46

Wobbler 6,247 95% 11.06

PTRA I

Non-Presumption 35,442 78% 6.46

Presumption 7,197 95% 11.68

Wobbler 1,909 92% 9.85

PTRA II

Non-Presumption 21,808 86% 8.53

Presumption 15,962 96% 11.14

Wobbler 1,837 95% 11.16

PTRA III

Non-Presumption 18,814 94% 10.48

Presumption 21,755 97% 11.42

Wobbler 1,644 96% 11.75

PTRA IV

Non-Presumption 9,668 97% 11.29

Presumption 11,518 98% 11.76

Wobbler 704 98% 12.27

PTRA V

Non-Presumption 3,024 98% 11.25

Presumption 3,695 98% 11.80

Wobbler 146 97% 12.12
 
Bolded values significantly differ from the percentages and mean for the “Non-Presumption” group 
at p < .001.

Last, given the significant shift towards 
detention since 1984, efforts to increase release 
rates should be made thoughtfully, with par-
ticular consideration to training and outcomes. 
A culture of release should be established with 
leadership in each district, with the aim of 
prioritizing and supporting increased release 
recommendations. In recent years, several 
districts across the country, in both separate 
and consolidated districts, have significantly 
increased their release recommendations 
without seeing an accompanying increase 
to their failure rates (DSS 1288, 2024). The 
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commonality in these districts is courageous
leadership by the chief, who has been willing to 
engage stakeholders and staff in culture change 
initiatives. Furthermore, the fact that outcomes 
have not worsened should be highlighted and 
advertised to other districts struggling with
release rates, to counter the belief that increas-
ing release will lead to higher rates of failure 
(DSS 1294, 2024). Additionally, pretrial ser-
vices officers and stakeholders should receive 
annual training on the Bail Reform Act of 1984 

 

 

and our statutory obligations under the Act. 
Officers should track their release recommen-
dation rates, and significant decreases should 
be analyzed and addressed.

In line with returning to our statutory roots, 
pretrial services should start increasing release 
recommendations with the “low-hanging fruit,” 
meaning the cases most likely to succeed if 
released. Once a district has addressed these 
cases, they can begin to take more chances 
on higher risk cases. Specifically, there are 

two categories of cases that have traditionally 
experienced high rates of detention despite 
their low-risk status: PTRA 1-3 presumption 
cases and immigration cases. This study has 
confirmed that low-risk presumption cases exist 
and, if released, those defendants would do well 
in a majority of cases. Therefore, we suggest that 
a district seeking to increase their release rates 
gradually can begin by targeting these cases 
while following the risk principle and being 
mindful not to over-condition these defendants 
with excessive conditions of release.

Additionally, judicial officers, federal 
defenders, and assistant United States attor-
neys should renew their focus on the correct 
application of 18 U.S.C. § 3142(f)(1). While 
a detention hearing may be requested under 
(f)(1) for a variety of serious offenses, most 
illegal immigration cases simply do not fall 
within (f)(1) and are mandatory release cases 
unless a judge makes a finding under (f)(2) 
or orders temporary detention under 3142(d)
(1)(B). Despite this, in fiscal year 2024, only 
8 percent of those charged with immigration 
offenses were released, many of whom were 
low-risk defendants. A significant problem 
with the release of undocumented noncitizens 
is the amount of resources it would require 
for a district, especially those on the Southern 
border, to process these cases appropriately. 
While this is a legitimate logistical concern, 
the same logic applies to the financial cost of 
detaining presumption cases—the law does 
not allow for the detention of defendants 
simply because the logistics are challenging. 
Ultimately, the resource concern needs to be 
addressed by Congress, but in the meantime, 
pretrial services officers are encouraged to fol-
low the law and make recommendations for 
release in these mandatory release cases.

Even with the significant changes cre-
ated by adding the danger prong into the 
release decision, the greater shift caused by 
the Bail Reform Act of 1984 was a shift away 
from release and from the correct applica-
tion of the law. This has resulted in a system 
where release has become the carefully limited 
exception, instead of detention. While the 
challenges are many, they can and have been 
overcome in many districts by engaging in 
the above recommendations. We hope that 
Congress will soon address the Criminal Law 
Committee’s recommendation and amend 18 
U.S.C. § 3142(e)(3). In the interim, actions 
can be taken to minimize the effect of the 
presumption, avoid incorrect application of 
the statute, decrease racial disparity, and safely 
increase release rates for all defendants.

TABLE 6.  
Types of Pretrial Conditions by Risk Category And Presumption Status

Presumption 
Status N Released

Percent with Condition

Restriction Monitoring Treatment
Education 

Employment

Other 
Party 

Guarantee

PTRA I 

Non-
Presumptive 28518 73.1% 50.7% 26.4% 33.3% 8.9%

Presumptive 5532 94.7% 84.8% 56.6% 51.3% 18.9%

Wobbler 1471 91.1% 77.6% 48.1% 38.7% 16.6%

PTRA II

Non-
Presumptive 18305 80.8% 69.9% 45.4% 48.3% 14.6%

Presumptive 12159 95.1% 85.8% 62.9% 58.6% 21.6%

Wobbler 1452 93.7% 86.6% 68.0% 50.1% 25.3%

PTRA III

Non-
Presumptive 15584 90.6% 85.2% 65.0% 62.7% 21.8%

Presumptive 16930 96.6% 89.9% 73.8% 65.1% 22.4%

Wobbler 1330 93.6% 90.6% 72.7% 52.0% 32.6%

PTRA IV

Non-
Presumptive 7962 94.5% 92.8% 77.7% 63.5% 25.5%

Presumptive 8802 97.1% 95.1% 82.0% 62.8% 23.2%

Wobbler 555 96.4% 95.0% 83.2% 52.1% 30.3%

PTRA V

Non-
Presumptive 2436 94.7% 95.2% 78.7% 58.2% 26.1%

Presumptive 2802 96.3% 96.0% 83.0% 56.2% 25.3%

Wobbler 119 95.0% 90.8% 84.9% 37.0% 26.9%

TABLE 7.
Marginal Probabilities from Logistic Regression Models Predicting Six Outcomes 

Release 
Recommendation* Release* FTA Arrest Any

Arrest 
Violence* Revoked*

Non-
Presumption  0.51 0.49 0.03 0.08 0.02 0.10

Presumption  0.46 0.43 0.02 0.07 0.01 0.14

Wobblers  0.29 0.28 0.03 0.08 0.03 0.16

PRESUMPTION FOR DETENTION 23
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TABLE 8. 
Cost of Pretrial Detention versus Pretrial Supervision for PTRA Categories I & II (Excluding Cases for Sex Offense and Immigration)

Year

Detained PTRA I 
& II Presumption 

Cases
Average Days 

Detained
Daily Cost 
Detention

Average Days 
Supervision

Daily Cost of 
Supervision

Total Cost 
Detention

Total Cost 
Supervision Difference

2016 1,326 296 $87 399 $11  $34,147,152 $5,819,814 $28,327,338 

2017 1,379 293 $87 393 $11  $35,152,089 $5,961,417 $29,190,672 

2018 1,464 322 $89 426 $11  $41,955,312 $7,746,024 $34,209,288 

2019 1,499 306 $90 481 $11  $41,282,460 $7,453,028 $33,829,432 

2020 1,145 343 $92 452 $11  $36,131,620 $3,917,045 $32,214,575 

2021 1,003 259 $98 311 $12  $25,458,146 $1,203,600 $24,254,546 

2022 392 121 $101 100 $12  $4,790,632 $470,400 $4,320,232 

Total 8,208 $218,917,411 $32,571,328 $186,346,083 

TABLE 9.
Cost of Pretrial Detention versus Pretrial Supervision for PTRA Categories I, II, & III (Excluding Cases for Sex Offense and Immigration)

Year
Detained PTRA I, II, & 
III Presumption Cases

Average Days 
Detained

Daily Cost 
Detention

Average Days 
Supervision

Daily Cost of 
Supervision

Total Cost 
Detention

Total Cost 
Supervision Difference

2016 4,837 280 $87 382 $11 $117,829,320 $20,325,074 $97,504,246

2017 4,929 284 $87 387 $11 $121,785,732 $20,982,753 $100,802,979

2018 5,231 303 $89 413 $11 $141,064,377 $27,447,057 $113,617,320

2019 5,376 308 $90 477 $11 $149,022,720 $26,729,472 $122,293,248

2020 3,945 349 $92 452 $11 $126,666,060 $13,886,400 $112,779,660

2021 3,537 270 $98 320 $12 $93,589,020 $4,626,396 $88,962,624

2022 1,162 146 $101 109 $12 $17,134,852 $1,519,896 $15,614,956

Total 29,017 $767,092,081 $115,517,048 $651,575,033
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THE SPEEDY TRIAL ACT of 1974 autho-
rized the creation of 10 demonstration pretrial 
services agencies with duties that included 
verifying and reporting information to the 
judicial officer about federal defendants and 
recommending appropriate release condi-
tions (Cadigan, 2007). In the hearings before 
Congress regarding the expansion of pretrial 
services from the 10 demonstration agen-
cies to all federal jurisdictions, policymakers 
and judges presented the value of pretrial 
services to judicial officers in assisting with 
decision-making regarding release decisions. 
For example, Judge Morris E. Lasker noted, 
regarding the information gathered by pretrial 
services and the ability and willingness to 
supervise defendants, that “the judicial officer 
feels much easier about releasing a defendant 
on bail.” Senator Ervin explained, “[I]t is com-
mon knowledge that many Federal judges are 
reluctant to release defendants pursuant to the 
Act… This situation exists because district 
courts do not have personnel to conduct inter-
views of…arrested defendants.” The sentiment 
at the time indicated that pretrial services 
offices were an asset to advancing the prefer-
ence for pretrial release established by the Bail 
Reform Act of 1966 and retained in the Bail 
Reform Act of 1984 (Wanger, 1987). After 
pretrial services offices were deemed a “good 
thing” to enhance the federal pretrial system, 
the Pretrial Services Act of 1982 inserted pre-
trial services into the federal criminal justice 
system (Cadigan, 2007).

The decision associated with the release 
or detention of pretrial defendants has been 
recognized as one of the most critical compo-
nents of the criminal justice process (McCoy, 
2007; Oleson et al., 2014 & 2017; Cohen et 
al., 2018; Cohen & Lowenkamp, 2019; & St. 
Louis, 2023) and the rising federal detention 
rate has frequently been identified as a concern 
for the system (Rowland, 2018; Austin, 2017; 
Austin et al., 2024). Under the statute, pretrial 
services has a core duty of assisting with judi-
cial decision-making regarding the release of 
pretrial defendants. Specifically, Section 3154 
of Title 18 of the United States Code outlines 
one duty of pretrial services as, “Collect, verify 
and report to the judicial officer, prior to the 
pretrial release hearing, information pertain-
ing to the pretrial release of each individual 
charged with an offense, including information 
relating to any danger that the release of such 
person may pose to any other person or the 
community” and “…include a recommenda-
tion as to whether such individual should be 
released or detained, and if release is recom-
mended, recommend appropriate conditions 
of release…” (18 U.S.C. §3154(1)). In engaging 
in that role, pretrial services officers take into 
consideration the same factors judicial officers 
consider in making a release decision, with the 
exception of three specific factors: the weight 
of the evidence, the presence of the statutory 
presumption for detention (Austin, 2017), and 

the potential penalty for the offense charged.1

1 The Administrative Office of the U.S. Courts: 
Guide to Judiciary Policy, Volume 8, Part A. This 
document is available internally to employees of the 
Judiciary only.

As a result, federal probation and pretrial ser-
vices officers regularly make recommendations 
that are documented as influential in pretrial 
decision-making. In fact, recent research has 
shown that recommendations for detention by 
officers strongly correlate with judicial deci-
sions for detention (Skeem et al., 2023).

Based on the duty of pretrial services offi-
cers to make influential recommendations on 
the decision for release or detention of pretrial 
defendants, the Probation and Pretrial Services 
Office (PPSO) within the Administrative 
Office of the U.S. Courts (AO), the office 
tasked with oversight of the work of probation 
and pretrial services officers (Lowenkamp 
et al., 2023), has engaged in several efforts 
to assist pretrial services officers in fulfilling 
the mission of pretrial services. Specifically, 
these efforts have focused on aiding officers in 
decision-making regarding releasing pretrial 
defendants. To date, one of the most valuable 
developments of PPSO has been the creation 
of the federal pretrial risk assessment tool 
known as PTRA (Pretrial Risk Assessment). 
The PTRA is an actuarial risk assessment 
instrument used to identify a defendant’s 
likelihood of engaging in pretrial misconduct, 
such as failing to appear for court, committing 
criminal activity, or engaging in conduct that 
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results in revocation of pretrial release; it is 
one of the key tools federal pretrial services 
officers rely on when engaging in pretrial 
decision-making (Lowenkamp & Whetzel, 
2009; Cadigan & Lowenkamp, 2011; Cadigan, 
Johnson, & Lowenkamp, 2012; Cohen et al, 
2018). Yet, despite the availability and admin-
istration of this reliable risk assessment tool in 
the federal system, the federal pretrial system 
has continued to see steady increases in the 
overall detention rate and rates associated 
with officer recommendations for detention,2

2 According to Table H-3 of the Federal Pretrial 
Services Statistical Tables for the Federal Judiciary, 
for the 12-month period ending December 31, 
2023, pretrial services officers recommended deten-
tion in 65.5 percent of cases activated.

indicating room for additional improvements.
Since the PTRA is consistently used in 

the federal pretrial services system, ongo-
ing research must be conducted to ensure its 
validity (Cohen & Lowenkamp, 2019). This 
report is intended to achieve two primary 
goals. First, it provides a synopsis of key find-
ings from a recent study that sought to once 
again establish the predictive validity of the 
PTRA on a large sample of released federal 
defendants to support further officer reliance 
on the PTRA in pretrial decision-making. 
Additionally, this article presents possible 
revisions to the current PTRA to further 
aid officers and other outside stakeholders, 
particularly judicial officers, in pretrial deci-
sion-making for the federal pretrial system. 
The goal is to assist all system stakeholders in 
making risk-informed pretrial decisions.

Risk Assessment in Pretrial Work
The use of actuarial risk assessment in pretrial 
work predates that done in other areas of 
criminal justice (Cadigan et al., 2012). Several 
influential organizations such as the American 
Bar Association (ABA), the National Institute 
of Justice (NIJ), and the National Association 
of Pretrial Services Agencies (NAPSA) have 
issued recommendations about adopting and 
using standardized guidelines such as risk 
assessments in assisting with bail decisions 
(Lowenkamp et al., 2008). Pretrial risk assess-
ment instruments were designed to overcome 
limitations associated with human decision-
making that can lead to biased or unfair 
decisions in pretrial work by forecasting the 
likelihood of defendants failing to appear in 
court or committing a new crime while on pre-
trial release (Desmarais et al., 2021). Research 
has shown that, compared to unassisted deci-
sion-making, risk assessment instruments can 

lead to better decision-making for those oper-
ating in the criminal justice system (Kleinberg 
et al., 2017; Angelova, Dobbie, & Yang, 2022; 
Montoya, Skeem, & Lowenkamp, 2024).

Pretrial risk assessment tools are used 
in many jurisdictions to inform the pretrial 
release decision and the choice of appro-
priate conditions of release, and they have 
been regarded as a strategy to advance pre-
trial reform (Desmarais et al., 2021). In fact, 
in a survey on pretrial practices across the 
United States, approximately two-thirds of 
surveyed counties used a pretrial risk assess-
ment tool (Desmarais et al., 2021). However, 
recently, concerns have been noted that pre-
trial risk assessment instruments contribute 
to racial disparity (Desmarais et al., 2022). 
Still, research has documented that pretrial 
risk assessment instruments are a promising 
tool in helping to reduce pretrial detention 
(Kleinberg et al., 2017; Montoya et al., 2024), 
have fair to excellent predictive validity in 
predicting pretrial outcomes (Zottola et al., 
2021), and have predictive validity that is 
generally comparable across racial and ethnic 
subgroups (Cohen et al., 2018; Desmarais 
et al., 2022). Thus, they are designed to “…
increase pretrial release rates while limiting 
pretrial misconduct and maintaining public 
safety” (Lowder et al., 2023).

Risk Assessment in the Federal 
Pretrial Services System
In the federal system, the use of actuarial 
pretrial risk assessment was initially explored 
when the Office of Federal Detention Trustee 
(OFDT), a former agency in the Department 
of Justice that was responsible for the efficient 
and fair expenditure of funds associated with 
federal detention programs, sponsored a study 
with the support of the AO (VanNostrand & 
Keebler, 2009; Cohen & Lowenkamp, 2019). 
The purpose of the study was twofold: To 
“identify statically and policy-relevant predic-
tors of pretrial outcome to identify federal 
criminal defendants who are most suited 
for pretrial release without jeopardizing the 
integrity of the judicial process or safety of 
the community…” and to “develop recom-
mendations for the use of OFDT funding that 
supports the Federal Judiciary’s alternatives to 
detention program” (VanNostrand & Keebler, 
2009, p. 1). The most important recommenda-
tion of the study was that the results be used to 
develop a “standardized empirically-based risk 
assessment instrument to be used by federal 
pretrial services” (VanNostrand & Keebler, 
2009, p. 7). The study noted that the risk 

assessment tool would help reduce disparity 
in risk assessment practices, serve as a foun-
dation for evidence-based practices (EBP) in 
release and detention recommendations, and 
allow for developing policies regarding release 
and detention recommendations.

The PTRA
Research has documented the development of 
the PTRA and its implementation (Lowenkamp 
& Whetzel, 2009; Cadigan & Lowenkamp, 
2011; Cadigan, Johnson, & Lowenkamp, 2012; 
Cohen & Lowenkamp, 2019). In short, the 
PTRA was initially constructed based on data 
from the OFDT-funded study conducted in 
2009 (Cadigan et al., 2012). The study com-
prised federal defendants granted pretrial 
release between the years 2001 and 2007 (the 
final sample size varied between 185,000 and 
215,000 released defendants) and resulted 
in the identification of nine items that were 
incorporated into the tool’s scoring algorithm, 
including the current offense, factors related 
to the defendant’s criminal history, employ-
ment status, residence status, and substance 
abuse. Eleven items were ultimately incor-
porated into the PTRA, including age and 
educational attainment. A detailed overview 
of the PTRA development and scores associ-
ated with the instrument can be found in 
several publicly available articles (Lowenkamp 
& Whetzel, 2009; Cadigan & Lowenkamp, 
2011; Cadigan, Johnson, & Lowenkamp, 2012; 
Cohen & Lowenkamp, 2019). As a result of 
the study, PPSO constructed and validated the 
PTRA and ultimately implemented it in 2010 
(Lowenkamp & Whetzel, 2009; Cohen et al., 
2018; Cohen & Lowenkamp, 2019) to be used 
in connection with a thorough investigation 
and the pretrial services officer’s professional 
judgment.

Because the PTRA is used extensively in the 
federal pretrial system, there is a need for ongo-
ing, comprehensive research that addresses 
its validity. The PTRA was constructed in 
2009 and validated shortly after that in 2011 
(Cadigan et al., 2012). In 2018, a large study 
was conducted to evaluate the predictive effi-
cacy of the tool further (Cohen et al., 2018). 
That study involved 85,369 released defendants 
with PTRA assessments completed during their 
intake between 2009 and 2015. Findings in the 
study revealed the PTRA continued to perform 
well in predicting pretrial violations of various 
categories, including new criminal arrests for 
violent offenses. As a result, the PTRA con-
tinues to be widely used by pretrial services 
officers in the federal pretrial system. Recent 
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PPSO records reflect the PTRA is currently
completed timely, before the judicial decision
(Valdez Hoffer, 2018), in approximately 82 per-
cent of federal pretrial cases.3

3 PTRA completion rates solely refer to the date 
of completion in relation to the date of the judicial 
decision and do not include a comparison of PTRA 
score to recommendation to demonstrate officer 
reliance.

Despite findings confirming that the PTRA 
performs well, over the years pretrial services 
officers have been hesitant to incorporate it 
into their decision-making process (Cohen 
et al., 2018). As of 2014, the PTRA was com-
pleted in a timely, useful manner in only half 
of all cases (Cohen et al, 2018). Additionally, 
through various educational and collabora-
tive efforts to address the rising detention 
rate, PPSO has learned of concerns associated 
with PTRA that include a perception it fails to 
address the danger posed by defendants and 
its failure to assess all the factors required for 
consideration under 18 USC §3142(g).

Present Study: The PTRA
The current study sought first to provide an
updated evaluation of the PTRA’s predictive
efficacy. The sample used for this study is
drawn from pretrial activations between fiscal 
years 2016 and 2022. To be included in the
study, the observation had to have a PTRA
score completed by an officer, and the case
had to be closed by the end of fiscal year 2022. 
These criteria led to a sample size of 243,454
observations. Of those, 114,827 were released
during pretrial. Figure 1 shows the distribu-
tion of the total PTRA scores for detained and 
released populations. There is approximately
60 percent overlap between these two popula-
tions (indicated by the light gray shading). In
Figure 1, there are three colors of shading. The 
white shading represents the distribution of
scores for the released population. The dark-
gray shading represents the distribution of
scores for the detained population. The light-
gray shading represents areas where there is
an overlap of the two distributions. So, for
example, focusing on a PTRA score of seven,
roughly 14 percent of the released sample
has a PTRA score of seven (evidenced by the
white shaded bar). Roughly 10 percent of the
detained sample has a PTRA score of seven
(evidenced by the light-gray shaded bar).
Focusing now on a PTRA score of eight, it can 
be seen that roughly 12 percent of the released 
sample has a PTRA score of eight (light-
gray shading) and roughly 16 percent of the
detained sample has a PTRA score of eight.

 
 

 
 
 

 
 
 

 
 

 

 

 

 

 
 
 
 
 
 
 
 

 

The average risk score for the detained 
sample is somewhat higher than that for the 
released sample (8.75 versus 6.13; t(230,597) 
= 260.44; p < 0.001). While Figure 1 does 
not contain mean PTRA total scores for 
each group, it is readily observable that the 
detained sample is at higher risk (dark grey 
shading), while the released sample is at 
lower risk (no shading). The average risk 
scores and distributions for the detained and 
released samples contain important informa-
tion, as previous research has not reported on 
the risk scores of the detained sample. This 
information demonstrates that while the two 
groups differ in average risk scores and the 
distribution of risk scores, there is substantial 
overlap between the two groups and released 
and detained defendants at each PTRA score. 
While the two groups might, and probably 
do, differ on other unmeasured factors, the 
information contained in Figure 1 and this 
paragraph might assuage, to some degree, 
concerns that the released and detained popu-
lations are too different to use existing pretrial 
failure rates to estimate likely failure rates if a 
greater percentage of detainees were released.

Turning to the sample of released defen-
dants used for this validation study, Table 
1 contains descriptors of the sample. The 
sample in this study is standard for a sample 
of released defendants from the federal courts. 
Seventy-two percent of the sample is male, 
and most of the majority is White (62 per-
cent). About one-quarter of the sample is 

identified as being Hispanic. The overwhelm-
ing majority of defendants are charged with a 
drug, property, or firearms offense (combined 
roughly 75 percent). The average age of the 
sample is 38 years, and the average PTRA 
score is 6.13. The failure rates are also fairly 
typical for federal pretrial defendants at 1.64 
percent for FTA, 8.13 percent for an arrest 
for any offense, and 1.54 percent for an arrest 
for a violent offense. Almost 11 percent of the 
released defendants are subsequently revoked, 
and almost 17 percent experience one of the 
outcomes mentioned above.

Table 2 presents the failure rates for each 
of the five outcomes by risk category and the 
AUC-ROC values generated for the Total 
PTRA score and each of the five outcomes. 
Consistent with earlier research on the PTRA 
and pretrial risk assessment in general, the 
AUC-ROC values in Table 2 are all in the 
good to excellent or moderate to large range. 
Further, there is an increase in the failure rates 
as one moves from one category to the next. 
While some of the differences between risk 
categories might not be practically meaning-
ful due to low overall base rates (e.g., FTA/
Absconsion and arrest for a violent offense), 
the failure rates associated with other indi-
vidual outcomes and combined outcomes 
are practically meaningful when allocating 
resources by risk.

FIGURE 1.
Distribution of PTRA Scores for Released and Detained Defendants

Figures 2a through 2e present the varying 
failure rates by total PTRA score. The average 
failure rate for each score is represented by a 
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diamond, and the 95 percent confidence inter-
val for each point estimate is represented by 

the “whiskers” extending from each diamond. 
The point estimates do not significantly differ 

when the confidence intervals overlap. For 
some outcomes, such as FTA/Absconsion 
and violence (Figures 2a and 2c), it is appar-
ent that the different scores can be grouped 
into categories from a statistical and practical 
standpoint. However, for outcomes like arrest 
for any offense, revocation, and any adverse 
event, many of the scores are meaningful and 
statistically differ from the point estimates of 
the neighboring scores.

For example, Figure 2e presents the failure 
rates defined as “any adverse event” for each 
PTRA score (ranging from 0 to 13). With a few 
exceptions, failure rates for each score signifi-
cantly differ from those in the scores next to 
it. More specifically, the failure rates between 
1 and 2, 10 and 11, 11 and 12, and 12 and 13 
do not differ from one another to a statistically 
significant degree (p > 0.01). Such a finding is 
not unusual and usually leads to the creation 
of risk categories. Even so, the information in 
Figure 2e indicates that it might be beneficial 
to use the risk scores when reporting norma-
tive information on the PTRA or increase the 
total number of categories beyond the current 
number of risk categories on the PTRA.

TABLE 1.
Sample Characteristics

Variable N %

Sex

Male 82,295 71.68

Female 32,508 28.32

Missing 24 0.02

Race

Asian 2,680 2.33

Black 34,141 29.73

Native American 3,984 3.47

Other 875 0.76

Pacific Islander 581 0.51

White 71,693 62.44

Missing 873 0.76

Hispanic Origin

Yes 29,279 25.50

No 81,888 71.31

Missing 3,660 3.19

Offense Type

Drug 40,169 34.98

Escape or Obstruction 1,040 0.91

Firearms 13,365 11.64

Immigration 8,658 7.54

Property 33,580 29.24

Public Order 4,416 3.85

Sex Offense 5,471 4.76

Other 2168 1.89

Violence 5,597 4.87

Missing 363 0.32

Variable N %

Offense Class

Felony 104,838 91.30

Misdemeanor 9,624 8.38

Missing 365 0.32

PTRA Category

I 33,144 28.86

II 28,690 24.99

III 31,215 27.18

IV 16,538 14.40

V 5,240 4.56

FTA/Abscond 1,888 1.64

Arrest Any Offense 9,340 8.13

Arrest Violent 
Offense 1,765 1.54

Revoked 12,308 10.72

Any Adverse Event 18,976 16.53

PTRA Score 6.13 2.62

Age 38.00 13.15

TABLE 2.  
Predictive Validity of the PTRA for Five Outcomes

Outcome N AUCROC Lower Upper

FTA/Absconding 114,827 0.706 0.689 0.723

Arrest for Any Offense 114,827 0.675 0.666 0.684

Arrest for Violent Offense 114,827 0.680 0.661 0.699

Revocation 114,827 0.713 0.705 0.720

Any Adverse Event 114,827 0.707 0.701 0.713

Preliminary PTRA 
Revision Analysis
While the current data indicates that the 
PTRA is still valid in predicting pretrial 
outcomes, we conducted additional analyses 
to explore a revision to the PTRA. The addi-
tional analyses had two goals: the first was 
to improve accuracy, and the second was to 
address the field’s concerns about the content 
of the PTRA (such as that it lacks complete 
coverage of the 3142(g) factors).

Currently, the PTRA generates one risk 
score representing a risk category associated 
with the likelihood of pretrial failure (Cadigan 
et al., 2012), which is defined in several 
ways. Following the work of VanNostrand 
& Lowenkamp (Laura & John Arnold 
Foundation, 2014), we conducted additional 
analyses to explore the potential for three 
scores to better inform pretrial decision-
making (we refer to this as a “major revision”). 
The analyses determined that it is, in fact, 
possible, based on available data, to create 
three separate scores to specifically assess 
the risk of failure to appear, the risk of new 
criminal arrest for any offense, and the risk 
of dangerousness (as defined by a new arrest 
for a violent, weapons, sex, or drug trafficking 
offense). The FTA scale included 13 factors,4 
4 The FTA scale factors included age, criminal jus-
tice status, drugs used, class of offense (Class A or B 
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the dangerousness scale (defined as an arrest 
for a violent, weapons, sex offense or traffick-
ing in drugs) included 19 factors,5

5 The dangerousness scale factors included age, age 
at first arrest, criminal justice status, criminal activ-
ity while under supervision, criminal associations, 
current drug offense, current or past child victim, 
current dangerous offense, felony charge, history 
of weapon use, pattern of similar activity, prior 
dangerous offense, residential status, employment 
status, pending charges, substance abuse history, 
safety concerns for a person, time arrest-free, and 
violent behavior history.

 and the 
scale predicting an arrest for a non-dangerous 
offense included 14 factors.6

6 The non-dangerous arrest scale factors included 
age, age at first arrest, criminal justice status, 
criminal activity while under supervision, crimi-
nal associations, current offense type, prior felony 
counts, pattern of similar activity, residential sta-
tus, prior convictions, pending charges, substance 
abuse history, time arrest-free, and prior failures 
to appear.

 The AUC-ROC 
values for each scale were 0.68, 0.74, and 0.71 
for FTA, arrest for a dangerous offense, and 
arrest for a non-dangerous offense, respec-
tively. These values are slightly higher than the 
AUC-ROC values that are generated with the 
existing PTRA; however, these scales require 
the scoring of additional factors not currently 
on the PTRA.

Given the significant increase in the num-
ber of factors7

7 From 11 in the current PTRA to 32 unique factors 
in the major revision.

 to create the three scales, we 
also attempted to create a revised PTRA 
that addresses some of the concerns about 
the original PTRA (such as that the PTRA 
was not developed to predict violence or 
dangerousness specifically), but that main-
tained its relative brevity (we refer to this as 
a “minor revision”). Specifically, in addition 
to eight items included in the current PTRA,8

8 The PTRA items included in the minor revision 
were number of felony convictions, prior failures to 
appear, pending felonies or misdemeanors, current 
offense type, age, educational attainment, residen-
tial status, and citizenship status.

we added the following: prior felony violent 
convictions, age at first arrest for a violent 
offense, criminal justice status at arrest or 
prior arrest while on supervision, Class A or 
B felony offense, if the defendant was under 
supervision at the time of the offense, and 
total number of felony counts in the cur-
rent offense. This exercise proved somewhat 
successful, too, as we were able to generate 

felony), offense type, prior non-dangerous offense, 
residential status, education status, employment 
status, prior failure to appear, pending charges, 
substance abuse history, and citizenship.

AUC-ROC values in the good to excellent 
range for each outcome of interest by chang-
ing the weighting of the current PTRA factors, 
eliminating some, and then adding a small 
number of additional factors related to pre-
dicting arrests for new criminal offenses (both 
dangerous and non-dangerous). Thus, with 
these items, we were able to predict outcomes 
(FTA, likelihood of committing a danger-
ous offense, and likelihood of committing a 
non-dangerous offense) with the same level of 
accuracy as in the major revision.

In summary, the analyses we conducted 
provided some promising results. First, the 
original PTRA remains a valid predictor of 
pretrial outcomes of interest. Second, while 
the difference in failure rates across risk cat-
egories might not be large, the differences for 

some outcomes are statistically significant, 
and the failure rates at the limits of the scale 
likely provide some meaningful information 
for practice. Third, for non-violent offense, 
revocation, and the combined measure, any 
adverse event, the failure rates across catego-
ries are statistically significant and practically 
meaningful. Sometimes the failure rates on 
these outcomes across individual PTRA scores 
are practically and statistically significant. 
This finding might provide some guidance as 
we continue to consider how to best present 
risk assessment results to maximize use by 
officers and other stakeholders.

TABLE 3.  
Failure Rates by Risk Category for Five Outcomes

PTRA 
Category N

FTA/
Abscond

Arrest Any 
Offense

Arrest 
Violent 
Offense Revoked

Any 
Adverse 

Event

 I 33,144 0.35 2.95 0.49 2.54 5.01

 II 28,690 1.08 6.24 1.09 7.74 12.44

III 31,215 2.23 10.24 1.99 14.38 21.55

IV 16,538 3.31 14.9 2.91 20.84 30.86

V 5,240 4.16 17.44 3.61 24.96 36.55

All 114,827 1.64 8.13 1.54 10.72 16.53

AUC-ROC 
Full Score 114,827 0.706 0.675 0.680 0.705 0.701

Figures 2.  FTA/Absconsion Rate by PTRA Score

Figure 3.  Arrest Rate for Any Offense by PTRA Score 

FIGURE 2a.
FTA/Absconsion Rate by PTRA Score

0
2

4
6

8

Pe
rc

en
t F

TA
/A

bs
co

nd
in

g

0 1 2 3 4 5 6 7 8 9 10 11 12 13

PTRA Score

0
5

10
15

20
25

Pe
rc

en
t A

rrr
es

t A
ny

 O
ffe

ns
e

0 1 2 3 4 5 6 7 8 9 10 11 12 13

PTRA Score

     

     

     

     

The additional analyses related to develop-
ing a PTRA revision also provided promising 
results. First, by creating new scales sensitive 
to each of the individual outcomes of interest, 
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we increased accuracy in predicting arrest for 
a dangerous offense and for a non-dangerous 
offense. Second, we could maintain most of 
the increase in predictive accuracy even when 
reducing the number of factors in the “major” 
revision (i.e., the minor revision). Third, with 
both the major and minor revisions, we are 
able to address some of the concerns officers 
have expressed about the coverage of the 
3142(g) factors in the PTRA and the predic-
tion of dangerousness.

FIGURE 2b.
Arrest Rate for Any Offense by PTRA Score

FIGURE 2c.
Arrest Rate for Violent Offense by PTRA Score

Directions Forward
This study revalidated the original PTRA, 
demonstrating that it remains a valid risk 
assessment instrument for pretrial decision-
making. Additionally, an expanded analysis 
of the PTRA was conducted to identify addi-
tional factors that can be incorporated into 
it to assist not only federal pretrial services 
officers but potentially judicial officers in 
pretrial decision-making. It should be noted 
that the potential revisions contained in this 

manuscript are examples of possible direc-
tions to take in revising the PTRA. Ultimately, 
the decision to revise the PTRA and the exact 
direction any revisions take will depend, to 
some degree, on input from the field.

Expanding the Use of PTRA for Officers
Over the years, pretrial services officers have 
hesitated to accept the PTRA as part of their 
decision-making process (Cohen et al., 2018). 
Pretrial risk assessments, including the PTRA, 
have been regarded as a favorable method to 
address pretrial concerns associated with pre-
trial decision-making and have been shown 
to continuously demonstrate good to excel-
lent predictive accuracy (Desmarais et al., 
2022; Cohen et al., 2018). Simulation studies 
relying on actuarial risk assessment to shape 
pretrial decision-making have demonstrated 
increased release rates with no impact on pub-
lic safety (Kleinberg et al., 2017; Montoya et 
al., 2024), benefits that accrue disproportion-
ately to Black defendants, and large reductions 
in detention costs while maintaining public 
safety (Montoya et al., 2024). As such, efforts 
must continue to advance the consistent use 
of the PTRA. Thus, if incorporating the 
expanded factors outlined above into the 
PTRA could increase officers’ feelings of 
ease in recommending release, PPSO should 
construct an updated PTRA that incorporates 
those items.

Additionally, while this study has primar-
ily focused on pretrial decision-making as a 
function of pretrial investigative work, it is 
also important to address pretrial supervision, 
another statutory duty of pretrial services 
officers, as another critical component in the 
mission of pretrial services to reduce unnec-
essary detention. As previously noted, when 
policymakers and other stakeholders were 
assessing the value of pretrial services to the 
criminal justice process following the study of 
the 10 pretrial services demonstration agen-
cies, the stakeholders clearly indicated that 
the ability of pretrial services to supervise 
pretrial defendants on pretrial release was also 
critical to judges feeling confident in releasing 
defendants on bail (Wanger, 1987). Thus, one 
primary purpose of the Pretrial Services Act 
of 1982 was to increase release rates by placing 
defendants who would be detained into pre-
trial supervision programs (Cohen & Austin, 
2018). As a result, there have been significant 
increases in the number of defendants on fed-
eral pretrial supervision.9

9 According to Table H-7 of the Federal Pretrial 
Services Statistical Tables for the Federal Judiciary, 

Figure 4.  Arrest Rate for Violent Offense by PTRA Score 
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While there are growing numbers of stud-
ies of pretrial risk assessments to assist with 
the initial release decision, there are fewer 
studies that evaluate the use of risk assess-
ment to inform pretrial supervision, even 
though nearly half of all local jurisdictions 
report using pretrial supervision as a compo-
nent of pretrial reform (Lowder & Foudray, 
2021). Research has found issues with deci-
sion-making regarding pretrial release and 
court-ordered conditions (Zettler et al., 2022). 
Further, pretrial agencies do not always
approach work following the risk principle 
(Lowder & Foudray, 2021). A concern exists 
regarding the use of pretrial supervision and 
conditions, because conditions expose defen-
dants to pretrial detention based on revocation 
of pretrial release for noncompliance (Bechtel 
et al., 2022; Bechtel et al., this volume), and 
studies have shown10

10 The federal risk principle outlines that low-risk 
defendants are most likely to succeed if released 
pretrial, and alternatives to detention are most 
appropriate for moderate- to high-risk pretrial 
defendants (VanNostrand & Keebler, 2009).

 consequences for revo-
cation of pretrial release, including longer 
imprisonment sentences (Oleson et al., 2014).

Pretrial risk assessment tools may assist 
with the appropriate level and type of supervi-
sion (Lowder & Foudray, 2021). For example, 
when applying the PTRA, a “category one [can 
be] associated with release with no conditions, 
while the remaining four categories propose 
gradually increasing supervision intensity” 
(Bechtel et al., 2022). The analysis presented 
in this report has shown that, at least initially, 
the PTRA may be a reliable tool to assist 
federal pretrial officers with pretrial supervi-
sion. Thus, future efforts to inform pretrial 
decision-making should continue to include 
attention to supervision while on pretrial 
release.

FIGURE 2d.
Revocation Rate by PTRA Score

FIGURE 2e.
Rate of Any Adverse Event by PTRA Score

Expanding the Use of 
PTRA: A Tool for Judges?
To date, there is no known actuarial risk 
assessment tool for federal judges engaging 
in pretrial decision-making. Instead, judges 
are directed under Section 3142(g) of Title 18 
of the United States Code to consider several 
factors not necessarily established in the litera-
ture correlating with the risk of pretrial failure. 
Specifically, under the statute, judicial officers 
are ordered to consider the nature and cir-
cumstances of the offense, including whether 
the offense is a crime of violence, a violation 

of section 1591, a federal crime of terror-
ism, or involves a minor victim or controlled 
substance, firearm, explosive, or destructive 
device; the weight of the evidence against 
the person; the history and characteristics 
of the person, including the person’s char-
acter, physical and mental condition, family 
ties, employment, financial resources, length 
of residence in the community, community 
ties, past conduct, history relating to drug or 
alcohol abuse, criminal history, and record 

concerning appearances at court proceed-
ings and whether, at the time of the current 
offense or arrest, the person was on probation, 
parole, or other release pending trial, sentenc-
ing, appeal, or completion of sentence for an 
offense under federal, state, or local law; and 
the nature and seriousness of the danger to 
any person or the community that would be 
posed by the person’s release. As a result of this 
statutory obligation, judges have expressed 
concerns about considering the PTRA in 

the 12-month period ending March 31, 2024 reflects 
28, 566 defendants were under pretrial supervision.

Figure 6.  Rate of Any Adverse Event by PTRA Score 
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judicial decision-making, because it does not 
address all the required statutory factors. 
Though recent studies have shown minimal 
impacts on release rates, others have docu-
mented that when judges use risk assessment 
results in pretrial decision-making, pretrial 
release rates sometimes increase (Bechtel et 
al., 2024; Desmarais et al., 2022). While pre-
liminary analyses in this study indicated the 
possibility of including a larger set of the 
factors listed in 3142(g), if there is interest in 
providing judges with the results of an actuar-
ial risk assessment that covers most, if not all, 
of the factors they are directed to consider in 
making pretrial release decisions, then addi-
tional analysis will be required. Even so, based 
on the preliminary research conducted here, 
it appears such an endeavor, from a statistical 
standpoint, might be fruitful.

Conclusion and Implications
The current study sought to examine the 
PTRA’s continued validity and to iden-
tify potential additions that can be made 
to expand the use of the PTRA in hopes 
of achieving better outcomes in the federal 
pretrial services system. Findings from this 
analysis show that the PTRA continues to 
perform well in predicting pretrial outcomes. 
Additional analysis relating to revising the 
PTRA identified the potential to revise the 
PTRA, increasing its accuracy in predicting 
specific outcomes related to new criminal 
behavior, and expanding the use of the PTRA 
to assist judges in pretrial decision-making. 
Finally, the revisions could also address con-
tinued concerns expressed by officers relating 
to the content of the original PTRA and the 
weighting of factors.

Recent research has emphasized that the 
recommendations of pretrial services officers 
are strongly correlated with judicial release 
decisions (Skeem et al., 2023). Yet, over the 
past several years, the federal pretrial ser-
vices system has seen steady increases in 
the national detention rate and has tried 
to identify possible explanations for these 
trends (Cohen et al., 2018; Austin, 2017). The 
analysis in this report supports the contention 
that officers can rely on the PTRA in its cur-
rent version when making pretrial decisions. 
Such reliance on the PTRA could dramati-
cally improve federal detention outcomes 
through improved rates of recommendations 
for release by pretrial services officers without 
compromising public safety (Montoya et al., 
2024). As a result, any immediate action taken 
should focus on policy revisions that improve 

officer reliance on the PTRA.
The analysis also presents several ways 

that PPSO has begun exploring revisions and 
expanded uses of the PTRA. The discussion 
and review of the extant literature on pre-
trial risk assessment demonstrates that the 
PTRA not only can assist officers in initial 
decision-making but may also assist officers 
in decision-making associated with pretrial 
supervision, such as the need to modify exces-
sive conditions of supervision placed on 
low-risk defendants. The analysis contained 
in this paper indicates that future revisions 
could expand the tool to include factors that 
are relevant to judicial officers in the decision-
making process, which may increase the use 
of this instrument and the rate at which risk-
informed decisions are made.
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PRETRIAL REFORM HAS1234 become an 
urgent matter in the U.S. Jails have become 
a “modern epicenter of incarceration” in this 
country, largely because of stunning growth in 
the population of unconvicted people who are 
held in jail while awaiting their trial (Garrett, 
2022). The federal pretrial detention rate 
has grown at a steady but staggering pace 
over the past several decades—so that over 
two-thirds of all federal defendants are now 
detained (Administrative Office of the U.S. 
Courts, 2024; Rowland, 2018). As Judge Carr 
(2017) observed, pretrial detention “really 
matters” in the federal system because the 
pretrial period is uniquely lengthy, often last-
ing twelve months or more. There is evidence 
that pretrial detention causes worse outcomes 
for defendants and society, including higher 
chances of a guilty plea, a carceral sentence, 
future unemployment, and future offend-
ing (Dobbie et al., 2018; Gupta et al., 2016; 
Koppel et al., 2022; Lowenkamp, 2022). These 

 

 

burdens disproportionately fall upon Black 
defendants and disadvantaged communities 
(Grossman et al., 2022; Skeem et al., 2023).

Role of Risk Assessment 
in Pretrial Reform
Over recent years, the federal judiciary has 
undertaken efforts “to ensure that defen-
dants are not unnecessarily detained”
(Administrative Office of the U.S. Courts,
2024). These efforts include greater use of 
risk assessment instruments (RAIs) in pre-
trial decision-making, to prioritize lower risk 
defendants for release. RAIs are data-based 
tools that assign scores to risk factors like age 
and criminal history to estimate the likeli-
hood that the defendant will (re)offend or 
abscond before their case disposition. In the 
federal system, an RAI called the Pretrial Risk 
Assessment (PTRA; Lowenkamp & Whetzel, 
2009) was developed for probation and pretrial 
officers to use when making recommenda-
tions about pretrial detention to magistrate 
judges. Whether magistrate judges consider 
the PTRA or not, they must evaluate the
defendant’s threat to public safety and chances 
of returning to court, because these are fun-
damental components of the pretrial decision 
(18 U.S. Code § 3142). Given substantial evi-
dence that RAIs predict these outcomes more 
accurately than unaided human judgment
(Goel et al., 2018), some scholars have argued 
that careful implementation of RAIs is key to 
achieving the elusive goal of reducing pretrial 

 
 

 

 

detention without compromising public safety 
(Desmarais et al., 2021; Reitz, 2020).

Concern that Risk Assessment 
Worsens Racial Disparities
However, there has been resistance to using 
RAIs as a foundation for pretrial reform. Some 
stakeholders oppose RAIs entirely, largely 
based on fears that they will worsen racial dis-
parities in incarceration. The Pretrial Justice 
Institute (2020) even called for the abolition 
of all pretrial RAIs, arguing that they “are 
derived from data reflecting structural racism 
and institutional inequity” and that their use 
further “deepens the inequity.”

Research has increasingly addressed this 
important concern, and produced no com-
pelling evidence that using RAIs in pretrial 
decision-making would increase racial dispari-
ties in detention—particularly compared to 
the status quo of relying on unaided human 
judgment. Under the status quo, racial dis-
parities in federal officers’ decision-making 
are well-documented and strongly associated 
with practitioners’ heavy reliance on criminal 
history (Skeem et al., 2023). Moreover, the 
results of a recent policy simulation sug-
gest that replacing status quo federal pretrial 
decision-making with a PTRA-based release 
policy would substantially improve outcomes, 
particularly for Black defendants—who would 
experience a 39 percent reduction in detention, 
compared to 27.3 percent for White defendants 
(Montoya et al., 2024). Results of these federal 
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studies are consistent with the conclusions that 
Lawson et al. (2024) reached, based on their 
systematic review of 21 studies of the associa-
tion between using RAIs and disparate impact 
by race or ethnicity. Although more rigorous 
research is needed, they said, the weight of 
the evidence indicated that using RAIs “can 
contribute to reductions in disparities” (p. 1).

Open Questions and Study Aims
RAIs like the PTRA continue to be widely 
used, even if they are controversial and offi-
cers or judges may “freely ignore” them 
when making pretrial decisions (Reitz, 2020). 
According to one advocacy group, 60 percent 
of the U.S. population lives in a jurisdiction 
that has adopted a pretrial RAI (Movement 
Alliance Project, 2024). Alongside wide use of 
RAIs in a variety of criminal justice contexts, 
evidence has begun to emerge that disparities 
in imprisonment between Black and White 
people have been decreasing over time—fall-
ing by an estimated 40 percent over the past 
two decades (Sabol & Johnson, 2022).

This raises important questions that can be 
addressed through analysis of federal pretrial 
data. How have racial disparities in pretrial 
decision-making changed over the past two 
decades? How has the implementation of the 
PTRA—which was first introduced in 2009—
affected those trends in racial disparities over 
time? In the present study, we address such 
questions. We focus on federal pretrial and 
probation officers, who are responsible for 
implementing the PTRA and recommend-
ing that magistrate judges detain or release 
defendants. Officers’ detention recommenda-
tions for detention strongly predict judicial 
detention decisions, with 87 percent rates of 
agreement (Skeem et al., 2022). Our study has 
two major aims:

1. To estimate the extent to which racial 
disparities in officers’ pretrial deten-
tion recommendations decreased from 
2004 to 2024.

2. To explore the extent to which two 
PTRA implementation events were 
associated with changes in the level and 
trend of racial disparities in officers’ 
detention recommendations from 2004 
to 2024. The implementation events 
were in (a) 2011, when the system-
wide rate of completing PTRAs before 
defendant’s hearings first surpassed 
50 percent, and (b) 2014, when a new 
policy made PTRA completion part of 
officers’ official workload credits and 
annual reporting.

This study is meant to characterize how 
racial bias in pretrial decision-making has 
shifted over time—and how those shifts relate 
to the use of an RAI. Does PTRA implemen-
tation “bake in bias,” selectively worsening 
outcomes for Black defendants, as those who 
reject risk assessment claim? Or does PTRA 
implementation reduce bias, perhaps by struc-
turing human decision-making, as advocates 
of risk assessment claim?

Method
Sample
The sample for this study comprises pretrial 
criminal case activations in the United States 
federal court system from fiscal year 2005 
through the first half of fiscal year 2024. 
To permit comparison with prior results in 
this series (Montoya et al., 2024; Skeem et 
al., 2022, 2023), the dataset is restricted to 
non-Hispanic White and Black defendants. 
Observations were included only when a rec-
ommendation by pretrial services was present. 
These inclusion criteria yield a total of 653,643 
observations. Data were aggregated based on 
the month of case activation to generate the 
requisite variables for further analyses.

Measures
Defendants’ race was drawn from the
Probation and Pretrial Services Automated
Case Tracking System (PACTS), which com-
bines official records and the defendant’s
self-report to record race. The official records 
include but are not limited to what is recorded 
in criminal history records provided by law 
enforcement agencies. When defendants
reported a race that differed from official
records, officers entered the defendant’s self-
reported race (see Skeem et al., 2023). For 
this study, race is categorized as non-Hispanic 
Black or non-Hispanic White.

 
 

 

 
 

The pretrial officer’s recommendation for 
pretrial release or detention was also extracted 
from PACTS. Officers’ recommendations are 
recorded in PACTS as “detain,” “release,” or 
“release with conditions.” The two options for 
release were collapsed into one category, cre-
ating a binary variable with a release (with or 
without conditions) coded as 0 and detention 
coded as 1.

Additional data drawn from PACTS for 
supplemental analyses included binary vari-
ables that indicated whether the defendant 
was charged with a violent, firearms, or
property offense, whether charges included 
a presumptive detention offense or possible 
presumptive detention offense, and whether 

 

the defendant was released or detained (for 
details, see Skeem et al., 2023). All measures 
were used to create measures representing the 
percentage of cases for each period (month).

Relative Risk Ratios
To operationalize racial disparities in pretrial 
detention recommendations, we calculated 
relative risk ratios—which are easily interpre-
table, with a value of 1.0 indicating parity in 
recommendation rates across racial groups, 
values less than 1.0 indicating that Black 
defendants are less likely than White defen-
dants to be recommended for detention, 
and values greater than 1.0 indicating that 
Black defendants are more likely to be rec-
ommended for detention than their White 
counterparts. These ratios were calculated by 
dividing the proportion of Black defendants 
recommended for detention by the propor-
tion of White defendants recommended for 
detention. After aggregating the data series at 
monthly intervals, risk ratios were generated 
for 234 total monthly observations. The aver-
age number of observations within months is 
2793.34 (SD = 500.45, range 777-4024).

PTRA Implementation Events
The PTRA was first introduced in the federal 
system in 2009. We modeled two PTRA imple-
mentation events or “interventions”—one that 
marked the attainment of full pre-hearing 
implementation of the PTRA, and one that 
indicated when PTRA completion became 
part of officers’ official workload. The first 
intervention was in October 2011, when rates 
of PTRA completion before a defendant’s 
initial or detention hearing first exceeded 50 
percent system-wide. We chose this bench-
mark based on the National Implementation 
Research Network’s (2015) suggestion that 
a marker that full implementation has been 
achieved is when 50 percent or more of the 
staff use an innovation with fidelity. Because 
data on the proportion of staff reliably using 
the PTRA over time are unavailable, we used 
the rate at which the instrument was being 
administered before a defendant’s initial or 
detention hearing. The proxy is reasonable, as 
it indicates the PTRA was available as a basis 
for pretrial decision-making at the defendant’s 
hearing.

The second intervention we modeled 
was in July 2014, when administration of 
the PTRA became an official component 
of officers’ workload reporting systemwide. 
Specifically, officers were instructed to begin 
reporting the time they spent completing the 
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PTRA as part of their workload credits, start-
ing in July 2014 to calculate proper workload 
estimates for 2015. Officers have been record-
ing their time and efforts spent in completing 
the PTRA annually since then.

Analytic Strategy
To estimate the historical trend of racial
disparities in officers’ pretrial detention
recommendations (Aim 1), we employed a 
regression model, adjusting for autocorre-
lation using Newey-West standard errors,
where the dependent variable was the bivari-
ate risk ratio and the independent variable was 
time. To address Aim 2, we used interrupted 
time series analysis (ITSA). ITSA, a quasi-
experimental research design, is particularly 
appropriate in cases where the effective sam-
ple size is one (N=1) and sufficient pre- and 
post-event or “intervention” observations are 
available (Linden, 2015). Our ITSA analyses 
included both PTRA implementation events 
or “interventions.”

 
 

 

Results
Descriptive Statistics
The final dataset includes 653,643 

observations spread across 93 federal districts 
and almost 20 full years (from October 2004 
through March 2024). Forty-eight percent of 
the sample is Black (n = 315,334), while the 
balance (52 percent or n = 338,309) is White. 
Defendants’ average age is 37.61 years (SD = 
12.08). Males comprise just over 82 percent of 
the sample and females just under 18 percent 
(n = 538,420 and 115,223, respectively). The 
sample’s average PTRA score is 7.09 (SD =
2.79; data were available to compute these
scores as early as 2004, even though PTRA 
was introduced in 2009). About 6 percent of 
the sample (n = 40,063) had charges where 
the charge could have been eligible for pre-
sumption detention.5

 
 

 

5 We used the percentage of cases that were pos-
sibly eligible for presumptive detention based on 
charge type. Austin (2017) refers to these cases 
as “wobblers,” as the exact presumption status 
is unknown based on the charge alone. Further, 
Skeem et al. (2022) found that the percentage of 
“wobbler” cases was related to disparity while the 
percentage of confirmed presumption cases was 
unrelated to disparity.

 Of the sample’s current 
offenses, 24.0 percent, 18.6 percent, and 6.4 
percent included property, firearms, or violent 
charges, respectively. The average risk ratio

over the nearly two-decade study period was 
1.43 (SD = 0.17).

TABLE 1. 
Estimated Monthly Decrease in Racial Disparities in Officers’ 
Pretrial Detention Recommendations, FY 2005-2024

Risk Ratio Coefficient
Newey West

standard error t p
95% CI

Lower limit Upper limit

Time -0.0022 0.0002 -9.8200 0.0000 -0.0026 -0.0017

Constant 1.6844 0.0376 44.7800 0.0000 1.6103 1.7585

FIGURE 1. 
Monthly Changes in Racial Disparities in Officers’ Pretrial 
Detention Recommendations, FY 2005-2024

Aim 1: To What Extent Have Racial 
Disparities in Pretrial Detention 
Recommendations Decreased Over the Past 
Two Decades?
In Figure 1, monthly risk ratios are plotted 
across the observation period from 2004 to 
2024. As shown there, racial disparities in 
officers’ pretrial detention recommendations 
generally decreased.

To characterize this historical trend, we 
regressed time on risk ratios (see Analyses, 
above). As shown in Table 1, the starting point 
for the risk ratio in October 2004 is 1.68. This 
indicates that, in 2004, the probability of a 
detention recommendation was 68 percent 
higher for Black defendants than White defen-
dants. Over the next two decades, the risk 
ratio decreased at an estimated rate of -0.002 
per month. This translates to an estimated 
drop in the risk ratio of 0.026 (or 3.85 percent) 
per year and 0.5148 (or 75 percent) over the 
nearly two-decades-long series. By the end of 
the series in 2024, the estimated risk ratio was 
1.17, or roughly one-quarter the size of the 
observed risk ratio in 2004.

As shown in Figure 1, the trend of racial 
disparities in officers’ detention recommen-
dations seems to shift around the middle of 
the time series—a period in which the PTRA 
was introduced to U.S. Probation and Pretrial 
Services. This leads to the next study aim, 
which focuses on the association between 
trends in racial disparities and PTRA imple-
mentation events.

Aim 2: To What Extent Are PTRA 
Implementation Events Associated 
with Changes in the Level and Trend of 
Racial Disparities in Officers’ Detention 
Recommendations?
To address Aim 2, we completed an Interrupted 
Time Series Analysis (ITSA; see Analyses 
above). Table 2 reports the coefficients from 
the ITSA model investigating the impact of 
PTRA implementation events in (1) October 
2011, when the system reached a 50 percent 
pre-hearing PTRA completion rate, and (2) 
July 2014, when the PTRA became part of the 
pretrial workload formula.

The model in Table 2 specifies an estimated 
starting risk ratio of 1.56. This indicates that at 
the beginning of the series in 2004, the prob-
ability of a detention recommendation was 
56 percent higher for Black defendants than 
White defendants. The coefficient for Time 
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indicates that risk ratios slightly increased
from the start of the series through the first 
PTRA implementation event.

 

The coefficient labeled “Impact at 
2011m10” indicates there was a sizeable 
(-0.079) and statistically significant (p<.05) 
reduction in disparity at the first implemen-
tation event in October 2011, when PTRA 
completion prior to defendants’ hearings 
reached 50 percent. After that event, the risk 
ratio continues to drop at the statistically sig-
nificant rate of -0.005 per month (coefficient 
“Time after 2011m10”).

The coefficient labeled “Impact at 2014m7” 
indicates that there was no significant addi-
tional reduction in disparity at the second 
implementation event in July 2014, when 
PTRA became part of officers’ official report-
able workload. The coefficient in the last 
row of Table 2 indicates that, after the sec-
ond event, there is no significant additional 
monthly reduction in disparity.

These results are shown visually in Figure 
2, which presents the observed or “actual” risk 
ratio values (dots) and the estimated or “pre-
dicted” risk ratios based on the ITSA analyses 
(solid black lines). Time is plotted by month 
and year along the x-axis, while racial dispar-
ity or the value of the risk ratio is plotted on 
the y-axis. The two vertical dashed lines mark 
the dates of the two PTRA implementation 
events (in 2011 and 2014).

Again, the estimated risk ratio is 1.56 at the 
beginning of our series. The solid black line 
from the beginning of the series to the first 
vertical dashed line represents the increase 
in disparity during this period that corre-
sponds to the positive coefficient for “Time.” 
The break between the first and second solid 
black line represents the first intervention’s 
coefficient, “Impact at 2011m10” (-0.079). 
The second segment of the solid black line 
between the first and second vertical dashed 
lines represents the decrease in disparity 
between 2011 and 2014 associated with the 
coefficient “Time after 2011m10” (-0.005). 
The third segment of the solid black line from 
the second vertical dashed line to the end of 
the series represents the second intervention’s 
nonsignificant drop in disparity and nonsig-
nificant slope after that event.

In summary, ITSA results suggest that the 
first PTRA Implementation event in 2011 
was associated with both a significant drop in 
racial disparities in officers’ detention recom-
mendations—and a significant rate of decrease 
in disparity through the second PTRA imple-
mentation event in 2014, when no additional 

significant changes were observed.

Supplemental Analyses
To ensure that ITSA results were robust, we 
analyzed the data using alternative mod-
els. First, we estimated an additional ITSA 
model that controlled for potential con-
founds, including the detention rate (which 
is inversely associated with racial disparities; 
see Skeem et al., 2023) and the proportion of 
cases with a violent charge, a firearms charge, 
a presumptive detention charge, and a possible 
presumptive detention charge. Although this 
adjusted model showed a slightly better fit to 
the data (AIC difference = 5.833), the param-
eter estimates for the variables of interest were 
substantively similar to those in the original 
model, and there were no differences between 
the two models in terms of statistical signifi-
cance for implementation event coefficients.

Second, we estimated causal ARIMA mod-
els using the CausalArima library in R (see 

Menchetti, Cipollini, & Meali, 2021). Because 
the CausalArima library does not allow for 
multiple “interventions,” we analyzed each 
of the two implementation events separately 
(one model used October 2011; the other 
used July 2014 instead). Before analyzing the 
second implementation event in 2014, we 
truncated the dataset to include only those 
data points after the first intervention event 
in 2011. While estimating ARIMA models, 
we controlled for the detention rate and the 
proportion of cases charged with each of the 
four charges listed above.

TABLE 2. 
Estimated Impact of PTRA Implementation Events in 2011 and 2014 on Trends in 
Racial Disparities in Officers’ Pretrial Detention Recommendations, FY 2005-2024

Risk Ratio Coefficient
Newey West

standard error z p
95% CI

Lower limit Upper limit

Time 0.001 0.000 2.570 0.010 0.000 0.002

Impact at 2011m10 -0.079 0.040 -2.010 0.045 -0.157 -0.002

Time after 2011m10 -0.005 0.002 -2.900 0.004 -0.009 -0.002

Impact at 2014m7 -0.027 0.034 -0.770 0.442 -0.094 0.041

Time after 2014m7 0.002 0.002 1.300 0.193 -0.001 0.006

Constant 1.563 0.018 87.930 0.000 1.528 1.597

FIGURE 2. 
Estimated Association between 2011 & 2014 PTRA Implementation 
Events, and Trends in Racial Disparities for Officers’ Pretrial 
Detention Recommendations from FY 2005 to FY 2024

Results for the first implementation event 
in October 2011, i.e., reaching a 50 percent 
pre-hearing PTRA completion rate, yielded a 
temporal average association of -0.303 (SE = 
0.007; p < 0.05). This effect is generally con-
sistent with the total reduction in estimated 
starting and ending risk ratios from the ITSA 
model (1.562 to 1.177; total reduction 0.385). 
Results for this second event, i.e., making the 
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PTRA part of officers’ workload, indicated 
that there was no significant effect at the 
time of that event (July 2014), but there was 
a significant temporal average decrease of 
-0.163 (SE = 0.009; p < 0.05) during the 2011-
2014 observation period. Together, this set of 
supplemental analyses lend confidence in the 
main set of results for Aim 2 presented earlier.

Discussion
Pretrial reform is crucial, given the human 
and fiscal cost of holding an enormous num-
ber of unconvicted people in jail while they 
await trial. Reform is particularly essential 
in the federal system, where over two-thirds 
of defendants are detained and the aver-
age length of pretrial detention is just short 
of one year (Administrative Office of the 
U.S. Courts, 2023). Although risk assessment 
instruments like the PTRA can help reduce 
unnecessary detention by prioritizing lower-
risk defendants for release, policymakers and 
practitioners often perceive them as biased 
and fear their use will exacerbate racial dis-
parities in incarceration. In the present study, 
we used federal data on over 650,000 cases to 
examine changes in racial disparities in pre-
trial detention recommendations from 2004 
to 2024—focusing on the potential impact 
of key PTRA implementation events in 2011 
and 2014.

Our findings may be organized into 
two major points. First, racial disparities in 
officers’ detention recommendations have 
decreased significantly over the past two 
decades, i.e., by 75 percent. It is important 
to recognize that the magnitude of racial 
disparities varies substantially, from district 
to district (Skeem et al., 2022). Nevertheless, 
system-wide, the relative risk ratio dropped 
from 1.68 in 2004, to 1.17 in 2024. Today, the 
overall probability of a detention recommen-
dation is 17 percent (not 68 percent) higher 
for Black defendants than White defendants. 
This finding is consistent with results of the 
Council on Criminal Justice’s recent analy-
ses (Sabol & Johnson, 2022), which indicate 
that the disparity between Black and White 
state imprisonment rates fell by 40 percent 
between 2000 and 2020. The overall impris-
onment disparity ratio decreased from 8.2 
to 4.9, while the prison admission disparity 
decreased from 7.4 to 3.2 (Sabol & Johnson, 
2022). Although racial disparity remains a 
concern, these decreases over recent decades 
are welcome news.

Second, we found that PTRA implementa-
tion predicted a significant decrease in the 

level and trend of racial disparities in officers’ 
detention recommendations over time. The 
PTRA reached a marker of full pre-hearing 
implementation in 2011, and then became 
part of officers’ official reported workload in 
2014. As shown in Figure 2, the marker of full 
pre-hearing PTRA implementation in 2011 
was associated with a significant drop in the 
level of racial disparities in officers’ detention 
recommendations, followed by an accelerated 
rate of decrease after that drop. The estimated 
risk ratio in the month prior to October, 2011, 
was 1.643 and dropped by 12 percent to 1.561 
the following month. The accelerated rate of 
decrease across the span of the time series 
ended with a risk ratio of 1.176, a decrease 
of roughly 68 percent from the risk ratio in 
October 2011 (1.561). There were no addi-
tional significant changes in the level or slope 
of racial disparities when the PTRA became 
part of officers’ workload reporting in 2014.

The association between the marker for 
achieving full pre-hearing PTRA implemen-
tation and the subsequent drop in racial 
disparities was robust across supplemental 
analyses that controlled for potential con-
founds like detention rates. Detention rates 
have increased over time in the federal system 
and are inversely associated with racial dis-
parities in detention (see Skeem et al., 2023). 
Nevertheless, after controlling for detention 
rates and other key variables like “presumptive 
detention” offenses, the PTRA full implemen-
tation marker was meaningfully associated 
with a reduction in the level and slope of racial 
disparities.

Although this association is robust across 
analytic approaches, it should not be taken 
as evidence that PTRA implementation
caused racial disparities in officers’ detention 
recommendations to drop. The association
might signal a causal effect: perhaps PTRA 
implementation reduced racial disparities in 
officers’ detention recommendations by struc-
turing their decision-making in a manner that 
reduced heavy reliance on criminal history 
and the influence of implicit bias (see Skeem 
et al., 2023). But we cannot draw causal infer-
ences from this study. Racial disparities in 
detention are determined both by decision-
making biases throughout the criminal justice 
system (differential selection), and by dif-
ferential participation in criminal behavior
(see Sabol & Johnson, 2022). Although we 
controlled for offense characteristics in our 
supplemental analyses, this study focuses on 
a single decision-point and is observational. 
Because the PTRA was rolled out system-wide, 

 

 

 

there is no control group. We could not iden-
tify districts that matched one another well 
enough to compare “PTRA high implemen-
tation” versus “PTRA low implementation” 
groups, so we cannot draw conclusions about 
the causal effect of PTRA implementation 
on racial disparities in officers’ detention 
recommendations.

Nevertheless, this study indicates that a 
marker of achieving full pre-hearing PTRA 
implementation in October 2011 robustly 
predicted both a drop in racial disparities in 
detention recommendations and a subsequent 
decrease over time. This finding is broadly 
consistent with results of our recent policy 
simulation, which suggested that replacing 
status quo pretrial detention decisions with 
a PTRA-based release policy would improve 
outcomes, particularly for Black defendants 
(Montoya et al., 2024). But the present 
study’s results are grounded in practice—they 
indicate that PTRA implementation was asso-
ciated with reduced bias in status quo human 
decision-making, or greater racial parity in 
officers’ detention recommendations over 
time. Given that officers and magistrate judges 
make pretrial decisions (not the PTRA), these 
results are encouraging.

These results are also consistent with the 
results of most other studies that have exam-
ined whether risk assessment instruments 
(RAIs) increase disparate impact by compar-
ing outcomes before and after RAIs have been 
adopted (Lawson et al., 2024). The consistency 
of this finding across jurisdictions and across 
methodological approaches should mitigate 
concerns about relying on risk assessment as a 
foundation for pretrial reform.

Over the past two decades, racial dispar-
ity in officers’ detention recommendations 
has been decreasing. But intensified efforts 
are needed to slow the ever-increasing rate of 
pretrial detention in the federal system. The 
PTRA can help prioritize low-risk defendants 
for release, so detention rates can be decreased 
without compromising community safety.
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THE PRETRIAL PHASE is often said to be 
the most consequential in the criminal pro-
cess, because it is related to several legal (e.g., 
conviction, incarceration) and personal (e.g., 
lost jobs, family conflicts) outcomes for defen-
dants. During pretrial, individuals are legally 
innocent and have a right to be released, but 
jails are filled with pretrial detainees. For the 
most part, pretrial release decisions are based 
on the seriousness of the crime and prior 
criminal history, but these decisions are often 
made quickly and with limited information 
to make the most effective decisions. Pretrial 
release decisions are especially challenging 
because judges grapple with balancing public 
safety and the inherent rights of the accused.

RTI partnered with Arnold Ventures and 
multiple county-level criminal legal system 
agencies to conduct a series of studies to 
document effective implementation processes, 
develop validation tools, and investigate 
potential improvements to pretrial decisions. 
These activities were complemented by a 
comprehensive dissemination strategy to pro-
mote an evidence base that identifies ways 
to develop, implement, and use pretrial risk 
assessments that maximize validity, minimize 
bias, and increase fairness in decision making. 
RTI completed three main tasks for this six-
year study. We assessed local implementation 
of various pretrial reforms and conducted 
simulation studies to estimate the potential 
effect of policy interventions (DeMichele et 
al., 2024a). RTI conducted a series of vali-
dations and tests of predictive bias of local 
release models (DeMichele et al., 2024b). In 
addition, RTI conducted a series of analyses 
of local administrative data to understand 

the effects of pretrial detention and whether 
there are interventions that can reduce racial 
disparity in the use of detention (Silver et
al., 2024). The APPR research resulted in a 
deeper understanding of the challenges local 
systems actors face when implementing a risk 
assessment or making other policy changes
(Grodensky et al., in press). RTI’s research
efforts have impacted thousands of people
involved with criminal legal systems across
these counties.

We are excited to partner with Federal 
Probation to share the results of four new
APPR studies. The research reported in this
set of articles contributes to a growing pretrial 
knowledge base across four main areas. First,
Inkpen et al. provide an understanding of
a persistent policy challenge facing pretrial
scholars in understanding the frequency of
rearrests and the types of charges people
released pretrial commit. This study explores
the relationship between a person’s initial
charge, resulting in their admission to jail, and 
any subsequent pretrial arrest. The central
concern here is to understand arrest patterns
for violent crimes. The key takeaways are that
three-quarters of people admitted to jail do
not have a pretrial arrest, and that new arrests
are more likely to be for misdemeanors (not
felonies). Inkpen et al. show that one-third of
admissions are for a violent crime (the most
common crime type). Despite violent admis-
sions being prevalent, property crimes are the
most common type of rearrest (31 percent of
new arrests) and those admitted to jail on an
initial property crime were the most likely
to be rearrested. This research highlights the
need for improved systems to assess risks

 

 

 

 
 
 
 
 
 
 

 
 
 

 

 

 
 
 
 

 

 
 
 
 

 

 

 

 

and needs for individuals released pretrial. 
Although Inkpen et al. did not explore the 
mechanisms underlying the rearrest patterns, 
it is possible that individuals with high fre-
quency of property crimes may be involved 
with drugs and looking for ways to support 
their addiction.

In a second APPR research study, Janda et 
al. contribute to a major gap in research related 
to the use of risk assessments with domestic 
violence cases. Drawing on data from two 
APPR jurisdictions, Janda et al. show that 
nearly a quarter of jail admissions were for a 
violent charge, and domestic violence cases 
accounted for just over three-quarters of these 
admissions. Clearly, domestic violence charges 
are a major issue for local decision makers. 
The study provides several descriptive charac-
teristics of those admitted to jail for domestic 
violence, with the main purpose of the article 
bring to determine how a pretrial risk assess-
ment, the Public Safety Assessment (PSA), can 
assist pretrial release decisions for individuals 
accused of domestic violence. Individuals not 
admitted for a domestic violence charge have 
lower average risk scores despite the fact that 
those admitted for a domestic violence charge 
have a lengthier violent crime history. Janda 
et al. provide a thorough comparison of those 
admitted on a domestic violence charge and 
those not; a key finding is that individuals 
admitted for a domestic violence charge are 
22 percent more likely to be arrested for a new 
violent crime, 35 percent more likely to be 
arrested for a new domestic violence crime, 
and 32 percent more likely to be arrested for a 
new violent domestic violent crime. However, 
being admitted for a domestic violence crime 
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is not statistically associated with a new failure 
to appear or any new crime.

In a third APPR study, Bechtel et al. pro-
vide research on the adherence of judicial 
release decisions to the release recommenda-
tions made by a pretrial services agency and to 
explore the relationship of adherence on pre-
trial and case outcomes. The county recently 
adopted the PSA, and a central element of 
PSA implementation is the development of 
a local Release Conditions Matrix (RCM) to 
match supervision levels and release condi-
tions with PSA scores. The pretrial world has 
changed dramatically over the past 10 years, as 
more than half of pretrial agencies now use an 
assessment (Lattimore et al., 2020). Research 
demonstrates that actuarial tools improve 
decisions (Ægisdóttir, White, Spengler et al., 
2006), and validation studies have demon-
strated that the PSA is a valid tool (DeMichele 
et al., 2024b). In recent years, however, some 
research questions whether judges consider 
assessment-based recommendations when 
making pretrial decisions (Stevenson, 2018). 
Bechtel et al. found that of the 8,486 cases, 
22 percent were recommended for release, 
and 78 percent were recommended for deten-
tion. Judges agreed with the recommendation 
in slightly over half of the cases, and ulti-
mately released 61 percent of the individuals. 
Factors such as presence of the risk assessment 
violence flag, charge type, and severity all 

predicted adherence.
In the fourth APPR study, Silver et al.

offer essential policy-relevant research on the 
effects of pretrial conditions. There is little
research on the effects of pretrial conditions. 
Research on probation and parole have long 
supported the risk principle in noting that
lower risk individuals need few (if any) con-
ditions, and that resources are better used
to supervise medium and higher risk indi-
viduals. Further, although there is an intuitive 
belief that more or stricter conditions will
reduce recidivism, that is not necessarily the 
case, as more intensive forms of probation
supervision tend to worsen outcomes. Silver 
et al. consider these questions for pretrial as 
they demonstrate the effects of using differ-
ent combinations of pretrial conditions. The 
findings demonstrate the need for nuance
when studying conditions, as not all con-
ditions or combinations of conditions will
have the same effects. For example, regular
check-ins, electronic monitoring, or treatment 
reduced the probability that someone would 
be arrested during pretrial release compared 
to those not being supervised. However, when 
individuals are assigned employment and
education requirements, location restrictions, 
or weekly reporting, the probability of a new 
arrest increases compared to the probability 
for those not being supervised. The largest
decreases in the probability of a new arrest

 

 

 

 

 

 

 

 
 

 

 
 

were observed when treatment was combined 
with regular check-ins, electronic monitoring, 
or bi-weekly reporting. Silver et al. emphasize 
that combining treatment with another pre-
trial condition generally resulted in reductions 
in the probability of a new arrest compared to 
not being supervised.

The four new APPR studies contribute 
to a pretrial knowledge base, and we are 
indebted to the local officials that were will-
ing to partner with us on APPR. The studies, 
of course, are only the beginning of what is 
needed to understand pretrial recidivism pat-
terns—especially new violent crimes (Inkpen 
et al.)—and how best to support victims 
and families involved with domestic violence 
crimes (Janda et al.). Pretrial assessments 
have been the focus of many pretrial reforms, 
but we are just beginning to learn if, when, 
and how judges use the information and 
recommendations provided by assessments 
(Bechtel et al.). Last, Silver et al. provide con-
temporary evidence demonstrating the need 
for research to disentangle the heterogeneous 
effects of different conditions and combina-
tions of conditions. The pretrial field is ripe 
for conducting additional studies like these 
four as well as others to continue to build a 
knowledge base of effective policies and prac-
tices that ensure public safety and civil rights.
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INDIVIDUALS INVOLVED IN1 the crimi-
nal legal system are often subject to a period 
where they have been charged, but not proven 
guilty of a crime (that is, the pretrial period). 
The pretrial period for any case can be as short 
as the same day (case dismissal) or last up to 
several days, weeks, or even years (Dobbie & 
Yang, 2021). The pretrial period can differ for 
a variety of reasons, including immediate dis-
missal, plea deals, bench trials, and jury trials. 
Judicial officials have a substantive amount
of discretion when it comes to deciding if
an individual is eligible for pretrial release or 
should be detained until the trial (Copp et al., 
2022). This decision process is difficult not 
only because of the limited time frame, but 
because it requires judges to consider the due 
process rights of the individual while account-
ing for the risk the individual poses to both the 
victims and the broader community as well as 
the risk of the charged individual not return-
ing for the court appearance(s). This decision 
must be made using only the information
available to judges and other legal actors,
which typically includes the current charge
information, prior criminal history record,
and the details about the case (Dhami, 2005). 
To help inform pretrial release decisions,
pretrial assessment instruments are used to
estimate the likelihood of being arrested for 
a new charge or failing to appear for future 

 
 

 
 
 
 

 
 

court appearances. Notably, however, there is 
a gap in the research on offending generaliza-
tion or specialization for pretrial populations.

There is a lot of research on the factors 
associated with a defendant being arrested 
or missing court during the pretrial stage 
(Desmarais et al., 2022). For example, research 
on the Public Safety Assessment (PSA) pretrial 
risk assessment tool has been used to assess its 
validity and predictive bias when estimating 
the likelihood of whether an individual on 
pretrial release will miss court, be arrested, 
or be arrested for a violent criminal arrest 
(DeMichele et al., 2024b). The PSA, used 
in many jurisdictions, is unique in that it 
uses criminal history information along with 
details of the charges associated with the jail 
booking to develop scale scores associated 
with new criminal activity (NCA), new vio-
lent criminal activity (NVCA),2

2 New violent criminal activity accounts for spe-
cific charges that are considered violent by either
(1) the instrument developers or (2) a specific list
of designated violent crimes provided by the juris-
diction. This analysis uses the site’s violent crime
list, although there is substantial overlap between
this list and that selected by the original PSA tool
developers.

 and failure to 
appear (FTA). Additionally, research suggests 
that longer periods in pretrial detention result 
in an increased likelihood of new criminal 
activity (NCA) and new violent criminal 
activity (NVCA) during the pretrial period 
(DeMichele et al., 2024a; Silver et al., 2024). 

 
 

 
 
 

Although the prior research on the pretrial 
phase is valuable, little is known about the 
offense patterns for individuals at pretrial. The 
current study addresses this gap in research 
by assessing whether individuals rearrested 
during pretrial release specialize or general-
ize in their offense patterns. This information 
can be beneficial for pretrial services and 
court officials tasked with assessing the risk 
of someone who is released committing a 
serious or violent offense during the pretrial 
period. This study linked jail admission data 
from 2017-2018 from a large county in the 
Southeast with statewide criminal history data 
from 2017-2019 to observe the unique rear-
rest patterns of individuals released from jail 
during the pretrial period. The results of the 
current study may provide useful information 
for jurisdictions interested in pretrial system 
reforms, including the implementation of a 
pretrial assessment instrument.

Pretrial in the United States
The pretrial phase is often said to be the 
most consequential part of case processing. 
Despite the presumption of innocence and the 
deleterious effect of pretrial detention, judges 
are in the challenging position of needing to 
quickly assess whether to release someone and 
determine what release conditions to apply 
(e.g., bond, supervision). Judges are essentially 
tasked with intuitively estimating an individu-
al’s likelihood of being rearrested or missing 
court. Judicial officials have various techniques 
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at their disposal to manage the behaviors
of defendants (Lowenkamp & VanNostrand,
2013; Wiseman, 2013). Depending upon the
jurisdiction, these include release on recogni-
zance, cash bail, and the denial of bail (Hatton
& Smith, 2020). The most recent national
estimate available suggests there are over
450,000 people detained pretrial on any given
day (Zeng, 2023). Furthermore, upon release
into the community, judges may order pretrial
supervision along with release conditions. For
instance, judges might recommend electronic
monitoring for specific types of defendants
(e.g., those facing violent charges). The pro-
cess of managing defendants on pretrial is
highly discretionary, often requiring judicial
officials to make decisions, with limited infor-
mation and within a limited time frame, about
the risk an individual poses to the community.
However, efforts have been made by various
jurisdictions across the United States to imple-
ment a more systematic process for assessing
if a defendant poses a risk to other individuals
or public safety.

Predicting Pretrial Outcomes
Actuarial assessment instruments have been
used to support criminal legal system deci-
sions for the past 100 years (Burgess, 1936) and
were first used to support pretrial decisions in
the 1960s (Ares et al., 1963). Briefly, the RNR
model argues that services during supervision
and confinement should appropriately match
the risks and needs of an individual, while also
addressing general and specific responsivity
factors (Bonta & Andrews, 2016). In the con-
text of the RNR model, risks are the static and
dynamic factors contributing to an increased
likelihood of experiencing a negative outcome,
needs are the criminogenic dynamic factors
that can be addressed with treatment, general
responsivity is the mode of implementing the
treatment, and specific responsivity concerns
the strategies used to address the barriers
to treatment (Bonta & Andrews, 2016). For
example, an individual with high risk and
needs in substance use might receive cogni-
tive behavioral therapy focused on addressing
substance use problems. Similar to the post-
conviction use of the RNR model, pretrial
supervision techniques or the use of pretrial
detention needs to appropriately match the
risks of an individual (Lowder & Foudray,
2021). This adaptation has led to the wide-
spread implementation of pretrial assessment
instruments to estimate the risk an individual
poses to public safety and to assist judges with
setting appropriate supervision conditions

(Desmarais et al., 2022). For example, the PSA 
and the Release Conditions Matrix (RCM)
provide judicial officials with an understand-
ing of how likely an individual is to experience
a failure to appear or a new criminal arrest.
The RCM is a tool individualized to a jurisdic-
tion’s available pretrial supervision conditions,
designed with the intention of helping guide
pretrial supervision decisions and limiting the
number of individuals detained during the
pretrial period. The RCM informs release rec-
ommendations, such as pretrial supervision,
court reminders, electronic monitoring, and
drug testing (Labrecque et al., 2024).

Pretrial assessment research has largely
demonstrated that pretrial assessment instru-
ments are predictive of pretrial outcomes,
provide beneficial information to judicial
officials, and could be used to better bal-
ance public safety and individuals’ rights
when implemented properly (Desmarais et
al., 2022). For example, recent research on the
PSA suggests that use of a pretrial assessment
instrument to make release decisions has
the potential to increase the number of indi-
viduals released into the community without
increasing the number of new crimes commit-
ted by individuals on pretrial (DeMichele et
al., 2023; Lowenkamp et al., 2020). Moreover,
the existing evidence highlights that the
indicators captured on the PSA are good
predictors of failure to appear, new crimi-
nal arrest, and new violent criminal arrest,
albeit the magnitude of the prediction varies
across jurisdictions (DeMichele et al., 2024b).
This pattern of findings is consistent with
the broader literature on pretrial assessment
instruments, suggesting that these tools can
be extremely beneficial when judicial officials
are making decisions surrounding pretrial
release and pretrial detention (Desmarais et
al., 2021). Nonetheless, we know little about
what charges individuals are arrested for while
on pretrial release.

The Current Study
Recent research on pretrial assessment instru-
ments largely focuses on creating instruments
that predict if an individual will experience
a failure to appear or new criminal arrest
(Desmarais et al., 2021). The types of new
offenses individuals are arrested for dur-
ing the pretrial period, however, is not well
understood. No research exists evaluating if
pretrial arrests are similar to or distinct from
the initial charging offense. For example, if
an individual was on pretrial release for an
aggravated assault, is that individual more

likely to be arrested for an aggravated assault
or is there no discernible pattern in the new
arrests? Considering the importance of main-
taining public safety, it could be beneficial to
understand if there is specialization or gener-
alization in the association between the initial
offense and new pretrial arrests (Eker & Mus,
2016). In the current context, specialization is
defined as being arrested for a crime similar to
the initial offense, while generalization means
being arrested for a crime different from
the initial offense (Mazerolle & McPhedran,
2018).

Exploring the generalization or specializa-
tion of offending in pretrial populations is
important for judicial officials and practitio-
ners, as it can provide additional information
to guide the decisions surrounding release and
conditions. For example, research on offend-
ing specialization has been used to guide
strategies for community supervision among
those convicted of sex offenses (Alexander,
2010). This includes the creation of special-
ized caseloads, unique treatment plans, and
strategies to mitigate risk among individuals
who have an increased likelihood of engag-
ing in behaviors similar to the initial offense
(Turner et al., 1992). Yet no research on
offending generalization or specialization has
been conducted with pretrial populations.
For example, supervision strategies could be
implemented to mitigate drug arrests and
violent arrests during pretrial if it is discovered
that individuals tend to specialize in a certain
type of behavior during the pretrial stage.

The current study seeks to address this
gap in the literature on pretrial arrest patterns
by assessing the correspondence between
initial offenses and new arrests within a large
Southeastern county. Five research questions
guide the current study: (RQ1) How often are
released individuals rearrested? (RQ2) What
are the rearrest patterns for those released
pretrial? (RQ3) What types of crimes are
individuals most frequently rearrested for on
pretrial? (RQ4) How do the rearrest charges
vary from the initial charge type? Last: (RQ5)
Is the nature of the charge type at booking
associated with the pretrial arrest charge type?

Data and Methods
To address these research questions, this study
uses data on jail admissions from a large
Southeastern county between 2017 and 2018
to capture information on (1) the charges
associated with the jail booking, (2) the court
case and disposition of those charges (if per-
tinent), and (3) the nature of an individual’s
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jail booking (i.e., pretrial or not) and release. 
Details on arrests during the pretrial period 
are captured using statewide criminal history 
data from the state criminal history repository 
through 2019.

Measures of Interest: This study examines
patterns of rearrest by classifying charges
associated with the jail bookings and charges
that occur during the pretrial period to the
National Corrections Reporting Program
(NCRP) broad charge categories of (1) violent,
(2) property, (3) drug, (4) public order, or (5)
other offenses. In addition, we capture detail
on the severity of the charges associated with
the booking and charge severity for any arrests
during the pretrial period. To determine the
most serious charge associated with a booking
and with a pretrial arrest, we first privilege
felony charges over misdemeanor charges and
rank those charges hierarchically by NCRP
category following the order described above.
For these analyses, we look only at the charges
associated with the first pretrial arrest during
an individual’s pretrial period.

To answer our research questions, we
provide a series of descriptive and inferential
statistics. To assess if significant relationships
are present in our measures of interest, we use
chi-square statistical tests, which test if the
distribution of one measure (e.g., new arrest
charge type) significantly differs between two
or more groups (e.g., most serious charge at
booking). Additionally, we use multinomial
logistic regression to model the relationship
between most serious charge at booking and
the most serious charge type for pretrial
arrests, controlling for other criminal his-
tory factors from the PSA’s NCA scale score
and the age of an individual. From this
multinomial logistic regression model, we
derive outcome-specific predicted probabili-
ties, which are the probability between 0 and
100 that an individual has a certain outcome
(e.g., pretrial arrest for a property crime)
compared to all other possible outcomes (i.e.,
no pretrial arrest or any other type of pretrial
arrest charge type).

Results
This analysis begins by providing a descrip-
tive picture of the analytical sample of jail
bookings between 2017 and 2018. As shown
in Table 1, roughly 60 percent of the book-
ings (N = 33,910) were released from jail
(released N = 20,214) prior to case disposi-
tion. Approximately 25 percent (N = 4,948)
of the released individuals were rearrested
during pretrial. Thus, to answer RQ1, roughly

a quarter of those released pretrial are rear-
rested. Looking at all jail bookings, we can 
see that the individuals in this sample are 
predominantly Non-White (85 percent) and 
mostly male (78 percent). When exploring the 
characteristics of the sample by whether an 
individual was detained or released, we find 
substantial variation. White individuals were 
more likely to be released (63 percent) com-
pared to Non-White individuals (59 percent). 
Similarly, females (72 percent) had substan-
tially higher release rates compared to males 
(56 percent). When examining release by the 
most serious charge at booking, 60 percent of 
those booked on violent charges were released 
pretrial compared to those booked on drug 
(63 percent), property (55 percent), or public 
order (55 percent) charges.

To answer RQ2 regarding rearrest patterns 
for those released pretrial, the bottom half of 
Table 1 describes the distribution of the char-
acteristics of the released sample by whether
they experienced an arrest during the pretrial
period. In this sample, Non-White individu-
als (25 percent) have a higher rate of pretrial
arrest than White individuals (20 percent).
Furthermore, males (27 percent) are more
likely to be arrested during the pretrial period
than females (18 percent). When examining
the overall released population by most seri-
ous charge type at booking, it is notable that
the modal category of charge type is violent,
comprising 33 percent of all released book-
ings. This is followed by property charges (29
percent) and drug charges (20 percent), with
these three charge types making up more than
four fifths of all released jail bookings. Finally,
both public order offenses and other arrest
offenses represent 9 percent of the released jail
bookings.3

3 Public order offenses include charges like traffic
offenses, public drunkenness, weapons offenses,
and others. “Other” offenses include unspeci-
fied felonies or misdemeanors and court-related
offenses.

 However, the pretrial arrest rates
by charge type vary substantially. For those
booked on violent charges, only 23 percent
of these individuals had an arrest during the
pretrial period. This same arrest rate was
observed for both those originally booked on
drug charges and those charged with public
order offenses as their most serious charge.
In contrast, roughly 30 percent of individuals
booked on property charges experienced a
pretrial arrest, while those booked on “other”
charges had the lowest pretrial arrest rate
(16 percent). Thus, at first glance, we do not
observe a higher rate of reoffending during

the pretrial period for those booked on violent 
charges compared to other common charge
types, and those booked on property charges
have significantly higher rearrest rates.

It is worth highlighting that most pretrial
arrests (58 percent) are for misdemeanors,
regardless of the severity of the initial charge.
Table 2 shows the distribution of the sever-
ity of charges at booking compared to the
severity of the pretrial arrest for those who
were arrested. Specifically, for those who were
booked on a felony charge and were arrested
during the pretrial period, 52 percent of those
pretrial arrests are for misdemeanors only.
For individuals who were initially booked on
a misdemeanor charge and who are arrested
during the pretrial period, 64 percent of those
pretrial arrests are for new misdemeanors as
opposed to felonies.

It should also be noted that most individu-
als who are booked and released pretrial do
not experience an arrest during the pretrial
period. Importantly, 76 percent of all indi-
viduals released pretrial do not experience a
pretrial arrest (N = 15,266). To answer RQ3
regarding the most common pretrial arrest
types, Table 3 shows the distribution of pretrial
arrest charge types for all individuals released
pretrial. When looking at jail bookings with
a pretrial arrest observed, the most common
charge type is a property charge, representing
31 percent of all pretrial arrests (N = 1,532)
and 8 percent of all pretrial release bookings.
This is followed by drug and public order
offenses, which both make up 24 percent of
pretrial arrest charges (Ns = 1,189 and 1,194
respectively) and 6 percent of pretrial release
bookings. Violent arrests during the pretrial
period, however, are the lowest represented
of the major charge categories, comprising 21
percent of all pretrial arrests (N = 1,024) and
only 5 percent of all pretrial release bookings.

To answer RQ4, Figure 1 shows a plot
that describes how the original broad charge
categories correspond with the broad pretrial
arrest charge types, displayed as possible
combinations. Here, it is evident that the over-
all largest category of pretrial arrests is for
property charges, and within that group-
ing, the combination of “Property Booking
Charge à Property Pretrial Arrest” is the
modal combination, comprising 17 percent
of all Booking Charge à Pretrial Arrest
charge combinations. Similarly, the “Violent
Booking Charge à Violent Pretrial Arrest”
is the modal combination within all violent
bookings that had an arrest during the pretrial
period, representing 10 percent of all charge
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combinations. This pattern is repeated for
drug charges (9 percent) and public order
charges (3 percent) where, within booking
charges that have an arrest during the pretrial
period, specialization is the most common
arrest type. However, having the same book-
ing charge and pretrial arrest charge type only 

represents 39 percent of all booking/pretrial
arrest charge type combinations. Yet, as shown
in Table 4 (which shows the distribution of
pretrial arrest charge types by booking charge
type) specialization (e.g., X Booking Charge
à X Pretrial Arrest Charge) is the norm and
modal response within each charge type, with

the exception of “other offenses,” which was
rarely observed during pretrial arrest. Here,
we can see that for individuals booked on drug
charges who had a pretrial arrest, 50 percent of
those arrests were for drug charges. Similarly,
for those booked on property charges who
had a pretrial arrest, 48 percent of those

TABLE 1.
Sample Descriptives by Released Status and New Arrest Rates in Southeastern County Jail Bookings (2017-2018)

Detained

N %

Released - No Arrest

N %

Released - Arrested

N %

Total

N %

All Jail Bookings 13,696 40.4 15,266 45.0 4,948 14.6 33,910 100.0

Released Jail Bookings -- -- 15,266 75.5 4,948 24.5 20,214 100.0

All Jail Bookings

Detained

N %

Released

N %

Total

N %

Non-White 11,811 40.9 17,042 59.1 28,853 85.1

White 1,885 37.3 3,172 62.7 5,057 14.9

Female 2,067 27.8 5,377 72.2 7,444 22.0

Male 11,628 43.9 14,834 56.1 26,462 78.0

Most Serious Offense

Violent 4,413 39.5 6,762 60.5 11,175 33.0

Drug 2,345 37.1 3,980 62.9 6,325 18.7

Property 4,742 45.1 5,763 54.9 10,505 31.0

Public Order 1,515 45.5 1,816 54.5 3,331 9.8

Arrested - Other 681 26.5 1,893 73.5 2,575 7.6

Mean Median Mean Median Mean Median Mean Median

Age at Booking 36.4 34 34.0 31 32.6 30 34.8 32

Released Jail Bookings

Released - No Arrest

N %

Released - Arrested

N %

Total

N %

Non-White 12,742 74.8 4,300 25.2 17,042 84.3

White 2,524 79.6 648 20.4 3,172 15.7

Female 4,388 81.6 989 18.4 5,377 26.6

Male 10,876 73.3 3,958 26.7 14,834 73.4

Most Serious Offense

Violent 5,199 76.9 1,563 23.1 6,762 33.5

Drug 3,075 77.3 905 22.7 3,980 19.7

Property 4,013 69.6 1,750 30.4 5,763 28.5

Public Order 1,396 76.9 420 23.1 1,816 9.0

Arrested - Other 1,583 83.6 310 16.4 1,893 9.4

Source: Southeastern County jail bookings (2017-18). Individuals released are determined to be released and at risk for pretrial new criminal activity. 
4 individuals omitted from sex cross-tabulation due to missingness. Percentages in the “Detained”, “Released (NCA/No NCA)” columns show row 
percentages. Percentages in the “Total” columns show column percentages.
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TABLE 2.
Distribution of Charge Severity by Booking Charges and New Pretrial Arrest Charges

Pretrial Arrest Severity

Felony Pretrial Arrest
Misdemeanor Pretrial 

Arrest Total

Booking Charge 
Severity N % N % N %

Felony 1120 48.3% 1200 51.7% 2320 47%

Misdemeanor 949 36.2% 1676 63.8% 2625 53%

Total 2069 41.8% 2876 58.2% 4945 100%

Source: Southeastern County Jail Bookings from 2017-2018. New arrest data come from 
Statewide Criminal History Database from 2017-2019. 3 charges omitted due to lack of charge 
severity detail

TABLE 3.
Distribution of NCA Charge Types

Pretrial Arrest Charge Category

All Bookings

N %

Pretrial Arrest Only

N %

No Pretrial Arrest 15266 76 0 0

Violent Offenses 1024 5 1024 21

Drug Offenses 1189 6 1189 24

Property Offenses 1532 8 1532 31

Public Order Offenses 1194 6 1194 24

Other Offenses 9 0 9 0

Total 20214 100 4948 100

Source: Southeastern County Jail Bookings from 2017-2018. New arrest data come from 
Statewide Criminal History Database from 2017-2019. Total Sample N = 20214 of individuals 
released from jail during the pretrial period and determined to be at risk for a new arrest during 
the pretrial period. Pretrial arrest coded as arrest between the release date from jail and the 
date of disposition of the original charges. Charges coded to the National Corrections Reporting 
Program broad categories.

FIGURE 1.
Jail Booking Charge and NCA Charge Combinations

arrests were for property charges. This pat-
tern is repeated with public order charges (35 
percent) and violent offenses (33 percent), 
although it should be noted that the contrast 
between “specialization” and “generalization” 
is least stark for those booked on violent 
charges.

Table 5 shows the top five most common 
specific charge types of pretrial arrest within 
each broad charge category type at the time 
of jail booking. Looking at those who were 
booked on violent charges and who expe-
rienced a pretrial arrest, 12 percent were 
arrested for assault and battery. However, this 
is followed by 11 percent arrested during the 
pretrial period for operating a motor vehicle 
without a license. Similarly, shoplifting and 
possessing marijuana are within the top charge 
types for those booked on violent charges 
who experience an arrest during the pretrial 
period. For individuals booked on property 
charges who are arrested pretrial, 16 percent 
are arrested again for shoplifting, followed by 
9 percent arrested for criminal trespass against 
property (i.e., damaging property up to a cer-
tain value). In this table, specialization is more 
apparent for those booked on drug charges, 
as four of the top five pretrial arrest charges 
(37 percent) are associated with a new arrest 
on drug charges. This points to evidence of 
differences in the rate of specialization within 
each booking charge type.

To test the specialization or generalization 
relationship empirically and answer RQ5, we 
ran a multinomial logistic regression model 
of the different pretrial arrest charge types as 
outcomes. Figure 2 shows the predicted prob-
abilities of each response category (i.e., each 
arrest charge type) by jail booking charge type, 
controlling for the criminal history factors 
captured in the PSA’s NCA scale score. Here 
again, it is evident that not being arrested for 
new charges is the most common outcome. 
However, within booking charge types, even 
when controlling for criminal history factors 
included in the NCA scale, having a specific 
booking charge type can be associated with 
having a higher predicted probability of that 
same pretrial arrest charge type occurring 
compared to other charge types. This pattern 
is most clear for property, violent, and drug 
charges, where the corresponding jail book-
ing charge type is significantly associated with 
a greater probability of having that pretrial 
arrest charge type compared to all other 
arrest-specific outcomes.

Net of criminal history factors, for those 
booked on property charges, their predicted 
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probability of being arrested for a property
charge during the pretrial period is 11 percent 
compared to a new violent (4 percent) or drug 
(5 percent) arrest. Similarly, those who are
booked on drug charges have a 9 percent prob-
ability of being arrested on new drug charges
during the pretrial period. This is more than
the total probability that they are arrested for
a new violent, property, or public order charge 
combined. In contrast, for individuals booked 
on a violent charge, the predicted probability
that they experience a new arrest for a violent 
charge is 7 percent compared to 4 percent each 
for a new drug or property arrest or 6 percent 
for a new public order arrest. This suggests
that, while there is still evidence of specializa-
tion for those booked on violent charges, it is
less pronounced compared to those who are
booked on property or drug charges. Taken
as a whole, this contributes to a broader
finding; although not being arrested for a
new charge pretrial is the norm and true for
most individuals, for those who are booked
on a specific type of charge and end up being
arrested for new charges, they are most likely
to be arrested for the same type of charge they 
were booked on.

 

 

 
 
 

 

 

 
 
 
 
 
 
 
 
 

Discussion
The decision to release an individual during
the pretrial period is vital to maintaining
public safety and ensuring due process while
seeking to limit the potentially harmful
impacts of pretrial detention. Yet little is
known about the characteristics of rearrest
during the pretrial period. This study provides 
key insights into the rearrest patterns for those 
released during the pretrial period of their
court case in one Southeastern jurisdiction.
First, most individuals (76 percent) who are
released pretrial are not arrested for a new
charge during the pretrial period. Yet, second, 
for those who are arrested, they are more
likely to be arrested for a new misdemeanor
charge, even if they were originally booked on 
a felony charge. Both findings dispel myths
surrounding pretrial release—as most people
do not commit new crimes while their current 
case is pending, and if they are arrested, the
new charge is often a misdemeanor. When
exploring this pattern by booking charge
type, the pattern becomes more nuanced.
Looking at the types of charges that people are 
originally booked on, violent charges are the
most common (33 percent) for those who are 
eventually released. However, when exploring 
patterns of arrests during the pretrial period,
although the most common outcome is no

TABLE 4.
Distribution of Pretrial Arrest Charge Types by Booking Charge Type

Booking Charge Types

Pretrial Arrest Charge Types

Violent 
Offenses

Drug 
Offenses

Property 
Offenses

Public Order 
Offenses

Other 
Offenses Total

Violent Offenses 33% 18% 23% 26% 0% 100%

Drug Offenses 12% 50% 21% 18% 0% 100%

Property Offenses 14% 18% 48% 20% 0% 100%

Public Order Offenses 21% 22% 22% 35% 0% 100%

Other Offenses 20% 16% 20% 43% 0% 99%

Total 21% 24% 31% 24% 0% 100%

Source: Southeastern County Jail Bookings from 2017-2018. New arrest data come from Statewide
Criminal History Database from 2017-2019. Total Sample N = 20214 of individuals released 
from jail during the pretrial period and determined to be at risk for a new arrest during the 
pretrial period. Table N = 4,948 individuals who experienced a pretrial arrest. Table shows charge 
combinations of the most serious charge type at booking and the pretrial arrest charge type.

TABLE 5.
Top Five Pretrial Charge Types by Jail Booking Charge Type

Most Serious Charge 
for Jail Booking Specific Pretrial Arrest Charge Type N %

Violent Offense at 
Jail Booking

Assault and Battery 192 12.3

Operating a Motor Vehicle Without a License 164 10.5

Aggravated Assault 111 7.1

Shoplifting, Value Unknown 101 6.5

Possession/Use, Marijuana or Hashish 86 5.5

Property Offense at 
Jail Booking

Shoplifting, Value Unknown 287 16.4

Criminal Trespass (Against Property) 160 9.1

Operating a Motor Vehicle Without a License 159 9.1

Possession of Controlled Substance or Enumerated Drug 96 5.5

Assault and Battery 94 5.4

Drug Offense at Jail 
Booking

Possession of Controlled Substance or Enumerated Drug 106 11.7

Operating a Motor Vehicle Without a License 78 8.6

Possession/Use, Marijuana or Hashish 77 8.5

Sale of Marijuana or Hashish 75 8.3

Possession of Drug Paraphernalia 72 8.0

Public Order Offense 
at Jail Booking

Operating a Motor Vehicle Without a License 59 14.1

Possession/Use, Marijuana or Hashish 33 7.9

Assault and Battery 29 6.9

Shoplifting, Value Unknown 23 5.5

Possession of Controlled Substance or Enumerated Drug 21 5.0

Other Offenses at Jail 
Booking

Operating a Motor Vehicle Without a License 73 23.6

Assault and Battery 25 8.1

Possession/Use, Marijuana or Hashish 22 7.1

Shoplifting, Value Unknown 20 6.5

Driving Under the Influence of Alcohol 16 5.2

Source: Southeastern County Jail Bookings from 2017-2018. New arrest data come from 
Statewide Criminal History Database from 2017-2019. Total Sample N = 20214 of individuals 
released from jail during the pretrial period and determined to be at risk for a new arrest during 
the pretrial period. 4,948 individuals who experienced a pretrial arrest. Table shows charge 
combinations of the most serious charge type at booking and the pretrial arrest charge type. This 
table shows the top 5 specific charge categories for pretrial arrests within the broad charge types 
at booking.
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arrest, the most common pretrial arrest type 
is for new property charges (31 percent). In 
fact, those who were originally arrested on
property charges are also more likely to be 
arrested again during the pretrial period (30 
percent), compared to other booking charge 
types (~23 percent). When testing for the
presence of specialization vs. generalization, 
most pretrial arrests (61 percent) are for dif-
ferent charge types than the one an individual 
was booked on. Yet, within each booking
charge type (e.g., originally booked on drug 
charges), individuals who had a pretrial arrest 
were more likely to have an arrest of that same 
type compared to other charge types. This
supports specialization, although there is sub-
stantial variation within charge types, as those 
originally booked on drug or property charges 
have higher likelihoods of being arrested for 
those same charge types than individuals ini-
tially booked on violent charges.

While this research is informative and sets 
the stage for future research, it should be noted 
that the patterns observed here are broad and 
do not account for repeat victimization that 
varies by charge type (e.g., new trespassing 
charges associated with prior violent charges). 
In addition, this study only looks at the charge 
types of the first event of pretrial arrest and 
does not examine trajectories of arrests or 
account for offending patterns observed prior 
to the jail booking relevant to the study period, 
outside of accounting for criminal history in 
the NCA scale scores. Future studies should 
test this pattern with more granularity and by 
specific charge type, especially as it relates to 
individuals released on violent charges.

Research and Policy 
Recommendations
Given these results, this study yields several 
pertinent and actionable research and policy 
recommendations.

Researchers should expand pretrial assess-
ment research agendas and be responsive
to the needs of policy makers and system
stakeholders. The research field plays a criti-
cal role in the development and validation
of pretrial assessment instruments. The con-
cerns expressed by policy makers and system
actors about the likelihood of a released indi-
vidual committing offenses during the pretrial 
period that are more serious or are possibly
violent are not novel. Pretrial services and
judicial officials have limited information and
time available to inform release recommenda-
tions and decisions—so research using local
data that directly speaks to the likelihood of an 
increase in offense severity or change in charge 
type may be beneficial not only in challeng-
ing assumptions about risk, but in building
greater awareness of the probability of success
during the pretrial period. As a result, there
may be more opportunities to refine system
recommendations and responses to mitigating 
pretrial failure.

Policy makers and system stakeholders
should seek to collect detailed data on charge
type and severity to determine if new charges
during the pretrial period align with those
at the original jail booking for performance
measures and to inform validation studies.
Research on the prevalence and type of arrests
that occur can only take place if jurisdic-
tions capture these data. To better inform
decision-makers on the risks of specific types

and severity of rearrests during the pretrial
period, it is essential to gather data that
allow researchers to examine these patterns.
Along with having performance measures on
court appearance and avoiding pretrial arrest,
jurisdictions will have the ability to track and
report these specific outcomes and possibly
refine local pretrial policies and practice.

Rigorous evaluations of pretrial release
recommendations and decisions examining
these specific pretrial arrest outcomes should
be undertaken. Research on release outcomes
and pretrial conditions is rather limited, but
the results from the current study continue
to support that most people are successful
during the pretrial period. Further, pretrial
arrests do not typically lead to more serious
or violent charges—rather, even for those with
initial felony charges, pretrial arrests are often
less serious. For those booked on property,
drug, or violent charges, there is some limited
support for specialization in rearrest patterns,
but this should be explored within a larger
pretrial research agenda that aims to build
the evidence on whether specific services
should be made available for individuals dur-
ing the pretrial period (e.g., substance abuse
treatment for those arrested on drug charges,
anger management for those arrested on
violent charges, etc.). Coupled with a vali-
dated pretrial risk assessment instrument and
pretrial supervision practices, incorporating
information on the original booking charge to
inform pretrial services provision and super-
vision plans may provide targeted assistance
to those awaiting the resolution of their case
and serve to increase public safety, but further
research is needed before such efforts become
widespread.
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DOMESTIC VIOLENCE CASES1 are argu-
ably among the most challenging to respond 
to in the criminal legal system. Given the 
pervasiveness of DV, there is a paramount 
concern that survivors, children, and other 
family members be kept safe from further 
violence and abuse, and that the people who 
are facing DV charges and have caused harm2

2 The terms, “people who have caused harm” 
and “people facing DV charges” will be used 
interchangeably in this paper to describe indi-
viduals who have been charged with a DV crime. 
Additionally, we use the term “survivor” to describe 
individuals who experience DV. We recognize that 
“intimate partner violence” is another familiar term 
to describe violence among known individuals; 
however, we are using the term “domestic violence.”

be held accountable and provided with treat-
ment and resources to address their behavior 
(Duane & Vasquez-Noriega, 2018). Estimates 
on the prevalence of DV suggest that one in 
four women and one in five men will expe-
rience DV at some point in their lifetime 
(Desmarais et al., 2012). In a recent Bureau 
of Justice Assistance publication, DV rates 
were reported to have decreased from 2022 
to 2023, from 53.8 percent to 47.7 percent 
(Tapp & Coen, 2024). Despite this one-year 
decline, current numbers are comparable to 
2019, when there were 1,164,450 DV victim-
izations compared to the 1,165,890 for 2023. 

Further, the rate of reporting DV victimiza-
tion to the police has declined from 2022
to 2023, from 2.6 to 2.0 per 1,000 persons.
Underreporting and concerns about criminal
legal system responses further complicates
developing a clear understanding of DV and
properly responding to the unique needs of
survivors, families, communities, and those
facing DV charges (Reaves, 2017; Herman,
2010; Sadusky, 2020).

The relationship between the criminal
legal system and survivors is both dynamic
and complex, and survivor’s experiences and
preferences on system involvement will vary
(Sadusky, 2020). In a recent qualitative study,
many survivors reported that they did not
experience justice when cases were processed
through the criminal legal system, that their
partners were unlikely to take responsibil-
ity for the harm they caused, and that the
path to safety was uncertain and distinct
for each individual, and often required rely-
ing on both formal and informal support
systems, such as the courts, advocacy organi-
zations, and family and friends (Dusenberry
et al., 2024). Criminal legal system actors’
perceptions of DV cases primarily focus on
accountability and survivor, children, family,
and community safety. The concerns about
continued violence and victimization if the
person facing DV charges is released are

frequently acknowledged as the driver for
system decision-making (Duane & Vasquez-
Noriega, 2018). While there is misalignment
surrounding the criminal legal system and
survivor perspectives on justice, account-
ability, and fairness and how to achieve
each in response to DV crimes, there does
appear to be some agreement that survivors
should define what justice is for themselves
(Dusenberry et al., 2024). However, the ability
of survivors to have a voice in the process is
complicated by state statutes that require spe-
cific responses (e.g., mandatory arrest), bias,
the time frames in which system decisions
are to be made, and the tools and resources
available to courts and the community to
respond to DV (Sadusky, 2020). Should law
enforcement intervene and make an arrest,
the next critical decision focuses on release
or detention of the individual and, if released,
setting appropriate conditions to increase
the likelihood that the person will make all
scheduled court appearances and (impor-
tantly) not inflict more harm.

Given the limited amount of time and 
information a judge has available to make 
the release decision, it is understandable that 
a high priority in making release decisions is 
to balance maintaining survivor and commu-
nity safety with the due process rights for the 
individual facing DV charges (Sadusky, 2006). 

mailto:mdemichele@rti.org
https://www.rti.org/
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Judges, pretrial services officers, and policy
makers are interested in understanding the
odds of a released person being arrested for a 
more serious or violent DV charge, and juris-
dictions may adopt pretrial assessments, both 
general and DV-specific, to inform the release 
decision (Nicholls et al., 2013). While general 
pretrial assessments have become more widely 
adopted, these tools were not developed to
predict DV (Messing & Thaller, 2012); some 
pretrial assessments, however, like the Public 
Safety Assessment (PSA), were developed to 
predict new violent criminal arrest (NVCA) 
during the pretrial period (LJAF, 2013). Yet, 
research is fairly limited regarding how well 
these general pretrial assessments, such as the 
PSA, will perform in predicting a new pretrial 
DV arrest.

By leveraging the historical validation
of the PSA in two jurisdictions, this study
intends to address this gap and answer the fol-
lowing questions:
• RQ1. Are the characteristics of individu-

als booked on DV charges different from 
those of others?

• RQ2. Do individuals with a DV pretrial 
booking experience pretrial outcomes at
different rates than others?

• RQ3. Are individuals with a DV pretrial 
booking more likely to experience pretrial 
failure or a new DV violent arrest during 
the pretrial period?

Pretrial and Domestic 
Violence Risk Assessments
Since the development of the first pretrial
assessment by the Vera Institute in the early 
1960s (Ares, Rankin, & Sturz, 1963; Eskridge, 
1983), which was intended to predict the
likelihood of court appearance, there has
been substantial growth in the development 
and adoption of pretrial assessments across
the United States (Pretrial Justice Institute,
2019). Some pretrial assessments are county-
specific; others are state-specific and were
developed using state data (e.g., Colorado, 
Florida, Minnesota), while some pretrial
assessments have been developed and imple-
mented more broadly, including the Public
Safety Assessment (PSA), the Virginia Pretrial 
Risk Assessment (VPRAI), the Ohio Risk
Assessment System – Pretrial Assessment Tool 
(ORAS - PAT), and the Federal Pretrial Risk 
Assessment (PTRA) (Desmarais et al., 2021).

Most of these pretrial assessments were 
developed to predict failure to appear (FTA) 
and new criminal arrest (NCA) (Bechtel et 
al., 2011, 2017). However, a few tools (e.g., 

VPRAI, PTRA) were developed to predict
additional outcomes (VanNostrand, 2003;
Lowenkamp & Whetzel, 2009), such as pre-
trial violations or pretrial revocation, and new
violent criminal arrest (PSA, PTRA) (LJAF,
2013; Lowenkamp & Whetzel, 2009). One of
the criticisms of some pretrial risk assessments
is that they are single-scale tools, which com-
prise risk factors that may predict a specific
outcome, but not multiple outcomes. There
are two potentially negative implications from
this. First, this may influence the assess-
ment’s predictive validity to predict multiple
outcomes with factors not significantly associ-
ated with each. Second, without being able to
distinguish if the risk is for missing court or
new pretrial arrest or both, ordered release
conditions may be inappropriate, unnecessary,
or possibly not the least restrictive (Bechtel et
al., 2017; LJAF, 2013).

Over the past 15 years, a substantial
amount of pretrial risk assessment research
has been produced examining the utility
and predictive validity of these assessments,
most of which demonstrate the benefit of
actuarial assessments being introduced at
the pretrial stage. (Bechtel et al., 2011, 2017;
Cadigan & Lowenkamp, 2011; Desmarais et
al., 2021; Desmarais, Monahan, & Austin,
2022; Goldkamp & Vilcia, 2009; Mamalian,
2011; Picard-Fritsche, Rempel, Tallon, Adler,
& Reyes, 2017; Pretrial Justice Institute, 2019; 
Summers & Willis, 2010). Several meta-anal-
yses have been conducted on the predictive
validity of pretrial assessments. The first meta-
analysis of pretrial risk assessments included
13 studies and examined the relationship
between risk factors and assessments with
multiple pretrial outcomes (failure to appear,
rearrest, new crime, and a composite mea-
sure of any pretrial failure). The association
of risk factors and pretrial outcomes was
relatively low, but static factors (e.g., prior
criminal history) had stronger correlations
than dynamic. Overall effect sizes for the
assessments revealed correlations moderate
in size with failure to appear, rearrest, and
any failure, but not new crime (Bechtel et
al., 2011). In 2017, another meta-analysis
was conducted on 16 studies and found the
predictive validity across pretrial instruments 
was considered “fair” for failure to appear and 
“good” for rearrest and any pretrial failure
(Bechtel et al., 2017). A recent systematic
review of pretrial risk assessments demon-
strated that the predictive validity of pretrial
risk assessments could be classified as “good” 
to “excellent” (Desmarais et al., 2021). While 

many validation studies have focused on new 
criminal arrest and failure to appear, pretrial 
risk assessments have also been shown to 
predict new violent criminal arrest prior to 
case disposition—despite the short time frame 
with which to measure pretrial outcomes and 
given the low base rates for pretrial violence 
(Brittain et al., 2021; DeMichele et al., 2020; 
Desmarais et al., 2021; Lowder et al., 2020; 
Lowenkamp, DeMichele, & Warren, 2020; 
Marlowe et al., 2020).

While the research indicates that general
pretrial risk assessments can predict the like-
lihood of pretrial violence, their ability to
predict a pretrial arrest for domestic violence
is relatively unknown. General pretrial risk
assessments typically do not contain risk fac-
tors associated with DV and that are more
commonly found on DV-specific assessments,
such as prior DV incidents with partners or
family members, escalation in severity of DV
assaults, and threats to kill a partner (Messing
& Thaller, 2012; 2015), as a result, they are
unable to provide judges with this relevant
information to inform the release decision
with DV cases (Picard-Fritsche et al., 2017).

To address this challenge, criminal legal 
systems across multiple jurisdictions have
developed or adopted DV-specific risk assess-
ments. DV-specific tools can (1) address
survivor needs by providing information
about the likelihood of further and possibly 
more severe or imminent harm and there-
fore direct resources aimed to support the
survivor, children, and family; and (2) be
used to inform decision-making with system 
actors (e.g., law enforcement, courts, pros-
ecution, probation) and case planning with 
treatment providers based on an individual’s 
risk for DV recidivism and lethality. While 
some assessments can address both objec-
tives, there are a few DV-specific assessments 
that are appropriate for judicial decision-
making at the pretrial stage, including the
Arizona Intimate Partner Risk Assessment
Instrument System (APRAIS), the Brief
Spousal Assault Form for the Evaluation of 
Risk (B-SAFER), the DA Bench Guide (DA-
BG), and the Ontario Domestic Assault Risk 
Assessment (ODARA). Each of these instru-
ments has requirements regarding those the 
tool is appropriate for and those who should 
administer the assessment. For example,
the ODARA should not be administered
for individuals in same-sex partnerships,
and typically law enforcement conducts the 
ODARA, but provides the information to the 
courts. Perhaps the most well-studied of these 

https://capscolorado.org/cpat-r2.html
https://dvrisc.org/wp-content/uploads/2024/06/ODARA-Eligibility-DOC-2-1.pdf
https://dvrisc.org/wp-content/uploads/2023/07/B-SAFER-June-2024.-Accessible-colors-1.pdf
https://drive.google.com/file/d/1y2Djt6ciLPJF79vLKUP_C6v7eZUbZKNz/view
https://www.mncourts.gov/mncourtsgov/media/Pretrial-Release/Form-MNPAT-R.pdf
https://www.uscourts.gov/sites/default/files/82_2_3_0.pdf
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assessments is the ODARA, with multiple val-
idation studies having been conducted. One
meta-analysis concluded that the ODARA
produced a medium effect size in predicting
future assault; however, other assessments
were found to have small effect sizes (Messing
& Thaller, 2012). These results were replicated
in a subsequent meta-analysis of DV-specific
assessments (Nicholls et al., 2013). While
there is promise in the use of DV-specific
assessments during the pretrial stage, the use
of “proxy” assessments in lieu of a DV-specific
instrument is commonly observed (Messing &
Thaller, 2012).

Methods
Data Sources and Sample
The data for this study came from two midsized 
counties that participated in a six-year multi-
site project, Advancing Pretrial Policy and
Research (APPR). APPR jurisdictions received 
intensive training and technical assistance
and participated in research to understand
the local pretrial policies and practices and
their impact, conducted historical Public
Safety Assessment (PSA) validations prior to
implementation and prospective validations
post-implementation,3

3 All historical validation studies have included
predictive bias testing. Post-implementation valida-
tions are limited to sites that implemented the PSA
early in the study period to ensure sufficient sample
size and follow-up to examine pretrial outcomes.

 described the pretrial
population in the local jail along with book-
ing and release rates,4

4 Jail data dashboards were created for APPR juris-
dictions to allow for ongoing review of the overall 
jail population, pretrial population, booking and

release rates, lengths of stay, charge information, 
and demographics.

 and examined release

recommendations, conditions, and decisions.
To address each of the current study’s

research questions, data were requested from 
multiple sources including county jails, courts, 
and the state criminal history repository.5

5 These data were originally obtained for the his-
torical PSA validation studies. As such, the decision 
to release or detain individuals in this study was 
made without the PSA, and we are reporting out on 
the judicial decision without assessment informa-
tion available to the court.

 The 
sampling time frame was January 1, 2017, 
through December 31, 2018. Within these
two counties’ administrative data systems, the 
combination of specific arrest and booking 
data attaches a DV flag to specific charges that 
meet state statutory guidelines for DV. The 
DV flag was used to distinguish cases booked 
with at least one DV charge from non-DV 
bookings.

As illustrated in Figure 1, the total sample 
of pretrial bookings during January 1, 2017, 
through December 31, 2018, was 20,188,
which comprised 5,188 DV flag bookings and 
15,070 non-DV flag bookings. The total num-
ber of individuals released pretrial was 14,370. 
Of the 5,188 DV flag bookings, nearly 68% 
were released pretrial, and of the 15,070 non-
DV flag bookings, 72 percent were released.

FIGURE 1. 
Bookings by Release and DV Status

Measures
Pretrial Outcomes. There were six dependent 
variables examined in the current study. These 
pretrial outcomes were release, failure to
appear, new criminal arrest, new criminal vio-
lent arrest, new criminal arrest for domestic 

violence, and new violent criminal arrest for 
domestic violence. Release was measured as 
an individual being released from jail pend-
ing case disposition. Failure to appear (FTA) 
was measured as a bench warrant issued for 
missing a scheduled predisposition court date. 
New criminal arrest (NCA) was measured 
as an arrest for a criminal or traffic offense 
that is eligible for a sentence to incarceration 
while on pretrial release. New violent criminal 
arrest (NVCA) was measured as an arrest 
for a violent criminal offense that is eligible 
for a sentence to incarceration while on pre-
trial release. New criminal arrest for domestic 
violence (NCA-DV) was measured as any 
new arrest for domestic violence based on 
state statute. New violent criminal arrest for 
domestic violence (NVCA-DV) was measured 
as an arrest for a domestic violence offense 
that also satisfied the PSA’s definition of a vio-
lent charge based on the violent offense lists 
developed by the two participating counties. 
All bivariate outcome measures were coded 
similarly, 0 = outcome did not occur and 1 = 
outcome occurred.

Demographics. Demographic measures 
included biological sex (male, female), age 
at booking, and race (Asian/Pacific Islander, 
Black, Hispanic,6

6 Hispanic was included as a race category within
the administrative data sources. As such, we
were unable to disaggregate Hispanic to examine
ethnicity.

 White, Other).
PSA Risk Factors. The PSA comprises the 

following risk factors: (1) age at current arrest, 
(2) current violent offense, (3) pending charge 
at the time of the current offense, (4) prior 
misdemeanor conviction, (5) prior felony con-
viction, (6) prior violent conviction, (7) prior 
failure to appear in the past two years, (8) 
prior failure to appear older than two years, 
and (9) prior sentence to incarceration of 14 
days or more. Based on the scale, several PSA 
risk factors are combined into a specific fac-
tor, including: (1) any prior conviction (which 
is scored when a prior misdemeanor and/
or felony conviction is present), (2) current 
violent offense and 20 years old or younger 
(which is scored from the current age and 
current violent offense risk factors). As part of 
the historical PSA validation study for these 
two counties, criminal history and court data 
were used to create PSA risk factor scores for 
the FTA, NCA, and NVCA scales.7

7 More information about the PSA factors, scales, 
and weights can be found here: https://advancing-
pretrial.org/psa/factors/

https://advancingpretrial.org/psa/factors/
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Analytical Strategy
Descriptive statistics were calculated to exam-
ine and compare the characteristics of the DV 
and Non-DV groups based on demograph-
ics, charge type, PSA risk factors and scores,
and pretrial outcomes. Additionally, bivariate
logistic regression models were conducted for 
each dichotomous outcome measure, while
controlling for the PSA and demographic
measures, to identify significant predictors
of these outcomes, as well as to describe the
likelihood (using odds ratios) of the outcome
occurring. Table 1 presents each research
question and the analytical strategy followed.

Results
The results section presents the findings by
research question along with corresponding
tables and figures.

RQ1. Are the characteristics of individu-
als booked on DV charges different than
others?
Table 2 presents the descriptive statistics by
release status for the total sample, and by DV
and non-DV bookings. The average age for all 
booked individuals, as well as disaggregated
by DV and Non-DV bookings and release
status, was 35 years. In terms of race, the com-
position of the total sample was 61.3 percent
White people, 20.2 percent Black people, 8.7
percent Hispanic people, 6.7 percent Asian
or Pacific Islander people, and 3.1 percent
identified as “Other.” When comparing the
DV and Non-DV booked samples, signifi-
cant differences were observed for Black and
White individuals. Over 19 pecent of non-DV 
bookings included Black individuals, com-
pared to 23.0 percent of DV bookings. Nearly 
62 percent of non-DV bookings included
White people, while 58.6 percent were in the
DV booking group. Significant results for
Black and White people were also observed
when comparing DV and Non-DV samples
within the released group; however, within
the detained sample, significant differences
for Black people, but not White people, were
found. When examining biological sex, sta-
tistically significant differences were noted, as 
the total sample primarily comprised males.
These results were observed regardless of DV
booking or release status.

Table 3 shows the charge types by release 
status for the total sample and by DV and non-
DV bookings. For the total sample, 24 percent 
of bookings were for a current violent charge.8

8 To implement the PSA, jurisdictions develop a
list of violent charges. To complete the historical

validation, these two counties identified a violent
charges list that was used to score two of the PSA's 
risk factors: (1) current violent offense and (2) prior 
violent conviction. The violent offense list was also 
used to code the outcome measure, NVCA.

Additionally, 57 percent of the DV bookings
and 12.7 percent of non-DV bookings were
for a current violent charge. There was a
significantly higher percentage of DV book-
ings where the most serious charge was for a
violent offense compared to non-DV book-
ings, with nearly 78 percent of DV admissions 
booked for violent offense as the most seri-
ous charge9

9 The National Corrections Reporting Program
(NCRP) was used to categorize charges for the
most serious offense measure (e.g., violent, drug,
property, public order) in Table 3.

 compared to almost 19 percent
of non-DV bookings. When comparing the
most serious charge types by DV and non-DV 
bookings, statistically significant differences
were observed for each charge type for both
the released and detained groups. For released 
cases with a current violent charge (N=3,069), 
approximately 10 percent were non-DV, while 
56 percent were DV. When comparing the
most serious charges among DV and non-DV
bookings for the released group (N=4,438) for 
violence, 78 percent were DV bookings and
nearly 16 percent were non-DV. For prop-
erty offenses (N=4,069), 11 percent were DV
bookings and almost 34 percent were non-DV. 
For drug offenses (N=1,508), less than 1 per-
cent were DV bookings and 14 percent were
non-DV. Of the 4,341 public order offenses, 10 
percent were DV bookings and almost 37 per-
cent were for non-DV. For the detained group, 
77 percent of the DV bookings had a violent
offense as the most serious charge; however,
for the non-DV bookings, nearly 41 percent
had a property offense identified as the most
serious charge. DV bookings that had a violent 
offense as the most serious charge had similar
release and detention rates, with less than a
2-percentage point difference. For non-DV
bookings that had a violent offense as the most 

serious charge there was nearly an 11-percent-
age point difference between the release and 
detention rates.

Based on these results, DV bookings were 
most frequently detained when the most
serious charge was a violent offense, com-
pared to non-DV bookings, which were most 
commonly detained for a property offense.
Further, when examining current violent
charges for the detained group, DV bookings
had a significantly higher pretrial detention
rate than non-DV.

TABLE 1. 
Research Question and Analytical Strategy

Research Question Measures Analytical Strategy

Are characteristics of individuals booked on 
DV charges different than others?

Demographics, PSA risk 
factors, PSA scale scores, 
Release status

Frequencies, means

Do individuals with a DV pretrial booking 
experience pretrial outcomes at different rates 
than others?

Release status,
FTA, NCA, NVCA, NCA-
DV, NVCA-DV

Frequencies, 
crosstabulations

Are individuals with a DV pretrial booking 
more likely to experience pretrial failure or 
a new DV violent arrest during the pretrial 
period?

FTA, NCA, NVCA, NCA-
DV, NVCA-DV

Bivariate logistic 
regression
Odds ratios

Table 4 presents a breakdown of the PSA
risk factors for the total sample by release sta-
tus. Apart from current violent offense and 20
years old or younger, the detained and released
groups are significantly different. Overall, the
detained group is higher risk than the released
group. The detained group is older (>23 years
of age) than the released group and has a
larger percentage of the risk factors present.
Nearly 39 percent of the detained group and
27 percent of the released group have a pend-
ing charge. Nearly 75 percent of the detained
group have a prior misdemeanor compared
to 55 percent of the released group. Almost
56 percent of the detained group have a prior
felony conviction, while 32 percent of the
released group have the risk factor present.
Almost 85 percent of the detained group and
70 percent of the released group have any
prior conviction. Nearly 41 percent of the
detained group and 22 percent of the released
group have a prior violent conviction, with
13 percent of the detained group having 3 or
more. For prior failures to appear in the past
two years, approximately 60 percent of the
detained group have missed at least one sched-
uled court date, compared to nearly 40 percent
of the released group; and for FTAs older
than two years, 72 percent of the detained
group had an older FTA, while over half of
the released group had an older FTA. For the
prior sentence to incarceration more than 14
days risk factor, there was a 26-percentage
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point difference, with more than two-thirds
of the detained group having a prior carceral
sentence.

Tables 5 and 6 examine the PSA risk fac-
tors by DV booking type and release status.
Table 5 presents the PSA risk factors for DV
bookings. Except for two risk factors, current
violent offense and current violent offense and
20 years old or younger, there are significant
differences by release status. The detained
group are older than the released group, have a
larger proportion of bookings with a pending
charge, have more prior convictions (misde-
meanor, felony, and violent) and more failures
to appear, and there is nearly a 30-percentage
point difference for these that experienced a
prior sentence to incarceration of 14 days or

more. Table 6, which presents the PSA risk
factors for the non-DV group, is similar to
the total sample results found in Table 4, with
significant differences observed between the
detained and released group for most PSA
risk factors, except for current violent offense
and 20 years old or younger. When compar-
ing the proportion of risk factors present for
the detained DV group and the non-DV, the
DV group had a larger percentage of violent
risk factors present, including current violent
offense, current violent offense and 20 years
old or younger, and prior violent conviction.
The detained non-DV group had a larger per-
centage of all other PSA risk factors present.

Table 7 presents the average PSA scale scores 
by release and DV booking status. Statistically

significant differences were observed when
comparing average scores by DV and non-
DV bookings, regardless of release status.
Specifically, non-DV bookings had higher
average FTA scores, with 3.51 overall, 3.29
for released, and 4.110 for detained. For NCA 
scores, similar results were observed. The
non-DV group had higher average NCA scale 
scores than the DV group. For all pretrial
bookings, the non-DV group had an average
score of 3.34 compared to 3.00 for the DV
group. The released non-DV group had an
average NCA scale score of 3.10, while the
DV group’s average NCA score was 2.64. The 
detained DV group had an average NCA scale 
score of 3.79, and the non-DV group had an
average NCA scale score of 3.97.

TABLE 2. 
Demographics by Release Status for DV and Non-DV Bookings
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These results might have been expected—
as the findings indicated that the detained
group is higher risk compared to the released
group based on the presence of more PSA
risk factors and higher average scale scores.
Further, the detained DV group had a higher
percentage of violent risk factors present
than the non-DV group. The next research
question takes a closer look at the six pretrial
outcomes by DV and non-DV bookings.

RQ2. Do individuals with a DV pretrial
booking experience pretrial outcomes at dif-
ferent rates than others?
This next research question aims to determine
if there are differences in the rates of release,
including the average lengths of stay, as well as
FTA, NCA, NVCA, NCA-DV, and NVCA-DV
between the DV and non-DV groups.

Release. As depicted in Figure 1 above, 

68 percent of the 5,188 DV bookings were
released and 72 percent of the 15,070 non-
DV bookings were released. Additionally, in
Table 8, we looked at the average length of stay
(ALOS) in days by release and DV booking
type. The ALOS for all pretrial bookings was
about 26 days, with the released group aver-
aging about a week and the detained group
nearly 76 days. The DV and non-DV groups
averaged about 26 and 27 days respectively.
For cases released pretrial, the ALOS was
almost 6 days for the DV group and 7 days
for non-DV. Detained DV cases had an ALOS
of 71 days, while non-DV averaged nearly 78
days. No results were statistically significant.

Pretrial Failure. Table 9 presents the per-
centage of released cases that experienced a
pretrial failure outcome overall and by DV
booking status. FTA was the most common
outcome, with nearly 26 percent of cases

missing a scheduled court date, followed by
15 percent that had an NCA. When compar-
ing the DV and non-DV bookings, we found
that non-DV bookings had significantly more
FTAs (19.2 percent v. 27.6 percent) and NCAs
(11.2 percent v. 16.4 percent), but DV book-
ings had significantly higher rates of NVCA
(6.9 percent v. 3.7), NCA-DV (4.2 percent v.
1.4 percent), and NVCA-DV (2.5 percent v.
0.8 percent) than non-DV.

Overall, the DV booking group had lower
release rates than the non-DV group, with no
statistically significant differences in ALOS.
When examining pretrial outcomes, the non-
DV group had significantly higher FTA and
NCA rates, but the DV group had signifi-
cantly higher rates of violent pretrial outcomes
(NVCA, NCA-DV, and NVCA-DV). The next
section examines the probability of DV book-
ings experiencing a pretrial failure.

TABLE 3. 
Charge Type by Release Status for DV and Non-DV Bookings
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RQ3. Are individuals with a DV pretrial
booking more likely to experience pretrial
failure or a new DV violent arrest during the
pretrial period?
Tables 10 through 14 present the results of the 
bivariate logistic regression models. Table 10
demonstrates that non-DV bookings, having
a pending charge at the time of booking, prior 
felony conviction, and being younger at the
time of booking are all significantly related
to experiencing FTA. When interpreting the
odds ratios above 1, having a pending charge
is associated with a 17 percent increase in the 
likelihood of FTA, while having a prior felony 
conviction is associated with a 13 percent
increase in the odds of FTA.

Table 11 presents the regression model pre-
dicting NCA. Based on these results, non-DV
bookings, having a pending charge at the time

of the current offense, having one FTA in the
past two years or having 2 or more FTAs in
the past two years, and being young at book-
ing, are all significantly associated with NCA. 
The odds of a NCA increases 40 percent with 
a pending charge at the time of booking and 
37 percent with a prior felony conviction. The 
likelihood of a NCA increases 1.5 times with 
one prior FTA in the past two years and 1.7
times with each additional prior FTA in the
past two years.

Table 12 presents the bivariate logistic
regression model findings predicting NVCA.
Being booked on a DV charge, having 1 to
2 prior violent convictions or 3 or more,
being young, and male, were all significant
predictors of NVCA. The odds of an NVCA
occurring are nearly 67 percent with 1 to
2 prior violent convictions and increase to
80 percent with 3 or more prior violent

convictions. Further, being male is associated
with a 34 percent increase in the likelihood of
an NVCA.

Table 13 examines the predictors of
NCA-DV. Being booked on a DV charge, hav-
ing a pending charge at the time of booking,
having 3 or more prior violent convictions,
and being young were all significantly asso-
ciated with experiencing a NCA-DV. The
likelihood of NCA-DV increases 3.5 times
for being booked on a DV charge, 1.9 times
for having a pending charge at booking, and
4.3 times for having 3 or more prior violent
convictions.

Table 14 presents the findings from the
bivariate logistic regression model predicting
NVCA-DV. Being booked on a DV charge,
having 3 or more prior violent convictions,
and having two or more FTAs in the past
two years are all significantly associated with

TABLE 4. 
Total Sample: PSA Risk Factors by Release Status
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NVCA-DV. The likelihood of a NVCA-DV
occurring increases 3.2 times with DV book-
ings, 3.0 times with 3 or more prior violent
convictions, and 2.1 times with two or more
FTAs in the past two years.

Based on these results, DV bookings are
significantly more likely to experience an
NVCA by 22 percent, NCA-DV by 35 percent, 
and NVCA-DV by 32 percent. However, DV
bookings were not found to be significant
predictors of FTA and NCA.

Discussion
The use of pretrial risk assessments to inform 
a release decision has become a more wide-
spread practice (Desmarais & Lowder, 2019); 
however, these tools lack specific factors that 
research has demonstrated are associated with 
future DV (Messing & Thaller, 2015). Further, 
some DV-specific tools were developed to
inform the urgent needs for survivors, chil-
dren, and family members, and while some
assessments have criminal legal system appli-
cation, many were not created to guide the

pretrial release decision (Messing & Thaller,
2012; 2015; Northcott, 2012). DV-specific
assessments may also require an interview
with the survivor, which may not be possible
to complete in the required time that a release
decision is to be made by the court, and the
interview could perpetuate additional trauma.
Since courts often have limited time and infor-
mation to make the release decision, and DV
charges are considered one of the most serious
to address, jurisdictions have been requesting
more information and resources to properly
assess and respond to DV (Dutton & Kropp,
2000; Roehl, 2005; van der Put et al., 2019).

The current study set out to answer three
research questions. First, we wanted to com-
pare individual characteristics for those
booked on DV and non-DV charges. Based
on these data, we found that there was a larger
proportion of males in the overall sample,
and relatedly, this finding was consistently
observed regardless of DV or release status.
DV bookings were more frequently detained
pretrial when the most serious charge was

for a violent offense, whereas for non-DV
bookings, there were higher pretrial detention
rates for property offenses. We also found that
among the overall sample, the detained group
was higher risk compared to the released
group, with more PSA risk factors present
and higher average scale scores. Relatedly, the
detained DV group had significantly higher
proportions of PSA violent risk factors present
than the non-DV. Second, we explored if there
were significant differences in pretrial out-
comes between the DV and non-DV groups.
We found that DV bookings had significantly
lower release rates than the non-DV group,
and interestingly, the ALOS did not signifi-
cantly vary by DV status. For pretrial failure,
non-DV bookings experienced significantly
higher rates of FTA and NCA, but the DV
group had significantly higher rates of vio-
lent pretrial outcomes (NVCA, NCA-DV,
and NVCA-DV). Finally, we examined if the
likelihood of these pretrial outcomes varied
by DV status and found that the results closely
mirrored the RQ2 results. Specifically, DV

TABLE 5. 
DV Bookings: PSA Risk Factors by Release Status
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bookings were significantly more likely to 
experience a violent pretrial outcome, but not 
an FTA or NCA.

Limitations. There are several notable 
limitations with the current study that prompt 
the need for future research. First, the sample 
was drawn from two jurisdictions in the 
same state. Given this, the results are not 
generalizable to a larger population. Further, 
these jurisdictions had not yet adopted a 
DV-specific risk assessment or the PSA at 
the time of the study. Recognizing there are 
multiple factors associated with the increased 
likelihood of a DV crime occurring that 
were not available in the data (or the PSA), 
we are aware that different results might 
have been produced had such measures been 
included and analyzed. Relatedly, we were 
unable to compare the predictive validity of 
a DV-specific tool to a general pretrial assess-
ment to determine which instrument would 
be a better predictor of DV pretrial outcomes. 
Last, this was a descriptive study, so the results 
are not causal.

Research and Policy Implications
We have considerable progress to make in 
terms of building knowledge to develop and 
implement valid actuarial DV-specific and 
general risk assessments during the pretrial 
period. While data collection and research 
are needed to inform DV-specific policies and 
practices across the criminal legal system, to 
do this work well, we must deliberately start 
with fully integrating survivor voices.

Elevate Survivor Input. First, survi-
vors and advocates should be directly and 
continuously engaged in the adoption, imple-
mentation, and evaluation of assessments and 
policies that inform criminal legal system 
decision-making with DV cases, and to iden-
tify or expand upon the needed community 
resources to address DV and ensure that 
policies and interventions are responsive to a 
survivor’s unique needs.

Establish a DV Indicator in Local Data 
Systems. Second, jurisdictions will need to 
integrate a DV charge indicator in their case 
management systems to flag DV cases. This 

flag will inform local pretrial system stake-
holders (law enforcement, prosecutors, courts, 
jail, pretrial services) that the case includes 
DV charges, that a DV-specific assessment 
should be completed (if available) or relevant 
DV-specific risk factors should be collected, 
and that survivor input should be prioritized. 
Additionally, the DV charge indicator should 
be used to establish a baseline to measure pre-
trial DV outcomes and to track and report on 
these outcomes regularly.

Identify DV Predictors, Validate 
Assessments, and Aim for Rigor. Third, in 
terms of future research, examining the pre-
dictors of NVCA, NCA-DV, and NVCA-DV 
should be considered across multiple juris-
dictions. For jurisdictions that have adopted 
the PSA or other general pretrial tools and 
DV-specific assessments, validations on these 
tools should be routinely conducted and 
include tests for predictive bias. Relatedly, rig-
orous research that evaluates the causal impact 
of implementing DV-specific and general pre-
trial assessments on individual, case, system, 

TABLE 6. 
Non-DV Bookings: PSA Risk Factors by Release Status
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and cost outcomes should be conducted.
Create and Disseminate Clear Policies. 

Fourth, jurisdictions that have the PSA 
or other general pretrial assessments will 
need policies to inform the proper use of 
DV-specific assessments along with these 
other general tools. These policies should 
include guidance (beyond the use of over-
rides) for how pretrial services should account 
for survivor’s voice and input, as well as 
information from the pretrial and DV-specific 
assessments, to make release conditions rec-
ommendations to the court.

Expand Education. Finally, the crimi-
nal legal system will need training on the 
use of risk assessments (both general and 
DV-specific) and what they do and do not 
indicate, how to meaningfully incorporate 
survivor feedback into the release decision, 
and education on local resources available for 
survivors as well as those charged with DV 
crimes.10

10 The Association of Prosecuting Attorneys (APA) 
has a position statement on processing DV cases 
during the pretrial period that includes recommen-
dations for system stakeholders. See here: APA DV 
Position Statement.
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TABLE 11. 
Predicting New Criminal Arrest During Pretrial Release

New Criminal Arrest

b SE p-value Odds Ratio LOR 95% CI UOR 95% CI

Independent Variable of Interest

Booked on a Domestic Violence Charge -0.233 0.056 <0.001 0.792 0.710 0.884

Covariates

Pending Charge at Time of Booking 0.333 0.052 <0.001 1.395 1.260 1.543

Prior Misdemeanor Conviction 0.086 0.060 0.152 1.090 0.968 1.227

Prior Felony Conviction 0.318 0.065 <0.001 1.374 1.210 1.561

Prior Violent Conviction – 1 - 2 0.087 0.064 0.175 1.091 0.962 1.237

Prior Violent Conviction – 3 or more 0.267 0.092 0.004 1.306 1.090 1.562

Prior FTA in the Past 2 Years – Just 1 0.388 0.058 <0.001 1.474 1.315 1.652

Prior FTA in the Past 2 Years – 2 or more 0.525 0.062 <0.001 1.690 1.496 1.909

Prior Sentence to Incarceration of 14 or More Days 0.226 0.070 0.001 1.254 1.093 1.439

Age at Booking -0.017 0.002 <0.001 0.983 0.979 0.987

Black 0.032 0.100 0.749 1.032 0.851 1.257

Hispanic -0.001 0.115 0.994 0.999 0.798 1.252

White 0.039 0.091 0.671 1.039 0.872 1.245

Other/Unknown 0.233 0.150 0.119 1.263 0.939 1.691

Male 0.092 0.051 0.072 1.096 0.992 1.212

AIC 12,763

N Observations 14,370

N Individuals 14,370

TABLE 12.
Predicting New Violent Criminal Arrest During Pretrial Release

New Violent Criminal Arrest

b SE p-value Odds Ratio
LOR
95% CI

UOR
95% CI

Independent Variable of Interest

Booked on a Domestic Violence Charge 0.789 0.078 <0.001 2.200 1.888 2.561

Covariates

Pending Charge at Time of Booking 0.126 0.089 0.158 1.134 0.951 1.350

Prior Misdemeanor Conviction -0.059 0.101 0.561 0.943 0.772 1.149

Prior Felony Conviction 0.035 0.113 0.755 1.036 0.830 1.295

Prior Violent Conviction – 1 - 2 0.507 0.108 <0.001 1.660 1.342 2.049

Prior Violent Conviction – 3 or more 0.585 0.153 <0.001 1.795 1.323 2.415

Prior FTA in the Past 2 Years – Just 1 0.279 0.097 0.004 1.321 1.090 1.596

Prior FTA in the Past 2 Years – 2 or more 0.177 0.110 0.107 1.194 0.961 1.479

Prior Sentence to Incarceration of 14 or More Days 0.003 0.120 0.982 1.003 0.792 1.268

Age at Booking -0.013 0.004 <0.001 0.987 0.980 0.994

Black -0.131 0.156 0.403 0.877 0.649 1.200

Hispanic -0.076 0.179 0.673 0.927 0.654 1.320

White -0.167 0.143 0.242 0.846 0.645 1.129

Other/Unknown 0.033 0.245 0.892 1.034 0.630 1.653

Male 0.289 0.090 0.001 1.335 1.121 1.597

AIC 5,858.7

N Observations 14,370

N Individuals 14,370
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TABLE 13.
Predicting New DV Criminal Arrest During Pretrial Release

DV-New Criminal Arrest

b SE p-value Odds Ratio LOR 95% CI UOR 95% CI

Independent Variable of Interest

Booked on a Domestic Violence Charge 1.267 0.129 0.000 3.549 2.757 4.567

Covariates

Pending Charge at Time of Booking 0.654 0.141 0.000 1.922 1.457 2.532

Prior Misdemeanor Conviction 0.411 0.180 0.023 1.508 1.059 2.147

Prior Felony Conviction -0.108 0.183 0.556 0.898 0.627 1.288

Prior Violent Conviction – 1 - 2 0.163 0.191 0.392 1.177 0.805 1.704

Prior Violent Conviction – 3 or more 1.456 0.202 0.000 4.290 2.885 6.372

Prior FTA in the Past 2 Years – Just 1 0.384 0.166 0.021 1.468 1.056 2.028

Prior FTA in the Past 2 Years – 2 or more 0.389 0.173 0.025 1.476 1.049 2.072

Prior Sentence to Incarceration of 14 or More Days 0.024 0.195 0.902 1.024 0.699 1.501

Age at Booking -0.023 0.007 0.000 0.977 0.964 0.990

Black 0.162 0.304 0.593 1.176 0.667 2.219

Hispanic 0.367 0.333 0.271 1.443 0.764 2.852

White 0.191 0.284 0.502 1.210 0.719 2.209

Other/Unknown -0.503 0.576 0.382 0.604 0.169 1.719

Male 0.217 0.155 0.163 1.242 0.922 1.697

AIC 2,407.6

N Observations 14,370

N Individuals 14,370

TABLE 14.
Predicting New DV Violent Criminal Arrest during Pretrial Release

New DV Violent Criminal Arrest

b SE p-value Odds Ratio LOR 95% CI UOR 95% CI

Independent Variable of Interest

Booked on a Domestic Violence Charge 1.166 0.168 <0.001 3.210 2.305 4.466

Covariates

Pending Charge at Time of Booking 0.246 0.189 0.192 1.279 0.880 1.847

Prior Misdemeanor Conviction 0.483 0.227 0.033 1.621 1.037 2.529

Prior Felony Conviction -0.235 0.243 0.333 0.790 0.491 1.275

Prior Violent Conviction – 1 - 2 0.015 0.257 0.954 1.015 0.605 1.661

Prior Violent Conviction – 3 or more 1.105 0.282 <0.001 3.018 1.719 5.221

Prior FTA in the Past 2 Years – Just 1 0.505 0.223 0.023 1.657 1.062 2.549

Prior FTA in the Past 2 Years – 2 or more 0.739 0.229 <0.001 2.095 1.335 3.280

Prior Sentence to Incarceration of 14 or More Days -0.151 0.249 0.545 0.860 0.526 1.401

Age at Booking -0.027 0.009 0.003 0.974 0.956 0.990

Black 0.254 0.398 0.523 1.290 0.622 3.020

Hispanic 0.410 0.434 0.345 1.506 0.663 3.725

White 0.180 0.373 0.629 1.198 0.614 2.700

Other/Unknown -0.196 0.683 0.775 0.822 0.178 2.883

Male 0.142 0.196 0.469 1.153 0.793 1.716

AIC 1,578.2

N Observations 14,370

N Individuals 14,370
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NEARLY 70 PERCENT of individuals held 
in city and county jails in the U.S. are being 
detained pretrial, meaning they have not 
yet been convicted of a crime (Zeng, 2023). 
Individuals who have been charged with 
crimes but not yet convicted pose a unique 
challenge to courts and law enforcement 
agencies. Although individuals are legally 
presumed innocent of criminal charges until 
they plead guilty or are convicted at trial, if 
they are not detained pretrial there is a chance 
that they could commit a crime while await-
ing adjudication or not show up for court. 
However, those who are detained pretrial can 
face negative consequences, including being 
separated from their families and communi-
ties, losing jobs or housing, and facing greater 
likelihood of conviction and active sentences 
than those who are released (Baughman, 2017; 
Bishop, Hopkins, Obiofuma, & Owusu, 2020; 
Dobbie, Goldin, & Yang, 2018; Donnelly & 
MacDonald, 2018; Wakefield & Andersen, 
2020). Specifically, studies have found that 
detained individuals were more likely to plead 
guilty and pled guilty faster than those who 
were released; they also had a higher like-
lihood of conviction and lower likelihood 
of having their cases diverted out of the 
criminal legal system entirely (Petersen, 2020; 
Lee, 2019; Goldkamp, 1980; Heaton, 2017). 
Individuals detained pretrial were also more 

likely to receive longer prison sentences than 
those who were released (Goldkamp, 1980; 
Sacks & Ackerman, 2014; Heaton, Mayson, 
& Stevenson, 2017). Pretrial detention has 
also been found to increase individuals’ likeli-
hood of missing court and being arrested for 
new crimes (DeMichele, Silver, & Labrecque, 
2024).

Past research has also demonstrated that 
racial and economic disparities exist in pre-
trial detention (Arnold, Dobbie, & Yang, 
2018; Dobbie, Hull, & Arnold, 2022; Katz & 
Spohn, 1995), suggesting that the practice is 
used inequitably. Black individuals are not 
only detained pretrial more often than White 
individuals, but pretrial detention has been 
found to be more strongly related to adverse 
sentencing outcomes for Black individuals. 
In one large study examining pretrial deten-
tion and sentencing across 75 urban counties, 
Black individuals detained pretrial were 26 
percent more likely to go to prison than 
detained White individuals (Sutton, 2013). 
Jurisdictions across the country are working 
to reduce rates of pretrial detention as well as 
increase fairness in its use.

Pretrial assessments have been presented 
as tools to help systems make data-informed 
decisions regarding pretrial release to improve 
outcomes and minimize unwanted effects 
and disparities. The use of actuarial risk 

assessment instruments during pretrial and 
at other points in the criminal legal system 
has been controversial due to concerns that 
they may perpetuate racial biases and fail to 
accurately predict pretrial outcomes; how-
ever, numerous systems have viewed the use 
of valid pretrial instruments as preferable to 
relying on the discretion of legal actors, which 
may lead to biased decisions and the overuse 
of detention (Pretrial Justice Institute, 2019).

The Public Safety Assessment (PSA) is a 
pretrial assessment instrument that provides 
objective information about an individual’s 
likelihood of remaining arrest-free and show-
ing up in court during the pretrial period 
(Arnold Ventures, 2023; VanNostrand 
& Lowenkamp, 2013). When jurisdictions 
implement the PSA to inform pretrial release 
decision-making, they must also develop a 
Release Conditions Matrix (RCM), which is a 
six-by-six matrix that matches FTA and NCA 
scores. The RCM recommends supervision 
levels and corresponding release conditions 
based on the PSA score. Conditions and 
supervision levels are determined by the 
jurisdiction. Those administering the assess-
ment will score the PSA and then review 
the RCM matrix and make release recom-
mendations to the judicial officer based on 
these locally derived RCM policies and prac-
tices. Importantly, judicial officers have this 
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objective information to guide their release 
decision but are not bound to it, as there are 
other factors outside the PSA that courts must 
consider when making a release decision, such 
as statutory requirements.

Pretrial assessment instruments are typ-
ically adopted to increase objectivity and 
fairness in pretrial release decisions and to 
improve pretrial outcomes (attending court, 
remaining arrest-free) by basing release 
conditions on statistical formulas estimat-
ing individual risk (Desmarais, Monahan, 
& Austin, 2022; Ludwig & Mullainathan, 
2021). An analysis of data on all jail book-
ings before and after the PSA was adopted 
in Lucas County, Ohio, found that adoption 
was associated with improvements in pretrial 
outcomes, including decreases in rates of fail-
ure to appear in court (FTAs), new criminal 
arrests (NCAs), and new violent criminal 
arrests (NVCAs) during the pretrial period 
(Lowenkamp, DeMichele, & Warren, 2020).

However, even in court systems where the 
PSA is used, judges and magistrates still have 
discretion to determine supervision levels and 
release conditions at arraignment and may 
choose different ones than are indicated by the 
PSA and RCM. Because legal actors retain dis-
cretion to override these recommendations, a 
jurisdiction’s adoption of pretrial assessment 
instruments could have limited impact on 
release decisions. Little is known about how 
pretrial release decisions are influenced by the 
use of the PSA in a district. Understanding 
such influences is critical for jurisdictions 
considering whether to adopt the PSA—
knowing whether judges will actually use the 
instrument and predicting changes in the 
number of individuals assigned different pre-
trial release conditions can suggest whether a 
pretrial instrument would increase objectivity 
in decision-making as well as inform resource 
allocation within court systems.

The limited research on judges’ adher-
ence to the PSA suggests that judges do not 
always follow RCM recommendations based 
on PSA scores. A qualitative study conducted 
with judges using the PSA in a diverse set of 
courts found that they did not have a com-
plete understanding of the PSA instrument 
and felt they needed more information about 
individuals’ extra-legal and personal factors 
to inform their release decisions (DeMichele, 
Comfort, Barrick, & Baumgartner, 2021). 
Web surveys were conducted in another study 
with 171 judges, prosecutors, defense attor-
neys, and pretrial staff in 30 jurisdictions 
that implemented the PSA, and found that 

80 percent of judges reported that the PSA 
“always” or “often” informs their release deci-
sion and more than half of judges indicated it 
had been useful when making a release deci-
sion; however, 33 percent of judges viewed the 
loss of their discretion as a weakness of the 
PSA (DeMichele et al., 2019).

Research is limited on how pretrial assess-
ments impact release conditions, and the 
existing research is mixed. In a study of the 
Indiana Risk Assessment System – Pretrial 
Assessment Tool (IRAS-PAT), Lowder and 
colleagues compared individuals who received 
a risk assessment with those who did not 
within the same year and found that those 
with assessments were more likely to receive 
nonfinancial release. Additionally, they found 
that “when risk assessment-guided decisions 
adhered to structured guidelines, defendants 
with risk assessments had higher rates of 
pretrial release and spent less time in pretrial 
detention” (Lowder, Diaz, Grommon, & Ray, 
2021). Shaefer et al. found that “possessing a 
moderate or high qualitative risk score (fail-
ing to appear and committing a new offense) 
and possessing a high risk of committing a 
new violent offense increases the likelihood 
of receiving a financial bond requirement for 
release” (Schaefer & Hughes, 2019).

A study examining the implementation 
of the Virginia Pretrial Risk Assessment 
Instrument (VPRAI) in a large southeastern 
judicial district found that the instrument did 
not produce decreases in the length of pretrial 
detention or increases in the nonfinancial 
release. Judicial decisions did not typically 
adhere to the pretrial recommendations 
based on the VPRAI. Specifically, concur-
rence between the VPRAI recommendation 
and the judicial decision was observed in 
less than half of the cases. As a result, release 
decisions frequently included more restrictive 
and financial conditions, which appeared to 
impact Black and Latino individuals (Copp, 
Casey, Blomberg, & Pesta, 2022). The authors 
concluded that “the extent and nature of 
judicial overrides disregards the spirit of [pre-
trial risk assessment] tools, as judges not only 
favored more restrictive release decisions, but 
made decisions in ways that largely overlooked 
the risk-based estimates provided by the tool. 
This suggests that buy-in from these key deci-
sion makers was limited, which immediately 
diminishes the prospect of meaningfully altering 
pretrial practices” (Copp et al., 2022).

When legal system actors “override” or 
depart from recommendations based on risk 
assessment instruments in favor of their own 

discretion, typically they assign more restric-
tive conditions than those recommended 
through the assessments (Cohen, Lowenkamp, 
Bechtel, & Flores, 2020; Copp et al., 2022). If 
overrides significantly change the population 
that is placed under supervision, they have the 
potential to deteriorate the risk assessments’ 
predictive capacities (Cohen et al., 2020). 
Therefore, it is critical to understand users’ 
adherence to risk assessment tools and use of 
overrides. Arguably, the same issue may exist 
with “underrides,” when judicial officers make 
a less restrictive release decision than the one 
that is recommended.

The current study analyzes administrative 
pretrial data from a large district in the south-
eastern United States that recently adopted 
the PSA to understand the extent to which 
the PSA and RCM informed pretrial supervi-
sion decisions, and the factors associated with 
judges deciding to override or underride the 
recommendations of the RCM in favor of their 
own discretion. By leveraging these data, this 
study describes the role of the PSA and RCM 
in informing release recommendations and 
release decisions, and examines their impact 
on case and pretrial outcomes, and will answer 
the following questions:

RQ1. What is the concurrence rate after 
implementing the PSA-RCM?

RQ2. Is adherence to the PSA-RCM associ-
ated with case disposition?

RQ3. What factors, if any, are related to 
RCM overrides and underrides?

RQ4. Is adherence to the PSA-RCM associ-
ated with pretrial outcomes?

Methods
Data Sources and Sample
The study leverages jail admissions and pre-
trial services data from a large southeastern 
county in the United States. The sampling 
time frame was January 1, 2017, through 
December 31, 2018. The jurisdiction provided 
data as part of a six-year multi-site research 
and training and technical assistance proj-
ect, Advancing Pretrial Policy and Research 
(APPR). APPR jurisdictions partnered with 
researchers and TTA providers to under-
stand the local pretrial policies and practices 
and their impact, conduct historical Public 
Safety Assessment (PSA) validations prior to 
implementation and prospective validations 
post-implementation,1

1 All historical validation studies have included 
predictive bias testing. Post-implementation valida-
tions are limited to sites that implemented the PSA 
early in the study period to ensure sufficient sample 

 describe the pretrial 
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population in the local jail along with booking 
and release rates,2

2 Jail data dashboards were created for APPR juris-
dictions to allow for ongoing review of the overall 
jail population, pretrial population, booking and 
release rates, lengths of stay, charge information, 
and demographics. Not all jurisdictions made their 
jail dashboard public.

 and examine release recom-
mendations, conditions, and decisions.

Measures
Outcomes of Interest. There were seven 
dependent variables examined in the current 
study. These outcomes included: release rec-
ommendation, release decision, concurrence, 
case disposition, failure to appear, new crimi-
nal arrest, and new violent criminal arrest. 
Release recommendation was defined as the 
pretrial services officer’s recommendation to 
the court to release or not release the indi-
vidual.3

3 The Release Conditions Matrix (RCM) does not 
include a recommendation to detain. However, pre-
trial services is able to make this recommendation 
and record it in the data system.

 Release decision was measured as the 
judicial officer’s decision to release or detain 
the individual. Concurrence was measured 
as adherence to the release recommendation 
from pretrial services. Case disposition was 
defined as whether a case resulted in a convic-
tion or no conviction. Failure to appear (FTA) 
was defined as a bench warrant issued for 
missing a scheduled predisposition court date. 
New criminal arrest (NCA) was measured 
as an arrest for a criminal or traffic offense 
that is eligible for a sentence to incarceration 
while on pretrial release. New violent criminal 
arrest (NVCA) was measured as an arrest for 
a violent criminal offense that is eligible for 
a sentence to incarceration while on pretrial 
release. All dichotomous outcome measures 

size and follow-up to examine pretrial outcomes.

were coded similarly, 0 = outcome did not 
occur and 1 = outcome occurred.

PSA Risk Factors. The PSA comprises 
three scales: Failure to Appear (FTA), New 
Criminal Activity (NCA), and New Violent 
Criminal Activity (NVCA), each of which 
produces separate scores that are intended 
to predict the probability of these distinct 
outcomes occurring. There are nine risk fac-
tors scored across the PSA (with some factors 
being included on more than one scale): 
(1) age at current arrest, (2) current violent 
offense, (3) pending charge at the time of 
the current offense, (4) prior misdemeanor 
conviction, (5) prior felony conviction, (6) 
prior violent conviction, (7) prior failure to 
appear in the past two years, (8) prior failure 
to appear older than two years, and (9) prior 
sentence to incarceration of 14 days or more. 
Based on the scale, several PSA risk factors are 
combined into a specific factor, including: (1) 
any prior conviction (which is scored when a 
prior misdemeanor and/or felony conviction 
is present), (2) current violent offense and 20 
years old or younger (which is scored from 
the current age and current violent offense 
risk factors). Raw scores from the three PSA 
scales (FTA: 0 – 7 points, NCA: 0 – 13 points, 
NVCA: 0 – 7 points) are collapsed into scores 
from 1 to 6 points, with lower scores repre-
senting a greater likelihood of pretrial success 
(e.g., attending scheduled court dates, avoid-
ing arrests). The NVCA scale is unique, in that 
scores of 4 and above suggest an elevated like-
lihood of violence during the pretrial period.4

4 More information about the PSA factors, scales, 
and weights can be found here: https://advancing-
pretrial.org/psa/factors/

Demographics. Demographic measures 
included biological sex (male, female), age at 
jail admission, and race, which was collapsed 

into two categories (White; and Black, 
Indigenous, People of Color - BIPOC).

Analytical Strategy
Descriptive statistics were calculated to exam-
ine the demographic characteristics, charge 
type, PSA risk factors and scores, release 
recommendation and decision, and pretrial 
outcomes. Further, bivariate logistic regression 
models were conducted for each dichotomous 
outcome measure, while controlling for the 
PSA and demographic measures, to identify 
significant predictors of these outcomes, as 
well as to describe the likelihood (using odds 
ratios) of the outcome occurring. Table 1 pres-
ents each research question, and the analytical 
strategy followed.

Sample Description
The sample comprises 8,486 individuals who 
received a PSA assessment and had both a 
release recommendation and judicial decision. 
Table 2 provides a breakdown of the sample 
demographics, average PSA scores, charge 
type, and severity. The sample comprises 
85 percent Black, Indigenous, and People of 
Color (BIPOC); 77 percent are males, with 
an average age of 35 years at the time of jail 
admission on the current booking. The aver-
age PSA scale scores are 2.55 for FTA, 3.18 
for NCA, and 2.63 for NVCA. When looking 
at charge severity, nearly 65 percent of the 
sample was booked on a felony, compared to 
33 percent on a misdemeanor, and almost 2 
percent on a serious felony. For charge type, 
over 51 percent of the bookings had a violent 
charge, 26 percent had a property charge, 
almost 13 percent had a public order charge, 
and 10 percent had a drug charge.

Table 3 presents the breakdown of the PSA 
scores for the FTA, NCA, and NVCA scales. 
For FTA, nearly 76 percent of the sample fell 
into the lower range of scores (1-3 points), 
while the remaining 24 percent scored in 
the higher range of scores (4-6 points). For 
NCA, approximately 55 percent of the cases 
scored between 1 to 3 points, and 45 percent 
scored between 4-6 points. NVCA followed a 
similar pattern to NVCA, about 75 percent of 
the cases scored 1 to 3 points, while 25 per-
cent had scores 4 and above. Collectively, the 
sample primarily comprises lower risk cases 
across the three scales.

TABLE 1. 
Research Questions and Analytical Strategy

Research Question Measures Analytical Strategy

What is the concurrence rate after 
implementing the PSA-RCM?

Release 
recommendation, 
Release decision, 
Concurrence

Frequencies, crosstabulations

Is adherence to the PSA-RCM 
associated with case disposition?

Concurrence, Release 
decision, Case 
disposition

Frequencies, crosstabulations, 
Bivariate logistic regression1
Odds ratios

What factors, if any, are related to 
RCM overrides and underrides?

Concurrence, PSA score, 
Charge severity, Violent 
Charge

Bivariate logistic regression
Odds ratios

Is adherence to the PSA-RCM 
associated with pretrial outcomes?

Concurrence, Release 
decision, FTA, NCA, 
NVCA

Frequencies, crosstabulations, 
Bivariate logistic regression
Odds ratios

1 For all regression models, when examining statistical significance, p values were set at .001.

Results
RQ1. What is the concurrence rate 
after implementing the PSA-RCM?
We examined concurrence for the total 

https://advancingpretrial.org/psa/factors/
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sample and disaggregated by demograph-
ics, PSA scores, and the presence of the 
violence flag,5

5 The violence flag is present when scores on the 
NVCA scale are 4 and above.

 as well as by charge type and 
severity. Concurrence was measured as the 
proportion of cases in which we observed 
judicial adherence to the release recommen-
dation from pretrial services. Based on the 
data available, we also examined the release 
outcome. In Table 4, more individuals were 
recommended for detention (n=6,619, 78 
percent) than release (n=1,867, 22 percent), 
but ultimately judicial officers released more 
individuals (n=5,150, 61 percent) than they 
detained (n=3,336, 39 percent). Of the 8,486 
cases, nearly 53 percent of the judicial release 
decisions adhered to the release recom-
mendation from pretrial services, while 47 
percent did not.

Table 5 provides the breakdown of the 
release recommendation, concurrence, and 
release rates by biological sex and race. 
Starting with the pretrial services release rec-
ommendation, a larger percentage of males 
(81 percent) were recommended for deten-
tion than females (68 percent), and a larger 

percentage of BIPOC individuals (80 percent) 
were recommended for detention than White 
individuals (66 percent) or those of unknown 
race (57 percent). The highest concurrence 
rates were found among males and individu-
als of unknown race. A greater percentage of 
judges’ decisions adhered to recommenda-
tions for males (55 percent) than females (47 
percent), while a roughly equal percentage of 
judges’ decisions were adherent for White and 
BIPOC individuals (54 percent vs. 53 per-
cent, respectively). Despite the relatively small 
sample size, the largest proportion of decisions 
that adhered to the release recommendation 
were for individuals of unknown race (71 per-
cent). When examining release rates, a greater 
percentage of individuals were released than 
detained in all categories. Males were detained 
at higher rates than females (44 percent vs. 25 
percent, respectively), and BIPOC individuals 
were detained at higher rates than individuals 
of White or unknown race (28 percent and 29 
percent, respectively).

Tables 6 through 8 describe the release rec-
ommendation, concurrence rates, and release 
rates by PSA scores. As seen in Table 6, 
when comparing within scores, the majority 

of individuals at all risk scores except one 
were recommended for detention rather than 
release; 45 percent of those with an NVCA 
score of 1 were recommended for detention 
and 55 percent were recommended for release. 
In general, the percentage of individuals rec-
ommended for detention increased as each of 
the three PSA scale scores increased, although 
those with NCA and NVCA scores of 6 
had slightly lower detention recommendation 
rates than those scoring 5, which for NVCA 
may be due to few such people with NVCA 
scores of 6.

Table 7 takes a closer look at how judicial 
officers responded to the predominant rec-
ommendation to detain observed in Table 6. 
When examining adherence patterns across 
PSA scores, in general, rates of judicial adher-
ence to release recommendations were lowest 
for individuals with PSA scores of 2 or 3. For 
example, adherence rates were around 7 per-
centage points higher for individuals with an 
FTA score of 1 than for those with a score of 
2, and were over 20 percentage points higher 
for those with an NVCA score of 1 than for 
those with a score of 2. Adherence rates were 
highest overall for those with higher scores 

TABLE 2. 
Sample Description (N=8,486)

N % Average

Biological sex

Male 6564 77.4

Female 1922 22.7

Race

BIPOC 7167 84.5

White 1305 15.4

Unknown 14 0.2

Age at admission Minimum = 
18 years

Maximum = 
83 years 35.26 years

PSA scale scores

FTA - - 2.55

NCA - - 3.18

NVCA - - 2.63

Charge severity

Misdemeanor 2824 33.3

Felony 5505 64.9

Serious Felony 157 1.9

Charge type

Violent 4368 51.5

Property 2165 25.6

Drug 851 10.0

Public order 1079 12.7

Other 23 0.3

TABLE 3. 
PSA Scale Scores (N=8,486)

PSA

Score

FTA

N %

NCA

N %

NVCA

N %

1 2124 25.0 1623 19.1 1932 22.8

2 2197 25.9 1425 16.8 2336 27.5

3 2149 25.3 1643 19.4 2055 24.2

4 1498 17.7 1760 20.7 1316 15.5

5 397 4.7 1674 19.7 830 9.8

6 121 1.4 361 4.3 17 0.2

TABLE 4. 
Release Recommendations and Concurrence 
by Release Type (N=8.486)

Release Recommendation N %

Detain 6619 78.0

Release 1867 22.0

Adhered

Detained 2984 35.2

Released 1515 17.9

Not Adhered

Detained 352 4.2

Released 3635 42.8
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on each scale; the highest rates of adherence 
occurred with individuals scoring 6 on FTA 
(70 percent) and NVCA (71 percent) scales. 
For individuals with a violence flag (NVCA 
4-6), judicial officers adhered to recommen-
dations in a majority of those decisions.

Table 8 presents the release rates by PSA 
score. The percentage of individuals detained 
increased as each of the three PSA scale scores 
increased. The majority of individuals scoring 
3-6 on FTA and 4-6 on NVCA or NCA were 
detained. Those with FTA and NCA scores 
of 1 experienced the lowest rates of detention 
(14-15 percent), and those with FTA and NCA 
scores of 6 experienced the highest rates of 
detention (71 percent). When examining the 
NVCA scale, we see a similar pattern, with 
release rates highest for lower scores, with 
nearly 78 percent of those with a score of 1 
being released compared to 22 percent being 
detained. Of the 2,163 individuals with a 
violence flag (NVCA scores 4-6), the majority 

were detained.
Table 9 examines the release recommen-

dations, concurrence, and release rates by 
charge type (most serious charge) and sever-
ity (misdemeanor, felony, serious felony). 
Those charged with violent crimes as the most 
serious charge were most frequently recom-
mended for detention (84 percent), followed 
by those with drug (77 percent) and property 
crimes (74 percent); and those charged with 
public order (62 percent) and other crimes 
(48 percent) were the least likely to be rec-
ommended for detention. In terms of charge 
severity, 74 percent of those charged with mis-
demeanors were recommended for detention, 
followed by 79 percent of serious felonies, 
and 85 pecent of felonies. When examining 
concurrence within charge types, we found 
adherence to the release recommendation 
in 50 percent or more of the cases involv-
ing drug, public order, property, and other 
charges; however, judicial officers agreed with 

the release recommendation in slightly fewer 
of the cases involving violent charges (48 per-
cent). For charge severity and concurrence, 
adherence rates were 63 percent and nearly 82 
percent respectively for felony and serious fel-
ony charges, but were found to be much lower 
for misdemeanors, at 47 percent. Turning to 
release rates, release rates were all above 55 
percent for each charge type, with almost 62 
percent of the cases involving violent charges 
being released. For charge severity, 71 percent 
of misdemeanors were released, followed by 
42 percent of felonies and 37 percent of seri-
ous felonies.

The next set of results focuses on the 
relationship between concurrence and case 
disposition.

RQ2. Is adherence to the PSA-RCM 
associated with case disposition?
Table 10 presents the case disposition type for 
the full sample. About half of the court cases 

TABLE 5. 
Release Recommendation, Concurrence, and Release 
Rates by Biological Sex and Race (N=8.486)

Recommend – Detain

N %

Recommend - Release

N %

Biological Sex

Male 5314 81.0 1250 19.0

Female 1305 67.9 617 32.1

Race

BIPOC 5751 80.2 1416 19.8

White 860 65.9 445 34.1

Unknown 8 57.1 6 42.9

Adhered

N %

Not Adhered

N %

Biological sex

Male 3604 54.9 2960 45.1

Female 895 46.6 1027 53.4

Race

BIPOC 3783 52.8 3384 47.2

White 706 54.1 599 45.9

Unknown 10 71.4 4 28.6

Detained

N %

Released

N %

Biological Sex

Male 2858 43.5 3706 56.5

Female 478 24.9 1444 75.1

Race

BIPOC 2971 41.5 4196 58.5

White 361 27.7 944 72.3

Unknown 4 28.6 10 71.4

TABLE 6. 
Release Recommendations by PSA Scores (N=8,486)

PSA Scale

FTA

Recommend – Detain

N %

Recommend – Release

N %

1 1112 52.4 1012 47.6

2 1684 76.6 513 23.4

3 1954 90.9 195 9.1

4 1388 92.7 110 7.3

5 367 92.4 30 7.6

6 114 94.2 7 5.8

NCA

1 856 52.7 767 47.3

2 869 61.0 556 39.0

3 1367 83.2 276 16.8

4 1612 91.6 148 8.4

5 1583 94.6 91 5.4

6 332 92.0 29 8.0

NVCA

1 875 45.3 1057 54.7

2 1895 81.1 441 18.9

3  4588 88.5 237 11.5

4 1228 93.3 88 6.7

5 787 94.8 43 5.2

6 16 94.1 1 5.9
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in the study sample were still open (n=4,320, 
51 percent). Of those that had been disposed, 
a greater proportion were not convicted than 
were convicted. Note, for some of the analyses 
we will examine in forthcoming tables, we will 
focus on cases that reached a final disposition, 
so the sample size will be n=4,166.

Table 11 examines the case disposition type 
(convicted or not convicted) by concurrence 
and release types. For cases in which the judi-
cial officers adhered to the recommendation 
to detain, there were nearly 45 percent not 
convicted and 55 percent that were convicted. 
For those cases in which there was adherence 
to release, 84 percent of the cases were not 
convicted and 16 percent resulted in convic-
tions. When examining the cases where there 
was not adherence to the release recommen-
dation, for those where the individuals were 
detained, nearly 73 percent were not con-
victed, while 27 percent were. For the released 
cases where the judicial officers did not adhere 
to the release recommendation, 76 percent 
were not convicted and 24 percent resulted 
in a conviction. Looking at all detained cases 
(n=2,591), nearly 53 percent resulted in a 
conviction and 47 percent were not convicted. 
When looking at all released cases (n=1,575), 
almost 22 percent ended with a conviction, 

while 78 percent of the cases did not receive 
a conviction.

Table 12 presents the results from the 
logistic regression model predicting the odds 
of a case ending with a conviction. This model 
is looking at the sample of cases that reached 
a final disposition (N=4,166). The depen-
dent variable, conviction, was coded as 0 = 
not convicted and 1 = convicted. The results 
demonstrate that there are several statistically 
significant associations (p<.001) with being 
convicted, including biological sex (male = 
0, 1 = female), NCA score, NVCA (violence) 
flag (0 = no flag, 1 = flag), release status (0 
= detained, 1 = released), concurrence (0 = 
adhered, 1 = not adhered6

6 “Not adhered” is operationalized as the judicial 
decision departed from the release recommen-
dation. As such, if the recommendation was to 
detain, but the decision was to release, this would 
be considered non-adherence. Likewise, if the 
recommendation was to release, but the deci-
sion was to detain, this would also be considered 
non-adherence.

), and days in jail. 
When examining the direction of these rela-
tionships and the corresponding odds ratios, 
these relationships suggest that being female, 
being released, judicial officers not adhering 
to the release recommendation, and fewer 
days in jail are predicted to have a smaller 

likelihood of a conviction occurring. For the 
NCA score and the NVCA flag, we find that 
increases in NCA scores and the presence of 
the NVCA flag are predicted to have a greater 
likelihood for a conviction. These results 
mean that for every one-point increase on the 
NCA scale, the odds of a conviction increase 
18 percent. Further, those that have the NVCA 
flag present are 2.13 times more likely to have 
a conviction.7

7 To assess the impact of criminal history poten-
tially confounding the results from the model of 
conviction as a disposition outcome, the authors 
also ran models omitting the NCA and FTA scores 
as well as the NVCA flags and instead using the 
individual PSA factors. The coefficients for the 
measures that were included in both models were 
largely the same in direction, magnitude, and 
significance.

RQ3. What factors, if any, are related 
to RCM overrides and underrides?
We conducted several logistic regression anal-
yses to describe the predictors of adherence, as 
well as RCM overrides and underrides. Before 
we identify factors that may be associated with 
overrides or underrides, we wanted to take a 
closer look at what measures may be related to 
the judicial decision to concur with the release 
recommendation.

TABLE 7. 
Concurrence Rates by PSA Scores (N=8,486)

PSA Scale

FTA

Adhered

N %

Not Adhered

N %

1 1121 52.8 1003 47.2

2 999 45.5 1198 54.5

3 1126 52.4 1023 47.6

4 913 60.9 585 39.1

5 255 64.2 142 35.8

6 85 70.2 36 29.8

NCA

1 834 51.4 789 48.6

2 726 50.9 699 49.1

3 719 43.8 924 56.2

4 924 52.5 836 47.5

5 1054 63.0 620 37.0

6 242 67.0 119 33.0

NVCA

1 1249 64.6 683 35.4

2 1010 43.2 1326 56.8

3 995 48.4 1060 51.6

4 686 52.1 630 47.9

5 547 65.9 283 34.1

6 12 70.6 5 29.4

TABLE 8. 
Release Rates by PSA Scores (N=8,486)

PSA Scale

FTA

Detained

N %

Released

N %

1 307 14.5 1817 85.5

2 666 30.3 1531 69.7

3 1093 50.9 1056 49.1

4 923 61.6 575 38.4

5 261 65.7 136 34.3

6 86 71.1 35 28.9

NCA

1 231 14.2 1392 85.8

2 286 20.1 1139 79.9

3 571 34.8 1072 65.2

4 908 51.6 852 48.4

5 1083 64.7 591 35.3

6 257 71.2 104 28.8

NVCA

1 428 22.2 1504 77.8

2 769 32.9 1567 67.1

3 894 43.5 1161 56.5

4 668 50.8 648 49.2

5 564 68.0 266 32.0

6 13 76.5 4 23.5
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Table 13 presents the results of the logistic 
regression model predicting the outcome 
adherence. Adherence was coded as 0 = 
judicial officer did not adhere to the release 
recommendation and 1 = judicial officer 
adhered to the release recommendation. 
Note, this outcome does not distinguish as to 
whether the judicial officer agreed to detain 
or release; it is examining the decision to 
follow the release recommendation from 
pretrial services. Several covariates had a 
statistically significant relationship (p<.001) 
with adherence, including the NVCA flag, 
charge severity (misdemeanor, serious felony), 
and charge type (property, public order). 

Misdemeanor charges are predicted to have a 
smaller likelihood of judicial adherence with 
the release recommendation. In comparison, 
we observed that the presence of the NVCA 
flag, serious felony charges, property offenses, 
and public order offenses were predicted to 
have an increased likelihood of judicial adher-
ence with the release recommendation. People 
who have the NVCA flag present are 2.32 times 
more likely for the judicial officer to adhere to 
the release recommendation. Individuals fac-
ing serious felony charges are 2.66 times more 
likely for the judicial officer to adhere to the 
release recommendation. Similarly, the odds 
of a judicial officer adhering to the release 

recommendation increases 2.06 times for 
property offenses and 2.38 times for public 
order offenses.

Tables 14 and 15 focus on identifying the 
significant predictors of overrides and under-
rides. Both of these outcome measures were 
coded as 0 = no override or 1 = override for 
Table 14 and similarly for Table 15, the depen-
dent variable was coded as 0 = no underride 
and 1 = underride.

Starting with Table 14, we see that there 
are multiple covariates significantly (p<.001) 
associated with overrides. The sample size of 
1,866 cases was drawn from all cases in which 
the recommendation from pretrial services 

TABLE 9. 
Release Recommendations, Concurrence & Release 
Rates by Charge Type and Severity (N=8,486)

Recommend – Detain Recommend – Release

Type

Drug 655 77.0 196 23.0

Public Order 667 61.8 412 38.2

Property 1602 74.0 563 26.0

Violent 3684 84.3 684 15.7

Other 11 47.8 12 52.2

Severity

Misdemeanor 4094 74.4 1411 25.6

Felony 2401 85.0 423 15.0

Serious Felony 124 79.0 33 21.0

Adhered Not Adhered

Type

Drug 422 49.6 429 50.4

Public Order 683 63.3 396 36.7

Property 1283 59.3 882 40.7

Violent 2094 47.9 2274 52.1

Other 17 73.9 6 26.1

Severity

Misdemeanor 2591 47.1 2914 52.9

Felony 1780 63.0 1044 37.0

Serious Felony 128 81.5 3987 47.0

Not Released Released

Type

Drug 280 32.9 571 67.1

Public Order 405 37.5 674 62.5

Property 968 44.7 1197 55.3

Violent 1676 38.4 2692 61.6

Other 7 30.4 16 69.6

Severity

Misdemeanor 1596 29.0 3909 71.0

Felony 1641 58.1 1183 41.9

Serious Felony 99 63.1 5150 36.9

TABLE 10. 
Case Disposition Type (N=8,486)

Case Disposition Type N %

Court Case Open 4320 50.9%

Not Convicted * 2452 28.9%

Convicted 1714 20.2%

* Not convicted status includes dispositions where the case did not go to 
trial (e.g., dismissed or nolle prosequi)

TABLE 11. 
Final Case Disposition by Concurrence 
and Release Types (N=4,166)

Case Disposition

Not Convicted*

N %

Convicted

N %

Adhered - Detained 1058 44.7 1309 55.3

Adhered – Released 344 84.3 64 15.7

Not Adhered - Detained 163 72.8 61 27.2

Not Adhered - Released 887 76.0 280 24.0

* Not convicted status includes dispositions where the case did not go to 
trial (e.g., dismissed or nolle prosequi)

TABLE 12. 
Logistic Regression Model Predicting Conviction (N=4,166)

Odds Ratio p-value

Female 0.686 0.000

White (ref: BIPOC) 1.259 0.029

Unknown race (ref: BIPOC) 0.362 0.385

Age at admission 1.007 0.017

FTA score 1.131 0.009

NCA score 1.177 0.000

NVCA flag 2.130 0.000

Released 0.418 0.000

Not adhered 0.682 0.000

Days in jail 0.998 0.000
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was to release. As such, an override occurred 
when pretrial services recommended release, 
but the judicial officer did not adhere to the 
recommendation and decided to detain the 
person. The significant predictors of overrides 
included NCA score, misdemeanor charges, 
and charge type. Misdemeanor charges were 
predicted to have a smaller likelihood of 
judicial override with the release recommen-
dation. In comparison, we observed that the 
NCA score, property offenses, public order 
offenses, and violent offenses were predicted 
to have an increased likelihood of a judicial 
override. These results mean that for every 
one-point increase on the NCA scale, the 
odds of an override increases 64 percent. The 
odds of a judicial officer overriding the release 
recommendation increases 4.05 times for 
property offenses, 3.67 times for public order 
offenses, and 3.95 times for violent offenses.

Table 15 comprises multiple covariates 
significantly (p<.001) associated with under-
rides. The sample size of 6,619 cases was 
drawn from all cases in which the recommen-
dation from pretrial services was to detain. 
Underrides occurred when pretrial services 
recommended detention, but the judicial offi-
cer did not adhere to the recommendation 
and decided to release the person. The sig-
nificant predictors of underrides are FTA 
score, NCA score, NVCA flag, misdemeanor 
charges, serious felony charges, and charge 
type (property, public order, violent). Except 
for females—who were 16 percent more likely 

to have an underride—the other significant 
covariates were predicted to have a smaller 
likelihood of a judicial underride.

RQ4. Is adherence to the PSA-RCM 
associated with pretrial outcomes?
To respond to this final research question, we 
start by describing FTA, NCA, and NVCA 
rates by judicial officer concurrence for indi-
viduals who were released during the pretrial 
period and had their cases disposed, which 
results in a sample size of 1,575 cases. Table 
16 presents these results. Considerably lower 
proportions of individuals experienced FTA, 
NCA, and NVCA than remained free of those 
outcomes. Specifically, the FTA and NVCA 
base rates were 5.1 percent, and the NCA base 
rate was 14.5 percent. Across all outcome cat-
egories, higher proportions of cases where the 
judge did not adhere to release recommenda-
tions experienced poor pretrial outcomes than 
cases where the judge adhered; these differ-
ences were statistically significant (p<0.05) for 
those who had a new criminal arrest (NCA) 
during the pretrial period.

Table 17 presents three logistic regression 
models predicting the odds of individuals 
experiencing negative pretrial outcomes (FTA, 
NCA, and NVCA). Judicial adherence to 
the release recommendation was not sig-
nificantly associated with any of the pretrial 
outcomes. Odds of NCA and NVCA were 
significantly (p<.001) lower for younger indi-
viduals and higher for those with higher FTA 

scores. Those with higher NCA scores trended 
towards having higher odds of NCA (p<0.1), 
but otherwise PSA scores did not significantly 
predict their respective pretrial outcomes.

Discussion
This study produced a complex, but interest-
ing, set of results in terms of reflecting on 
what we have observed from prior research 
and practice. Despite the evidence being scant 
on concurrence to the PSA-RCM, adherence 
to the release recommendations that stem 
from a locally developed RCM indicate that 
judicial officers do not consistently adhere 
to the release recommendations (DeMichele 
et al., 2024). This has been attributed to the 
courts having limited knowledge about the 
PSA, and an interest in having more informa-
tion about an individual, such as extra-legal 
factors. While this study was unable to elu-
cidate all the potential reasons why judicial 
officers use their discretion rather than align 
with the release recommendation, we did 
find that 53 percent of the release decisions 
matched the release recommendation from 
pretrial services. Over three-quarters of the 
cases were recommended for detention, but 
judicial officers were less inclined to detain, 
with just 39 percent of individuals being held. 
Across demographic categories, males and 
BIPOC experienced higher rates of recom-
mendations to detain—each over 80 percent, 
but the detention rates were almost 44 per-
cent for males and 42 percent for BIPOC. 

TABLE 13. 
Logistic Regression Model Predicting Adherence (N=8,468)

Odds Ratio p-value

Female 0.839 0.002

White (ref: BIPOC) 1.138 0.045

Unknown race (ref: BIPOC) 2.722 0.097

Age at admission 1.002 0.438

FTA score 1.034 0.313

NCA score 0.973 0.344

NVCA flag 2.320 0.000

Misdemeanor (ref felony) 0.506 0.000

Serious felony (ref felony) 2.660 0.000

Charge type: Other offenses 
(ref drug offenses) 4.525 0.002

Property offenses (ref drug 
offenses) 2.056 0.000

Public order offenses (ref 
drug offenses) 2.380 0.000

Violent offenses (ref drug 
offenses) 1.093 0.295

TABLE 14. 
Logistic Regression Model Predicting RCM Overrides* (N=1,867)

Odds Ratio p-value

Female 1.158 0.326

White (ref: BIPOC) 0.850 0.379

Unknown race (ref: BIPOC) 0.000 0.968

Age at admission 0.997 0.618

FTA score 1.292 0.013

NCA score 1.639 0.000

NVCA flag 1.703 0.059

Misdemeanor (ref felony) 0.242 0.000

Serious felony (ref felony) 0.092 0.002

Charge type: Other offenses (ref 
drug offenses) 1.281 0.835

Property offenses (ref drug 
offenses) 4.055 0.000

Public order offenses (ref drug 
offenses) 3.668 0.000

Violent offenses (ref drug offenses) 3.947 0.000

*Sample includes only individuals who were recommended for release 
(N=1,867)
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Considering that the release recommendation, 
which serves as a starting point for the judicial 
release decision, may be more conservative 
than expected in the current study, these 
results suggest that judicial officers were tem-
pering these restrictive recommendations and 
releasing individuals. While this study was 
unable to explore concurrence to release con-
ditions, for judicial officers in this jurisdiction, 
we observed a less restrictive approach than 
prior research has noted (Cohen, Lowenkamp, 
Bechtel, & Flores, 2020; Copp et al., 2022).

Across PSA scale scores, as expected, 
recommendations for detention and actual 
detention rates increased as PSA scores 
increased. Judicial adherence to release 

recommendations was highest for those scor-
ing 1 and 4-6. Adherence rates were around 
70 percent for scores of 6 on the FTA and 
NVCA scales. Individuals with a violence flag 
were over 20 percentage points more likely to 
be recommended for detention and detained 
than those without the flag, and we observed 
high rates of adherence when the flag was 
present versus not present (59 percent vs. 
51 percent, respectively). However, based 
on what was observed from the regression 
analyses, these results did not consistently 
hold up. While the NVCA flag was a strong 
and statistically significant predictor of the 
odds of adherence (2.32 times more likely), 
FTA and NCA scores were not significantly 

associated with adherence. When examining 
overrides and underrides, the NCA score had 
an increased likelihood of a judicial over-
ride—where the odds of an override increased 
64 percent with every one-point increase on 
the NCA scale. For underrides, the FTA and 
NCA scores as well as the NVCA flag were 
significant predictors, all with a smaller likeli-
hood of an underride.

Charge type and severity seemed to play 
a role in adherence to the release recom-
mendation. Specifically, misdemeanors were 
predicted to have a smaller likelihood of 
adherence. This may be attributed to 74 
percent of the misdemeanor cases being 
recommended for detention, but the actual 

TABLE 15. 
Logistic Regression Model Predicting RCM Underrides (N=6,619)

Odds Ratio p-value

Female 1.421 0.000

White (ref: BIPOC) 1.080 0.371

Unknown race (ref: BIPOC) 0.431 0.290

Age at admission 0.996 0.143

FTA score 0.813 0.000

NCA score 0.747 0.000

NVCA flag 0.471 0.000

Misdemeanor (ref felony) 3.494 0.000

Serious felony (ref felony) 0.339 0.000

Charge type: Other offenses (ref 
drug offenses) 0.175 0.008

Property offenses (ref drug offenses) 0.338 0.000

Public order offenses (ref drug 
offenses) 0.377 0.000

Violent offenses (ref drug offenses) 0.436 0.000

*Sample includes only individuals who were recommended for 
detention (N=6,619)

TABLE 16. 
Pretrial Outcomes by Concurrence (N=1,575)

Pretrial Outcomes

No FTA

N %

FTA1

N %

Adhered 394 96.6 14 3.4

Not Adhered 1100 94.3 67 5.7

No NCA NCA2

Adhered 379 92.9 29 7.1

Not Adhered 967 82.9 200 17.1

No NVCA NVCA3

Adhered 397 97.3 11 2.7

Not Adhered 1096 93.9 71 6.1
1 FTA: χ2 =2.8498, df = 1, p = .0914
2 NCA: χ2 =23.6756, df = 1, p = .0000
3 NVCA: χ2 =6.3610, df = 1, p = .0117

TABLE 17. 
Logistic Regression Model Predicting Pretrial Outcomes (N=1,575)

FTA

Odds Ratio p-value

NCA

Odds Ratio p-value

NVCA

Odds 
Ratio p-value

Female 0.939 0.833 0.497 0.002 0.695 0.291

Race: White (ref: BIPOC) 1.064 0.851 0.823 0.415 0.707 0.400

Race: Unknown (ref: BIPOC) 0.000 0.985 0.000 0.976 0.000 0.986

Age at admission 1.012 0.246 0.974 0.000 0.959 0.001

FTA score 1.220 0.242 1.481 0.000 1.682 0.001

NCA score 1.129 0.408 1.174 0.083 1.059 0.691

NVCA flag 1.351 0.436 1.133 0.625 1.713 0.114

Not adhered 1.105 0.763 1.335 0.209 1.093 0.807

*Sample includes only individuals who were released and had their cases disposed.
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release rate for misdemeanors was 71 per-
cent. Serious felonies, property offenses, and 
public order offenses were also predicted 
to have an increased likelihood of adher-
ence, which supports what we observed 
from the cross-tabulations. Adherence to the 
release recommendations was 82 percent for 
serious felonies and approximately 60 per-
cent for property and public order offenses. 
Interestingly, violent offenses were not signifi-
cantly associated with adherence, but violent 
offenses were found to be a significant predic-
tor of overrides and underrides. The odds of a 
judicial officer overriding the release recom-
mendation increases 3.95 times for violent 
offenses, but the odds of an underride were 
significantly less likely.

Prior research has found that people who 
are detained pretrial were more likely to plead 
guilty and pled faster than those who were 
released; they also had a higher likelihood 
of conviction and lower likelihood of having 
their cases diverted (Petersen, 2020; Lee, 2019; 
Goldkamp, 1980; Heaton, 2017). The current 
research appears to align with these results. In 
our study, nearly 47 percent of detained cases 
were not convicted, compared to 78 percent of 
released cases. This was further supported in 
the regression analyses, where being released 
and fewer days in jail were predicted to have 
a smaller likelihood of a conviction occurring.

Overall, when we examined pretrial out-
comes for the released sample who had cases 
that reached final disposition, we observed 
that most of the individuals were successful 
during the pretrial period and avoided FTA, 
NCA and NVCA outcomes. The FTA and 
NVCA base rates were both 5 percent, and 
the NCA base rate was almost 15 percent. 
However, when we conducted the regression 
analyses, we found that the PSA scales scores 
were not significantly associated with their 
respective outcomes, FTA, NCA, and NVCA.

There are several limitations worth noting. 
First, the results are not generalizable beyond 
this sample. This was a jurisdiction that had 
recently implemented the PSA and developed 
an RCM. As is often the case with introducing 
new policies and practices, early implementa-
tion efforts are not without challenges, and 
require collaboration, time, and refinement to 
systematize a process and ensure its efficacy. 
Second, the release conditions data were poor, 
so we were unable to evaluate various release 
condition recommendations and the judicial 
decision. As such, we could not describe if, 
for example, detention was recommended,
but the judicial officer decided to release the 

person on a higher intensity pretrial super-
vision. Third, there were no data available 
related to scoring the PSA and following the 
guidance of the local RCM with fidelity. Given 
that a majority of cases had detention recom-
mended, we were unable to explore whether 
there were issues with fidelity with completing 
the PSA-RCM and if this also had an impact 
on the final regression model that did not find 
the scale scores to be significantly related to 
FTA, NCA, and NVCA. This was further com-
plicated because the RCM typically does not 
include recommendations to detain; however, 
this recommendation was available for this 
jurisdiction’s pretrial services. Finally, this is 
a descriptive study, so we are unable to make 
statements about causation and, relatedly,
there may be unobserved data that we did 
not have access to that could explain some of 
these results.

Research and Policy 
Recommendations
Based on these findings, several recommen-
dations should be raised for researchers and 
practitioners.
• Jurisdictions that adopt pretrial risk

assessments should establish performance
measures and consistently collect data
on these metrics. These measures should
include the release recommendation from
pretrial services and the corresponding
judicial decision. Since examining concur-
rence rates requires having data on both
the recommendation and the decision, the
data from pretrial services and the courts
need to be matched to the correct person
and case, so ensuring that jurisdictions can
do this accurately is an important step to
take before implementing an assessment.

• Release recommendation and judicial
decision performance measures should
include information on supervision levels
and conditions, including those that are for
monitoring as well as for treatment.

• Jurisdictions should develop and sys-
tematize a quality assurance process for
scoring pretrial assessments and following
release recommendation policies.

• Jurisdictions should regularly review per-
formance measurement data to understand
concurrence, release and detention rates,
pretrial supervision caseload sizes and
supervision levels, the outcomes of super-
vision and the pretrial period.

• As needed, additional training that targets
any performance measurement concerns
should be rolled out.

 

• When issues with concurrence rates and 
other performance measures are observed, 
pretrial services and the courts should collab-
orate to identify the source of these challenges 
and if they are related to the pretrial risk 
assessment or release recommendations and 
decisions or if more information is needed to 
guide system actors.
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COURTS AND LEGISLATIVE bodies 
across the United States have implemented 
strategies to increase the use of community 
supervision and decrease the use of detention 
during pretrial (e.g., Scott-Hayward & Ireland, 
2022). While reducing the overreliance on 
pretrial detention is likely to provide some 
benefits, appropriately supervising individu-
als in the community represents a substantive 
challenge (Lowder & Foudray, 2021). Pretrial 
supervision agencies must assess the public 
safety risk an individual poses to the com-
munity and develop a plan that can best 
address the risks and needs of the individual 
on supervision. Pretrial supervision agencies 
have tools at their disposal to achieve both 
requirements, but do not have the empirical 
evidence to guide the development of effective 
supervision plans for individuals during pre-
trial (Collaborative, 2023; Danner et al., 2015). 
It is important to understand how combina-
tions of supervision requirements affect the 
likelihood of an individual experiencing a new 
arrest—a proxy for community safety—as this 
information could be used to develop more 
effective pretrial supervision plans (Hatton & 
Smith, 2020).

Pretrial supervision plans are often 
developed under the belief that assigning indi-
viduals to multiple conditions will increase 
compliance and reduce new arrests (Bechtel 
et al., 2022; Collaborative, 2023). This belief, 
nonetheless, has limited empirical support. 
It could be the case that assigning multiple 

conditions to individuals increases compli-
ance and reduces new arrests or, alternatively, 
multiple conditions could have no effect 
or decrease compliance and increase new 
arrests. It should be noted that this process is 
not highly individualized, with departments 
relying on preexisting recommendations for 
conditions based upon the current offense and 
the risk individuals pose to the broader com-
munity (Collaborative, 2023). For example, 
combining treatment and electronic monitor-
ing could prove effective, or the restrictiveness 
of electronic monitoring could offset the 
benefits of treatment. Given these empiri-
cal questions, the current study employed a 
sample of individuals on pretrial supervision 
with varying conditions to forecast the poten-
tial effects on individuals experiencing a new 
criminal arrest during pretrial.

Pretrial Supervision Conditions
Individuals released into the community 
during pretrial often must satisfy a host of 
pretrial conditions including, but not lim-
ited to, mandated check-ins, employment/
education mandates, location restrictions, 
sobriety requirements, and treatment (Skemer 
& Brennan, 2024). While the supervision tech-
niques at the disposal of pretrial officers differ 
across the country, it is common for them to 
rely on multiple conditions when supervis-
ing clientele (Skemer & Brennan, 2024). For 
example, a person on pretrial supervision 
might be mandated by the court or pretrial 

officer to attend biweekly reporting and main-
tain employment up to 30 hours per week. The 
conditions set for an individual are designed to 
serve multiple purposes, with the primary pur-
pose being to maintain public safety (Skemer 
& Foudray, 2021). That is, if an individual is 
accused of committing a crime, the court and 
pretrial services agency want to ensure that 
the individual does not commit a new crime 
while awaiting trial within the community. In 
addition to maintaining public safety, pretrial 
conditions could increase the likelihood of 
an individual’s appearance at trial, as well as 
provide preliminary treatment activities (e.g., 
complete Alcoholics Anonymous; Bechtel et 
al., 2022; Miyashiro, 2008).

While the process of assigning conditions 
varies substantively across agencies, pretrial 
agencies commonly try to assign more condi-
tions to individuals that pose a greater risk to 
the safety of the community or the safety of 
another individual. For instance, an individual 
who is accused of committing a domestic 
violence offense will commonly receive more 
restrictive conditions than an individual who 
is accused of committing a drug posses-
sion offense (if they have similar criminal 
histories; Levin, 2016). Greater risk, in the 
context of assigning pretrial conditions, could 
be determined by the severity of the offense 
the individual is accused of committing, the 
criminal history of the individual, or a pre-
trial assessment tool (Levin, 2016; Lowder & 
Foudray, 2021). Nonetheless, more conditions 
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might not always benefit public safety.
While initially developed for post-convic-

tion populations, the Risk-Needs-Responsivity 
(RNR) model could be adapted to apply 
to pretrial populations (Bonta & Andrews, 
2016). The principle of the RNR model most 
easily adaptable to pretrial populations is the 
Risk principle. The Risk principle argues that 
supervision techniques for pretrial popula-
tions should match the criminogenic risks of 
an individual. Here, criminogenic risk refers 
to the factors increasing the likelihood of an 
individual engaging in a new criminal activity 
or failing to appear for court. These factors 
include static items, such as the criminal his-
tory of an individual and the current offense 
information, but could also include dynamic 
items like substance use/misuse and cur-
rent employment (Bonta & Andrews, 2016). 
In general, evidence on the Risk principle 
has demonstrated that low-risk individuals 
should receive less restrictive conditions and 
high-risk individuals should receive more 
restrictive conditions (DeMichele et al., 2019). 
In addition to the Risk principle, the Need 
principle would argue that the treatment 
received by individuals on pretrial should 
match the criminogenic needs of an indi-
vidual. In general, evidence suggests that this 
is the best strategy for mitigating the risk of 
individuals on supervision, but assigning pre-
trial conditions to match the risks and needs 
of an individual is more difficult in practice 
(Bechtel et al., 2022).

While it is commonly assumed that more 
pretrial conditions will restrict the ability of an 
individual to engage in activities that increase 
the likelihood for someone to be rearrested 
(Levin, 2016), different combinations of pre-
trial conditions could have different effects 
on the likelihood of an individual engaging 
in new criminal activities. In comparison 
to no pretrial supervision, some combina-
tions of pretrial conditions might reduce the 
likelihood of an individual engaging in new 
criminal activities, while other combinations 
might have limited effects or increase the 
likelihood of an individual engaging in new 
criminal activities. For example, requiring an 
individual to report to the supervision office 
weekly and restricting the person’s move-
ment around the community could increase 
the likelihood of engaging in a new criminal 
activity. This increase could occur for a vari-
ety of reasons including, but not limited to, 
restricting employment/educational oppor-
tunities, placing strain on the individual and 
their family, limiting their ability to engage 

in prosocial activities, or not matching the 
pretrial supervision conditions to the risks 
and needs of the individual. Nonetheless, no 
studies have directly examined the effects of 
combinations of pretrial conditions on out-
comes during pretrial. This lack of research 
is not due to limited interest, but rather to 
the infrequent assignment of combinations of 
conditions across pretrial populations. That 
is, only a limited number of individuals on 
pretrial supervision receive the same com-
bination of conditions, making it difficult to 
study. Research, however, does suggest that 
some conditions are beneficial, and some 
conditions could be ineffective for individuals 
on pretrial supervision (Bechtel et al., 2017; 
Pretrial Justice Institute, 2019).

Nevertheless, no research to date has exam-
ined how the combination of pretrial services 
conditions influences public safety (Levin, 
2016). As such, we asked three research ques-
tions: 1) What are the potential effects of 
various conditions on hypothetical high-risk 
individuals serving on pretrial supervision vs. 
no pretrial supervision or no special condi-
tions? 2) What are the potential effects of 
receiving treatment and another condition on 
hypothetical high-risk individuals serving on 
pretrial supervision? 3) What are the potential 
effects of having weekly check-ins and another 
condition on hypothetical high-risk individu-
als serving on pretrial supervision? Briefly, 
these research questions focus on the potential 
effects or forecasted effects of combining pre-
trial conditions together, because the number 
of individuals that receive each condition com-
bination is limited in practice. Furthermore, 
research questions 2 and 3 focused on fore-
casting the effects of combining treatment or 
weekly check-ins with another pretrial condi-
tion, as treatment and weekly check-ins are 
considered some of the foremost strategies for 
reducing new criminal arrests during pretrial 
(Bechtel et al., 2017; DeMichele et al., 2019). 
We, however, forecasted the effects of com-
bining all other pretrial conditions together, 
which are provided at https://github.com/
ianasilver/Pretrial-Conditions/tree/main.

Methods
The data for the current study come from one 
large county that participated in the Advancing 
Pretrial Policy and Research (APPR) project. 
Briefly, APPR was a multi-year, multi-county 
project focused on conducting pre-imple-
mentation validations of the Public Safety 
Assessment (PSA) and producing pretrial 
research informative for practice and policy 

within the jurisdictions. The counties that 
participated in the research were selected 
through a competitive application process, 
where the only requirement was that they had 
not implemented a pretrial assessment but 
were interested in implemented the PSA. The 
project has yielded a number of important 
findings for pretrial research and practice 
(e.g., DeMichele et al., 2024), and has also pro-
duced research guiding the implementation 
of the PSA in various jurisdictions across the 
United States. For the current study, we relied 
on a sample of individuals that were released 
into the community during pretrial and had 
complete pretrial supervision information (N 
= 17,824). The sample includes individuals on 
pretrial supervision from January 1, 2017, to 
December 31, 2018 (DeMichele et al., 2024).

Pretrial Conditions. Twelve pretrial con-
ditions were measured for the current study. 
Individuals could be assigned to multiple 
special conditions, but not no special condi-
tions or not supervised and a special condition 
(Pretrial Justice Institute, 2019). No special con-
ditions captured the individuals who received 
no special conditions as part of their pretrial 
supervision but were on a pretrial supervision 
caseload while in the community. Regular 
check-in included individuals who had to check 
in with their officer on a regular basis via remote 
communication. Employment and Education 
indicated the individuals who had to maintain 
employment or educational participation, the 
hours of which could vary across individu-
als (Pretrial Justice Institute, 2019). Electronic 
monitoring denoted the individuals assigned 
a Global Positioning System (GPS) monitor 
or an electronic house monitoring device that 
tracks their location or if the individual exited 
their current residence (respectively; Cooprider 
& Kerby, 1990). Location Restrictions identified 
the individuals who were required to avoid 
certain locations in the community during 
their pretrial period, such as the business where 
the crime occurred or the known location of 
a victim. Treatment included the individuals 
who were mandated to participate in or com-
plete some form of treatment (e.g., Cognitive 
Behavioral Therapy, Alcoholics Anonymous; 
Pretrial Justice Institute, 2019). Sobriety indi-
cated that the individual was mandated not 
to use any alcohol or drugs and to submit to 
a random drug test. Stay Away Orders indi-
cated the individuals were required to have 
no communication or contact with a specified 
individual during pretrial. Monthly Reporting, 
Bi-Weekly Reporting, and Weekly Reporting 
were used to capture the individuals who had to 
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report to their pretrial supervision office—for 
an in-person meeting—at monthly intervals, 
bi-weekly intervals, or weekly intervals (respec-
tively; Pretrial Justice Institute, 2019). Other 
Requirements were used to capture the indi-
viduals who had other pretrial supervision 
conditions that could not be correctly catego-
rized into the previously identified conditions.

Demographics and Criminal History. 
Demographics and criminal history data were 
included to increase the accuracy of the fore-
casted effects of pretrial supervision condition 
combinations. These included the age at cur-
rent arrest, racial/ethnic heritage (American 
Indian, Asian/Pacific Islander, Black, Hispanic, 
Multiple Races, Other, Unknown, White), and 
biological sex (male, female). Additionally, 
dichotomous measures were used to identify 
if the current offense was defined as a violent 
offense by the jurisdiction, was defined as a 
felony offense by the jurisdiction, and if the 
current offense was defined as a drug offense, 
other offense, property offense, public order 
offense, or violent offense by the National 
Corrections Reporting Program (NCRP) stan-
dard. Finally, three dichotomous variables 
were created to capture if the individual 
had experienced a misdemeanor conviction, 
felony conviction, or a period of incarceration 
before the current offense.

Analysis. A three-step analytical strategy 
was used to answer the research questions. 
First, descriptive statistics were produced. 
Second, a Bayesian logistic regression model 
was estimated to forecast the effects of pre-
trial condition combinations on new criminal 
arrest (Silver et al., 2023). Briefly, the primary 
difference between a Bayesian logistic regres-
sion model and a traditional logistic regression 
model is the estimation procedure (Gelman et 
al., 2020). Traditional logistic regression mod-
els rely on maximum likelihood estimation to 
calculate the slope coefficients and standard 
errors that best explain the observed relation-
ships in the variance covariance matrix.

Bayesian logistic regression models rely 
on Markov Chain Monte Carlo (Gelman et 
al., 2020)—a bounded randomization tech-
nique—to calculate the slope coefficients and 
standard errors that best fit the observed data 
within the context of the priors. Here, a prior 
is a distribution of values where we believe the 
slope coefficient to exist, specified with the 
mean and standard deviation. The estimation 
technique employed by the Bayesian logis-
tic regression models allows us to generate 
predictions about the potential effects of con-
ditions within the population of individuals 

on pretrial supervision, as opposed to the 
predictions only generalizing to the observed 
sample (Gelman et al., 2020). The model used 
weakly informative priors (normally distrib-
uted priors with a mean of 0 and a standard 
deviation of 2.5) and Markov Chain Monte 
Carlo, with 4 chains and 10,000 iterations to 
produce the posterior distribution (Silver et 
al., 2023). Finally, the posterior distributions 
produced by the Bayesian logistic regression 
model were then used to forecast the poten-
tial effects of each pretrial condition and the 
potential effect of combining two pretrial 
supervision conditions.

The forecasts were generated for 1,600 
hypothetical high-risk individuals on pre-
trial supervision. All of the forecasts were 
produced with the same 1,600 hypothetical 
high-risk individuals, meaning that only the 
pretrial condition(s) varied across the forecasts 
(Gelman et al., 2020). This strategy permits 
the direct comparison of the forecasted effects 
of the pretrial condition(s) for the 1,600 hypo-
thetical high-risk individuals to the forecasted 
effects of not being placed on pretrial supervi-
sion or receiving no special conditions for the 
1,600 hypothetical high-risk individuals. The 
1600 hypothetical individuals included males 
of average age who were charged with a felony 
violent offense and extensive criminal histo-
ries (prior incarceration, prior misdemeanor 
conviction, prior felony and violent convic-
tions, and prior failures to appear within the 
past 2 years and more than 2 years ago). If 
the 1600 hypothetical individuals were scored 
using the Public Safety Assessment, they 
would receive a designation of high risk for 
failure to appear, new criminal arrest, and 
new violent criminal arrest. Of the 1600 indi-
viduals, 200 were specified to be American 
Indian/Native Alaskan, 200 were Asian/Pacific 
Islander, 200 were Black, 200 were Hispanic, 
200 were multiple races, 200 were other, 200 
were unknown, and 200 were White. We focus 
on the forecasted effects of treatment and 
another specified condition, as well as weekly 
reporting and another specified condition.

Results
Table 1 presents the descriptive statistics for 
the analytical sample. Stay away orders were 
assigned to about 16 percent of the cases, 
while monthly reporting was assigned to 
about 5 percent. Approximately 72 percent of 
the sample (N = 12,834) was not supervised 
by the pretrial services agency. Electronic 
monitoring was the least assigned condition 
of pretrial supervision, with approximately .25 

percent of individuals having to wear a GPS or 
house arrest device.

Figure 1 provides the forecasted probabil-
ity of a new criminal arrest for hypothetical 
individuals who were not supervised by the 
pretrial department, received no special con-
ditions, or were assigned only the specified 
pretrial condition. In particular, this provides 
the distribution of the probability of experienc-
ing a new criminal arrest (y-axis) for the 1600 
hypothetical individuals if they only received 
the specified pretrial conditions on the x- axis. 
The gray middle area shows the 25th to 75th 
percentiles, while the outside black areas show 
the 10th to 90th percentiles. To provide an 
example, it can be expected that 90 percent 
of high-risk individuals would experience a 
new criminal arrest between 15 percent and 
52 percent of the time they are not supervised 
during pretrial, with approximately 50 percent 
of high-risk individuals experiencing a new 
criminal arrest between 24 percent and 41 per-
cent of the time they are not supervised during 
pretrial. The vertical gray rectangle from top 
to bottom shows the ability to compare the 
forecasted probability of the remaining pretrial 
conditions to the 25th to 75th probability of a 
new criminal arrest for those individuals not 
supervised during pretrial.

Regular check-ins, electronic monitoring, 
or treatment appeared to reduce the forecasted 
probability of a new criminal arrest com-
pared to not being supervised by the pretrial 
department or receiving no special conditions. 
Alternatively, assigning to individuals employ-
ment and education requirements, location 
restrictions, or weekly reporting appeared to 
increase the forecasted probability of a new 
criminal arrest compared to not being super-
vised by the pretrial department or receiving 
no special conditions. The remaining condi-
tions of pretrial supervision appeared to result 
in slight increases in the forecasted probability 
of a new criminal arrest compared to not 
being supervised by the pretrial department 
or receiving no special conditions.

Figure 2 provides the forecasted probability 
of an individual experiencing a new criminal 
arrest if provided with treatment and having to 
complete one additional condition of pretrial 
supervision compared to not being supervised 
by the pretrial department or receiving no-
special conditions. Combining treatment with 
another pretrial condition generally resulted 
in reductions in the forecasted probability of 
a new criminal arrest when compared to not 
being supervised by the pretrial department 
or receiving no special conditions. The largest 
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TABLE 1.
Descriptive Statistics for Analytical Sample.

Mean SD Min Max

Dependent Variable

New Criminal Arrest 21.72% 0 1

Supervision Conditions

Not Supervised 72.39% 0 1

No Special Conditions 3.94% 0 1

Regular Check-In 0.50% 0 1

Employment and Education 0.40% 0 1

Electronic Monitoring 0.25% 0 1

Location Restrictions 2.74% 0 1

Treatment 0.64% 0 1

Sobriety 2.55% 0 1

Stay Away Orders 15.75% 0 1

Other Requirements 4.30% 0 1

Monthly Reporting 5.09% 0 1

Bi-Weekly Reporting 2.19% 0 1

Weekly Reporting 1.20% 0 1

Criminal History

Prior Misdemeanor Conviction 43.26% 0 1

Prior Felony Conviction 25.49% 0 1

Prior Violent Conviction 0.79 2.23 0 49

Prior Failure to Appear (≤ 2 Years) 0.35 0.78 0 12

Prior Failure to Appear (> 2 Years) 0.63 1.59 0 19

Prior Incarceration 18.35% 0 1

Current Offense Information

Violent Charge (Jurisdiction) 33.45% 0 1

Current Offense Felony 50.97% 0 1

Current Offense Drug (Ref; NPRP) 18.78% 0 1

Current Offense Other (NPRP) 10.21% 0 1

Current Offense Property (NPRP) 27.60% 0 1

Current Offense Public Order (NPRP) 9.11% 0 1

Current Offense Violent (NPRP) 34.30% 0 1

Demographics

Age at Current Arrest 33.67 11.64 18 84

American Indian 0.24% 0 1

Asian Pacific Islander 0.47% 0 1

Black 82.01% 0 1

Hispanic 0.31% 0 1

Multiple Races 0.13% 0 1

Other 0.20% 0 1

Unknown 0.07% 0 1

White 16.57% 0 1

Male (Ref) 72.07% 0 1

Female 27.93% 0 1

N 17,824

Notes: Mean differences across the key covariates for those supervised and not supervised during 
pretrial are presented in Table A1 of Appendix A.

decreases in the forecasted probability of a 
new criminal arrest were observed when treat-
ment was combined with regular check-ins, 
electronic monitoring, or bi-weekly reporting. 
Slight increases in the forecasted probability 
of a new criminal arrest were observed when 
treatment was combined with employment 
and education mandates or weekly reporting.

Figure 3 provides the forecasted probability 
of an individual experiencing a new criminal 
arrest if mandated to report weekly to the 
pretrial supervision office and to complete 
one additional condition of pretrial supervi-
sion compared to not being supervised by the 
pretrial department or receiving no special 
conditions. The forecasts suggest that being 
assigned to weekly reporting and another 
pretrial condition was predicted to result in 
large increases in the probability of experienc-
ing a new criminal arrest when compared to 
not being supervised by the pretrial depart-
ment or receiving no-special conditions. The 
largest increase was forecasted for individuals 
who were mandated to report weekly and 
required to maintain employment and educa-
tion participation. Notably, weekly reporting 
and regular check-ins, electronic monitoring, 
or treatment was forecasted to only result in 
negligible or small increases in the probability 
of experiencing a new criminal arrest when 
compared to not being supervised by the 
pretrial department or receiving no special 
conditions.

Discussion
The results of the current study suggest that 
pretrial conditions and, more importantly, 
the combination of pretrial conditions could 
differentially affect new criminal arrests dur-
ing pretrial. Some combinations of pretrial 
conditions were forecasted to increase the 
probability of an individual experiencing a 
new criminal arrest, while other combina-
tions of pretrial conditions were forecasted to 
decrease the probability of an individual expe-
riencing a new criminal arrest in comparison 
to not being supervised during pretrial release 
and not having any special conditions dur-
ing pretrial release. For example, assigning 
individuals to treatment and regular check-ins 
resulted in a reduction in the forecasted prob-
ability of a new criminal arrest in comparison 
to not being supervised during pretrial release 
and not having any special conditions during 
pretrial release. In opposition, assigning indi-
viduals to weekly reporting and employment 
and education mandate resulted in a notable 
increase in the forecasted probability of a new 
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criminal arrest in comparison to not being 
supervised during pretrial release and not 
having any special conditions during pretrial 
release. Overall, these findings suggest that 
the proper assignment of pretrial conditions 
to individuals could be extremely important 
for public safety.

Given the results of the forecasts, strategies 
should be employed to match conditions to 
the risks and needs of individuals on pretrial 
supervision and, if possible, expand access to 
pretrial treatment. Although more research is 
needed, these strategies could center around 
developing and implementing individualized 
pretrial supervision case plans (e.g., Lerman 
et al., 2024). In the context of pretrial super-
vision, a case plan could be used to ensure 
that the conditions assigned to an individual 
suit their risks and needs and, in turn, reduce 
the likelihood of an individual engaging in 
new criminal behaviors. Although case plans 
are not new for pretrial supervision (Hatton 
& Smith, 2020), assigning to high-risk indi-
viduals combinations of highly restrictive 
conditions might not be effective for main-
taining public safety. Rather, the forecasted 
results seem to suggest that mixing pretrial 
treatment with restrictive conditions could 
provide the best opportunity for reducing the 
likelihood of these individuals experiencing a 
new criminal arrest.

In addition to highlighting the need for 
strategically developing pretrial case plans, 
the results of the current study suggest that 
assigning more conditions during pretrial 
supervision does not always result in more 
favorable outcomes for individuals. In particu-
lar, the forecasted probability of new criminal 
arrests suggests that having no special condi-
tions could result in more favorable outcomes 
than requiring an individual to report to the 
pretrial supervision office weekly and man-
date employment and education participation. 
These findings coincide with other research in 
probation and parole (Phelps & Curry, 2017), 
which suggests that the proper selection of 
supervision conditions is more beneficial 
than just assigning individuals to pretrial 
conditions to restrict their participation in 
the general community. Largely, it appears 
that judges and pretrial supervision officers 
should avoid assigning more conditions for 
the sake of control and strategically assign 
conditions to address the risks and needs 
of the individuals on pretrial supervision 
(Bechtel et al., 2011). Future research should 
develop evidence-based strategies that can 
guide the assignment of conditions to pretrial 

FIGURE 1.
Predicted Probability of Experiencing a New Criminal Arrest 
if Assigned Only the Specified Pretrial Condition

Notes: The predictions are derived from a Bayesian Logistic Regression model, which was 
estimated using normally distributed priors with a mean of 0 and standard deviation of 2.5, 10,000 
iterations and four Monte Carlo Markov Chains. The forecasts are based on a hypothetical set of 
1600 high-risk male individuals with identical criminal history and current offense information. Of 
the 1600 individuals, 200 were specified to be American Indian/Native Alaskan, 200 were Asian/
Pacific Islander, 200 were Black, 200 were Hispanic, 200 were multiple races, 200 were other, 200 
were unknown, and 200 were White.

FIGURE 2.
Predicted Probability of Experiencing a New Criminal Arrest if 
Assigned Treatment and the Specified Pretrial Condition

Notes: Results are in comparison to individuals who were not supervised during their pretrial 
period and individuals that received no conditions during their pretrial period. The predictions 
are derived from a Bayesian Logistic Regression model, which was estimated using normally 
distributed priors with a mean of 0 and standard deviation of 2.5, 10,000 iterations and four 
Monte Carlo Markov Chains. The forecasts are based on a hypothetical set of 1600 high-risk 
male individuals with identical criminal history and current offense information. Of the 1600 
individuals, 200 were specified to be American Indian/Native Alaskan, 200 were Asian/Pacific 
Islander, 200 were Black, 200 were Hispanic, 200 were multiple races, 200 were other, 200 were 
unknown, and 200 were White.
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populations and, in turn, assess if the proper 
assignment of supervision conditions to pre-
trial populations reduces new criminal arrests 
during the pretrial period.
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APPENDIX A.
Mean Difference Calculations

Mean Differences Across Key Covariates for those Individuals Supervised and those 
Individuals Not Supervised During Pretrial

Supervised

Mean

Not 
Supervised

Mean t-test Cohen’s d

Criminal History

Prior Misdemeanor 
Conviction 0.35 0.46 -14.07 -0.23

Prior Felony Conviction 0.18 0.28 -15.33 -0.24

Prior Violent Conviction 0.55 0.88 -9.85 -0.15

Prior Failure to Appear (≤ 2 
Years) 0.11 0.45 -33.96 -0.44

Prior Failure to Appear (> 2 
Years) 0.44 0.70 -10.75 -0.16

Prior Incarceration 0.14 0.20 -9.34 -0.15

Current Offense Information

Violent Charge (Jurisdiction) 0.36 0.32 5.04 0.09

Current Offense Felony 0.69 0.44 30.60 0.50

Current Offense Drug (Ref; 
NPRP) 0.25 0.16 12.94 0.23

Current Offense Other (NPRP) 0.01 0.14 -38.79 -0.43

Current Offense Property 
(NPRP) 0.34 0.25 11.63 0.20

Current Offense Public Order 
(NPRP) 0.03 0.11 -20.78 -0.28

Current Offense Violent 
(NPRP) 0.36 0.34 3.33 0.06

Demographics

Age at Current Arrest 32.35 34.18 -9.34 -0.16

American Indian 0.00 0.00 0.78 0.01

Asian Pacific Islander 0.01 0.00 0.89 0.02

Black 0.81 0.82 -1.51 -0.03

Hispanic 0.00 0.00 1.07 0.02

Multiple Races 0.00 0.00 0.29 0.01

Other 0.00 0.00 0.49 0.01

Unknown 0.00 0.00 0.25 0.00

White 0.17 0.16 1.00 0.02

Male (Ref) 0.68 0.74 -7.81 -0.13

Female 0.32 0.26 7.81 0.13

N 4,921 12,903
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